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You might learn how to write a bubble sort and learn why a bubble sort 1s not as good
as a heapsort. Next, we are going to talk about the quick sort algorithm. Quicksort 1s
an algorithm invented 1n the 1960s by doctor Tony Hoare It 1s also called the partition
—_— SL L . O exchange sort, and 1s a typical algorithm based on divide-and-conquer.
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Now we have the first version of Q sert. After we make an analysis on its performance.
performance, we will find that quicksort 1s an unstable sorting algorithm. Fortunately,
the quick sort has an average time complexity of n log n. and in most cases, it can
achieve its optimal performance. We first estimate its performance under independent
uniform distribution.
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You might learn how to write a bubble sort and learn why a bubble sort 1s not as good
as a heapsort. Next, we are going to talk about the guick sort algorithm. Quicksort 1s
an algorithm invented in the 1960s by doctor Tony Hoare. It 1s also called the partition
exchange sort, and 1s a typical algorithm based on divide-and-conquer.

Now we have the first version of Q sort. After we make an analysis on its performance.
performance. we will find that quicksort is an unstable sorting algorithm. Fortunately,
the quick sort has an average time complexity of n log n. and 1n most cases, 1t can
achieve its optimal performance. We first estimate its performance under independent
uniform distribution.
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