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2005 4F , 7E HUHE 47 9 0 80 T ¢ [F B 42 3 ICDM ( International
Conference on Data Mining) A, 52 5080 Bd 1298 0 R s R B B 1+
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5 E YRR AN BRI H32 98 (Scaling Up for High Dimensional

Data/High Speed Streams)
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(4)  REWERIA e AR AT AP

Yes | No No . Yes

12 C4.5 %:7%1:'552%)*%1&#[191

AN RS, KRS A ndeeH AR ERE R, -4t
HET DR TR, 4.5 M HFRREEES, |- DPNEME
E B OCR,  FF BLIX AW B8 FH T X6 37 R R0 R ) SR AT 43 2K
IX B FH AT WS BRI RAIRAF T C4. b HIERIPATIRRR . A —IgbEAR, HA
WF 4 NJEME: Outlook (K. Temperature (IFFF). Humidity CHEFE).
Windy G2AEEIRKD, RAWASRKESMHES HEITHER. B 12 JB/RT C4.5 HiE
PR I S5 R A A S PR SE B o BR T 252 Outlook @, RIS H T =444

(Sunny. Overcast. Rainy). HH1, Overcast RI/rthiEase “4i” #, %
PRI IR AR, 20K Outlook HYJETEE )Y Overcast I, & & 24T I ER,
ifj Sunny F Rainy ()@ AR &I 90 FEGIAE & A% Humidity 1 Windy A A J@ 44
6, FEIEAIA “ai” , FEASMHTFRRERTE, BRTEN “407 1

CEp 7B i B S0 & T [F — AN 3D, WA E b K. 113 Yes, HHA
HRE UL BB SR (Ebin Outlook Jy Sunny, Humidity<=75; H{# Outlook
4 Rainy, Windy 4 False), A feiEar 24T H5k.
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AN RAYEAE MRS AL J2 C4. 5 BLART R E A, Bk AME B i R okik
Fmtk. EEMERMAN “nREL” ERE B mIet, LHAA R

m R RIEE R RN (5 B R AT 5L A R s

Gain (A)
SplitInfo (A)

GainRatio(A)= (1

SplitInfoA(D)Z—EzzH%%*logz (20 (2)

Gain(A)=Info(D)-Info, (D) (3)

Info(D)=— X7, pi logy (p;) (4)

ID;|

IHfOA(D):ZZZIW*IHfO (DJ) (5)

AN (D HTHEEEAREEEGER. A0 () @K IIZEHHELED
X173 ot B AR v AR AR R E R (5 B e OV ESKR I B
i ok CECEE T 2R ) 5ok CRINA R 75 5 19380 1) ) (R i 2, 48
A (3) #ATIHE . Info (D) FRAKE, EH AN (4D K6 D hrouily 3
P R EREE . BoE R s e AR D i agoedl, HJmdE AR D RI7FE v
MR iz )E, A TR REFENEEHAX (5) i3
TS,

C4. 5 FUAMIML A PRI N 5 T REAR, Wi REs . St 78
Fp g g AR b, R E R R AT 2 IR P s AN, BRI R AR 1 SRk
[T 2R
2.1.2 K-Means

K-Means FE R B RN T4 € MAEALE, R IEEAZ MR RN, #
FEASERI 29 KA, AEREN I AR E RS IEA &, ik mE R E
MK AR EE Rk N RoR, gk (C, G, ... CO, M HFR 2 H/ME
FITRZE B

B=3 S, | Ixm il [2 (D
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Horpru 2% CIBME &, ARG, RIEA:

1
u i:mzxeCi x (2)

R EA A T/ MER 2 8 B A HsA07 %, B 183 sl LUE R k. K (a)
FIETHIEMBIELE, R k=2, 7EE (b) H, RATFENLIERE T A k EET5T
SR BTy, BRI E Hh A 20 5O A BT 0, RS 20 Sl SRR A vh i AT A 313X
[Tt RIS A TRk S £ 7 NP | AR S B NN R = ZAN DR Bl B
i ¢ fros, Gl TR A FIL G0 A O BRI, AT R 1T R
A AR RIS AR BRI o U FRATTRS 2 Fi AR 10 O £ BN £ 20 i SR
BEe, WmE () PR, B GRO A RO RN E DA KA T AR,
Bl (e FIE (£) EETE (o) ME (D B, B HA SRR N
SRR R R 5O B R0 T SR R Bl o B S FRATAF BRI PIAN S an ] (£).

.
-
"
-
* x " e e
.
-
. .
ae"
= . k4
.
N
a (b} [
L] L]
e - b - - o
F T T E ol
P .. e LI, 58
. . .
. « .
[ e "'\2 e
-.
L]
o .

(d) (e) (f)

13 K-Means B AR E"™"

K-Means [ EZAAH: JEHE AR B, SCMRE S, WslsEk, &
VR AT AR FE LR . BRAE s K (U IR s SRAEARTE, H3I
ZEA R R s 0 A S e LU
2.1.3 SVM (Support Vector Machine)

SCREEANL (Support Vector Machine) & —#ii B XI5k, €

Z N T GE vt 4 A K Rl UH 73 A b o SCRF 1) B ALK 1) 8 B S5 38— A B v 4E 1
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el LTI 5 g |18 < vk Bl o6 S N L 17 <4 T e S A - D S R T T
LAY VA ELAR AT BRI, BB 1 TS AT 1 T PR 8 A KA
BEIRR A AR . B ELG LA T (FROUSKRF &), HIXLE
PR AT CFROY RS, 45 S35 [ B 21121 T (X 20 88 fe K

SCREAI R AL BT DA Ry SRR KL Gl T 1, & U8 'E B s iz AL RE
T30 EABUENZREE B A R o 280, i HO AR e i IR A 0 2R R T
RRHIZEE] o R ORSE Pk B fe L B P i, SCF A L2 il B oKk T
& w A b 1 H AR R

1= t - — t
LP—EHWH*ZFI a;yi | wxith [+3, ay (1)

Horp ¢ BUNGRFEARRL, a; (i=1, -, t) RBLpfE o I FENFERAEFEL.
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a R HIHRT, Lphudg B H 7. AR, FE w MEH b 2 XL
IR R e

R T, REMHEAE 20, R AL, £EERLE )
B LT LR FP A 24 1 SVM A SE AR BL 2 7ERFAE 2% [A]_E 48 31 i A 1)
70 BT T A I R B IR SRR AR (B B fe K, SYM SR TE B R K 73 = TR B
SRR MEEE, B RW R, mE 14 AR,

o Class A
sl Class B

¥-Axis
Y-Axis

[ 14 SVM BORFRFEH

FEMRRENEA TGy AN, e R DOE L 5] AR R A, T @btk 1 8 = 4k
PRI NS, ARG i g 1 A2 70 SRR e in R s, i %
PRSI, K ERAEAN R 20 (R B i 31— A 4ERRFE 22 1] A, RS EE 1
RSB AR T2 (0. dnEl 15 fw:

® e
s ® )
o] [¢] ]
oe NEEL ®
m
o u"m gm® kernel
] ]
(o] .I Em ©
®e . Enm o —_—
o EE B
© “ogEg_ ® Og
Oool e® o
000000
o
0® .9
& 6 oo
-]

& 15 SVM EOZ R 35
SRR ENLIICSAE T A R ECH R SR, AR YRR, ANMKESR
Tk, MITRIAL 185 ) SRR ) 0] @ BE R G 45 28 00 B35 8 (1 S B
Ay RABHEIGZIE, "TCAEERAEZR M 02K/ BT SS . Shs B 4E: IR TRl
M FE R E AR BN, TR R R ER S . KRR ENLE A E S
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INEREARRAESS, TiRE N | # 2 GRS
2.14 Apriori

Apriori SHikA — P4 SO RSB AL 503, Hoazo0 8 AR JE I fix

e B A= AT 1 (8 ) B PRSI P AN B BORSZ B 05 . Apriori 5L Y

I )RR K TR AN T e of 2 R B S 1 BUR A RS N EIR YO € 12E S ES

BRI AT ——AE KU R 28l o T AR R AR 55, XSG A ] AT Al X

R TG SRR . RIS H — BB i S & SR UG 725 Y
T it 2 TB) AT BEAFAEAR SRR 2R, R 4 D71l
* 4 BHIAYIE RS

o9 T
0 S, WE
1 BEL JRAT. RIAETE. SR
2 S PRAT. RETE. BT
3 B S JRAT . HAETE
4 BB G, JRAE. BT

T R A R EAVAH I, M kT SR AR R e LA
FRE R AT —> H1 & T ISR, X RER G A N SE T R A, ARG R RE 2 1
KA o T8 U R B TR I I 75 B2 5] N SCREE RIS (B
FED BOMER . SORRBE 4R B 4 h B A % AR I S BT oS SR AR L],
—ANEAEEEEE PRI . R, TSR N 4/5, (G, R
) N 3/5. CRFIEREN AR BN, Bk PLE C— AN SRR, AR
/N SCREFEI AR s BAR B R AT — 2 ORI SR 58 LI, a—>b [ B AS =
SCFERE {al b} /SCFERE {a), alb Fon ab BUFFSE. fn (FRAT) > (41 45 1) S
MG SCREFE (R, AN /SRR RA ), Horb A, &I ) 13
FEE N 3/5, URARISCHFE N 4/5, Frbl “RAFD>MEE” WAl17E N
3/4=0. 75, X EIRFE RAT IO, FRATRIMA 75%40E ™

KIRDHTAPIA B bR HIAEITE, KIRBAN . sKfs b, Apriori
v SRV EE AU S LS T SIE PN ISR

(1) WRFEATERIER), WA ERI A TR
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(2)  WERFATERAER), 28I AR B2 AR

(3)  FTFUk, Apriori SHEMNHITRIEI 4G, LA E0 2 R/ SR
R E S/ IA EIPNINE e

B, RMPTA PRI, IXLL I LA 2 D ATUE SR B
SCHFIEE—HFo R FRR SR TIUER 7 AR 5 ORI RN, T R N a0 03585 1 /IS SCHRF I
AER/NAAERE . SR TSR — D IR AP B S P A S S ), P R
AN PTAa N, Hohs— 2 MNNA G RA T, — B e R,
IR AT AR KT FE ™ 45 5 K e/ A BE RN A 4B R R O 1 A J i A A0
FIEE, (EH TR,

Apriori HIRHIL R IG. HIEAMAY 7, HAERNERIES, W T
KL SRR EdE: NEEEENEMSREOE 2, R EREN T EDUE, &
PP VAT SR

2.1.5 /EM (Expectation Maximization)

EM (Expectation-Maximum) Hiy2: R 82 f R A0 By, EM B9 52 Bl 2k
SARRE W, BN TR REIE GORTE ST IS B T R, SRR AL
U A RN ) [ AE Dempster . Laird F1 Rubin = A F 1977 4 Fir fi i S0 &
“Maximum likelihood from incomplete data via the EM algorithm” H1%%
T TR A . EM B2 B LI B AR Rl v OE, RN S ST AT
ZIR &, B B R S SR A A S 4. RS RRHER A, LDA
F A R AR Sy HE T 5

EM 530 e — Mk ARIAL SN, i T B ITH R R RIS AR 7 A,
Hep—AAED (B, 5 AWK (ME), FrblERgamRy i Hik.
HILA AR ARYE Q243 N I EE, MGiH ERS R (e, B b
DAL S UG TSR BRI R EARE Al T SR Bdi i B2 i 2
2o LI B A ACHE BT R S BUE AT AT, IS, BEERJFWRSL, AL
H

BEA 100 N B AR 100 M LA S E, (HREAFIEIX 200 S i
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RN R, AR LR B BB R4 R A R A
ST . B, A TR, B R AR B A

(D EANEEfdEd Rk E T HAEMIRESIERKRE T KA
(2)  BAE. ZAESGSBIRERNIES NS 52201

e 41
(1) $ykiam EME:X AN E-THART

B 16 EN HEERRRMEEE

W4, T FAR ) B vEr ) R F EM SRR g P SR an &l 17 Pl

| ﬁf |
| imatss
Expectation& - |
O umew
MaximizationZ B Eﬁﬁ{ﬁlﬁ%ﬁ

& 17 550180 EM B AR RS

(1) VWS Ve B E S E R IES M E: nifE=1. 65,
77 #£=0. 15;

(2)  WHEE— D NEAREE T 55 40 A B LA o A

(3) A HAER 0 DNKREF I A S A INSH (BRI
T, LA A g B R (1 7 At R, B A

(4)  RXIHEPIA AR EAR T, RREEPE (1) £ (3), HE
A REZAIE.

EM B0 AT I R
BN WEBMWEE x= (x, xy, o x) AT (x,2; 0), K0

p (z]x, 0, BIIEAIXELT.
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LR
(1) FENLYIAE AR ZHO I AIE 0 oo
(2)  J=1,2, -, J ITha EM SRS

E b THREERG A0 I S AT R B

Qr(z)=p (z;/x5, 05) (D

n (Xi,Zj: 0)
1(6, 0 J):ZizlzziQi (z;) logZ= T (2)

Mﬁ: *&j(/“:l (ey eJ)’ ?%§U61+1:

0 j,=argmaxl (6, 6 ;) (3)
iR 0 RS, WML R, SNkt 1T E DA M D T4
s BIAYIZH0

&g EM B WA E R, TR 4 R BEA R R WT AR B e sh Bk SHIK
Ui, EM BRI BAR KRR B EROR T HATIR S8 S5 58 EM SLVEX 4]
SREBURR AR, VR AT FUEAE EM BAAIIR L T TS 7 VP2 TR, WER O R
AL E A B AR R TR
2.1.6 PageRank

PageRank 5Li% 2 Google HEZIZHIEM (Fp4 230 19— AEH HEL
ARy, T A M PSR BOAR#E . PageRank FR4E 19 346 ) 1 A 4 A1 A
e 2 1 K R R R R AT R I AN . PageRank TG MRS 2 AN UL 1)
BESAR SR 1% DU () — KBS, ORI, R R At R s SR
EANFURFTEN “BERRATE” o PageRank IXAMEE& S| H AR B — R 8 SCHIHE
F13B BAE ——BI O N SR IR, — R IR 18 SR e e

PageRank 8 2 [0 45 It 1) AR B 12 0K A KA s — D ILTHT S5 2. Google FEA
A DU B JURN M BE MR RE N A TUTHI 45 B LT 52, ARAEHSERIE (EE 2RI
RoRIE, BIEERRS A U R 0UTHD AR A AR ISR SOR R E BT 5. fal B
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YL, N SR B LT R] DA A (S5 2 T Y S 4R T T

BEE—ANH 4 DA RN A, B, CHID. i prE v EsE A A,
A2 A PRAES 2 B, C K D[ PR AHMAF,

PR(A)=PR(B)+PR(C)+PR(D) (1)
Pt B AR C, FHD WHEEEAAFE AW I AN, — M
AR E 2 k. FTUL BRI, IR ZE, DBREMERA =
N2 —HF] [ AW PageRank .

PR (B) +PR © +PR M

PR(A)=—; 1 — (2)

BAJh T, ARAEEE S ECT AU A PRAE .

PR (B) +PR © +PR M
L (B) L (O L (D

PR(A)= (3

B, ITH RS E N — P E o LRk LD R BT KA AME
AU ™ A% 1 2% [ PageRank 2572 0, FiFEL, Google M #ize s 5e4n T Rk
UL — N /ME

PR (B) -I—PR © +PR M
L (B) L (O L (D)

PR(A):( +~->d+%§-(4)

£ Sergey Brin fl Lawrence Page1998 4 Jii 3¢ H 45 45 — A UL [ % 7 ) & /)N
R 1-d, MARKER (1-d) /N, Frbh—A T ) PageRank & B H At 5T T
[¥) PageRank T+ 5 f3%]. Google ANWrHh = & 15 &N T [¥) PageRank, WIH%
BT — BEHL PageRank {8 (I 0, FBAZ AW E & iH4, X
(¥ PRAE BT A58, Mt RISIIRS . X248 &R 51 % H PageRank 5
A TUHEA B
2.1.7 AdaBoost

Adaboost J& Pk L, HAZO BARRE SR — NI ZREI A F 53
A (397038480, NIRRT E AR, IS SR iR 2 2R
(IR 2RAR) o HEAR B2 il i U Bl o A R SCBLN, ERIEERRII G2
FEENFEA I 0 IR IR, BAR EIRAEAR 7 RAGHERA R, ORAfE R FEAR
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IBUE . KB O BUE R B 4R I2 28 T R 83 AT 25, e R BRI 25
BRI RE Rl SR, TENRJE AR

<

GRS AR R 99 0 RENE IR TS AR, XA SRR A Wt
Gk, PR e U o 2R 00

(1) GBI N YIGREEA I 572 115 25— A 5570 2K 48

(2) Re 04 BOAE AR LAl (38 a2 A il B B N AN IR AR,
BN GR FEan aE AT R 2

(3) KE L. 2 BRI HE 1 AR AN b AR B B AR A B — AT N
AEINGRAEA,  SH XA REAS 1 5% 2 15 2155 =559 00 2K 4%

(4)  BAZLIRTH RIS A . BN B 1 70 AT — 2 #5702 s
BUE TR E -

K18 #ifiik | AdaBoost AT, 75 —AN5555 K 4A boosting A M. 55
Gy RARAE — 4k 0 Kt Sz i 2 TR R AR 1Y A SRR B B O T 2R
boosting AL 7 2KE, SRE B3, B TR R B
o Bk, BT AN KA, BT AR AR R AR

Training Data Training Data classified with adaboost model
* e

50 o ks
,‘&: e 24 Bl 5

RV A
C LSS
* X3 - N
".‘:'? :“'.“1"31% He

edt e et

50 AR T

-50 0 50

Classification error versus number of weak classifiers
04

Test Data classified with adaboost model

50 B e e
03 v\ Q‘J **n*},»r

+
+
02 \V g+ F A
- 4
- ‘p+‘ ‘*f

0.1 R T ‘+ +<""’+'

0 -50 0 50

[#] 18 AdaBoost Z55R

40



AT R $¥51248 Research Report of Data Mining

HAG, X Adaboost BB TT AR N FI K 2 46 vh T3 28 1) 8, [ I 3 474
I T — Lo 7E [m] 9 1) L f R . Adaboost FRABVE LB T . PSS
ZRBPREN B, ZRZHFEN B, KIS ARE R A B . A5
WEZRFEAR AT 3]

Aadboost HERINHA B S MR NEER, BAZSHIIWEIR. H21%
SREAE S I AR v DRy A B s PR UK 55 U 55 SR I ZRFE AR S, BT 280UR
T 550 83 00ie 8, RT3, SO SRt RS A5 A A I Rl K
R BR ) T BRI T2 R
2.1.8 KNN (K-Nearest Neighbor)

BRARI IR 73 25503 (K-Nearest Neighbor, KNN) J&—ANHE b Lk 4
(K375 KNN (R0 AR dn SR — /M REARTE RRAE 22 [R] 1) K AN 5 A 48 IR R
K Z R TR — AN, MZAEAR R Fx AN, HRAXANI) B
AR . ZITVETERAE 73 S s b R AR B AR I (1 — A B T LSRR R 26 )
SKUTE R AR A BT B IR0 o KNN F3 VA TE M RSB, R 5> i AR AT
A K. BT KNN J7 3k 32 SEEE ] [ A R A 40T AU RE A, T AN S 4 2 3y 77
PR E BT RIS, B T2 28 X ki 2 R A RE AR, KN
JNERHATNEE RIES .

fay ki, KNN Sy n] DAREIR LU R LA 3™

(D RN 5 & AU R AR 2 R I BE Y

(2)  FHEEE B o R AT HE T

(3)  MeHUE R H/M K AR

(4) B8 AT K A RUTEE A H A

(5)  AR[EIHT K AN £ H AR g v 140 288 SR S X 5040 1 il 43 288

U S — M REARTERFAE 25 (8] 7 1) K AN B AR AR AR TR R 2 48 T3 — N2k
B, WZBEAR R 3 A IX A KNN Sk, Frik £ 1040 JE 2 ©L 4 1B 43
KRR G ZITVETE T R b R A B AR I (1 — AN B LA A R 28 1ok vk
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FERF I AEA T E 20 o B R — DR K A AL AL, R iX e s 1R
VERPFIEIR G ZAEA, B DS RRZAEAR R PE. B 19 2 KW 5k, K 4%
TAFMER ISHE T IRER

A s
. (Class B
. |
X, *. b o
k=6 ®
B
X

& 19 KNN B k&Rl

FIEE, B 20 "PRATERE SRR TRt (el igt), ZMmt
Fe 0k HH R H AR AR B R KA i, B KA R 2 B A A
2K B3 I, FATA DUE MR RGL i =4, al Rt At Ei,
R A5 2 H s O

2 A

FY

[E 20 KNN B3% 53 2Rl
KNN S0 R R Tl B0 . 25 5 BRAR,  Jl5d K A4 R A] &% e i Bl 1 &
Btk o R AR TR ERE R A EE Ry, FIEEREE.
2.1.9 Naive Bayes
FhER DUk (Naive Bayes) Jedik T DUM-Hy g B RFAE 26 A SRR ) 70

RITiE, TIPSR R AE T oy |2 (R AR 7> R o A L R SRR, b
B VUMY e 5 A T B S BUR D, W R B AR BURR, ikt E AR A
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HARE M RACE . (HRAESKPRN o, & U R A S B AE A 2 A
FROLH, 2R 2R LSS T (1 70 SR v A SR — S U

HUCA R BEIRE S B WRRE B DN R M, W HEWRARAS A
DRI KR, B RASBEER IR, BT MR SR E A
JRAR RS BL 2 D OB AR Ik, DU e 2

P(A|B)=P(B|A)*P(A) /P(B) (1)

BN NERIRTE B RAERZFM T A KERFMAMR, FT AFHREXMT
B AR AR BRI L A HAFRBER, FERUL B HIF AR, 2,
P (A) IR AL, P (A[B) MU IRMER .

FhE DU R SEAT VR ARG BURMI ARG b, RGE SRR 250 5
YRR IREA R T A R IOMER, BRI 28™

Xt T4 R ORI, SRABFERETI LR 25 AR T 2S00 BRI, Wi
AR A VIERS 2RI TINS5 H T SR R f -

(1)  x={al, a2,..., am} NEFRI, HA ai A x B—NFHEE M
(2) HEHMNES C={yl, vy2, ..., yn};
(3) HHEPG1x, PH2[x), ..., Plyn|x);

(4> WHRP(yk|x)=max {P(y1|x)}, MW x € yxo

AT, R REE S R 1 A LB (Play) AR (Weather)
Z IR 2R

Weather |Play

Sunny Mo Frequency Table Likelihood table

Overcast [Yes Weather No Yes Weather No Yes

Rainy Yes Overcast 4 Overcast 4 =4/14 0.29
Sunny Yes Rainy 3 2 Rainy 3 2 =5/14 0.36
sunny  |Yes sunny 2 3 sunny 2 3 =5/14 0.36
Overcast |Yes Grand Total 5 9 All 5 9

Rainy  |No =5/14 | =9/14

Rainy No 0.36 0.64

Sunny Yes

Rainy Yes

sunny No

Overcast |Yes

Overcast |Yes

Rainy No
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21 Naive Bayes EjA5r 2Rl

R B SR MO IR, AR R QIR R, AN P (sunny) =0.36, HIFhER
DIt SR SR, JEIR MR BN N 28 . AR R sunny At 2B,
OB U e A A 7 AT DUAR 4 ) e Mt ROk AR 2 DL bk 2 S IE A, BT
P (Yes|Sunny) =P (Sunny | Yes) *P (Yes) /P (Sunny) =0. 60>0. 5, T LK S 4F it AT LA
£,

FhER DU BRI RS BRI AR YE o, s R IANE Y
RE AT, RN ER DU A KRR A H KK E R, FIEM B E L.
AEIE I AL DT EP vk 5% VA N N U 5 B R SRS SR I Ve
BRRALAE R IR LR S AR A R AN R DU R AR A R Ak Bl R
JEE RS PEAE AR 2 15 0T RARMEE 2 10, PR EOHRE A6 10 @ 1 2 (R AL HR AR AE
FEMEIE, WA SO RE A X R W R, 2 5 800 IR R
2.1.10 \CART (Classification and Regression Trees)

sp28 5 Bl M (Classification and Regression Trees, CART) 2 ¥5%E
B NEEl g, T T2 5 RE. H ID3, C4.5 Ak, v 251K
i) bagging. boosting A& &Y LA,

CART 2 1E4S E M NBENL AL & x 56 fF N HBENLE & v AR, 5
ID3 A1 C4. 5 [ EM T AR A, 1D3 A1 C4. 5 A5 i) e i ml DL 22 LI,
AN R X URHE R BUE R R T, AR oy B, |
T, B, WAZAT R AI4r 9 3 Yo i CART AR AIE W — X, P36
S5 RURHIERUED N “R7 R /|7, FASKHUER R, HAKHUER ‘!’ .
XA IR ) 5 AR AN T8 T b 43 B —NRFAE RN 7 B R o A BRAS BT,
FFAEIX L BT BRI 040, a2 RS N 45 7 1R 2% 1R N Hin HH AR A 2 A
CART i IAIA s W] DA 52 R R AR 2R PR PR 08 A, sk R 4 A 5 PR

CART 5yl LA NP 4R
(1) BRI BT NGRS A R SR, 2 A SRS R B
(2)  WRIBIA: IR 4R O AR BRI BEAT BT R F ik £ e A 71
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IX IS 45 5% R B B M N BT R AR HE

PSR 0 A P A 3 3 U R AL S SO SR B AR, 0T LR P O R
Z R/ MEHEN, X S0 S JE SR B MEHEI,  EATRP AR, AR A O

[33]
o

CART [B]H B FE 45 :

(1) mFHENEFAE, SHFREf,, WHEANEUE s, Y0 A s BEHdE
L NP, W EDI IR ZE

(2) SR RZEH/INFIRFE R FE R0 0 5, BRRRAE B4 2 A AR S o 32
g, VI S A 3

(3) A EZLL FPRE,

CART BykAREL C4. 5 HyERI 432877k, KA T AL R — XA, (5] i) 4
TEE PR T IR JE RECR T . 28R CART B 85t K1 Ak =2 3wl LA

[l AR, XA C4. 5 % H e FaRZH T ID3. C4.5 1 CART fy—=>Ebs Mgk
% 5 ID3. C4.5 F CART HyLtaR 24t

wik | wpmE | ma | sEns @fﬁ AT | R
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2.2.1 BEARGUDTTE

FERB G A, FATRECE SR 5, 56— I 8] B A8 AR A 2 A — S HE xS
T RS — NI AT 287, Wi — N ENRRE. t
et T B AN, FRATAT L 3T = A F R AT I S B8 R AR A AT T
TEERRE, B 1 B4 50 TH B K B R VRO e AT IAE M 22 A A4 v ) 32 Xk
IMFRRE o IX L RERG MERE B O B R, B SRR VE SRR AE s DL RERS
WA AR P ATRFAE ) 0 A 788, BRATRRZ B s R Pk 73y

* 6 ANLLRFWIDARIE R AT 2018 £ 3 AF 2018 £ 5 AlEM— 2 MiE R

HMEBAW MEBAZ

KA I 8] e FeR¥E KA I 8] e FeR¥E
18.3.18 3056 187 18.5.8 3398 1175
18. 4. 29 1169 511 18.3.6 4849 253
18.3.3 2743 177 18.3.18 4246 211
18.4. 29 1616 215 18. 4. 28 4342 113
18. 2,22 2391 92 18.3. 14 3464 206
18.3. 19 930 119 18.5.2 1819 1067
18.4.8 9683 331 18.5.1 2300 1056
18.5.2 1011 51 18.4.8 2955 120
18.5. 10 1386 36 18.4. 17 3023 104
18.4.18 936 38 18.3. 14 2560 229

RN BRI SR T T, BME R R I iEbr e —. FAMEi— 413
EAA n D —4EBdE, alExy, xg, v, X, MIEERR BLRIRON:

A W] DL R S RO (1 P35 KF, LU AnFE R 5 IS4 NI 20 25 T3
P, W ORIy SRR 1620. 6, Z (9 T3 AR SR 2 3295. 6. Ut
Yo Z VORI R R m . REERNE, BmxX —BEmaE
REWE, 72 ZROMIAEE A E R, RN 2 RSG5 T2 100 280,
PRI NI ME R R R BES 2 — i EMAE S, A 8RS 2 AP 45184
o s g D N E
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AR BATIC AP AL ML &) T AR 2 p A, , WU HRE P 8K R
p (0<p<D) A EME. M, LLEIRL:
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TOLN o PAANMACER S N (i te s R s e 2 e 22 R
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5 R BAREE R = R AR R, (HECEE —HERE YT TIRZ. 7
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n

1
SZ:HZ (x;—%) ’

i=1

n

2 2_21 o 2
S\/S—\/HZ (x;-X)

i=1

P ECHR T —2H 1 77 22 2 9801, i J5 —ZH 52 148.5, W WAT—4H %R
WE—H AR E R 2 . REEBIFEWRNR I8 E, 55201 100 S N B fA
BRI E Z R INE k. S AR TR AR 2 T O E B B S R
W RZE R, EE KA Xy 5 B AME X0 L 72 6

R=Xpax Xnin

R B BEFE AR B 2 b MBS B B ORI R S B BORFAE . SR B
BRI F R FRATRT LA 2, X L4 AR R 7E — 28 22 5 1R K 1 5040 b A7)
A5 0] RE I A [R5 SR, SRR o A T R R S (R AR L, BRATTAS
RE AN S5 AT RFAE -

T ABR B, AT AT DSl oA T B S B g o n &
23R, SRR B U T EE R 2 B DR BB TR B TE] B DR AR A
PR, FHEERE NG X PR . S8R R L 2 W, R A
AWK, 1RHEE/NEEIE T 0, EPBFRIIIZRER IHEE, AT LG
BN 225 FBF B #t (Probability density function) fy. HfEH:—[X[d] b
53 B VA AE IR — G N R

b
P(a<X<b)=f fy (x) dx
H— B HATE Bk (Cumulative distribution function) Fy.

F&(x)zhfx fo (w) du
MIMA :

P(a<X<b)=Fy (b)—Fy(a)
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XH, FAVPLERAZAMEGREIFEARIEE FE M. X2ftasl
We? Peans=iil B kasfl, JAIEDIHIATRE A2 10 6 EdE, Am—PA
e L= AT ReA A BT R R0EEE, BATRRZ B X 10 25 3RECEI
W, BAIFONREA . BAVEE AR THESARNEE, Sl OB FEA
B G E BT B ERREER .

XHYRIABZHIMERSEORSH N A . 8l e 3o UKL,
AR SIS u e b, TEATT 22 o P — MR il T2 -

R, XA AT R 2 B 1) A VR IX O B R
JE RN BRI AT R H, FRATTRT DS B BB 1 o A . A B
A A 5] T 2RI A, RS A Rl A 2L o H LR —Fb
BRI AAEAEARIIRAT o i 5 g A2 FH R AT B 50 X AR P B — i A

n - 3
g1—mz (x;—X)
FEAW BT T Z0F, B0 o0 A AT LEBOW R A B K T, bRISE S /N )
B 28, [z W2 I E R EERE % .
F I, WERIRATCAIEZRS A (e br i, AN 73 A1 00 Hahs 18 258 B30 1)
P HEEEAFE: AR R RA R —8, 582 BRI EMN
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s A7 800 A MG R LR “RBE” » At 5 AR AR SO ME N . 1§ gy /2
PR EE B AT AR I FE b o VW E DN I TRWRAE A B 2 (1R 080 20 A1 45 P I Bl o, 0
J& O G ) ko B e 2 A o AR R B

n 2
(nt+1) 3 (n—1)
SR KCTEN o LD

(n-1)(n-2) (n-3) s* — (n—2) (n-3)

QQ K (Quantile—Quantile Plot) W LA RHAS By W 2 ds i 73 A1 A 15 Ik A
Fe—4RE M, R IE AT LASRAG HCHE 1 i B AMUEE A R o 0T B0 2 AT P e 56
7] 2 DA S At A5G N5 I 2 R 10 5 B G R A AR, A DGR
A PAR N 2T

R B 85 TR SRR . AT T A% R B R
Sl AL T SAMERE: RATNI] . SRR RO . EBLS, FRATIM
B HCTEN, FEAE TR SAHE, AOLE SRR (i
A LA s LA R B (R BRI ¢ AR R (M
WA RS |, WA FIT B H B (R A i
g g, HE) o a sy GLmER) o X BRI 1
TR MR B SRR o kAR, %, e x,.
A AT IO KRR Gy, xg o xp)  FoR. 3T
SR PN EE R (X, V) FoRbidh, & ARARTLA o,y K
k. KU AHOR, BB R, LU BT T Py KB R
(Covariance Matrix) S.

n n

__(lzn: IZ 12 )T
X= "y Xi1, " Xi2, ' Xik

i=1 i=1 i=1
n
1 — —_—
S:[Sij]ka: Sij:_HIZ(Xui_Xi) (Xuj_xj)
u=1

HA AR P 7 ZZ 56 B r] LATHEE Pearson #HR%EFE R

Sij

R:[rij]ka» Ti;=
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B 5 ZE R R A Pearson A SRR G A& XS FRFERS, 17 H. Pearson #H < 4E KXt
LA 1. MY 2 B, spWRRAEX, Y ZIEMP T2, 1B #R1E Pearson
R AR X B A R BN MR, s R PR e 7 28 B ] FR) 2 AT SR 1
B, Gn AP AR R R TR BRI R B AR AR s iR A B
TR — A TR, AR SOT FARAL, MR I T 2R AR R . S ME A
BRL, ZAHEE WA DA R KT, BT Ei& Pearson AHK
FEFE, A KHBRN Spearman AHICHEFE, XM HENEULA Spearman AR R EL .

Xt T2 4ERAA, AT AT DURE — RS B0 R 8993 A bR K LLR AR T pR K
JERZYERGOLN, OB AGEEE AT AR S P EE 1

2.2.2 @EASHTTE

T BTk AR R G it o A BTN AE R AR SR AT, AR SERR AR
BT AEEE 2 AR, A2 RENEI RS, BATAR R IX
LeA 2 JA] (AR T S BRI R . e D A0 R, AR — IR IR N, —AN 1
s 22 B N BbE5E. DAERSE. Tt Z8SE80a s &1
Wiy IEAT R A B SRR E AR &R, A, RATEW LU, BK
RS, A EZENER GRS E 2. AL E R W £33 520
L aWe 2 FRATTRT DA SR g LIRS Y R AR (AKX, BbE
wXy, DAMBEGE K NMEEREN. il

Y=f (X}, Xg, =+, X))t ¢

Horpe i TN TEA FEH LSRRI AR RE. i, 2 f 2

KTXy, Xo, oo, X HIZRMERRZLIS), FRATA
Y=8 ¢+ B (X;+ B oXogteot+ B X+ €

FRAELYERIARIA . Hd By, By, -, B BARISE, WHRANEIHZHE

A 2. B e s 130y 0 BIBENLRZ .

PRI, HIATAE T n (0 —FEK, n=k) N5 THREHER,
AT AT DA Xl St RS . Wi i AT IRE N
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AR /D iR AT A S 3. BV /Mb:

S(B)=¢’ szzn: <yi—§k: B xi;)

i=1 j=1

AR B g, By, oo, BRI FIHASHAE., 1S3 IEM T
X'XB =X"Y

HHFXTX R SEXFARIE e A6 M, FRATTAT DAAS 2 B A e /s 3R At

B- (X XY
T S(B ) Hessian R 1 2 H b i &/ —afefli vt yME—fE, Rtk S(/B\)
A S(B) IR /IME s . ARIEN A5 2 -

V=XB+e
NEVATFE. B, AT T X FRMSE B, B, -, B T, T
KFRATE BEAE FHIX AN [B1 ) 77 F2 AR 3 55 1 B0 K /NEEAE BAb vF B 70 & 1) 55
T

AT 20X —2, Hsegioseml 7 K. ENHF, JAH Eid
Ry RE S AT, M A e 0L S R A I B AR R RN A s B B/ R
TRIE T, HEANTAIER AR A R 2 VER AL, iR R E e A i . 281,
B fE R B AR R ZE . T8, BUSEP XSS R IR R B R R RN,
A= B BRIAMRE R R B2V R M4, ERAIDFFTH A E, 2
PER R TS Sl A dle ? 8ok, JAT T — N A LA AT T I R dhs

T RE LA B AR

WAVERBIENE GG, A5 TS H A ROE, ARE 5, R0
18 Y SAEEZS R &
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- -1
T=Y-Y=V-X (X0 X'y= (I-HD) ¥

HET AT LA Uk ZF J7 A1 SSE (Sum—of-Square Error) KfjmiRZE K

/N,

SSE= Z (yi-9)?=¢T®
i1

SSE B/, 4G 15 2N A B0 T 400G IHSE A B 2808 A o B . 2R T E X
KR R:

SSE
Y, Fi7?

RATERA LM T E . R 1, FCREHRA F1Z 0 S A E .
WER RARADN, B AN TR 2 FH G R AR/ HEIE T L E HR R, i Ui
TR B TG FH 48 1 B R SR At e

R2:1_

S SRS AR R EE ol o IR A n AR, SR BN FE R R H
AR SRR R AR B e 2 iR e MR R B AR i 2 (Al o &, BfiTmT
LA I 5 2200 M o R GR35 ] DA Bl 1 A 5 5 8 mh 2 1% 81 A1 9 28 11
HVER . Bk — TR LR TS Z o BTRAN T fi#

2.2.3 KB

RIRG3 A 7739 7] DA I B e AE R B B SR i A i SR R o XA &R AT LA
FHSRBRHI SRR 7N o TEAE FH OGRS 75 B JE A Il . — & KR 4R
ORI RERCR ARG R T R L R T RE R Z TR U SCRPFE
IX — PR AT LA A8 2 22 TG e SCR SRR U], A 8 T A ) 14 W e A K
N RIRHTHISHEIE FEA . Apriori 5%, DHP 5k, DIC HLEM FP-HE KA
Pk, Hh B I Apriori BE, THEWEM 4.

RIRE P iR 35 44 M2 Apriori HVE, 'BIH R, Agrawal 25 N g e hisk™,
FRE AR B IR Ak A DR IUE SRR e/ SHRF FE — R I BT 4R
SR JE PSR 7 A 5 SR RN o o S PR (10 081 gl A R R B PR AR AT 4, AU
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Bl F XA I GE T3 AR ot AE — IR K R R B, R B
IREE LS ES WM

Apriori SVA N SR ML X Bl 2 (K 2 U HR R IR AT (AU T H £k
R KA AFBE AR - KENAHESE, FRATH KT,
Apriori FIETHEHEE e b Ay BT I SCRFE, AP Ky 1
WH S AEJREIEE RS, B RAEE 1 R AR U A T SRy A
it A ke T H B, SRR R A, TH SRR S T H SR RSO,
BRE SR AT P S M BN ORI A 4 BORAERE T HSE. ZR
LB IR BB FR IS 18 S T H Rk

HIE AT I, 35 B Apriori SFAAMIZICR, AT LAy 3o Bode e 1R 49 4l v
B kD AN BRSNS, R Apriori FUAR U BT A
TR W5, TR vk, BRI B R IR TEAE T i
FUEAFHA I 7713

2.2.4 BED

R M Bda Ll oy B B AR AR T Z o Gk o, e MugE s
%o WHSHIR GO KERIFEA, ZORAHE & BIZ A BRI T 28, &
AR RS BAE, RIZ AR SRR AR oL N 2T .

FRIT W I A S AR N I Fe AR A AR B 2 (W) A7 A 55 R AN (7] AR AL
PE CRERR) . RYE AR Z MR, f5 SR E BN AN R
Z AR EE I ge it &, DUR S G EAF N 70 SRk, 18— SRR FE AR
MFEARREGN K, HEUTANEARSRE S, Bl H/AEIRI 2R
ARG R RREE mBE RN . R H AN g . EENEETT
A LAR LAl

(1) RIFHEE

BRE—NANZIEFHEIESE, UUNEARERNEE K. X975 m %%
H— MR ol 7k, AR el R &Ik 7 ek Ae o2, R4S A — Rt
Z a7 ZAEBLL AT — IR U . T EHE M E LA K-Means Hik. K-
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medoids VLA CLARANS &y:4% | K-Means EyECVE 2. 1. 2 /N HETEEGIAN 42,
X AN F A
® K-medoids Bk

K-medoids (HLy i) FIKES K-means BIERAL, X HIAE T A0 f AL HL,
K-means H 3 B O 5l 9 2 BT 2R 15 Th A s B BGy, 10 K-medodds 925328 B )
ol O 2R SAE TPAFAE I — i, YHE DU BRI 2 A % b i AT A i B 0
REFREZ Mg/, W 24 Fos, e — @R LSS 1w Ersm, H
B R T RBONE A, FESRIITHE IS (] L K-means 2.

10

'
L5
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-15
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E: 525 -20 -15 -10 -5 0 5 10 15

& 24 K-medoids B EEH
BARPBEIERFR L R
a) TEREAR n AMFEA S AT RIE R k A SAE A medoids;

b) %185 medoids & T A I ), % ) 4 n—k A 5 B B 24 AT B AE
medoids AAFE MR

c) XFFEE i AP medoids BAMKIATA HAth &, P iHHE LS H N
B medoids B, HENREIME, W FTE AT HE, 37 HUHE U BR 0 A /NI 5 2 1)
RAENHTH medoids;

d) FHE 2-3 (R, BEBFTA M medoids SA & AR EE ik 314 2 11
B RIEAR AL
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e) IEHEAHER k NI
® CLARANS &y

CLARANS (Clustering LARge Applications, KR8 EITE) &
BN E TR LT BENLAE R RN R R R R iR R Y —
BLER 2 0 /IR SE Al 20, AR KA 46 680 R AP m AR 4, 41
U —Ff L 7R [) k-medoids 5% PAM (partitioning around medoids).

CLARA ReAbFE LL PAM R IV BE SR &, HA R TREAR I RN, H 5
AN KRR B 0 5 AN B T B A A O £, CLARA N REAS B B SRR 45 IR
CLARANS f&7E CLARA BV RLAl E3R KA, 5 CLARA AN[H], CLARANS ¥ {EAT
— 4 E I R IR TAE—FEAR, T2 R & — 2D # — € BE L ik L —
AMFEA . CLARANS [RS8 B K22 0 (n®), Hern BXRMEH. 7k
AR R —J7 Tk T CLARA [RERE &, 3 — 7 TR J& T %54 A 22 = 1 4
ToH, FE B RN . (BT ESCREUE,  BUG B N\ T UK,
HERBR R MR Bk A 1 5
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a) #iAZ# numlocal Fl maxneighbor;

56



AT R $¥51248 Research Report of Data Mining

b) Mn AN HEIRPEENLER kK A H RO EE, JFLEIMER

current;
c) Zi%T1;

d) M2 R n -k A BARSE P BEHLIEE S B AR, JFHZ B Biin S
el LV INIO B S VIR EC R R h TR D) RIE o= S i AR DRI SeEd SR AT Pl

e) MR OESRNM BN RS current, FE j=1, BN j+=1;
£) B3 j KT%T maxneighbor, M| current NILES &/ MU RO ES;

g) EH UL B numlocal ¥, B AR B/ NI D AR & N IR A L5

h) B a0 EE A TR FR 5 H
(2) BRE%

JE RT3 45 5 B ST % e & T E R, B IR J7 75 T A AT AR
FAEL . ZHIEAEAIE 0 ZE0 B e A AR o e S A%, DR T e 44 P L
2, B LI A A VYA BIRCH. CURE. ROCK A1 Chameleon.

® BIRCH Hik

FIH JZ RS R0 P AR VT L RIS (Balanced Tterative Reducing and
Clustering using Hierarchies, BIRCH) & N KEHEEMERKITH, &
KBRS (FEVIIETCR K B 5 ik AR 7 X e i Al SRR L (FE
RGBT B ERAE k. Brilk 7 REREEINE IR A WA a)
FIARGETE: b)Y ANRESE S AT P IR AT A

BIRCH 1 FH 58 SRR AIE R MEHE — AN, ] SESRRRERT (CP-#) SkFRRFE K
HZ IR G5, BIRCH J5 20 it S 18 & o ah 45 H R W AEH A XK.

HEARAI L, BIRCH —ANE B FE & i /M 1/0 i), BIRCH RH T
—MEZM BRI AR BIEENBEPRM A DA RS, Mz
FIARANAFE T DA — P o SRR & . © R EARE N B
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a) BIRCH i #idfa e, 57— PRAF T WAT B4 4a CF-M, &l AR 1
BAai 2 )2 548, kIR Or B HE (1 3 A2 SRR E5

b) BIRCH RAIHA N RAFHN O 045 M T2, 1R
B S B MR TR A TR £ 9 T KR

F—HE
Va3

V.

EMrER
R (WiE)

Y

E=ME
ESCE PN

Y

Bk ER
R (FJik)

26 BIRCH ;72 [E ™
® CURE &k

CURE (Clustering Using Representative) XH T — R g E R E
XAPEVEAT “HBE” A CHT” 2, e iR T IXPIRNE IR R R FEIE
FIAN R Z AL, v DLACEE R AP . SR S A B HEERIE R NRTHE ) 51 RN i
A

CURE B9k IS ARAE o] LR N 27, B MR IR Bdle SR e MLt L —
MR RAE N T4, BXZ TRy, IR RS BisqT CURE
RRFFERNEGN RGN, JFMERIE B S, AR XX iRt — bt
CURE JZIX S, FFMIBRIL A B B, S X Bt P AR R A B SRR AS iR AT
Xy

\

58



AT R $¥51248 Research Report of Data Mining

Data |:"> ( Draw random sample ) :{)( Partition sample ) I:D@artially cluster partitions)

4}

C:x (" Label data in disk J(}: (Cluster partial cluslers)CZ! ( Eliminate outliers )

27 CURE B xpyEAzie"

24K 2 BT RBER B T A B ER I AL NI 3RS, BB AE A7 AL AL
SN ARG LEAGE S5 . CURE KM 7 — Rl 2 IR RIS, I25AIE 72 T
O FIEE AN G712 1A K v [A) S B AN [A) T B A o0 BN RORAEE —
R, iR A A W [ E O H R RERMER . AR RE I
A B FES R RS B, SRR ARYE MR E B o Bl e A T
“Wedg” B sEd]. EEENE D, ARIDEE AR S (B RKE
T AFEZE ARSI

FANKE Z T AR A1 CURE A LUE R AEBRIZ LR . 2500k
247 BB ER AT LA B T4 TS s eI . DR, CURE o AISZ p f b 2 5 gt
111y ELgE 9% VRO AE BB A RN LEBOR 1058 B0 K AL H04E % - CURE SR A Bt L
WUFEAN R 7 AP TR B B el sy, BRI 7 JE3K

CURE S 2B BN R -

a) MR R A AN BEHUEA S;

b) RFEA S Iy — AL s

c) XA RIS,

d) B FEHLDRED BR AL, IR IIROR S, ke,

e) X ERIISRIEAT IR, AR DPI IS AR RS P % S
— e A i R SR A Bl X AR B TSR AR

) FHAH N ) SRbR 2 Kb e B s
® ROCK &y

ROCK (RObust Clustering using linKs) EREy R—FMEEMHT S
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RIEVERRIEL, BERE T RR MR IR BRI LS 2 Ry e
BN R CREAS 5/ 15D Z 1B 2% R IN 25 08 1 AT SRR A 4R CRRAUREAS 550
WdcE, RSk e (Link) MRS . T — SRR EE IR R
] (RO ARALLEE

ROCK SykiE T2 m B s, thtn, Sy, H/R{E. FMIMEsESE, Hix
O JOAEE R B A WA R B B, T AN AR A T B0 2 . (EARRL P R E
TEH R E, REXN BRI ELWRK, EXNBIEERE RS TR T
RS HAERIBME . 74h, 1E ROCK vk, AL R Bt A T s w148 = 1Y
FIWr b, REEAMAS S, TR EARFER, B0 AR BRIE T T U

ROCK %032y BAR AL I R

a) N K E AL RIME 0

b) W A5 S E] AL, AR R AR HE R ;

o) THREAREFEFE A;

d) TR L= AxA;

e) 1% Goodness Measure, MGAHALI: &% & IR S 6 IF;

£) [RIZIE 3 DHATEARE T, HBTERK kK NER, SFERENEEAT K
AR,
® Chameleon &£

Chameleon (R ) Je—HEIRERE VL, & RHANSEBCRIE — X%
Z A HIALLEE « 7E Chameleon H, FRITAHALEEAKYE a0 F 8 S 0EAd: a) X%
FIREBAE L b)Y FERIARIEYE. W2, WRMNASER AR & e
2 AR S . XA, Chameleon BRI T —ANE S, H
FRAEEIAY, fefE 3 BhHLIE N A & IR N R IE. X — &R EA R TR
WA FEMWE, F5H RS ST AR B& B0t vl A T A 288 1 5 .
28 Bt 1 Chameleon Wiz fF.
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’ 3 BB
k-SSR
B S

Eﬂ wanan SEEL won 2L anns e
b ; @V éy

28 Chameleon BIETIEREE

Chameleon Kl k—s I 4TI A2k g — A Fagi i, Horb, B &ANTI
RAR AR, R RE T — MR k AR R —,
LKA (G ZIRIRAFAE— 2510, XEEIIAL S S Wk % 18] 14 AH 1)
J¥ . Chameleon {8 F—Fh Bl o3 50k, 90 k—HRlr 40 BRI 43 BOK S AR /N 7
B, AR ILE RN WYL, #R C BRI ST C o C), (A C A G
I C T4 VI IR A 2 AR/, BV AR COR C, 2 [l 4t M. SRS,
Chameleon fff i —Fh&t 3R /2 YR H I, HET TR R S &1 7%.
AT HE BRI FRRXT, B BE B R AR B, X SR R A0
(closeness). HE#YIML, Chameleon HEHE PiAS % C A1l Cf [IARXT HLIEFE RI
(€, C) MFARHEILSE RC (C,, C) Kk EEATRIALUE™

(3) ETHEERITE

Fe T EE 715 S HA VR — AR X2 e R TR AR AR
PR, AR TEER . XFEREE R IE T 80 B 1 Bk HRE R IR ERIR 5
K i, B EACRPERZ DBSCAN &L, OPTICS &1 DENCLUE &V,

® DBSCAN H.yk

DBSCAN ( Density—Based Spatial Clustering of Applications with
Noise) /& —MHBA MR T HENRIEL. SR MZRRELTTIEA
A, ER R E SONE FEMER RS, REVIT A 20 v B 1 X 38K
Iy N, I RIAERR RS I 2 TR HE A R BUE R AR 3R

DBSCAN AR JULANSE e &) BABIK: 44 % R0 B B X AR A% o0t
LI EARE: b) BROX R R E X R AN R A SR TS T
MinPts, WFRZX GO R o) FHEHEIL: W TFREA%EED, W
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AR q fEp FEARERA, JFH p AZOXR, IAXR g AR p B
&y ) WEAE: X TRAESD, SGE HBHEAK Db, prby DD 7D
U R p M poy EIEEERL, IAN R o WNATR p BERTIA; o) HEAHIE:
FAEREARES D I — i o, WHERXTHR o BN G p FIXT R q # 2% FERTIA 1,
A4 p Al q % FEAHEK

DBSCAN H.y2: (s Rt ik R

BN B n DN RIBARE, 12 e, HDHH MinPts;

Wtk FTAERIR, KRR,

Jrid

a) Repeat;

b)  MEHRE P vl HH— AN AR AL BRI A

c) TF dili HH 1) R %0 A THEN 3t A M A% B FT X IR R, T 4>

d) ELSE AT SR A CEZONE), BRI ARIERS, TRV,
e) UNTIL FirfE (1 s p A 2
® OPTICS &k

NTRERK SN PMEH —HAERS BT, & HE T OPTICS
(Ordering points to identify the clustering structure) FIE/HHri7ik.
OPTICS J AN A HE AL IR 2K, 2Hm H T (cluster ordering),
XA R T A R ZvE R, IF HARER 7 80 10k 795 B2 10 SR 2R 4514
B 2 e B AR P B SR, XAHEF SN T Z NS B E
BRWETEEMRI. XFE, OPTICS A B P Ly e B RME, HHEF
A DR SRIBIUEE AR I RE B (i, P OsEETRRINE, SFHNTENER
KL, tn] DR HEIRZ A AL

OPTICS WA EME & a) KOS X% p KO ERZTE p N
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OXZRMERANE, WER p ARZOLHR, A p FIZOHEEBAEE G b)
AR XG q BIXG p BRIAEE 2R p AR LEERE AT p 5 g Z AL
RERE Z B RBORAE, R p ARIZOXS R, p M q Z I ATIEEE B & o

OPTICS Sikfliid i

BiN: FEARGED, SRHEEARE, 455 AL E U N BRI AZ Coox B B /N 4k
A MinPts;

Bty : BB RNAREBE B AR e R
Jiife

a) QIEMABAT, AR AL REAT CFFr BAB I RAF A A% o R S
X RV EE A R, FHE BB TS 45 R B\ RAF AR A
Ry R D)5

b) (MR A FEASSE D ) A AL B e B, W SIRE R, B, AR
KPR CCRIANEE 45 R AFI ). HORZ X S IFEA R, R 21 A B A
FEA S, WIRZFEA A EAE T 45 RS, R H BN FeBA A, e nT
B HE

o) WRAFIINE, WEEE 2, SN, AWA TSI HEUH S — A S
CRIATIA PR B o NREAS ) BEAT S, IR B IREAS 5 R A7 R 45 R BB
IR EAFAEL RS 2 ) -

v HWHZI R SR B RO R, WRAR, [ 3, SUHREZIHE A
R NER A AT PR

v HIWNZ B R IAEAR SRS DAL RG], 2N, A0
?*ﬁ:

v RGN QAR R E AR i, SR I BT 1 ATk B B /)
TR AR RS, U el a re S R IA Tk R B, A e A E B HE

v ARG P SR AR B AR AT IAREAR S A%, TR P
UNZE® R o
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d) FVRZER, iSRS A PR
® DENCLUE %y

DENCLUE (DENsity-baused CLUstEring, F&TZEMRIEEL) &—MET—
HBE T A BT SRS E . ZREEN T ERER. — /MER ] DL —
MR B A, ZRBFR N K2 (influence function), iR
P p5 et FLAR IR R 5o B 25 TR) 1) B Ak 25 P ] DL BT A B0 ot 40 5 Wi R 80 4
KR R DL IR A % B | S e, S RG] e A R R R AR
(1] &3 3 B KAH

ZEENE BRI 5 A RIS, VR & 4edEE T
T2 R B SR 2825 B e B, IR R B £ (4n DBSCAN) . A4S
HiZEEFERENSH, HSHO R mE k.,

DENGLUE S35 (88 i 1 .

a) NFECE b5 P ) A ) HE T R R A

b) IHEIEYE A K ORI Ty ] CRIEREE T 7)) #2511, 1R s i bR A 14 )3 3
BRORKE GX RG] 5D, R S RBER]— AN R 5] 4

c) B XS4 RE I P 5 s FE SR T 55 B R A 5

d) EF ST IUE RG] AR % CE R G A x BROVAET L
sl WER £ (x7) <n CHAr £ 2 B AL, n 4R IR IRAED ;

e) HM/NEEW G| M2 BIAAEE R T 8T n e, W& HMRER
o XTRTA KIS E 5] S E SRR, HRIA AR LGk,
(4) ETFREKGE

TXFh 7 v S ks B 2 1A R 43 A BRAN BT I RS 45 4, BT B AL BR AR &
PLEAAN R B TC AN G o IR A AL ER ) — AN B B0 St 2 A B FE AR B, 1l X 2
5 HBEIEEFIC RN TR, v R S8R E R ) oo R A ok
RFEEA: STING 5%, CLIQUE &3k, WAVE-CLUSTER 3%,
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® STING &k

STING (STatistical INformation Grid, Ziit{Z B MA&) & —Fh 3L T 4%
12 3 HER PR ISH AR, TR AT G023 8] X 4k ) 43 B T B 5 o

Kl 29 BoR T STING KK —NZEIRE M . =2 BT gt 28T DURE
SHIMEZ R ITTISHOTEAR R, XSS BTN ZSE count G
HO  BYEMKI BB mean (MME ). stdev (AR#EZED. min (H/ME). max
ClRRAED, BLAOZ o @ MEE S IE (1 distribution (434> KA, U
normal CIEZSMI). uniform (¥JZJHI). exponential (FE¥UHI) Bi none (HIR
SARFD . XB, B NEESTREE, WMEEXNR price. AEHH
IR B R, BREE B ICHI B county mean. stdev. min Al max 4%
Bk 5. R p) SRR FH e ki, W disribution B AT LA A 46 5E,
e P ek s Can x" k) R3S . R R BRITH A 2 A Ay DU T
X LIS 50 2 0B 4 A 2 Y, R — AN B R AR I S ORI R I BRI
JE B TR AT AR AN [, BRME AR R, T = B e 1) A0 A 2528 4 BN none

_—— BE

e -1
\\

.................................................

[® 29 STING BEEXEWH

STING A JLMIL A a) BT MR 2 M TEWE), B FEERE
FICH SR THE B T oo EERIC B G R, MO TEW; b ML E
FITIAT R BRI B HH . o) ZITVEM EEA SR ARG . STING %R &
—UCRITE R ITSIHE R, B RRME EERERZ 0 (n), Hfn i
MR AERIRGEWEE, EAENTEZ 0 (g), Hri g RHRIKZE MK H
JCHIEH , /N T n.
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BT STING SR 7 —Fh 2 20 HE R 1) 5 iR AT 20 M, BRI STING f 25%
I B R T A 425 P B SR 2 R B o B SR A B2 (R FE AR A, U AR B A 4K
Wros BRI, SR, G SRS G5 40 B B 2 (R RLRE KM, D) S BRAR SR 2 A 1T 1
g, UbAh, STING 7R — AR B ITIN WA % T L oo A HAH AR ot
IR . Bk, Z5RBHIZIRZ isothetic, BIFTA ML R AZAER, B
AREN, ARG AL REZEARERRMABEEE, (H0] R AR
Jo R AR

® CLIQUE Hyk

CLIQUE S3-2 2k 1 P (1S 18 RS SH%, (HE RN BARE i s & 17 & T
HEHRIREE, HILRRREW KBUEEIRBIAR, ST DUR I T RIS i 5% —
ERSERIGNINEA R ACITH

CLIQUE SAICRFAER] 73 AN B AL, T SEE S R A Z
(A1) 73 B T, B A R BB Rl B B, — ST R R,
R B E R G W B E . ZEERENAD S DRMIRRE K,
ORI RS PP E 7S AR gy, i R R e S AR
P

CLIQUE SV BE AR a) BT M. RIS — s
I, ELGZIAS I aY e, 7R A — > WS 55 O S X P F 19X 4% 20
BIFHHERE A MR, WK ZMIA R Z® L XIS, BERAEARX
FERT IR ORI 1E . b) SRS IF £ R B, BRI R
Yok . LA R IR SR T, R TR TS, I
L e R N ASBBURR, e 75 (B A T Y R B8l 20 A, e Bl A A\ 8l 1
KNI, =Bl A AE RO iy BoAT R X m] (R 4

CLIQUE Bykf Bt fEt.

a) CEHEZEE R E ARSI, IR MR EE, RS
SE I WAL, VR AR M AR AR S A, HLE TR RS WA RS “ R AL AR
s
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b) 3 A PR, I AT RS R A R RS . HERE, AL
AN, WNEAT N AR 3-7 Wb EE, BRI FTA WA AR TE R, PR 8

c) BURMMEIRCHN “ A FORARE LMK, WHEIPIR 2

d) AR PR, PRI T Hr iR bs i, B — RS, iz R MRS
EWNUNIE

e) HIMBAFI R EAND, &S, MEEFET AWK, #E082, KNET
R ab

v B BRI AR T ER, KA BIERAH RS KM
v B ERIC N “CCARE”

Vo RS ORI, PRI T AT AR IS, R B S
v HDIRS5;

£) B I X IR B A5 R, e AR [ T 2 A A 2H i E X I, BT E
Frig;

g) BEFHEL, T T —NRIER, HPR 2,

h) 38 DT EEANEHR AR, BB JT R AR N BT LR RS A AR 1A
® WAVE-CLUSTER &

WAVE-CLUSTER JFiEE R LM sl N T /NS R, FENHTES
AhERAR, FEEAA R EHIEEE N2 4EE 5ok ©E B R T
(B K1) o3 B X R 5 4, AR i 88 ek /DN O A 450 B 40 = ) AR 45 i B = 8], FE A S
()i 5 —AMZ R B E R G, a0 B AR RSBt B8 ok . WAVE-CLUSTER
TER—ADZHPRNESL, S PR DISREATRME R, (KRR ASR
BECEE B, RIS 2R D (n), Hrn ¥R E P SN
(5) BETFEEKGE

SRR IR R R R - RN BER AT RE N, SRR
Rl — MR, RJE T REE e B R R MG KRR — MRl g
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TBIE AT RSB ESAREL Cl— RS0 fmkE, el blgid
TR SR AR B R H . R EEEFE: M Bk, COBWEB
Bk, SOM k. EM BECVZE 2. 1.5 N HHT AN, X BEAH IR,

® COBWEB &%

Fe TR SRR I B 307 128 — B A W a0 ) DU S & B 2
ZRAE (AR B SHLER 2 2 T ik . BRI E B D — BPIRZEA, R O
R R, IR 8 17 Fefy SEBI A5 2 . COBWEB BLikait 2 )& +
FEY 2 A& TR IE, 12 Las 52 S WF U35 £E 20 20 80 AR
T, FTFAEX G- BYE BRI T . B AR REROIRE, XA A 4 5y
BB, WA T RUHR A SEB e PR A5 R HR o 12 IR ik ok 21 iy A
&K, KM T AR R R E—— 0 IR G SR I

]

=

ok

Y
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PG4
HUPIE (A, Ay, roeees An?
BEBNTIERS

.

WA, HRAES
B P I R

.

A F W IBIAL, ST
T, A R

TR A, IR
. B b P35,
E PG, RBZAY A
e FARTAT gé“i A

IS M IS,
WIENGIF

PR, B
BONME, E G
R E B s IF S
FEFMARABE S 1 V7 iy
i

™
&

.Jll/\’i}%ﬂfﬂ, pregnes
BRI

(=N
=

YRR, SRR %

BT HER TR i

AR, SRTHRA T F
4 RO

-
-

Ay ARETI A, HE
AR A s, Sk
Wk

B

30 COBWEB H:%iZ4ERIZE
COBWEB Sy 5 i 4n 7.

HN: SESE (AL A2... ... An);
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Bt 3R RIE RIS R K

J7i

a) VIIRHLIIZRER, Rsehilse (A, A ... .. AD BNERANFILR ARG
b) BRI AR, QU HIan R

c) TR A THE S RHE (CUD, B b NS B, i S
P E, WENZWANE. HARTE TR, W R E R

d) AIIATI I G, R HRERRA AT & IR B R, EEIFIAT 5,
TP E 65

oy

e) HIFIRIE, SEBIRRYE 2 SRANE, B im0 AN 17 BT &
I, R & A S S I B A

£) AR, SEBIRYE 7 SRGE, R m S M SR, 3RTHEA
N RALE

g) A RSN, B RINGRE PR A 2R, s,
® SOM &yk

SOM (Self Organized Maps) 148 M 4% 42 25 =2 #4245 & 5% Kohonen #{
PRI, R EEARRAE AR R — Lo N AR BRI, T DL A
ANZE] (n g BT (248 RIRR4ERUR, HBU R A S IMFIE R RRIE R,
5RO B R IR R . BB AR, B Self
Organizing Maps (SOMD, AJ LU Edfa kAT Toli o >IR3, e r) BARR {5,
AP R ARG —RGEZ e 2 M 4 o B2 T i — A R — A
FHEEMNE . IR RA “Se45: 27 M7, AN RG] AL R 5802
FEN— A RVCEC Y AL, FOBE MBS A, Y “winning neuron” .
R FHBENURS B N B R S 1 S S R, FIROE 5 AU I Y s
AR & AT B U 1 A PR AZE A0 T 3 4 TR R S 4

SOM 11— MR, BRRUZ I T SR AT MR 0. AN R T R
705 AR AR B, AR ARV — s IR A
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bR AR, AP, Wl 31 PR,

H—

O—Or—{—O—O—0———)

Computational layer

©O O 0 0 O [nput layer

31 Kohonen Network

SOM P28 B & N JE AT = o SN JEXT N A gE A R, R
RV GUE 2 YRS L0047 0 AR H N1 e e H Y e D8 IR [

RS, AR T, KBS 2B R Rot, BIPESRIT, AHE
Wie [FIF, AGREUT DX B AUE SE B, A S S OREF S N I S [ 4 AT A

BEIRBSGRUZ A AR R, FrPAEATHE AT LA, SOM w] DLIEAE E 4E L 1)

N BH R — gl 4 CHE4EE AT LD M EHUESE] . Computation
layer HIAIMHT &Y Input layer 7T SR 2IEREN .

SOM By A i

a) MIZEAIEEAL, X SRR RO IR

b) REf NFEA T BEALIE I N [0 8, 4R 3 SN ) 5 2 de /N (R )
c) FESCGRMEFIC, TESRM: B IG AAIT DX 30 YR BEAS A5 3L 1o iy N 1) 4R

d) RBUFTEEA . BEAT ISR,

) WA /NI, B, HEVNFRUE, fMihERESER.

SOM IR K-
R RBOC RN I O b, AR T RIRE R WRE; B E4EThRg
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MAks BHEH: T EY ) bR MR IRER.

SOM BLIE R A1 -

M P ik BS54 SRR A, RS R ARUAI o O N B — > SOM i 5 JF:
ANX LA HARFE . ATREH BRI S IR s W= BRI H AR E; SO
ARIERSA

23 B BIRIZHEEA
2.3.1 HIRMIR

KRR, RLEASHIIR, R FRARA . Pk SR )R k15 2
TREMFIISRIE, 748 7 sk TR eSS T BE A
RIBIIR L. TS0 R (Monte—Carlo) BHUMIITRE. T H/MERK
FER RS LS. o, BT EEERIPIIREE 2@ 7K (factor
graph) bV BAL IR A A BB B AR AR AT, AT TSR ST A B
L BRI AT o BT de /s 18 T8 JEE AR ik A O B (R ik I 32 A5 45 4 I U
S B A5 R A B o AHIRIIBR TR AT A A A% G AR g 45 1
AAZ P2 R IR S I T R R B E S RCR SRS . L, AR
PR R R R R S AR Y RE v, A ) 5 AT ] BE G o 2 Xt I S (R 1 1
RS S IN L N 2 1 A TR S SN A LTI e (RSN

FEA A ZE B iR FE o, AL (10 RAUMZYE AR (LT) &
P 2 M R R AR R o S A AR TR e A T IR S B R R S 5 TR AN [
(K)o JRSLGIPRAR L o A0 T IR A 17 rE I 5 = 1 B s <08 s 4
IARRMG AT, R RGN E L2 o PR 1T £ 2 7 ) i Ao 7
B, A C AR A A2 Bl B O AR SR B R, R AR JE
VR I EAR AN I, XA vk BB St e Rl fE g o ik,
KA BRI, K, AR RN ERE (EE
FEATTEC) BT R I B R N Y RS . WIAR TR T RS R
ST RANEC— AR M, IR AR 1T 50R 2 R 75,

Tir
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2.3.2 #EHBT

FHARZ BT . B0 R BIIRAZN 71, FARAH O Rl e kAl
EXREFDNEERZR. ERERMPE ST, BORTFHCRBEE, RaritiE
HARRK KRGS, T EEE GRS & A =R L. BB
WA B VEAFEIE T RA TR vk T 5 SO e ST R
W77k, — M CA DT sE B o Br S aili, AR B 26 30 A 3t AT A b El B FR Y
A BATRBI T . H AR EB W IR ST iR 7 s,

#® 7 EREAREE S AN SR ST
ik = (7.3=1
U, e KEFEHARKEE, HERE
BT[R5 Ar R 5 1 ] 5 54T HEE M D Rk
JI B SCAE S B AR
SRR R, AN E

ol R A B A
AR T8, TR
AW R Tk TEW IR S I B AR 38 | AP R R, Gl
R 2 8] (1) R KB HT

G B oM vk, T 5 B PSSk Al AR R R R A E B R AR,
et Bl A — PR SR A AR, H— Bt ERER A (D . HEA,
Y AR EH TR RE, t NEZEH TRREE, B0 AEME, B1 AREE,
e i NI i IR ZE E . B 1 FMERCR, Y ARfblde, & dh 2k~ K B
Ne EHIENAEARKESZZ R BRBIHERIRE], 28 AR R R ] 5 o PRk
K, ZJa4HEARKEIER—EREG RS, HERIERRE &R

B, X FOR G 8 OO S, BB B EE U T B P AR

RE BT S W AR 2 T ) e Jee

FT AL M2 T T S 7

Yi:BO+Blti+eia i=1, 2, =, n (1)
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B 32 ETEVADHRESES & LR f)

BTk W28 03 T B 77 10 ABOR T B ARV O SRl M, — 3 T A B
SCHREE, MATENIISI oG AR, e BRI e 1 SE AR R A . AT
715 1) 5 A B SRR AR 51 9 228 mR AR HE AR R S AR R S5 A7 AR ORI X, ]
Bb, A 2 RS R R I B O W R BT ROR R A T 51 SOOR AR 1
A8 At AR A A A I AR ] 2% 5 JEE R ) SR B AR R At 2 R A 1
JEAS . ARZ 38 B0 L B AR M7 IR THRORI@H 7o £ 2 TFEA/
SCHIR 51 P BB B8 (1= 1 o B A A 5 TR BRI e BORR B
XI7r. R SORBEIZ 7T AP ER, inlEl 33 Fos.
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i e o

h

b5 > i 248 A AR
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74



AT R $¥51248 Research Report of Data Mining

BB R B T AR E— AN B K RIS, @l A F R B A
TR, T AR I JE a3 . BT i S R 7 S L R
Bl HRESEZ RIS, BEEET TR, Al B, AR 4 HE,
FF LDA F (B ARZE, 1R T 589 B AR OC 7% 32 BRI [R) AR A0 A e, ) T B
WS PRI 7 —Fh 2p BT 59, Venugopalan 26 3T 32 432K 3 1) 2 i 4554 o 7
(&R, R BARAR PBRB . 3 32 R AT 1 7 A H 4%
BB R R E R, sk DA AR B AR S AN R 2 8] 56 R 1 43 HT

2.3.3 BRATUN

RV BORTN, FEFRAE 2SR BRI A5 B Rl E, SRICANLR 3 25
HO7E, EREBARKEIRD . SR ERERAE SN G, BEAR KA 6 5
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7 B HOR T 7, Wikl “H (Tdentity) —HF (Research) — i
(Decision) 7 C(IRD) #4 I ATHEHAR TRILE AR LR, il iy AR SR FEA I 8] Rz
REPREREME, SEOH AR PR HERE . rEEAR M REB AR A 4 B R
e FEAFEHE ARG FIREARBAIFIRIRE AR RS 3 AN FEPIE, WK
34 FrRs

(1) BeRPH, EERWEEREGE. 200, SEREARKR, R
TSI ) B AR 2 BTN TT ), 9 BT BRI 52 BEbr AL (1 R R AR A
MZH .

(2) HIEBORWEA SRR ERESF 5 ) HE R BRI EEAR, MIETREA
BERMBARFE R P DYERE R, Zr G DT HIWHZINEOR SR T AT BOR TR .

(3) AR, HEERORTTAIA S R BT, AR %05
BOR B0 T HUMI RS BT 5 T AR R s
HEHURL SR 7 0 R T

234 &&HS;

PR, KA SARAEAE BV, FEARIAE AN DTl 56—, A
i, R NG NIAR AT 2 SCRIRRIT, WA A% B, F-—
NASEARTE R IR 45 A 22 A FSL i F A sefl, RIFE AR . f£45 2 TR
FORPEREE . (5 BRGSEAES T, HH & EZIUHE — D N SR TR AR 18
[ F LS S BAR A, RIEH A4 T B

AR HbnR oy, N4 B s T R AN B IR EE B 45 5E)
AT LR BER I N A CRERES ) - BT MIRERASE, TR
(I N A2 TH BOR T F8 181 R — A H AR SEAR I SR SR AR IR AE [ — 28N, &
A IO LA BAR AP SR o He T SRR BE S 1 N A4 T BOZ 18R & R
JE BN AG SR BRI RS B RR s KA & T RR 2 SR AR I B 48 R E A
NS IFERRINE D) 35 TR AR N SLARRIFEFR IR 1C Y Other 25, ELUN,
X T ARANEOCER, PR R LR, R SCREE . TUH
WAMZ 5 N5, FHRILECRIRGRES CA NS B, Se R R0 — 8

76



AT R $¥51248 Research Report of Data Mining

RILBZEFH AT NI o Zhang 55 N — R 48 SO A 48 SEARHEEOT %, 2
75 R AE R B S A R 2 R A R A S R 3R s 2 31 T VR SEAAR B RE B 48 2 )
TS SCRS 2 1) B ARADURE s % 05 A5 FH B AL R A 7 2 ST Dy I R ok i ik e B =
PANEE B R R S ) SRS R v s A5 R RO HERA Y, TR AESR A 35 By

— [55]
N o

7N

BEnfEERAH

Clustering

LN

Candidate sets

Researcher profiles

\ Human annotators

F Zhang

Document 8 h ; F Zhang 3
3 Document 9 | i Do %
! 1
. ' '
{’ \ [ 1
' Representation ~ Cluster Size ﬁ BHEZY

Estimation

Learnin ¢
[ b a2, d . Constraints
nnnnn I ocurrent .

RRFEY R
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The more the data, the better the performance of machine learning

algorithms.

Which one 1is more important in machine learning, data or

algorithms?
FT PR SRS R I B, AR — 1]

{ “the” : 1, “more” : 2, “data” : 3, “better” : 4, “performance” :
57 of” : 6, “machine” : 7, “learning” : 8,” algorithms”
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N AT B AR A 48 B H R word2vec BEAY, Skip—Gram A, Skip-
Gram B3 HINZ . BOE 2 A2 =304, Wil 41 Skip-Gram #5584 25
FiR e ATFREGR] « BN 3C” &SRR TE A 7 P /N 0P 0 A 1]
AR ERAE AT, O R 3wy Wiy Wiy, W HBLIORER
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INPUT PROJECTION OQUTPUT

w (t-2)

w (t-1)

hd

w (t)

W (t+1)

W (t+2)

41 Skip—-Gram {RBIZEH

B — N EEN T B HIA 5 5wy wo, ==+, wr, Skip-Gram R[] H b o 2

1T
argmax—z Z logp (wiyj W)
T t=1 —c<j<c, c#0

Hf, o Ron ETRICE DR, A 782 MBI, HRKE 0 c i
RN AT AR AT 52 iy AR 2, AN o5 2 8 IR B ) A 2 e Sk p=Gram

B AEAEAL ] Softmax bR ECRATH p(wes ;|w, )

p(wolwy)= m 7, T
X1 EXDil (V W VWI)

Ry v, 23 B SR w R N R IR R R R, W R R ANE R
FEH BT SR A H o Gl 2. 2.2 BB S T IE TR A W — A IR T
B (0 A4 B AR R A, AN B TR R R 2R T 2 Sof tmax, MR
g AN, R RN IEE R (5 W RIR/ANAEED) | fESBRH R
I AR TR 3

N T RRIZA A R, 7] UEH 2 KA Softmax (Hierarchical Softmax)
K p(wolwr), FRARTFHEEIRE . FEIRAT Sof tmax ) H IS K 2 4 i (177
Mg T — NS W ARG RSN, I T SORE AR E
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8 A E AT Softmax 7] PAFE D(Wo ‘WI)E/‘Jﬁ‘%E/%E%{EE@J 0(L(w)),

BRI E R AR A T 0(Tog(w)), REEFETE THFIEI A . BR T BRI
Softmax Z A, WA UAE 57 RAE (Negative Sampling) M7 20 EAY il Hi A1
th, FURFER B AR EUE LR

k
b T y T
lOgO (V wo VWT)+ EwiNPn (w) [IOgO (7V wo VWT)]
P}

AR E IR skip-gram H1 EH b5 & 3 — A Logp(wo [wy )T, XFEARAL
H b B 3% A8 458 FH 22 48 (5] V3 A &k AR RS 23 A1 NP, (w) I AR AR HR 3 S A 1 H A%
$‘TﬁjW0°

IS H ZEIRAL I Softmax AFCEREP R A, 1] DA KIS FEAK Word2Vec 1
NN i A A i == 223
2.5.2 1|:| n*ﬁi

FESCPRN Y, T RER EE M XA — 2R R Wik S AN a) IR ?
FanAE R SN VEH, HATH “nixianzaiganshenme” X —FAF 1, HHEM
T “ARIETAA” & DRI ZAETAH A7 MRS TS T A) T,

ME SC_E I, SRR P (1/J\IJFIY£ZFH“/A\nixianzaiganshenme) MNiZ KT P (4R7h
ZEFH4 | nixianzaiganshenme)

oL, 3T A& n AARAT S {wl, . w} 2 B AT L

P(S):P <W1» Wo, ™ Wn) :P(WI)P(W2|W1).“ P <Wn

Wi, Wo, ™, Wnl)

FE Al T B B 2 A, Rl R M AR K L AR Al I, 3R AT e O
P(Wi

EP%%%&%E‘JW%&CGDWZ,W ,wi1>$ﬂ C(wl,w2,~- ,wi>, IR -

Wy, Wg, ,wi1>ﬁﬁ7‘5?£z%5<a‘¥${wl,wZ,~-- ,Wil}ﬂl{wl,wz,m ,wi}E%i{ﬂE
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P(WI,WQ, ,W11:Wi> C<W1,W2,"' ,Wil,Wi>
P<W1 Wy, Wo, ™ :W11>: =
P<W1>W2,'" ,W11> C<W1>W2>”' >Wil>

ERXEAWADREER R (1) WRZ 7R, EEREPIRARSA
MO, HEEAEREDY 0, L EEE MR BUR ™ E; (2) B —Ha) T
IR, &2 T U PR, 2RI AT A IROR AR, TeiRsEH .

WH, FATWEARE, S S RBERAERBE (Markov Assumption) JKit5H
S AYILAIEAR T A3 1 H LA e A ) AN B LA A . B AAOR
A AR RN R DL AL T F AR, BRI T AT 0 3R], DY unigram 5

e

P(S)=P(w;)P(w)P(w;3)~ P(w,)
A BB A B B E AT I 1R, DN bigram B

P(S)=P(w )P (wy[wy )P (ws [wy)~ P(w, [w, 1)
AR == AN aa] R B AR e mir A B P A dE],. B trigram £

P(S)=P(w)P(wa|[wi)P(ws|wy, o) P(w,|wyp, Wyy)
DA AHE, N — AN B A T n—1 AMA A B AL R n-gram FEY
n K, N —AMERI ARG RE 2, B ARG ERMPIEE ). n i
NI, EYIRIERE R I BCE 2, AR E A ENSIHEE . £ SEhRR
i, BFIFE IR R S], A bigram 8¢ trigram. n—gram Ut
TPE R RAASIR A 1T

2.5.3 AEIRE

I3 AT SCAS B b BB A RE 0 A T B, 3 X R e AN [ S
Ak, WRL AR IR, R TR AR, T AR A R AR, A
W PR SE ) SORTREDS TR P B &R U RS S R R E B,
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AR 4E, CABRESIKRI R 0 (LDA) AR AR A i 2 7 1% it
807 IAS 7 R R, R B DA “1E ALY (topic
model) MIFRS . LDA &— Mk B (X B LSO ARk, A
HLR ] AR AE—/NBENLR &, TERTA 10 B i S D AR RO . B RGE
SCAR AN LR R B — SR AT R PRAER, B IR #H —E )
BE, Bl pw)=Y pWlz)p(z), T p(z) XH NI FEFH (Dirichlet) 734/
Az LDA Je MR FE 518 Ut (PLSA) FRIREfH

P H X SR LR RN T T SCAR T E SR, R “ii” o X
SO RE S Al IR SCAR IS B B, W BRSSO A B A () A 30 ) B3], 3K
A5 G 2 A RS T 2R 25 18 v f) SRR 1 SCR 5% B SCRE T AN R 2 2 i 11
B (R SCRY . FRATT5E SGE S E o R B, A pl B ] (0 3t R A DA — A R R
METRHR, Wk 9 5E 42,

% 9 LDA fEEch iy EFATIT

Frid X
M 18R EE TP ) SRS 2 Number of documents in /the corpus
K ETE TS S A% Number of latent topics
14 1i] HLER B R S $0 Number of ‘unique words in veocabulary
1% B A 06 0> 45 11 2 8 Hyper—parameter on the topic (K-vector or
. scalar if symmetric)
5 FRE] SR 06 ) AT B S #0 Hyper—parameter on the word (V-vector or
scalar if symmetric)
) SCRY A RS R E S Notation for p (z]|d) , document—topic
distribution, size M * K
o 1 A B LR [ W 2 Notation for p (wlz) , word-topic
distribution, size K * V
N Y ) B3R S B0 Number of words in one document
SCRY RS BLIE B 15 A Topic assigned for each word in each
z document
4 SCRY A LR Word in each document

B 42w, J7 Sk RO AR ATIR . S H o 1B 735 AT LR E 73 A 0 =p
(z|d) MD=p (w[z) , 73Af 0 BEATREEAT A RE A 2, R0 2 FSEAF I A
O WA LICRAEA Bl B o R B ST A3, AT TAT DAY ST 458 0 1R] 2 [8] (R
WONBEA B S i AR A AR A
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<>$¢l(

|
.03 »@»@N

M

42 VAR R E

2.6 ZHREERIZI|IA

SMAC (HEZZEEAER, #3), HAlzE) BARERXPPE K BN, c&r™
AT REUNAFORSER . 2800 R8s, ok, s, BE.
ARG . ek, 2 RS IZE/E v — M T HORIME R T RE &5 11
2R WAAE 28 N IR R/ 95 v i, SRR I AR B2 AL o AR
R R & NP &P RE RS/ F s S I =R S = IR ey
2 BB 02— A e BRI, R R AR TR E
I ARG . & 10 B 45 T 2 AR08 A 19 SWOT FHFE

* 10 ZHERHIRIZIERY SWOT 3k

g £
ST 5 SR
CEFR /2 HHRZEB R
B HE R 0 50T 7 P AR B
B HE R 0 50T CHRZEWAR
B R Ve AR T B S B A B
S P P R
s et
RS . . B s
CHE 5 T
VR R "o
SIS

LA BIEIZ ISR R T/ E U R KENADNANG R, ERRERAA 2 275
T T 75 KPR, (HR M 24, B0 DASVIA AR
T 780> RAE 2 AR ERAZ R BOR IVERT, 75 B0 AN R R S A 2 A5 H A [ R
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RIEAR . T KU, MRIEEE o1 6 22 57 R Bl 0 DR SRR SO %
R BGEE . U

2.6.1 XA

ZURSORBIEZE (MTDMD 2 K B (R R 25 1 A 22 I SO AR H 8 o
RIA BB R . o 2 B SCAR B2 48 AT A RS 24 2
AR SRR A A IS T a5 M A0 R B 42 98 7 i . 2 AR SO B afs
ZHRAE R 43 PR

HERT R/ A
B
AR P HFE Ky
_ L5
...... It
» > E
= 1 =
8 X MEHFIE A&
1 1
FHIEMENER | AR EIR HURICHE 5 %

B 43 ZEEXAKIRZETE

SRR 2 PR . R JEIE PR S BOR . B
FA BN B SRR SR R . Aha I, k—filn
BEE, A REHLES BRI 7845 bootstrapping. snowball &, K
SR T B NLAR 3 S BRI 7 o SRR SO Y238 5 VR L B 30 S X
AopIE SORRR R, H, BRSO P BOCHE 2.,
FH T35t (02 300 SORS A R BEAT S ZE e o I, P AN 00 i 4 St mT B
TSR OO B 5 BB AR N R . SO SR TR 2 IR TISE 28 S F2 SR 0 3
ARG TR SO B E — AR XRE, F P AMELRERS D5 (8 M S SR, T
FL AT DI I PR 48 28 0 B R SO I B RN R S o ORI E ORI R A
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Al 2 AbAE T, BRI T S TR, & B B AR SRR & 7 s
TR, EER IR A SRS N AR AU RS mT e, T AS [R] 7% 18] AR AR BLRE R
AIREML N . SRR TSR NSO S & R A FAE Z R ok & teln, #FTT
MR SR A R B — 3o 3A) T B A 53k, JF 12 Web B3R AFH A4S
AT, A BT ARG R IR

2.6.2 EFIRZHE

HAZ A A E UL s (A 44D, DA EEE 5SS 3k
PR s 2. MR EETRIET, o2 LIRS & T BLE JRfl/
IR B REIRIL s AERPIY Ry, AT E M0/ et AP R R S . 2 i

BOR R EE AR IR 2 18 2 ARl AN 8 5

Amplitude

1 1 1 |
Time (seconds)

& 44 F5UERE

TEH R B FE 1AL d 3 i PR 0 A0 BT 5 15 5 AR DR L ) SCAS Bl
LITAR, TGRSR ISR A5 2L FCHE U AR R 2R 3ok = A>T,
Pl R iU (5 5 A0 B . ARG BEERIRAE B A LA s LR
NI RS RIE BRI GAR, EFRBUEST KK 700y 3 28 RIIALIA
WU OREEIA RN . SRS S U . B R N AR T, W L)

NMHRGHIETHMARG . EEEH RS, B Rexif &l /REE",
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AR, MBI (Text to Speech) AR, E@EIIHIMIM . HT
WIOEP A NEEEREOR, WAy EE%. B E I, W ER
FZAER BT SRR KIANIEFEE, @A AEEE i H
ARG AL R K — TSR, g o (18 25 22 i) R A n ) S A5 B e A D T

M 4 75 15 B

2.6.3 ERZHE

4y, K2 Hn] HY B AR S R A Kot #82 R BB 20, DR AT R
BB IZ R BOR AT AR . RS20 2 W2 BHR B s S P 3R B & U
SR, EENHOREEEIRA . B ihdE. Oy 1 IE N BB S K R A,
i BRI AR AN SE R 284, DASEaF st dERR I > A B U Bl . &
TREE T2 ) — A1 0 SR I ) RS PR B A B B3R ) i, 352 R Ak
BRI A et il — i &, ATRAUHI B, S0 JRAIRFIE 8 A R 4%
FEARFER R R BB BUZE AR AL o (Rl UG o2 — FivRp iR 2, -t
AT LA A& BAT SR VR Il B 25T KR AR X AT AL s o
PR3 A ANSCE R AE B R IR X k. s i &g AR R i, EnT gE JE
MR A . MR R A5 IR AR 5 = 2 B Z e b DR A7 A
ORI R 28, RO AR n] DA B IZ 98 107 ORI . X8, BIR AT
PRI AT AR AT LU 45 FTs i Bk R ™

D >
ERIES > BaE —"
v -

BIRSENE SREe
4

& 45 EBIRIZRENEARTIZ
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2.6.4 WMITIZHE

b5 T B R DL & R LA % internet FN AN K, AUAEGE SUR B0,
FE B ALY 34RO R ) H AR S B O B AR i T AT/ e
e, MU DA IR & —Fh A S BN L 28U, A5 € B QAL IS .
—RORYL, B SR T MR T I S G N st R
SCH R AR R RN o2 i — SE S AR R, B AT A — A R
DA REWEER R — BN SR Z5 A 46 P

PR o

3k

B 46 HEIRLEIIE

o G2 1 T SO IR A 2R 7 OO0 T IR N AR v 6 32 I A0 A & i
Rk ni, BRULHE TS E B0 B RRAGRE FE I ALAIUR 2 5 4298 BoR O M il R
BTAEEA AR . BT N ARSI R 59248 (Content-Based Video
Retrievaland Ming) , M2 A A T 30K REMCZRAE, KRR
AL B IR AT i SR . ERERAANLSHELT,
H SR BOFRR R RHEA N 2, AT SEA R R REE MK
RIFIANGE . B 47 o8 THT WA MR R 59288 1A st 72, M4
B EISG R, BREER S ek, BT R R AE L EARICAN
W EASL M ), HLIX WA E R B (B TU AR, AT R S iy
i, R — ANk B B AR M B R SR B R R R — A Bk
XS BN LA SSBEWUEEAT RFAE SR E, AR AR A AE AT A AL L 25 ] AT A0 ATk
R 5
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AR R R v GUHTIE S S AL S DL SR A0 B R ke SRR ) 1 A
HEZ SR EA UL SN A TR

FHESRHR

AL
B 47 BT AEHOITRE SEREHE

2.7 KRR BRI AR

CREHE T 1A S RS W TEN GRS ECE AR AR L, B AE O R

5 8 A

KRB TRABIRNES, KEHIRERK K

A, e A AL SRR Ab B T AR AR P 24T AL B . AR AT 532 (R I T R

il A, ISR E R

A 3R B8 PRI FH R A R TCRAL B B SR 1K /e
2 11 KEURAEHE

e B
s EATE TR, S R
) . I ey ) B
CHR B R
LT L L
CHUR (R R 5 B, BT, T B, UL S,
- C AT AR 2 Ui 10—, L
. R B R Sl . W T S S, B
4 Wk A T R
TiEE B IR RV K oM VSR 47 2 5 e o 2
CHUR R H i ) B PR 2 A Sy
AT AR (5 B, TRHhTE, AT S A
CHUE I T34 30 R RS (AT B 48 0 25
TR LA I BN KB B EERHE, N B A
RIS 7 ) 0 9 5L 5) T IR ST R
s L, Sl i S
. . WMBEMME. 15 s CUME” R AL B T2 e
(AR FEEE (L RIS

RE A, Bid B0 Fon KSR S (& 1 P, e,
SoRtE. ZREVESEAFAL, X DLAE A% G 0 Bodfe A0 B T RN N, RE P EAT AR B
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i IR ZO 2SR, WK EE M B IR R PSS . BEE Web %
AR S AEE 1R E 7 A, R RBEE e R A TR . BN 2 EER
eI RS

(1) AWML CNERFEREE): X T2 kAR SR T 5,
Ui Facebook . 12 CHFMPFL. NMAXHY . Instagram. Flickr ZE/)E A .
YouTube HIRIA. HLT-HBAE. ML REE RAMFH AN B HEE.

(2) EGLS RS RPN EEE): X REHE T Zok B % M.
PRI . R AR AR XK L R SIS A M AR L S A, LA
SCHZUE R EE, BT iE ML ae 5 8 . ARATMBGEIE 3. BT RS
AfE AR/ e R .

(3)  WERR (W& it ). XM 12t KR AL AR LA 2R A
st Rif. B, KRAFREBSIM. RO/ T RALIRES . B IRE/ 2%
SR SN2 4/ W A I/ P 1 55 ] 0 A% I (R Bt . AB sl B Jkas CBRERD (%K
& (N ARIEALE D). IR 2B & UKk B RPLR S (U S M2 H
) KRS,

271 REBEFEEE

MEARZERI AL, REAE AL E G o R0 4 ANRR: Bk R . Bk
)R BB R AR SRR, LA 48,
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KEE
WEFS N
|
\ agw | | sEme | [ mtew | | .| ! &
---------------------- A .
| sEmE | | nExs | | mmsiE | %
Ir“““““"‘“““ ity t 5
) =) | AHRX %R NosQL | i ke
e K giEg ||00= =
|
I ATl IIIiIIIiil o B__ -’
| meEwsE | | WmeR || | wmE |
_________________________________________ |
HIER
| UmmiE | | EERKE | gEmseE | | . |

48 KEIRALIET SR E

(1) B Rz . E BT NSRS FE R BIEICORE L . 5 IR E IR
BAE: hSsHdE . TR S . IR B S . X T A R EEDR, 8 R
A BREET 5. TR 55 RS H SR, — BOR iSRRI 7%,
AR PEH S NB R B AR G o 0T B R e, RO i R 45 0TE
BEATICHL o Xt TR WA= 2 (R SE i 2, — BORHITER SRR T30, IR 2R
B A7 RS8P BOR B R IE B AL P R Gt A7 b 370 Hr

(2) HEEAEk)E . FEATTREGE MAAAEE B TIE, RYIREY &%
[ B SR B @ AP BAE A RO R G (Fln: HDFS) Bl A7 R gt (-
Amazon S3) o A TAET X KEAEHEAT Vs WAL, KEHR AL 37 & 18 23 K H
—EEAER R A (NoSQL) s X B AT 2 VRS B . 10 AN [F) Fr s T =GR
AEBRER, WA AR AL AR R AVEE PR . H LI AR O R B A A
5 (Key-Value) {FABEdEE (H1U: Redis) . FIFMEEMHREE (lln: HBase) .
SCRYRIHAE R (51 n: MongoDB) \ [EIJE (Graph) ##if&E (fl4n: Neod]) %.

(3) BffibB )z . EEMTUT KRB H LB AT TAF. BxE AR
b, —WFHEAFRRAES ., MTRENFHFSLE, SRt ELE S
% (fltn: MapReduce) o XFFahAMRALSE, — BRI II% (4.
Storm) o X T EI#EHE, —BCRAEALESI%E (Flln: Giraph) o BT AR5 %
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SEALI APPSRV AR T A AL BT R, REEEALE T & B &R
M A HR AL AN A ) TR, fln. BoEdsdE THE. MEESI A, MRl
7%,

(4) MRSSEER)Z . EERTURYE A [F [ ™ 75 20 5% bR K A BN 73
THREHEAT BB IF R AR BEAR 55 o 8 WL KB A S A 5 B 4 - Bl il LA
A Em ot BRI rss.

BRI ZAh, KA G — B 00 57 Bodle 22 e MBS IR B, IX— A
QAR N EL S L SN ol

2.7.2 REHEF G LB

BT RIRERGEH, FRATAT DA T I SE B — AN T IR IR R G 0 K Al b
&, B 49, %P AR SCRPHEREE . I UEE A R AN R 2R AR
B (¥ AL 53 B o AR FLAA IR S Rz R oK, AT DARHZ R & AT 808,
191 41 < 0 T SR AN T R P AR AT A PR, AT DLk B s AR N R L R G
(Giraph Al GraphX)| . NEMHZSICE KK BARG M it BAI9F 6% EH

RIFEIR R S
HH'EH'

Spark
Hive
- il Streaming i Sl

[
1
[}
|
1
\

N —————

B 49 BT HBRERGHABIELET G54

(1) BlERERSG:

Sqoop #&—NH T-1E Hadoop 5 5¢ R A 04 e 8] 347 F i i #2 1) HH T A,
A PR — Nk R BB s E (G : MySQL, Oracle, Postgres 45) i &l 5 it
FI| Hadoop ) HDFS 1, 0] LIKs HDFS % 5t 3 5 R A8 1 b

Scrapy 7& — M3 Python &5 H R BT Web FRATTCEUAESE, & REMEPL
THCHL Web 3 &1 T A3 ELH & LRI EHE . Scrapy fH Twisted 7
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WK PR AL B 258, I R 7 EEAE Scrapy HESR AR BEAS_EBEATREER A 5E il
TE AR AT EUEAR SR B — AN i R TE SR ]

Flume 52— Ml . 52 p. oA Ui & HERE . Ra MLt
IR ARG, T2 B 2 Bl SR AR, S35 22 T A 3] (0 e A\ i ) 25 U
BRI Hodfa 1) i AL 2

(2)  HIEAHERS:

HDFS (Hadoop Distributed File System) #&Z % Google HJ GFS (Google
File System) SEHLM)— AR5 A X 5248, & Hadoop HEZE H () — M0
Bk, HESFEE. St E%5Rr e,

Swift (OpenStack Object Storage) & OpenStack JFIf =15 Il H 19 I
HxZ —, & OpenStack &= A7-fif RSB A M. Swift BEAE LR B 1 As 4 A
A FR R Rt R T A A, R AME . RO RAE IR S5

Kafka s —Fh /M s\ BT et AT TR B AR S0, HIRe R BL T3 B X
H o Kafka Af LA 723 (Bl 40 Webservice. 3C#E. HDFS. HBase 25) FI%L
i, IR ILEARERR, R KBS A (I Storm, Spark Streaming.
HDFS £%) , g2 gz A Fo /e H

(3)  1IHE5IE.

MapReduce #& 5 K E #5 4b PR HE 22 Hadoop FIAZ o it 551 28, B 72 Google
MapReduce FFFIRSEEN, £ 2Tt EHIE AL FE,

Storm J& Twitter SCHFFFR M —a A N0 TR SIS A KB i =X
R RS, Storm REMS LR AT 5E b Ab BIFVF A W S, I A RIGIAHAL
il o

Giraph J& — MK BSP #% (Bulk Synchronous Parallel, ¥&4A&[F]# 3
APTHREARAD) FITFIR AT B RS, EE S Google 1) Pregel RAJFHT
Hadoop SEZH .
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Spark J&—AN % A KU K Ab B B P . B S, 2 UC
Berkeley AMP SZ36 58 J1V5 2% Hadoop MapReduce f38 1 HATHESE . Spark 37 &
1 MapReduce THELRIRY, SR SCHFRR THEREIHE DA E 2R, A
PN e S -

(4) ot TA:

Hive /&% T Hadoop M) — N4 & T B . AT A Hive B HE #1147 i &
Hadoop FEZ IS 248 (fHltn, HDFS. Amazon S3) H'. Hive $2fit T — R FIH)
TH, AICUARSATBIESEE . #40. n#k (BTL) DLAEE 26 SQL A s &
HiveQL #EAT Gt M Al ik TAE. Hive ¥ SQL & A)#44# Ay MapReduce fF 453547
1B17

Spark SQL #2247 Spark B —/ MG FE TR, HAEMMIIEES Hive 2510,
HEEZE /) MapReduce & #°4 Spark.

Spark Streaming /& Spark fig fH i % SE it Bt A ot Sl B, S
Xof SE SRR U B T A JE  (scalable) | @it (high—throughput) . 4
(fault-tolerant) B AbFE . S 2R Bt VR S BCE o, AF: Kafka
ZeroMQ. Kinesis LA TCP sockets. MEHEIFIREUEAE 2 5, 7T LA & a0
map. reduce. join Fl window &5 REGIEAT B 4 H L AL HE .

MLib f&—AN&ET Spark PINLERZ I BB, ER& T 11N NER LI
ITIBAT G DU e vh ). ML1ib HHEL & 2 0 FH IMLEs 52 21 5%, AT DALE Spark
R TE s S R .

GraphX s& — 3T Spark B0 i (Graph) 4b¥ T H, $RA4LKE;HAT
KITHE A 28 I iy 2 I Ee O, ARORH 7 T 1 P 6o A =B AL PR 75 K .
28 FIERARIPIRZE

2.8.1 HBIREFFARIA

BEE = TH S IR A S AR BOR R PR A i, Bt s g BRad g, K
BAESZI0 A 0 A O AR IR B 2T BL, SR, Bl oo i 72 ) i
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Ha/™ s, than, BUFAmREHSERER 7 REN A &, el A
EHMEE . BBOROL WSROI N, P 2o AT Rk . ERAT ML S5 AR
TR RG], KRBT 5 AR RIS, HIaniakE. R R =
P EE s P BBk el CRam Y BRORL ATy L SRR A i e s o T i 11 e K
Pk, BT REUE B AHER. 2. IR EEEINER S, F2Eam
AR BOARA G -

B LR $d542 38 (Privacy Protection Data Mining, PPDM) #2ft T 7
ANt 8 B AL 2 B L A8 R SR A2 4R R T Re it . RO T B RL LR L
PEAZBAR FEIIELU R AN (1) AW R 4h o 423k 47 n 2 i g 42
WHAE, SEOBUREAR IR (2) RERITUB B AR BUR B, R
SHBUR AR 4298 . TERR AR BN A i R AR o, R0 R BRI . 2
P BEAZ A > BT A CPRA DU AN B B, AR B AA ORI B R 1t . A 2
558 f 0 S P ERAERUE B2 SR W 50 Fios ™,

HAE P

g ) X8
JSON
ML
XML
—

HIREE A E#LBAR

i Ay

50 FRALPRIPEUIRIZIEE o B HIIEE

.............................

AVI
MP3
IXT

B B

SEECALI
i) it
R

=
e

= 1y
ﬁ. ﬁﬁ. ﬁ.
o =

s T2 90 K FEAL DR R 2 B RS A FSAL A S FE L, AE Rl A B AL DR
Jiiil, EEW RWEELIRRIE AL . B R HEBIEN G & BmANME T
P ARV D RN € ] R e S = W €71 L TS oY 0 R it e I - K e s
VERBURIRYE. R TTE, N TR, S TIEE LR

(1 BlEzda fm AR R BOR
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BHET2 I M NS DRI A L EAAE: K—EA Tk L— 2RI,
TG THE ZRBRART T

® K—[EHXIjk

K —FE 47575 (K —anonymity) H Sweeney 782 ™, &5 A A2
XF IR AR EE AT EINARES . SR AR, B RRE SRS, AT BRI
HdE, EREBNMEMRZ DG KFIERK, HEER—DHERRFTEDE K%
0K, S Tl AR BRI S HAR K - 1 2510 s v
PG EIEATTIX 7y, B SR 248 & A REME— R BRA 5 B I & A4, AT
SCHLH P IBS AL OR A o K — [ 44 7 VA BRI ok 1 B Ml 1) A, {ELRE X i 1Y)
B R R AR AR, K — 4 R 32 2wk 02 By b e 1k 85
Homayoun" @1 P HURKEE 44 fi# vk 1 1k i) .

® L-ZHEIETTIL

et ]l i SRR 5 A BEAT S IR AT SN AR B T3 SR
PR R 4 P I BGE . L — 2R (L-diversity) 22X K — &
TR WY I 0 SR BURR M DA A AR AR ) AR (L, 2%
BRI EA L — 2. WREBNEANEM R BA L — 2R, MhHizE
PARNL —ZHE. FMRERR (Bntropy) XL (1)

Entropy(E)=—Y_ cp(E, s) logp(E,s) (1)

w3 (D, S REURETERIE, M E, ) & E A RABURE s itk
[ —35r . RN FRENEMZKE, Entropy(E) =logl, NFERAEFH—%
R InRekZ etk KEABIRES 86T

o TH&EIE.

BTEANREEMY, 20 2808 i e S B mater, Wwe%
FEMEAN SRS FE . SCHR ™R T T — & (T —closeness) J5iE, AR
— AN RS JE M ) 0 A 5 AN R A% B I 1 o A 2 TR) R B AN e R AE
t, MRAAEMRESR t B, T—WEHELL —Z2HEMREEES, &
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FH T A 00 5 B R0 A oo A 2R ) B I BE A B SR (M U R AR 0 Ao BF
Xt e VAR 3 AT AR S e PR ARV T AR B S R BE £, 9B iR 1k
T, ZORAR AT b U R M ) 0 A 55 384 R0 5 P AR LT 1 1Y) 20 A 2 1]
MR BN T RME t o T — FG R PR A 2 B SRAT Ay S 47 S8 o B0 s Ak 1) AT 42
AR B BB 1 20 A

® ENRAIRIIIE,

ZorBafh (differential privacy) HIME&EF H Dvork ™ #EH, Z&%A5
Fr R T B, R RV T AU 1 S 3 BN B AAHE R R .
SEAR B REE R AR S ) 7, K L AL R AN N BB B R, A AR PR Bk
U — A B S P D SR 22 e 23 M IR 45 SR, DL SR IR/ Ji T H5 80 DGk
VER) Bt 22 5 B FA R B B2 3 G vk B A R T, IR R A
SR AT REME . 252 Ba AASRAE A F AU EE U7 I AU, [RII 8 Laplace M &
ANFE LA B b T ST ERANC R B B RAMR T o BE o T O R
B BRI AW, R R R B IR IR B AL T A
(FIErih), JFAECHE e SRERGE L, IRt b SR M, I DL L 2 1) i 17 =]
ST . Z2 5 BEARh H T ) DLORIE B RS AL ,  S I a E bi /b, AR B B a6
25, BRI IE A —ANRAT IR 70 40

(2)  BlEaz98 1 A R BOR

BelE T2 4m 105 SRR BOR 2GSRI . EW s . 2 IRME

Sz Ay
R,

®  SCIRMLIL (AL PRI

SRIAI () FE AL DR L A A AN B 28 5 i AR 7k T R AB L
FERURHUI A, 8 I R ) S B AN LA /N5 BIEDR B
BEB TS 128 2 8 AU R U (R e, i e 2 A R BB R U (1 A0 25 0 4
X P27 0 R U A2 8 B — B I S s

o HuE& M IHEIA
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FERAAEAET, R R B B R Ss # EREdE S WRE
MRS R A ZAEE, WE AR RSO E 5 e, (Ha ) A BEdE 2 5
B B EWHE R A T EOR, BB A 3 BCE =T AN =
W se AR AT S A%, NI DR EE A 2 = ISR B o £ 57, JF HAE
B A IR AN 2 R P B

® NRERMEARY

o

T PEARBBURAS B 0 SSHERA Y, I Hal & A2 iz HoAb v A2 e
IPERE. 70245 A AT LARE Bl A LB 2 o I BRAL U 2, DR G ABURR 1) 7 2R 4
RGBT EZBRY . R IGR R R ARG I E E 28 7k, R
PR ESEZIE T, Beiie WSl K s T A RS, i RS S A
T AR BT SR AR 4 A R B R AR

=S
pani )

® RILIRMBARY

HORERMERRT I AL, K R S A st R LRI i E
BN Vaidya "HEANRM T —Fh oA K-means WAETVE, ZTELT]
T g AN [R) ot s A7 AT T SR 5 S A R A S O« A I SREETT iR, A
i jURT DA IR SEARBEAT SR8, (HAE 5 S 1 R rh OF A 23R Ho b ol 5B iy
FIRTERARSRAE 2, A S AL B R R rh DR P 1 EE B AL

Bt N R RERAR L 2 2T B2k, KB AR s 1290 55 B AL DR Z TR
BORTIRG BN E RS, R AR SO N T RE A R CHE . T 2 I AL
PEAZRBORA G Y RIRYE, BT RAA RS BRI FEIE AL TR BB B, K
RO ol R 1 45 B P2 90 o B BSAL PRI S Y 1 AN D HE RN PRl A AT 75 22 S0t 2
YA R BSALDRI JT iR, IR LB R B AL ORI HE 2R LA o

282 HlEeE

BEE N LRBE. =it 5. R sl RPN S SR RGO, PLRER
PEARERBIEL . B A B R R RS 2 — . KEE 5V (KR EA
B BOR A EE 1A 8E g BT, BRI B A R A A A K dE
S AESE Dy T R SR A PR ARAL, X4 KB 2 B3 R 1 IR Bk, KAk
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Yo ) 2 e AU REHET 6 1= 4, 12 LEE %G, BSR4 2 A 1Y)
22 4s . Bdlade s A dn S B Bat e A, AU RARI R . AR Ak
B Bl 3L A A 7 AR T W ) 2 A Bk

REHE N 2 EBORE R R 2 2 F . LT BoR R, B
CHPYILRN BN . DIESERN SO ATEARSTE . HHVE BB 2 A T
B R e BIMRS, 456 K% N TR BRI A T 57 il e
i RAL Gy 2 e fif Ry Erp B L R RE A R 5 RIS AR RSN
[y B KB (st 22 A BORRESL an &l 51 firs ™.

( N
Vo
2 g (= i_z,‘" 2
HeE | et Bk ok L B[P
\ J
Eﬁi 2 4eff 224 R B de Gl
A A WA A R A
' N
it m

\,

51 ABIBRERAIER

KRBT T H 1% 2 OB BOR% L, 3BT IR 20 2 O el e . 4
EREARYT . Bl R A S BRI B NN L SRF B Uy
(APT)  HE =K. Bl HACE A . Bt =25 A0 I 5 B R PR .
HAE E0E. =R BRSOV EE % B b IR TR K . B i sh i e
AR KM % A P W LR e A I E R B, PUT YRR A . 1
2 B AN N 2 B9 T T, BT 2 v B R R SR AN RDRLEE B 37
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2.9 BARIZ IR X EE D

N T R EAE 28 U B 7T LR A I O, B AE N T Z SR
KRR 2RI FLIVRFEBES 5, R ETEXS AMiner 1 & LY ) SIGKDD
F£ 2010-2020 4 3 (8] ) 2733 5 i85, R CRS E A BB R (Latent
Dirichlet Allocation, LDA) , ;i £8i& 3 (B 7T 3 @4 AT 1 o

LDA B8 SCACH B A3 N B — SR A 1 £ 8= AR 1), BN A —E W
B, Blpw=% p (wlz) p (z) , Hip (z) XR&—A Dirichlet Z3Aif=4.,
LDA 1) DS 28 25 Kl 52 Fros, Bl K O BN, M2 IRSCEE, N2
AR A S, o B R A N R K 2 I AT RN SR
FRZ 00 A6 i Dirichlet S0 S 4. LDA B —HAS A& 2, SHCRM
KA EMBCRAE, W Markov 8, 1EIT HARMER M . SRISEUS AT DALT 5B

SIS, p(Wld)=X p (w[2) p (z]d) .

00
HOFO-G

52 LDA £5#3[E

AR 1 A K=5, I8N SRR AN B HEAT A, AR T ax g
WX R LA MW (Data Mining)  H M4 (Social
Network ) . Ml # % > (Machine Learning) . #f# % % ( Recommender
System) . K¥#E (Big Data) . # 12 JEx T RN BN EAERERIEN 3 5

W RAREE R
® 12 BUREZRSEIS X ER
CiPES R

" . bl Searching and mining trillions of time series subsequences
EAETTE R

under dynamic time warping
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{E #& : Thanawin Rakthanmanon, Bilson Campana, Abdullah Mueen,
Gustavo Batista
HARAE B SIGKDD, 2012

trl: Active Data Mining
{E# : Rakesh Agrawal, Giuseppe Psaila
HR (S S SIGKDD, 2017

Prf: Trajectory pattern mining

fE #% : Fosca Giannotti, Mirco Nanni, Fabio Pinelli, Dino
Pedreschi

HARAS & SIGKDD, 2017

tr & . Scalable influence maximization for prevalent viral
marketing in large—scale social networks

{E#: Wei Chen, Chi Wang, Yajun Wang

HARAE & : SIGKDD, 2010

$r: Friendship and mobility: user movement in location—based

social networks

HIEPIS Y% : Eunjoon Cho, Seth A. Myers, Jure Leskovec
RS E: SIGKDD, 2011
#» B . COSNET: Connecting Heterogeneous Social Networks with
Local and Global Consistency
YE%: Yutao Zhang, Jie Tang, Zhilin Yang, Jian Pei
HR {5 Kk STGKDD, 2015
brf%: DeepWalk: online learning of social representations
{E# : Bryan Perozzi, Rami Al-Rfou’, 'Steven Skiena
RS E: SIGKDD, 2014
#r: XGBoost: A Scalable Tree Boosting System
MRS >] | /E¥: Tiangi Chen, Carlos Guestrin
HARAEE: SIGKDD, 2016
WRf: Structural Deep Network Embedding
YE# : DAIXIN WANG, Peng Cui, Wenwu Zhu
AR E: SIGKDD, 2016
. Collaborative topic modeling for recommending scientific
articles
fE#: Chong Wang, David M. Blei
RS E: SIGKDD, 2011
#rf5: Collaborative Deep Learning for Recommender Systems
WHERSG | /E&: Hao Wang, Naiyan Wang, Dit-Yan Yeung
H AR5 S SIGKDD, 2015
tr B . Graph Convolutional Neural Networks for Web—Scale
Recommender Systems
{E#: Rex Ying, Ruining He, Kaifeng Chen, Pong Eksombatchai
HfRA5 S SIGKDD, 2018
A PR . Understanding urban human activity and mobility patterns

using large—scale location-based data from online social media
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{E#: Samiul Hasan, Xianyuan Zhan, Satish V. Ukkusuri

HARAS & : SIGKDD, 2013

#nl: Forecasting Fine-Grained Air Quality Based on Big Data
{E#&: Yu Zheng, Xiuwen Yi, Ming Li, Ruiyuan Li

HARAS & : SIGKDD, 2015

#rf%: Petuum: A New Platform for Distributed Machine Learning on
Big Data

{E#: Eric P. Xing, Qirong Ho, Wei Dai, Jin Kyu Kim

HARAS & SIGKDD, 2015

210 HIRIZIEES I TR

[ Br 40 iR & B S BE 2 48 K4 (ACM SIGKDD Conference on Knowledge
Discovery and Data Mining, f&iFK STGKDD) & %d 24 ATek it 15 2% [ b= isl,
HH ACM I)EAR 248 S AR K I L R DT WA 55 75 . 23 B0 25080 7 B8 4290 11
SERHPES . BVEAISCBRN A, SIGKDD £ WE, 7AW B S, H 2010
SR I AT T 1) TV REURF IR P B 6 RRIFIT 4, DA R T 7 R O 38 R o5

/2%0

STGKDD /& J& I [ s A BLIEH 1] 1989 42, — &A1& T AR oA £ 45 42 9
FIBIE IS 2 WIS JFARH 2L H 1995 4E LIS, SIGKDD DAK 2 g UL 287 |
24 i, WXMRFEMS o NECE I HIZEFE RS . BT SIGKDD 2= F
ZXMERZ N, WS TORAST. SR, HlaE ] KBRS
P BURE. HAEM. AMEEY. 2EA. BRESABE. ANIAEE Kt
R TT HLAE AR 22 SN 53

STGKDD RFAF [ K 2 #2251 K= 7 SR Tl At i 45ke . Bl 53 FIE] 54
Sy 4 T KDD 3 JL4E BF 7T P 8 L (Research Track ) Al Tk 7 i X
(Industrial Track, f%ITHCN Applied Data Science Track) fI#%AAl% H
TH0L. B UL FE M 18 SO AR L Rase , SRR — B AE 14%-20%2 (8] o
11y b 5498 SO AR BT A B B PO B B B, TG 2019 #2020 4k F
700 5 A 756 G AR (HAR SRR HEMA T, 2015 FxRHERE, AN
34%; 2020 EMIF A RRAL, 2108 16%. X SIEERFEES] . NTERE. K
PSR BEEAE T R E N AT 45
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Research Track

1400 1279 50.00%
1200
40.00%

1200 ._,035 3
1000 30.00%
800 726 ’ 20.00%
L 10.00%
600 47
& 0.00%
400
-10.00%
125 159’ ’
- l l l o
0 - - -30.00%

20134 2014¢ 2015¢ 2015¢ 20174 2018%4F 20194 20204

s submitted = accepted ---- SUB annual growth ACC annual growth

53 2013-2020 KDD #Z it itts SizliER

Applied Data Science Track

800 80.00%
¥,
700 N
_ J Y 60.00%
600 — ! N
\ < A 496 0
- a y. s = 40.00%
Dy X 2300 - BT
400 ,_;.‘ : \\ I!? % 331 N e 20.00%
300 & A
# 197 lgg # 0.00%
200 136 12
86 -20.00%
i = I- t £
0 -40.00%
20134 2014%4F 20154  2016%4F 20174 20184 20194 20204
s submitted s accepted = === SUB annual growth ACC annual growth

[& 54 2013-2020 KDD Tl Rip3rikfs 5HULIER

AL LA STGKDD K2 70 At — ATl i, DA R IHARR Ik 18 SCREAT i
B2, MRS R X BEAS STGKDD T = H 48 42 48 S8 A NIRRT i
2.10.1 SIGKDD 2013

2013458 H 11-14 H, 55 19 Jasil & 95 Ha 248 K 4x (SIGKDD 2013)
FEREZINARA T, BRIRK & B F 8 KA 23 -
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SIGKDD 2013 K <% 32/ 42 Bl VA4S = 20T 5T 42 3 Ramasamy Uthurusamy
TR AR AR 2 N B8F K% 1 Robert L. Grossman (4%, WIRMIEFRGASE
Ji F ok 4 T 0 BT T K 2% 9 Inderjit S. Dhillon #(#% M Google )
Yehuda Koren 1404, 54N 50 & @i 728 R 425 A AN 300 AR F & 7
FITRSCVFRT . 5] T K H 438k 50 Z2AE S 1200 2 NS0,

SIGKDD 2013 K= F>k H 50 Z4NE KK 726 ik C#he, SR L HEEE
A>3 AR R AVEE, SR HOAHE SRR ) e SRR Y 2R R R R R HER, RS
TP e RGN, BAFKHRT 125 5 (FHEL17.2% , HpRse
AR 66 F (X 9. 1%) | TKMiHR &8 3C (Poster Presentation) 59 j.

SIGKDD 2013 K<=i#1E T ik i) Raghu Ramakrishnan. #73H 4% Andrew
Ng. BT HE2E 1) Stephen J. Wright DA Google FJ Hal Varian PUA7£Ef=Mk 5
55 5 OR G = AR E B ) & Kt AT R R .

STGKDD/ 2013 [ E Ak 1% Ui i s
® Hffit
> RN
PRE: Simple and Deterministic Matrix Sketching ({5 M hfii iE P 0 B
LD
YEZ: Edo Liberty

WICHRBE: 1T T A 1) R B0 45 78 FAERE A, anfrT BEFR 21— B/
IR AR RS B X IR RS A BEAT Al T, X AR B A58 W 28 KBt 20 M o g — > 58
B )

Mk

https://www. aminer. cn/archive/simple—and-deterministic-matrix-

sketching/53e9b500b7602d970402e5e6
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¥ B : Querying Discriminative and Representative Samples for
Batch Mode Active Learning (FtEARE 32305 > 192 ) A A FE A FAR R PEFE
A

YE#: Zheng Wang, Jieping Ye

WOCARBE: ASCHE ERM JEIUHE B 822 I 38, TR 7 —Mhse F it
B EBN A TE, MR T AE B 5 ) T ] G ki Rl Nk BAT AR SR
A X PERIFEAS .

Mk

https://www. aminer. cn/archive/querying—discriminative—and-
representative—samples—for-batch—-mode—active-

learning/53e9bba7b7602d97047132a6

PfB: A space efficient streaming algorithm for triangle counting
using the birthday paradox (M| A H 718 M 258 = 2 — AT T B &
)

YEZ: Madhav Jha, C. Seshadhri, Ali Pinar

WL 1Ze St 7 M R A, 2R TS (4
RRFRED M =ML, R b g b Eig. st
TR, AL, (v REiERASE, BN
LG RAYERF B =B R/ BOR K Se A1t

Mk

https://www. aminer. cn/archive/a—space—efficient-streaming—
algorithm—for-triangle—counting—using—the-birthday—

paradox/53e9999eb7602d97021e514e

% B8 : Recursive Regularization for Large-scale Classification
with Hierarchical and Graphical Dependencies (E. A5 JZ K45 ¥ A& ik #ii
PR R FIASE 43 288 () s U1 TR T 4D
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Ve : Siddharth Gopal, Yiming Yang

WICHEBE: 702 70 JE P B A S B Pl A AR A8 2 18] 14 73 /2 R o A
KR VERE, IF RN CREFES KR R A M IR TR i 1k o 1 SO 17 AR
JER G A IEMAEHE S, W] DU GRAX A el . HLAAOR L, R SRbR 2 2 [ =
AR OR 2 5 7 U S B I A ZE A T, AT S5l /2= VK 45 ) v B 3 19 2R 36 2 A
AR S BhAh, WIOER TR B LU NGOl SRARSEZ 18] AR &
CAE TG AN /2 R IR G W BT g AT G o R 7 AT KRR I, B R R T
—MIATIEAIACTT R, % TT T DL BB A SRR A SE B
Yase, IR MTB (WS H. SEIRRY, SHAMZE EMLEL, 1%05EE 2
TR, JHERMERRESE EIRAS T RO 4

bk

https://www. aminer. cn/pub/53e9aac3b7602d97034430d3/recursive—
regularization—for-large-scale—classification—with-hierarchical—-and-

graphical=dependencies
>0 AN H AR S

P8 Amplifying the Voice of Youth in Africa via Text Analytics
GEI SCAR S HBORAEIN 3R N 75D

fE%&: Prem Melville A UNICEF )2 M/ 58 N 5

WXHEE: U-report BHBEE)LERES S Y FREENIFREE TS,
B AE LA XRS5 A 2 M AT T 1 T R 3R = L. S T R R B A B AR
XA BT FE E CA H RS, SCENA T IBM ££ UNICEF #2115 3)
WS A RS, I HEIRIZE 7 st g, Loss o R A bn 28 i 5
YIEHE, [FR 25 E L K ARENR, 118 118 SEbr & b N B H AR AL
7, WAL

Mk
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https://www. aminer. cn/pub/53e9b09fb7602d9703b07333/amplifying-

the-voice—of-youth—-in—africa-via—text—analytics

¥ &8 : Query Clustering based on Bid Landscape for Sponsored
Search Auction Optimization (ZEF3ai %R H R IEX B R M iiil)

YE&: TIRATILL Ye Chen AMREM—AN

WICHREE: CER T RIEMEBE ST, R T &%
K. BASHHATRESIERER k MEZME, SREFR T —FH T35 R
BE T R RN, ZEERT DO A m e ATz AL, IF B RN I
SRR I SE I SRR . HET T MR EM R, R EIR A E R
W KL BRI ERR B /b SRERENE ORI & 24 7 rh, ARORHIER & TN,
FEm T MA A RN AT,

Hbhl:

https://www. aminer. cn/pub/53e9af2¢b7602d9703964e4{/query~
clustering=based-on—bid-landscape—for—-sponsored—search—auction—

optimization

<> IR
PRE: Mining Heterogeneous Information Networks (¥24A{E B NZ%)
YE&: Yizhou Sun {4, H I AKHM (Jiawei Han) #I%

WICREE: 10 SCATF 2R T3 Bodls ML [RI A B s 25 X BILAT R 4 R R o
WHIT 1 ¥298 5 A A5 SN 1 S BNk, SEAi AL i 5 B I BARA | 136
AT AN (10 2 5 V8 Lo XM~ 45 M A0 7 A I 28 S R g 42 0 T B ol S A3
T R HHE A58 K BT

Mk

https://www. aminer. cn/archive/mining—heterogeneous—information—

networks—a-structural—analysis—approach/53e9ae3cb7602d9703851185
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P8 : Machine Learning in Health Informatics: Making Better use
of Domain Experts (#5522 HIANLAR ] B L HuR FH S % 50

YE#: Byron Wallace f#1:, H5Iifi’’y Carla Brodley #F%

WICHREE: R SCET R T ImRE B M BA KEE BRI R =4, R
DRl RAS 2 22 N AERFPE IR IR IR, g R % ) R 5 B b AUk X R, T 40
SR HILAS 7 S BRI P RERBLALES - %10 SCH 10 B AL HET & bl a7
A BRI, ARBSEHES  5E 2) R G N RCR .

Mk

https://www. aminer. cn/archive/machine—learning—in-heal th-
informatics—making—better—use—of—-domain-—

experts/b6d890a4dabfae2eeeedcadd
< STGKDD 13 A1 ik 55 K 2
G otk Y% : Jon Kleinberg (FEAS/RKZE)

2013 “EQH Y. (Innovation Award) HIEEZ/RAH Jon Kleinberg 2%
AT, DARARTEAAZ W28 A4 S5 W 25 23 B v (R A5 34T 9 ALK P AMAAT v i
BT TAE. Jon Kleinberg s&4tk &M MIEI 4 %%, =+ RSN
Bt e AT, LB ZAR SR AR L, AL Z HITS,

STGKDD 17 2 RIVA KBS BHR 29 U (KDD) e i 58, TR
— U A R EOR STBRAIAIT 7N G2 . AR TR 20K, L 7T BUR A6 Z5E Hdls
FEYR B B AR 298 R G K BB P AR (R . 3X 5 STGKDD H34F
BRI, AR B2 U B R BRI

R4 TRk Y: Gabor Melli (ZRJBHENIRF)

2013 FEARHARS K (Service Award) H Gabor Melli (FJEHZNERER) 3K
4. Gabor Melli ff PR FL o A4l 42 41 Sk e R0 S FH (0 8 KR DTk, DA S x4
3R KDD AL IX A HY il 5 1 32 23852 . Al )9 KDD #EIX IS5, A 1997 “EJFH4R,
fibfE datasetgenerator. com LA & BB ERAE AR o 7E 2005 4F, A 56k

122



AT R $¥51248 Research Report of Data Mining

PEALRIGINL T B2 40 R0 7T £ R %1 (dataminingcasestudies. com)
J Ry STGKDD {5 B A . MBI A2, =544 1 ¥+ £ KDD, ICDM A1 CIKM [H
Brexid, FAEHRRER, Wt R, BRERE, SRR, R AR
F LIRS, A 4T KDD, CIKM, PAKDD f¥FZEF0 ACM iHEH A . 2013 4E,
Gabor Melli & =83 7 — A B 3 € @72 1 KDD ME & W 2% %1 18 &
(www. gabormel1i. com/RKB/) I H .

STGKDD 7% HH il 25 %% 5 BEHZ T 75 K 1R A I S 50 72 i T3 H 2 K IR 45 o ik
M NEHIBL, BT W ERFAARBIRERSE LR, I ESdE2 02
5 N S5 55 5 T T ) AR o %8 S AR It R VR R T B A2 A U A
BRI 55 sk B N BB, 5 2 1 D R T B ERFEARBA . L EE
WSSV AR, #EAE. BIUEMsLEE, RIWHRIES), N ERREORE Bt
PN B ISR SS, IRl KRS N A 2 ook, BeE Rk . #
B M/ SEHVE PR A

< KDD CUP %%
2—%: Algorithm BA
4. Dmitry & Leustagos & BS Man BA

KDD CUP 2013 HIf I RIE R RG IR, TP WM E-, (155
SR ONEE 5 IR SCIN RO R, FIEH AT HEEL 205 T 561 F
241 SCMIZ . AP L BV T 25 B 4 B 57 BV R A MR B . ks
(B S PRI FH 0852 77 S0 T A3 3
o fLRMIRT

KDD 2013 K£x b, fEARKRMEMPIA Session & KEHEFIH:AE W25 54T,
FER BRI HTHEZR ) Session o1, SR EMATAIR - HIR IR 454 CPUL GPU LA
R R S BT kA R BAR A2 R R T . ok B REA R R IR SC R 1 4
(SRS €M =R i o O e G M R LN € O = S s IR a2 i )
— RN AT 55 o K E 5 E POSTECH K221 SC 2 M4 H — AN 4T Pl - 5 5]
TurboGraph. PLF2IX =R 18 CHI/4H:
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P8 Big Data Analytics with Small Footprint:Squaring the Cloud
YE#: John Canny, Huasha Zhao

WICHREE: 1 3CHEH %8 BID U R Ab 3 5] 28, T 518K T
BIDMat T E. A H FHFETHE AN BIDMath FH FALE 2421, 18 SC ARSI 7 2R Bk
B, UERH T IX R R LB RS PC HLAL PR TR B R A

Huhk -

https://static. aminer. org/pdf/20160902/1oc—conf/KDD/KDD-2013—
1103. pdf

¥RE: Beyond Myopic Inference in Big Data Pipelines

YEZ#: Karthik Raman, Adith Swaminathan, Johannes Gehrke, Thorsten

Joachims

WICHEE: WICH B — MR & JE B AL (Probabilistic Pipeline
Mode 1) a5 A GE %K 52 2% XUk 24 Wy i) 7003 R 22 /N7 B B A 22 B A
BRI $E TR R AT (P EWT T B R, 8 S gl 4 M T Top=K #EWT . Fixed
Beam HEWT A f Adaptive BT SZBRRER .

Hhudk

https://static. aminer. org/upload/pdf/1365/1623/470/552e6¢2545ceba
3f931832a0. pdf

¥ : TurboGraph:A Fast Parallel Graph Engine Handling Billion-

scale Graphs in a Single PC

e : Wook-Shin Han, Sangyeon Lee, Kyungyeol Park, Jeong—Hoon Lee,

Min—-Soo Kiml, Jinha Kim, Hwanjo Yu

WAL MEAESEIFEEI % (Wl: GraphChi) , TurboGraph £ %X
P TR N H B R R . WSO R — AN pin—and-s1ide FFEATHUAT R
Ao MG ESZEL T RINAEE 1  R 04T
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Hudk

https://static. aminer. org/upload/pdf/365/1693/1669/552e7c5145¢ceba
31f931832ac. pdf

T8 55— AN RBAE T VLR Session W, DURS#H BHARVT T Wil xf BLA 5k
HEAT CSCEE AT S50 KRS i SR Bk il e — A JEE J G ArT 24 B A A7 v s B
P G2 I8 BFVEAE KB LR B2 Sy AN YR SC 5 I A% 45 B [ 7
R TTEEEAT Y, AT LR 68 Ab T O RUASE S 44 DY 25

FERA M EE T, = A RAAITEEE . WEH AT N . I S
TICL R W28 A5 B AL SR . AR AT W@ e A 7 i, B SR P > AT
ONRTAE BERGAIE B TR, A V0 ST SR PRI A r) 4 AN [ 4 5 190 245 19 il ) FH P 4 B
ERIATH — IR AT RERL AR RIS AR se = Bl i . 72
FUE I T, LR A R B SCE R T B2 P AT N RS R 7 5
R, AR A AR IR B s ) 3], I e AR iR ks
A2 B 387 3 HoAd 5 240 17 e, SR Y A 2 RO ) e SRS BEAN A
FH RGN 7373 W 5 At U . ARG L5, SRR B R CE
e VT RS AL HRT WY 28 S LA (B2, 3 A A SCE IR 4 F P AEAR 115
JEL I PR AT A P 1)

2.10.2 SIGKDD 2014

2014 4 8 H 24-27 H, 28 20 Jm [ R0 R IS B s 248 K4 (SIGKDD
2014) EREALXHHIT. K KM FEBAN “Data Science for Social
Good” (BRI FHERN AL 2B |, BRI IS BEE R 2 X R S BT
PR S PR AL 2 )

A JiE K2 3% B Facebook 22 & HIHUHE #1572 X Sofus Macskassy f# == Al
Dstillery A m] [ E R # K Claudia Perlich i LIL[FHHAT, BEFRMIEFZR
G2 E T R HEAR K2 Jure Leskovec R AUIMM RS IEAZHL /3B (1) Wei Wang
PURILRAEAE, TP R RAZ R T B Z M A K% Rayid Ghani ##%
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(AR D R b ) Fl Social Alpha 846 N 3 & #E AT E Prem
Melville i IL[EH4T, W] T 2320 AJEM S0,

SIGKDD 2014 LU ® 1036 F#F 7ot 1 SCF 197 Fa LMV FIBUR B 1% S0
M, XX T SIGKDD 2013 #H N #chm# & 1 40% LA b FERHFACHE b E D 3
AR R N VP E L 1 A4 AH B AT ) S AR T 2 RO IR R, R RET &
REFEIE R G R £ 46 2 S RIEFZE 51 340 2498 NIWFLFESSE T,
ARIRK B s L 151 FaiE 7R S0 (GRFFRZ) 14, 6%) A1 44 55 AL AU B
RIS GRAERZ) 22%)

W E KR E NS —AEEEA RS R R 13 MR R R, EEX
EUEHE Y. BRRSE. WL KRS, Rl ks, PEAR K. SRR
SRR, JEH 80 R4 KM Zn 7 SIGKDD 2014,

SIGKDD 2014 #iF 1 A6 N TR BEWE 5T E 44T B Oren Etzioni 1,
T TR SR AE T LB Bk Bric Horvitz 14, FHIRIERIH L5 M 2 REEAEY) 0t
FUIT & Eric Schadt t#id:, MAMEKR24405F & Sendhil Mullainathan 4% LA K&
A T E AT E Dan Doctoroff Jad #4172 ik .

SIGKDD 2014 F& 1 &Mt iy iR 3. mAEFAERHERLTS, BRE TS
WA R ST, BARRFREE LT

o L
& REERF AL

¥/ : Reducing the Sampling Complexity of Topic Models (J§/b 3 /8
LR (R IR 2 D

e : Aaron Q.Li, Amr Ahmed, Sujith Ravi, Alexander J. Smola

WO EE: E R AR I8 10 SORE R AR B 5 S 45 R SRR I R
DB, BESGEENIM, ERERRE TR SCRERE T ML, i
SRS SR T S PR s A P 2 R kd R IR RS o ST R T SR SR A S R
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JRRBEAR kd1 1k, P24 7 BELKIINE, " UARGbIL S, B ARR) 7>
Ao

Huhk

https://www. aminer. cn/pub/5550453745ce0a409eb549bd/reducing—the—

sampling—complexity—of—topic—models

Prf8: An Efficient Algorithm For Weak Hierarchical Lasso (§3J2X
BERIN—FA B

Y& : Yashu Liu, Jie Wang, Jieping Ye

WICARBE: SC I A @ A AU i A (GIST) ARALHESR B4 M vk
B39 E IR Lasso, X QAR T AR R s o o2 A . CEIEIFR T
— A R AT RN (8] R % 1 R RN S, B TS EOR, AT 2k
T BN A2 BAF IR 700 SRR 1 3 2 K. (5 AT U R B, B
RANSEH AR 2 (A7 JRAR 5 S R MR UCINRAEZR (L REAE T R ot

Mk

https://www. aminer. cn/pub/5550453745ce0a409eb549c3/an—efficient—

algorithm—for-weak—hierarchical-lasso

¥nf8: Targeting Direct Cash Transfers to the Extremely Poor (Efif
M RE TR N O B3 R 4D

e : Enigma, Give Directly FIBFFLEA]

WICHREE: AT SO B A A, A JE BT W A FE A
RIBIRBHE RN ETTIT K BE,  CLOUAR I 9 AT T3 A T8 2 AR I T8 32 3K
PRI Bk B

Mk

https://www. aminer. cn/archive/targeting—direct—cash—transfers—to—

the—extremely—poor/5550453645ce0a409eb549aa
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& BB

M. Style in the Long Tail: Discovering Unique Interests with
Latent Variable Models in Large Scale Social E-commerce (KEi#%it: 7F
R 72 F 7 45 HP e 7 7 178 B A 2R e IR 1 Y R D

Y£& . Diane J. Hu, Rob Hall, Josh Attenberg

WICREEE: 1% SCRIAR T7E Etsy 3l pi B PN R TR U TR R 40
J5iE s . HAER T Latent Dirichlet Allocation (LDA) SRR Etsy b
B A FIRER, SR BT RAER T 7 1“7 T8 S fF. IR T HL
575, LMEFE map-reduce HESL EHAT PR BT ARIL R, DMEA BOhIRIUE L.
X B R DA RIS, KRG T2 Rk %S ahs.

bk

https://www. aminer. cn/archive/style-in-the-long-tail-discovering—
unique—interests—with-latent~variable-modéls—in—-large-scale-social—e=

commerce/5550453645ce0a409eb5491d
<> BB
5B . Reconstruction and Applications of Collective Storylines

from Web Photo Collections CH>RE M ITTHFEESHRIESMFHLEN .. N
D

£ : Gunhee Kim i+, HFIT N Eric Xing ##%

WICHRBE: 1218 SCHY H AR I8 I B A 41 Wy R AR R I (e 35 A L B 9 2
KEEEMHFET, M EEZOEA SERFT, SRR BT SR
ABHEFZI NIRRT - $EH T 0 SO 1T B R SE

Hudk -

https://www. aminer. cn/pub/56d8b7d4dabfae2eeel6b8dc/reconstruction

—and-applications—of-collective—storylines—from—web—photo—collections
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< BFEAEIIAZ (Test of Time, WHLE TFEREEL D)

SIGKDD K2 M 2014 FFUE ¥ Test of Time b ¥, BAERZ T4 20
HE KDD K& bR RAGH HRFLW IR FHE L, ZX IR ER MR A =5
WX, ZJEBEEMKE R

DA ZHR I8 SCHE 2014 3R RR R :

PaB: A Density-Based Algorithm for Discovering Clusters in Large
Spatial Databases with Noise (KDD 1996) (—fidkT 25 B i) B A M = 1) K
T () 5 PE AR B R IS0

YEF: Martin Ester, Hans—Peter Kriegel, Joerg Sander, Xiaowei Xu

WICHRER: BT SR I BVETE KA 2 AV P S R, e de i 17—
FiHT (0 SR 285095 DBSCAN, ‘K T2 T2 E M R A S, S-S BER R MER
JEARII RS . DBSCAN AN i B — NN S 4L, F3CFH P o Howf e & & e
S 45 SRR W DBSCAN £E A HAT: s AR 1 SRR 7 T Bk T i R (955092 CLARANS B8
A2, I+ H DBSCAN fEPERE T TH Lt CLARANS 15 100 fi%.

Mok

https://www. aminer. cn/pub/53e9bd7bb7602d9704a1d173/a~density—
based—algorithm—for—-discovering—clusters—in—large—spatial—-databases—

with

¥ B . Integrating Classification and Association Rule Mining
(KDD 1998)  (HER7r AN SCIRAN 429D

Y. XI=, Wynne Hsu, LinkedIn AW ) Yiming Ma

WICHREE: S E VORISR U 2 48 0 5 0 D) 472 413X A Foh 42 0 152 R R
fE—#E, T T80 SR 1) — MREER T8 (RROZESCIIN (CARD D
KITCHER . WG T —FARNEE, ATHET RKIE CAR £5 #7258
SIS SRR, DUIX A7 A0r 8 1 4 S8 2 LU BB 0 K R 4 C4. 5 AU 43
RAWBEMES. 7o, XMERA T HICAT 3R RGP AAER V2 W .
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Hudk

https://www. aminer. cn/pub/53e9aefch7602d9703930008/integrating—

classification—and-association—rule—mining

PRE: Maximizing the Spread of Influence through a Social Network
(KDD 2003) Gt 452 0 2% e R A2 e 734 B

YE#: David Kempe, Jon Kleinberg, Eva Tardos

WICAREE: R T PR B T AESE, SCEUER] T H SR DT 2L SR g Pl
SRAF IR R TT 0T LR SR B AT 5, AT UERfE s AR (E ) 63% 2 s 3
PR T — Rt 04k 52 I % otk 2 52 e g Tl 2 ) S5 14 1 e DR UE 4E AT+ 2 1 38
J7iks FRERBMEM 2 E3RAE TR SLES, I VA B BAR T e 2 T X 4k
A2 X 285 35K 4] F5E o A 5 O TR NI FE I 1 AR B e U

Hiuhk

https://www. aminer. cn/pub/53e9b6d1b7602d970425d749/maximizing-

the—spread—of—influence—~through-a-social-network

<> SIGKDD B35 Al Al 45 2

BTk Prof. Pedro Domingos (University of Washington)

STGKDD 2014 6137 % A8 B i K 2% 1] Pedro Domingos (2 3R1E, LLFKEAN
FES A EE Hr S /R] 4 25 5 T B JE R M TAE . Eb 2 A, Pedro
Domingos (%8 3K STGKDD. AAAT. UAT Al NTPS 28 [H Frax il RS 0%,

fR %5 oik%: Dr. Ted Senator (Leidos)

Senator A TE ABIRTZ AL X IR 5% 75 T A B & AT S o Al i) IR S5 i
T U R B T, XS iR B e ST KDD BRI AR S R TR B X
IR AATINIR B 7 AL {5 F KDD fif# e Bl 55 WU ATAL 23 A8 e ¥ N\ BT T
s P AR R Bk R it o Ath 85 $HAE KDD2003 F /%, FFF 2010, 2011 F1 2013 £E4H
A TV BURF BR B RIBR A 7 . Ao T 1996 4R 1997 4E4EAT % RIBE & £
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FIN TGN (TAAT) . H 1993 FELLk, fh—E R Z RS .
E 2003 SELLSK, fh— B /& AMAT W45 %8, 162 KDD2014 [ 45 %8 .

<~ KDD CUP

KDD CUP 2014 H7EZL 2435 HL# Donors Choos $RAEHIESE, BERSIEM
MR BB IRTE AT E g, DU RREE SR BRI 77 T 1SR
PEREE R 5] T 652 44 NSRRI 472 STIMES S, HIEE 2t “STRAYA”
il S

o LRI

2014 4F KDD b AEAT R4, ML 88 2F >) FIAR 32 38 S AT 51 T e 2 i PR,
PAAEAE W2 ], Rax Eo3hlh 6 M a ik ST ie ot .
N A4E STGKDD K4 £l “Data Science for Social Good” f)5H, HokKHZ
(¥ Kb BRI 70N G807 1058 R B 4 R 35 B et 2 1k il i, ol otk
R 2B 3 /T ) B U ) o L3 22 37 DA R 28l ) A 55 30 L 28
35 B IEEIT I 7y 5 . FRGEI . RSB 5] I B B g A A BRI 1
JERRE . BEA HE 5 SR Bk k#E (United Nations Global Pulse) i
T4 SIGKDD K2, JF A 200 A3 i SC & ik 5 BA AR BEEFHE 4
AT A e ik 1) 0 ) S B AT IR — R . IS ARIE A NIX 5 R SO R E A BR AT R4
KB NTE T SORMRT 5 N R A DS R B M. DUT 2 5 /e S/

PfB: Inferring User Demographics and Social Strategies in Mobile

Social Networks

YE & : Yuxiao Dong, Yang Yang, Jie Tang, Yang Yang, Nitesh V.
Chawla

Mk

https://www. aminer. cn/archive/inferring-user—demographics—and—

social-strategies—in—mobile-social-networks,/5550453645ce0a409eb54966
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WL 2RI T NSRS HIE A H N A F Btk 5252 4 7 K
AL RS, BlneEie NS AT AN AT Ak, JF AR S Sk Ok
FFIRAR; BEEFREK, IANEPERZE, WEZETRENERNELZE
PRI FIVEIT AR TR, 2% BAARSE A SR T B3 15 A0 A5 1 A A 5
AERRIL TN 1 A6 2 PR AR 45 S

R : EARS (Earthquake Alert and Report System) : a Real Time

Decision Support System for Earthquake Crisis Management

fE & : Marco Avvenuti, Stefano Cresci, Andrea Marchetti, Carlo

Meletti, Maurizio Tesconi
Rt

https://www. aminer. cn/archive/ears—earthquake—-alert-and-report—
system—a-real—-time—decision—support—system—for—earthquake—crisis—

management,/5550453545ce0a409eb548e1

WICREE: ZBIPABETE 17— A3 T S i 4k 32 4 B0 1) b 7 702 0 453 = T
HRG, ZRGA VLS R 5 R N TR R T S 5, FFe itk
HCFFo

P8 : Prediction of Human Emergence Behavior and their Mobility

following Large-scale Disaster

fg & : Xuan Song, Quanshi Zhang, Yoshihide Sekimoto, Ryosuke
Shibasaki

Mok

https://www. aminer. cn/pub/5550453645ce0a409eb54982/prediction—of—
human—emergency—behavior—and—-their—-mobility—following—large—scale-

disaster

WICHEBE:  HEOH TN AR 5 BT 9 S R s s O IR R T =
SRR, KA BRI O O R . SCEE L T R SER
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VR E A LA FE RS, DU SRR A AR BT N LR sh . S8
UE AT AR, KM R E 5 N SAT s A I 5 1R % m R AT 3075 5 ¢, JF A
RN AL SRR RERE . BIAEEE . BUFMBRZGEI . STk, CEIFR
T RNSRAT AR A, T DA B T RS e HE S 1) N SR NL BT O S e B
M.

Pf8: Targeting Direct Cash Transfers to the Extremely Poor
YEZ: Brian Abelson, Kush R. Varshney, Joy Sun
Hbhk

https://www. aminer. cn/archive/targeting—direct—cash—transfers—to—

the—extremely—poor/55504 53645ce0a409eb549aa

WICARBE: SO T EA WAL ST A, 8 s B A A R A
T SR BE R A MR BETE TS &, LABEDU AR I D9 it A TR A4 T 2% A O N 2 SRR
A< AR TE W

¥ BE ;. Inferring Gas Consumption and Pollution. Emission of

Vehicles throughout a City
YE2: Jingbo Shang, Yu Zheng, Wenzhu Tong, Eric Chang, Yong Yu
Hbhk

https://www. aminer. cn/archive/inferring—gas—consumption—and-
pollution—emission—-of-vehicles—throughout—a—

city/5b50453545ce0a409ebb48e2

WL : 1Z18 S TE 5 32000 5 H AL 2210 GPS $UiZk B ds 43 Hr SE i B 0
TO A [ B[] R0 b X P 2 T3 AR T FE AT VS G HE R L

KDD 2014 & 25 it & £ Jf Jure Leskovec #( % F1 Wei Wang ##% UL
STGKDD €145 N2 — Gregory Piatetskyr Ik Wo~, #EAZHIE B W25 50 Hr &
A4 SIGKDD K4 i A iE @, HiiTEaA e 4 SIGKDD K& BIE4: 1T 10
.,
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2014 A NN EEMRN ARSI G L, QIR E E: MKE S L
o AT AR A EE RS, T MBUGHRE L
AR GEAR VLK TV ARBUR BT 75 L3 AR M0k 5%, MRS 83 25 F
B BA 3 MRIE L. BAOKUL, MRS BALHR UL AL R B0 ) H
AL HIIRE B Y, BONAS R AL S S5 BIE FE P it AT TR . E 4545
SABRRTT, W2 SRR JE AL 3R AAR IR SOy — KL, JiaME & imd
ERAIR G IRE — B 2. AR BURBUG T, DTN ANIE T RE k. M2
FI PR R #0104 R BRI ) 25 4 B A 55 07 ) B4R 1 SOk g . L
A AZ M E A 3, WRIZ T A TROO IR 2% 2540 e Bl 28 WY 28 A 2 i U
A BT FURR -

UEAh, BEE RKEEEIRE O HERE, KEEE 20 5 5 HE R A XN S &3 1
RO, HA 4 NR BN SRS KRB BOAR K B B B I .
*® 13 BN EHRE TR
B MNNET R BRI I0T 7, 2B RETIHATH AR

Session'l, | e i rHA, sk A, DA A A
S L B AR K b, Rl el Sl

FHAE KR E A L
BEANNRY R ERSEELY, RS T EHET A
Session 3 | Betweenness JEVE, PageRank &k, ERAFE LA BT o3 VAR KA

28 e R A v an e 7 JE IR HEAT IS TR B2 28 P T AR
S VYA N RFEARAL RN 2 2 HoR Ty, e 3 B EL O O R an e e RS
Session 4 | KimaUBdE B TRENLIAL, EAEHE 2L DL AR RN A8 2 o) SF BOR FTSE Y
R o

2.10.3 SIGKDD 2015

2015 4F 8 A 10-13 H, %8 21 Jm E b 200 & B 5 B 129 K% (SIGKDD
2015) fEM KR WRET BT A w1 5 82 B R A K

A% i R 2 32 BRI 28 Je BHEOR 27 TR 515 B AR 7 Bt 8 S B0 A
IR R 5 BER % F% Chengqi Zhang 2R ILRIEAE, WIAMIEFZR R4S
F I R4S /R K %% Thorsten Joachims ZUHZ A LGN K1) Geof f Webb (4%
SEEAAT, Tl FFE P 23 R 2 22 014 5 Bh i & B 44 7T 51 Dragos D.
Margineantu il Pexip 2 W] 2 G Graham Williams 3k [FHAE.
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SIGKDD 2015 K< ®] 7 1008 ffff, HAwistie s 819 %, =M 160 f&
CRAZERZ19.5%) 5 BUFM TV JERN A3 189 i, M 68 5% (RAFRZ
35.9%) o HEKRE S EAE NS AEE A RS ILR R 14 RAHRIT RIS,
R BEERY . AbaiRy, hEBECRY. BigalERY: . PR sSE R
FERHERE . DA TR R SRR, 3 90 RAKKEEH S 1 A
Kezo

A Jim STGKDD K &35 12k B M A4S H %K Ronny Kohavi f#1:, KH
K JE K41 Hugh Durrant-Whyte Zi#%, Coursera [ & ANEEE G145 N\ Daphne
Koller t#i--, HrdHAE K1 % BEH) Susan Athey B AT K1) 18R & .

SIGKDD 2015 ) EARFRILIE /AT
& WX
> BAEM R

Weml: Efficient Algorithms for Public-Private Social Networks (72
e N FIHRESE X 26 o 30D

YE3 : Flavio Chierichetti, Alessandro Epasto, Ravi Kumar, Silvio

Lattanzi, Vahab Mirrokni

WICHREE: ZR AR AR .. R A AL, JFEHA
S A BRI R D RERAORAAT o VR SO TR AR R A 1 9 A
RS P T 550 A 8 9 RN T 22 T ATRL 5 AR 45 5 R4 S X 28 o ) o L )

Huhk

https://www. aminer. cn/pub/5736973c6e3b12023e62b598/efficient—

algorithms—for-public-private—-social-networks

P8 : Edge—Weighted Personalized PageRank: Breaking a Decade-01d
Performance Barrier CIUZMMAUMNMEMITTHER : FT8 -8RI RERRAS)

YEF: Wenlei Xie, David Bindel, Alan Demers, Johannes Gehrke
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WICESE: HHZEMAEL PageRank It IR, FETHGREMAEL
—HE R R R R SCHE I G RE A A, R T —
FTFAE— MY LT 5 PageRank PR SIL . B T8 2 167 i v LU A 77 1%
e m i ARG, 5O TAEM L, XFE KR RE ST RE S LLAC
38 FE R D GAEA VA 5 ST HE44 )R, T3 2 DA JE i 5 I

Mk

https://www. aminer. cn/archive/edge-weighted-personalized-
pagerank—breaking—a—decade—old—performance—

barrier/5736973c6e3b12023e62b916
<> R
M. Mining Latent Entity Structures from Massive Unstructured

and Interconnected Data (M K EAESEH A ELZE B B ¥ P8 TR AR 1) Sk 25
1)

YEZ: Chi Wang i1, JFIT A (Jiawei Han) %,

W KEENARERT, FREZER, BHAFKHAEAEENTTT
T, AEA O E ELAHE B15 508 W FRORE R E LA WA AR MRS 5, 1%
SCHBRIR M A2 IRAESE, B R — RV BB 2 Ik R

Mok

https://www. aminer. cn/archive/mining—-latent—-entity-structures—
from—massive—unstructured—-and—-interconnected-

data/5b5048b845ce0a409eb70bc0

¥R : Modeling Large Scale Social Network in Context (M iE & AR
AR BIAEAZ A 2%

£ : Qirong Ho 1+, SIfily Eric Xing ##%

WIXHREEL: 20 SCHR I 7 V08 S v 2 1 R 1 5 R 2 4 A A 2 Y 4%
FEIX ) OREE BAR A A IR WA S S, FRE 212 T R G 0 i SRR S Fe S B
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FYHAFERSCR, AT — D RRG R =M motif A, BRI
CLEAR YT R SIAE LA SRR 8 BRI 12 | KA M 2%, I Hoar A
IR Dy g Jeg B FH H A BAKIE B 26 E R S

Mk

http://reports—archive. adm. c¢s. cmu. edu/anon/ml12014/CMU-ML-14~
100. pdf

PRE: Computing Distrust in Social Media (FAZWEARIIAEAEE1HH)
£ Jiliang Tang ti+:, H3Jf Huan Liu #4%

WICREE: 110 S 32 (02 8 ok R B — L5 QT P A B 78 S 2 1K 7
o — R HT AR R A I A EAEGR Y, AR RAEAERG W, TR
A JE I (075 325 N AMEAEAE B KA A . O AME AR AR BERR 1 — PRy
RS, R SCIRAIE 1 I AR B I AR AR SRR PR

Hoht:
https://repository. asu. edu/items/28550
< WFTEEE AL (Test of Time Award)
PRRE: Mining High-Speed Data Streams (KDD 2000) (424 & id £df i)
YEZ: Pedro Domingos, Geoff Hulten

WIS V2 LI IR P K Hdie e % LB B0 sk i i FE T PR
PRSI 1 VEDT X — S B s 248 R 50, AT PR A BEAS M 1) Hede 1l
S, VR T SR ORUE oy tH AR AL P B 5 A% g 13 s s JLF ARl 3
TG VEDT N T2 348> e B R 5 AL X RIS Web 15 ) K it o

Mk

https://www. aminer. cn/archive/mining—high—-speed—-data—

streams/53e9b055b7602d9703ab8cf1
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A : Optimizing Search Engines Using Click-Through Data (KDD
2002) (] sl HoE R AL R 51 %)

YE#: Thorsten Joachims

WICHRE: 2SOt 1l 23R A A P Rl e A e e &R 5
A RAER R TTIR, BRI T — R JA 4 AR R R JEIF oy H T2 AR T
55 T Y2 G BT R A A AT 52

Mk

https://www. aminer. cn/archive/optimizing-search-engines—using-

clickthrough—-data/53e9b042b7602d9703aa0d88

Frfi: Mining and Summarizing Customer Reviews (KDD 2004) (¥2¥q
BILEE %A SVE)

fE#: Minging Hu, XI5 2

WSCRRR: B H TR A EORRRIEAT, P R 0 TV MR
. ZOCE BT S BT VR S e (L)
BRI RO (2) PRI T WA T, IR A A
TR R . TR WD P RO A AR

Sibt

https://www. aminer. cn/archive/mining—and-summarizing—customer—

reviews/53e9af46b7602d97039827ec
<> STGKDD €13 Fll iR 45 K 2%
BT Tk, Prof. Hans Peter Kriegel (University of Munich)

BH% (Innovation Award) HH%EJE K%M Hans Peter Kriegel #(#5Z3K
5, DIREMELIETZE, JUHERE N R H AR L 4E 80 70 i <5
TAER U A 5Tk, EMZ AT, Hans Peter Kriegel #4% %3k 2014 4F KDD
Test of Time W3CH#, FF2ik ACM fellow,
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MRS vk Y. Prof. Jian Pei (Simon Fraser University)

k%5 DTHR3L (Service Award) 2T S M3ih K2% 1) Jian Pei #HZ, H
DA At 4 B B0 42 48 AU AR i P 1 HE B ZAS L st DA B R s 2 R 5
FTAE A AR SS, 454140 STGKDD. ICDM. SDM PA K CTKM Z5AH 5641, HAE
TKDE 4 LA S Hoe — S8 F T B Rl -

< KDD CUP = %%
#i—4%4. the Intercontinental Ensemble

KDD CUP 2015 FHIFHEK 2% B AN AN LA 515 K52 1) Ron Bekkerman —jid
HAEILFE TR, d EORURAE L HE Ml 7 B AR 4L (XuetangX. com) 7K7p,
TE AR M55 2 R S AR MIL T AR 20 URAR b 22 AR BRI TS B0 o BLIREE MR 5] 1
Sk H 26 ME KM 1263 LS REHAMN) 821 XSS, WBEERLHZE
Z# ] “the Intercontinental Ensemble” HIBA3K7E.

o [k

FEWFFUA T, KDD' 2015 B )8 SCE A #HAZM 4592430 . Web f24 LA
Lt B a iz 8 i vhS . EERARSR DS — S5 N 55 T I HERR SRS
KA G T a2 B . LEERFESE N, KXottty 5 MLy
SSRGS R . T LR G S A S, T B 2 T e — SR T
HARR AR, il anst s EA2 AR AR HERF 55 o UL, B 30 48 VR 3 i TR
R, SERSZYR . SRR A WA 55 A% S 1r) i S T EAILAEE K

A2 W 2% 2 2RI AR oK & KDD AR AR B KINBIBIE FE 7 1R, SRS i
WO R e A AR SCR PR SO H iz 8. BRIERASh, SREBE R RS
SR TSR R, B JAEZ M h oo R (i M, 4RIX
) KA oeE (W, RPERSREOR R, LB AT NS IRIBOR R,
RN T4 v AT AT AL DO B RE WR EE . 1E TR KRNI SE [ 2 RER 2
VR ERV R 5 D % ) e N 1) R A D) A G B U 103 R T ) 7L

¥RE: CoupledLP: Link Prediction in Coupled Networks
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YE& : Yuxiao Dong, Jing Zhang, Jie Tang, Nitesh V. Chawla, Bai

Wang

WO 2R R TG [HESE CoupledLP, I H] 4%k LU
£ A bR 2% o B ah# i e U, DU O B AR 28 AN S B 1 el SR 17—
M BB, BLE IR ARS8 70 SR UK T AR . AR ZERL (DG AN
B b8 M4 IX P N4 4E |, CoupledLP REZLERAR T LRI & AR 77, it
PR 15 B 42 TN I LAV S (AR S0 Y 17 2 00 S R A S ] 2% P (10 3] 22 A el S
Hle

Huhik

https://www. aminer. cn/pub/5ef1b98b9e795e111756d4e6/coupledlp—

link-prediction—in—coupled—networks

B B IRARARAE 00 BB R o 1 S ey i AL R P EdfE , T BLORATR
FER 7, ST AT SIS P i A 0125 o AR I S S 2 SR PR (s
A R R, RS 3profide (BITR =4 A A AL A
K = AIE BHELCE, HeAhs SR A R SRR SR ) T A BT ST ]
FIFRBE SR A 0 B LB S R KB . SR IR B R AR, B
LT R FSRAESEE R A 100 2% h R B 7 1o 7 B ok 1 oo R B2 iR B
M AR, Bt 7T A B ARFERS, AT g M bR = AE A 5. Gk
R 2RI S PH 57 R 2 5 P B 9 B2 T B () B LB A SRR D ok R i 35
DRI P P i Z TR ARBLIE o 259 — K 50 T34, 500 T3 2%
AR B O A TR 300 £, JF HAEW INAE 10 /L5 Bt EAE R
— 45 R Top—5 AHALE 5

Web ¥4 (Web Mining) L fl7r2. TIN5 AT A AN Tolk F 36 A %k
RO AR R L, ELIR IR E T AR50 424 10 A R At A KDD 25 U ) — Rk
. FEHEEKDD B TR T M K Web Mining I EEBHY & LN

LR 73 W ST -
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¥ B . ClusType: Effective Entity Recognition and Typing by

Relation Phrase—-Based Clustering

Y& : Xiang Ren, Ahmed El-Kishky, Chi Wang, Fangbo Tao, Clare R

Voss, Heng Ji, Jiawei Han.

WICHREE:  SCR IR — > B ZH B B E BT 0 R 2R S T
HA B SRR (BR) , IFg i 7 —FoBr i3T50 R FLTE 1) ER HEZE,
PR ClusType, ZAEZRIEAT s IK SN I AT G 12 4 DL AR BSOS A $i S gz 5 RN 9K
REE, WRABAEERE B E LI OC SR 15 1 R A 25 44 A R 171 44 PR (1) S8 Y
FRRTE, TR SRR 28R . SRt B AL, ClusType 1) F1 14
PR T 37% .

Huhk

https://www. aminer. cn/pub/5736973b6e3b12023e62ble3/clustype-
effective—entity—recognition-and-typing-by-relation—phrase-based-

clustering

¥ B8 . TimeMachine: Timeline Generation for Knowledge—Base

Entities

YE#: Tim Althoff, Xin Luna Dong, Kevin Murphy, Safa Alai, Van

Dang, Wei Zhang

WICREE: /g 13T 2 (I 181 4l B s 505k . X JriER R AUE 3K
PN ECHE 48 1 )8, 32 H T =20 TIMECRUNCH 5509 - 4K 8 4 B H B P B
R INEA B RZISEHIN 5

Huhk

https://www. aminer. cn/archive/timemachine—timeline—generation—

for—knowledge-base—entities/ 5736973b6e3b12023e62b0b7
¥8: Entity Matching across Heterogeneous Sources

YEZF: Yang Yang, Yizhou Sun, Jie Tang, Bo Ma, Juanzi Li
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WL 1030/l 1 B WS SEAAR VL T e o 3 — ) 8 1) 2 Bk e AE T
M1 T 3RIE T AR, AR SERT SEAR B R SORSAE A A B B AR K. S
PR 1A SCRAETT R A [ e Y b D 3, R P 30 )= T e i A
A7 RIRBE ILAC -

Mk

https://www. aminer. cn/archive/entity-matching—across—

heterogeneous—sources,/5736973b6e3b12023e62b38a

PRE: COSNET: Connecting Heterogeneous Social Networks with Local

and Global Consistency
Y& : Yutao Zhang, Jie Tang, Zhilin Yang, Jian Pei, Philip S. Yu

W CERUANLE SRS 2R SEr ik, K B AU
. PIZEARALRE LA S ies I i UL C Ay At PR EAT G0 — e . SCE R I 77
T T AMiner AR MZE 2 M SH2 IR E L R G

Mk

https://www. aminer. cn/archive/cosnet—connecting—heterogeneous—
social-networks—-with—local-and—global-

consistency/5736973b6e3b12023e62b502

MEHRIZIE (Stream Data Mining) L@l r4x. BEAE KEHEEIEXIGK,
TEHE AL LA RRAE T IR AW FERF A5 B O .  PA T & L AT SR R #8183 -

¥8: Stream Sampling for Frequency Cap Statistics
fE#: Edith Cohen
bk

https://www. aminer. cn/archive/stream—sampling—for-frequency—cap-

statistics/5736973b6e 3b12023e62b384
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WIEE: WS T Google WEFTBE IV AU I ZEtH Bt 5 077%, Blinke
— JE ML — (A R DB MR FX PR G ik e ARATT IR 32 S DTk 4
AN AR SR SRR B SR T R SR . oA RE AR S SCREALIT 73 eR 2
A R U o et BRI E

PE: Efficient Online Evaluation of Big Data Stream Classifiers

YE# . Albert Bifet, Gianmarco de Francisci Morales, Jesse Read,

Geoff Holmes, Bernhard Pfahringer

WIXBREE: EIR B MAE Lo RV AR L R, flancf
AE XCBGAE AN 25 A I SR IR 7 7, B A RMBIE I N S R 25 1T
AR AP R AE 2 EORE A g 7] - — N80, AT F1 A Accuracy &5EAa il
Fetr A IE S . AT 3 B DTk B WIS MmO 1 07 VR A g vk R
] R

Mok

https://www. aminer. ¢n/pub/5736973b6e3b12023e62b516/efficient—

online—evaluation—of-big-data—stream—classifiers

PrEE: A PCA-Based Change Detection Framework for Multidimensional

Data Streams

YEZ& : Abdulhakim Qahtan, Basma Alharbi, Suojin Wang, Xiangliang

Zhang

WICREE: TR — AT 350520 7 v Bl 22 4 m £ s A2 40 I HE
R, A SR AR R A o B AR A TR), A L RE B4 i3 R A TH AN A B AR AE
PrHE .

Huht

https://www. aminer. cn/archive/a—pca-based-change—detection—

framework—for-multidimensional—-data—streams—change—detection—in—

multidimensional-data—streams/5736973c6e3b12023e62ba04

143



AT R $¥51248 Research Report of Data Mining

KEFE (Big Data) L. REFRWARAIRMET R UL 2% L ilEs
e
PREE: Large—Scale Distributed Bayesian Matrix Factorization using

Stochastic Gradient MCMC

YEZ: Sungjin Ahn, Anoop Korattikara, Nathan Liu, Suju Rajan, Max

Welling

WICHRER: U HI BB LR B 5205 - 2 SR RIS 70 A1 2 DL - 2B % 7y
fiit. MATRISEVEIET 4 Gradient Langevin Dynamics, ANHBEWSIE bR
SHRFRY (W Gibbs RAE) MAGHERL, 1 HLACRSE my, WESSREMLIE L T k.
BEAk, AR AT 1 IFATAL, A8 RENE & NS ) DL SR e 20 i

Hohk

https://www. aminer. cn/archive/large—scale-distributed-bayesian—
matrix—factorization—using-stochastic-gradient—

mcme/5736973¢c6e3b12023e62baf7
¥f8: Scaling Up Stochastic Dual Coordinate Ascent

YE % : Kenneth Tran, Saghar Hosseini, Lin Xiao, Thomas Finley,
Mikhail Bilenko

Mk

https://www. aminer. cn/pub/5736973b6e3b12023e62b35d/scal ing—up—

stochastic—dual-coordinate—ascent

WICAREE: SDCA 28 I S /M I LAk 5 125K SR A RIS 1 B 2% &) ] /) 28
BV TSR T PRI X A% a6 T R AT BRI ) VA s T A
BRAT T A k.

PR/ : Network Lasso: Clustering and Optimization in Large-Scale

Graphs
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YEZ: David Hallac, Jure Leskovec, Stephen Boyd

WIXREE: CERE T —MIEH M network lasso J7ykxf EE s &k
FPCAL iR AT RN PRIE SR . R BN G TR HERIE 3 o vrFEIR 31T 5
FAMEMMWPIM S ER, R T TR E Rk (ADMD FI&EE, b
WEFE T IXFh AR YR, A T R AR A A

Huhk

https://www. aminer. cn/pub/5736973c6e3b12023e62b9e3/network—lasso—

clustering—and-optimization—in—large—graphs

PrfE: Petuum: A new Platform for Distributed Machine Learning on

Big Data

Y& : Eric P. Xing, Qirong Ho, Wei Dai, Jin Kyu Kim, Jinliang Wei,
Seunghak Lee, Xun Zheng, Pengtao Xie, Abhimanu Kumar, Yaoliang Yu

WOCARBE: CEM I 7 — AN RBHR B i H oA LS 2 ) 7
Go HAZo BAR R FIR %S T 54 e, ShSE A —8 st fE A E
TR FEREENET . LR RER T1E 100 25088 LTS R, B
TLR V8 A KBRS TN 2 Bt AN 70 B (1 0 R RS 7 A7 0% P 4 28 X 2%
Y AT P SR 0 7T TAE

Rt

https://www. aminer. cn/archive/petuum-a-new—platform—for—

distributed-machine-learning-on-big—data/573696486e3b12023e5555¢el

HEFFE R4t (Recommender Systems) H@i4r4x. HEFREFHIEE RE W ABEMKIR
Ao PUF 2T BE 8 A

PRB: A Collective Bayesian Poisson Factorization Model for Cold-

start Local Event Recommendation

e : Wei Zhang, Jianyong Wang
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WIS SCERM T NMER I A RA 2 8 (CBPF) B, AL 2R
BHE TP R, KRR RFEFNHLRE . MmO N ESE R K
SRAFEEEAFHERE B ¥ JA Bl 7] L

HubE

https://www. aminer. cn/archive/a-collective-bayesian—poisson—
factorization—model—-for—cold-start—local—event—

recommendation/5736973b6e3b12023e62b427

¥ B8 : Inferring Networks of Substitutable and Complementary

Products
YEF: Julian McAuley, Rahul Pandey, Jure Leskovec

WICBBE: 0T FCRIN 25 58 17 K AR 7E D T I A2, R 7™ dh e
1) R A D B T i 8, R P A R 6 2% ) AT SR ARTSR A, [
RS T R AR 0 S0 . AE Amazon MR SEEE BT 7SCIRIGTE, SEI
SRR T e e g ik

HubE

https://www. aminer. cn/archive/inferring—networks—of—

substitutable—and-complementary—products/5736973b6e3b12023e62b11d

¥ B8 . Regularity and Conformity: Location Prediction Using

Heterogeneous Mobility Data

Y : Yingzi Wang, Nicholas Jing Yuan, Defu Lian, Linli Xu, Xing

Xie, Enhong Chen, Yong Rui

WICHRE: 2RI 2558 T H AT A BRI A AR PEREE, R T
AT OB R A, {5 R B (DA O R R R 23 R S ST MARREYE, {EH Sparse
group Lasso AR ST RFE

Mk
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https://www. aminer. cn/archive/regularity-and-conformity—location—

prediction-using-heterogeneous—mobility—data/5736973b6e3b12023e62b330

PRAE: SCRAM: A Sharing Considered Route Assignment Mechanism for

Fair Taxi Route Recommendations

YE & : Shiyou Qian, Jian Cao, Frédéric Le Mouél, Issam Sahel,

Minglu Li

WIRER: 1% LAE— s S M AL mIHLER Bt 1 AP T &,
7 I ANIREARAT B3E AR R 2 A A R B A AR A S i 2 e R ik
B ITERE, S5 RRBNZAR R IX AN 5 AR T2 0T B 07 i

Mk

https://www. aminer. cn/archive/scram—a-sharing—-considered-route—
assignment—mechanism—for-fair-taxi-route—

recommendations/5736973c6e3b12023e62baa2

2.10.4 SIGKDD 2016

2016 2£ 8 A 13-17 H, %5 22 Jm [E b 200 KI5 B 12 98 K2 (SIGKDD
2016) fEEREIHEES LT AT KT BadE: BT, wES2 .
WA RS WA AR EERZ 9 . N PR R R

SIGKDD 2016 K2 3 B IBM /A &) /) Balaji Krishnapuram # = F1 BOSCH
AW Mohak Shah {#-404F, WHAMREFZRREFE (PC Co—Chairs) HI-RIi
R K% (B Amazon A &) ) Alex Smola #(#% F1 IBM /> &) K Charu
Aggarwal 1 LALFEHEAT; A FEIFURIEHE JE R I TV ABUR Track ti44 98 $L
I Bl % Track (Applied Data Science Track) , A 3 J# i1 IBM 2 & 1]
Rastogi Rajeev f# L0 [E & EE () Dou Shen 3L [EHHAF. R KW T
K 88 ANMEZK K 2726 NiFEMZh0, 61 F sl

SIGKDD 2016 A<xU®| 784 FEBF 7M1 SCAN 331 55 N FH E4 Bl 28 5 f
HA R SO BB A EE 2015 4E 1 1008 550 2014 4E (1) 1036 554 Ak /b,
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M0 87 FH BHE B2 R SO AR R TR RPN . AR S5 EL 142 FE T
FHEW S GREHERZ 18.1%) 1 66 je N EIRR #1830 (FHEZ) 20%) .

SIGKDD 2016 R4x¥RiE [ T Setk 22 i 5t B AL 298 7T B B & Jennifer
Chayes 1 &, MM AR ZZAH A BT TR 51HENEE R Joe Hellerstein
Pz, AERRS R A | BB % (NEA) &4k A Greg Papadopoulos f#:, #
AR HHR . Google DeepMind B A5 Nando de Freitas {4, #4777
MU Ko Bl . 2015 4F ACM B R %45 3. HrHAE K% Whitfield Diffie
4% 52 STGKDD BiE7E A Jma KA 1 B R Frik 15

SIGKDD 2016 B ARSI IE N -
o HREHEIRY
> RAETFRIS

#rf: FRAUDAR: Bounding Graph Fraud in the Face of Camouflage (K
VESH A 2% i S RTE)D

YE# : Bryan Hooi, Hyun Ah Song, Alex Beutel, Neil Shah, Kijung

Shin, Christos Faloutsos

WIRREE: SCERH T —F B G PO 57 FRAUDAR, A 4% Bk VE 2%
A R AL T 2k, IF HAE B S 2 A 20 . FRAUDAR 78 il £ 28 Al =l
P2 R VE T TH R MR T I e ) . B IR 1A 0N 14. 7 12,
FRAUDAR F s 3 FH £ Twitter K P IR .

Huhk

https://www. aminer. cn/archive/fraudar—-bounding—graph—-fraud-in-

the—face—of—camouflage/57aa28de0a3ac518da9896dc

¥ B8 : Ranking Causal Anomalies via Temporal and Dynamical
Analysis on Vanishing Correlations (3&ETVHERAHRMEI @ IRE . 31445
VIR 35 S da XTI S]PSE S SEAP)
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g # : Wei Cheng, Kai Zhang, Haifeng Chen, Guofei Jiang,

Zhengzhang Chen, Wei Wang

WICHREE: 2SI T 5T 283 BRI A ZRR R il B A DA R S
FEXSIHLBATHR Y o 1205 IR REAT MO i R AR BE A ANAZ X 28 p 1 15 4, T REIR
I of & R A AT I AR B AN AR VE R SUEAT IS 4B . DRI, En BUEfLHIE
B RMEH RS EGEST®, JFa PLIRAh R G AR L AL R 7 . R 2R
EHEE. BATE S ARG BIREMPRIE B NS E R S B KRS
UER T BATTHA A Rtk

Mk

https://www. aminer. cn/archive/ranking—causal—anomalies-via—
temporal—and—dynamical—analysis—on—vanishing—

correlations/57aa28de0a3ac518da9896¢ca

% &8 . TRIEST: Counting’ Local and Glebal--Trianglesw.in Fully-
dynamie~Streams with Fixed/Memory Size (fE[&E WEKNK/DHIEsNER T 1T
B — T4 R = AT

YEZF: orenzo De Stefani 2N

WICHRRE: ZW R T — R i AL, ZEEH T AR LR
ERMBHS=AEREN M. K72 SRERMAT, SRERER, ZH
AR BT IA R St i U7 v, T L SE R (8] BE K

Mk

https://www. aminer. cn/archive/tri-st—-counting—local-and-global-
triangles—in—fully—dynamic—streams—with—fixed—memory-—

size/599ee0589c05d3074f0123ac

PfB: Predicting Matchups and Preferences in Context (FRJliELE R
ERJUN RS- 1 S

fE#: Shuo Chen, Thorsten Joachims
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WICHRBE: ZIRSCIR R E RRERAEZL, T 000 P P DL I Y &5
(PN E RS MmeFicxs O dfmis) , SIAHRMAR, 2R A
SIS E R I 7 T A 1) B 22 8] R R T 2o, i Hadoer R SCundar 2 UL i
Al G765 RBEAT AL . A TR BE AV AL BRAT S R R XK/ A v R

Mk

https://www. aminer. cn/archive/predicting—matchups—and-

preferences—in—context/57aa28de0a3ac518da9896¢ch
> BN EERERER
PrfE: Ranking Relevance in Yahoo Search (HEFHERETE 2 H (12 BE)

Yz : Dawei Yin, Yuening Hu, Jiliang Tang, Tim Daly Jr., Mianwei
Zhou, Hua Ouyang, Jianhui Chen, Changsung Kang, Hongbo Deng, Chikashi

Nobata,/ Jean-Marc Langlois, Yi/Chang

WOCHREE: PRI RG] E PRI D 1 1 SCALES, AR
FEERMB e WA URD 22 T8] )1 SO VA A2 e e 2k kAR O PR 3 2l ig . 1X
FR SOl gs T HEPRHE R 20 ZAEMIRR NG )y, vl THFP ks, 8 SURHIE. &
WHES = KRR, U E. fEM IR,

Mk

https://www. aminer. cn/archive/ranking-relevance—in—yahoo-

search/57aa28de0a3ac518da98974b

¥ BB . Matrix Computations and Optimization in Apache Spark

(Apache Spark H AR 5 EACL)

YE# : Reza Bosagh Zadeh, Xiangrui Meng, Alexander Ulanov, Burak
Yavuz, Li Pu, Shivaram Venkataraman, Evan Sparks, Aaron Staple, Matei

Zaharia
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WICHEE: eSO EE A T — MR FPAESLIZ 5 Apache Spark HA]
A
(!

R FE . 18R R BTk B4 & - Apache Spark, fE Spark Z2%& )
JEERINE E ]
Huht

https://www. aminer. cn/archive/matrix—computations—and—

optimization—in—apache—spark/56d845aedabfaec2eceac4830

Pef®: Contextual Intent Tracking for Personal Assistants (FHT
ANBER B CEEERD)

YEZ&: Yu Sun ZEA

WICHREE: X SCEDTIT T W 1 i R i v U B R R ) #, S
B T R R S B 28 1E U4k PARAFAC2 (KP2) I IT PRAR AR R, %46 7Y %
TR T R SCRE BRI GE R UL B[R IZ B . KP2 RS RLRIF T R 7 2 1A 4 A
73, WREAH P2 T AR EES R, 1% RS0 0] LA R it A P i =
o KP2 R ASH] A~ N B R A 52 fit v o s B =B 20 M

Mk

https://www. aminer. cn/archive/contextual-intent—-tracking—for—

personal-assistants/57aa28de0a3ac518da98974c

¥ B : Firebird: Predicting Fire Risk and Prioritizing Fire
Inspections in Atlanta (Firebird CEU#EEE) « TP ARE =2 K K 9 XU FF Tl
JeibAT K 2 et )

g . Michael Madaio, Shang-Tse Chen, Oliver L. Haimso, Wenwen
Zhang, Xiang Cheng, Matthew Hinds—Aldrich, Duen Horng Chau, Bistra
Dilkina

WIREE: ZW IR T Firebird HEZE, ALY I gL 5 B
APRRAL, DA B AR =2 KT SECVE 7 0 11 R A AR 2 2 HE s v = K R R A
Firebird (¥ 11HE 7% 5000 2 KE @ KRR 7, SLBRIEZR
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1K T1%. R4 AFRD FUKSIGARME, CLEHHE 1 6096 AbWE7E i ps Mk = BEA TG 56
peAh, i BEAME, Firebird BEE A4 KR A4 W P25 BT XU 1F

4

v, W AFRD Xt K RIS E MU TS e, TS E EZOH B2 (NFPA) 41
A P A0 308 R I (1 B A S

Mk

https://www. aminer. cn/archive/firebird-predicting-fire-risk—and-

prioritizing—fire—inspections—in-atlanta/573695fe6e3b12023e511d3c
<> BB

PrRH . Dissertation: Exploring and Making Sense of Large Graphs
(MNP RR BRI L)

g2 : Danai Koutra f+:, FHFIfi N Christos Faloutsos ##%

WOCHEE: EIRARER 115 5 AN T 2 0] F 2 31 K 1 22 G 2 [R] ) i 42
WS AT AT R A R B, AT R e RIS Y R
AT e] A B SS B A, AT LR S G, BN K i e e H
HTERATT D2 AT 77 2 S T R B, 46 66 12261 I, 18 125
A Twitter B, LA 9000 /3 42 It K B

Huhk
http://reports—archive. adm. c¢s. cmu. edu/anon/2015/CMU-CS—15-126. pdf

PRE: Mining Disparate Sources for Question Answering (¥Z3#A[q]k
P AR

£ : Huan Sun i+, H I KN Xifeng Yan #(#%

WL 130 BB IERAMMER Oy — R P T2 7 IE RS, Wil
A AN AV EL AN R, BEAT A PSS R 25, i REERYT, RIST R RE. [
4G NI RE S PR AE, BT R B A TR R — R A i Rl PR

Mk
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http://web. cse. ohio—state. edu/  sun. 397/ResearchProj. html

¥R : Scalable Multivariate Time Series Analysis (R[4 B2 Joht
EE27b e

fE#: Taha Bahadori t#i+:, HSZIJHi K Yan Liu 4%

WICBEE: I (8] P S AHE 2 AR 2 T UEE A ANE, IR R 4
ATHAR AN R LR TT o A FH 25 R AR A ASE AT 6 21 (10 I TR 7 51 5080 11 23 B €132
T 2R AL . I TR A, BT RIS 8] 5 51 E s 24T 0 i
RIoRBEPR AT THIETE, SR T AFEN BRI MR R T %

Hudk -

http://digitallibrary. usc. edu/cdm/ref/collection/pl15799col13/1d/5
93708

< BF[AREI Y (Test of Time Award)

P8 Graphs over time: densification laws, shrinking diameters
and possible explanations (KDD.2005) . Cisf[aj#ER K. st tl . 45/ &
AT B IR

e : Jure Leskovec {1+, Jon Kleinberg, Christos Faloutsos

WIOABIE: BE R SO AL T USRI T BN D37 02, BB [
WK, L R B B, BB T AR K, I LS
2 I IR BB T G R BB

Mk

https://www. aminer. cn/archive/graphs—over-time—densification—
laws—shrinking—diameters—and—-possible-

explanations/53e9a515b7602d9702e37973
<~ SIGKDD 13 Al ik 5 K 2%

AUFT TR Philip S. Yu #d% (BFAITE PR A Z &3 ED
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2016 =01 % (Innovation Award) WA %5 T A 7 K 5 2 0 & 4 #%
Philip S. Yu ##%, VARBABAEREAEIZYE . RS R 4 1 B & A 500 ) BT
FLAE. BERT, Philip S. Yu HERIEIRAGE E FREHRIZH K2 (ICDMD) Ak K
WA TTIR

AR 55 vaikAe: Wei Wang #fZ CINMIRZHFAZALED

M55 2 (Service Award) HF-3RFMAEFZIM W A AR A AN 145 Ji&
TR R DTk 2, S ERRE NI KB AL Wei Wang #3%, LA
REZI A BAETZHE AR TR 5 L DTk

< KDD CUP 33§

H—4: burebistas P\ (Adform A7) Vlad Sandulescu, Bitdevelop /A ]

Mihai Chiru)

¥4 . T310B PN (& 42 K 2 Yujie Qian, Yinpeng Dong, Ye Ma,

Hailong Jin, Juanzi Li)

=44+ browniepointsreturns A (LatentView Analytics 2 &) Mohan

Manivannan, Nachiappan Palaniappan)

KDD CUP 2016 3&FE ISR AL, SEFBE A “WRIW SRR 2 ?
BT AN R SRR o HEETSEHRE T 8 N THRE R EA R i
TR 2, 1k FRBML TN A R I 2o 2 8BS AN AN R Rl SO Bl i)
%o HAEJERKDD CUP AN, A-4F 1 L 382 A 44 Bl L S T il f, 76 L F8 45
W AT TS 835 M FIE 2 W E IR SO AU L, R e Ll S8 i AR
BAHHE T DL TSI T o HE I, S 38 TR E B O IRV TN A,
XA LR INA B E AR ELRE =AM BRI R )5, B&PHE
Adform A 7] Vlad Sandulescu 58 NIRRT ZE, 5K Yujie Qian 55
NIBMIERAF I ZE, EIFE LatentView 2 ®] Mohan Manivannan 5§ A [ AT 3RS
Z=7, RBPMIAE KDD CUP Fisf <> b A8 1 B3R v P AR A A BR

o fUEIEIRL
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A KD 2016 2H LA R, (FE EHS IR A% PRRE% 5]
ARG NP YR A28 . B AR R 5.

RS Loy 2o AU SIGKDD L [T E | — RS o) IR IR 2]
(Deep Learning and Embedding) [ @i 1824 & T AT #VR IR FE 5 S EE A
I — Tt H 2 BRI IR . DU IR S S50 0

¥RE: node2vec: Scalable Feature Learning for Networks

YEF: Aditya Grover, Jure Leskovec

WIXRRIER: LENH T MM EE RN IR HEE. B E g X
T RN (Context) , node2vec A PLJA] B 27 2 Hy =1 55 2 (6] FE &5 1045 B AN
T RS R SR E B .

bk

https://www. aminer. cn/archive/node-vec-scalable-feature—learning—

for-networks/57aa28de 0a3ac518da9896d5
P8 Smart Reply: Automated Response Suggestion for Email

£ & : Anjuli KannanF, Karol KurachF, Sujith RaviF, Tobias
KaufmannF, Andrew Tomkins, Balint Miklos, Greg Corrado, Ldszlé Lukdcs,

Marina Ganea, Peter Young, Vivek Ramavajjala

WOCHREE: WU R IR T 2 ST ST — A 0 ) ) 2 Al 7 4 S 4 [
SRR, XA O AE Gmail EHEATEM, BUECHBIZ 10% 8 IR 4F3E4T
Sl E=R N SR N i MR (B P JE K SN i) IE NI T RPN Ei [N
] “Asymmetric Transitivity Preserving Graph Embedding” , fhfi1#gH T
TR AR IS PR R R 22 2 Bk, n] DUE G ) i R S5 F 15 02

Mk

https://www. aminer. cn/archive/smart-reply—automated-response—

suggestion—for—email/57aa28dd0a3ac518da9896a6
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WHERG =, HERSG — H PR 2o n —NME LS. /F
SIGKDD K< HESE 524t (Recommender Systems) &, iEAFF 745 A
HH = E:

¥ : The Limits of Popularity-Based Recommendations, and the

Role of Social Ties

£ # : Marco Bressan, Stefano Leucci, Alessandro Panconesi,

Prabhakar Raghavan, Erisa Terolli

WIXBREE: Xk B Y 5 KA 3 S 2 5 22 0 A 2 R 20X
FE—AN @l MR RG22 REE Ty (M EREMERCR) , mH
a2 e R AR H A M T A AR A 2

Rt

https://www. aminer. cn/pub/57aa28dd0a3ac518da9896aa/the-1imits—of—

popularity-based-recommendations—and-the-role~of=social-ties

I 18] 3 AL B 32 38 4 2 o AWK STGKDD A oM 2 RE& Bl £
Wi, LTTRE T — AN E 759248 50 5% 2] it 25 (SIGKDD Workshop on
Mining and Learning from Time Series) , IXHLil-& 1 I (8] 75 Ay H 4R 12
U IRES M) SES

EWrRE S, A X4 N “Recurrent Marked Temporal Point

Processes: FEmbedding Event History to Vector” :

¥/ : Recurrent Marked Temporal Point Processes: Embedding Event

History to Vector

£ # : Nan Du, Hanjun Dai, Rakshit Trivedi, Utkarsh Upadhyay,

Manuel, Le Song

VOOCHRE: 2l FH 38 VA e 22 DX 24 o) Isf 1) P 51 B0t AT A, () I 220 i s
[R5 . ok B HASREAS K2 TAF “Regime Shifts in Streams:

Real-time Forecasting of Co—evolving Time Sequences” Wit T Unfe] i 4
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TN AL (Co—evolving) [ Ta] Fp AEAT @ERLATM,  IF: [F I PRAE A 1)
e RO ey AT R A

Mk

https://www. aminer. cn/archive/recurrent-marked-temporal—-point-

processes—embedding—event—history—to—vector/57aa28de0a3ac518da9896e7

N RE . A SRR SCANIR], N B R A 18 SC R n o iR £ dfe 42
PEAIBOAR  SCERANNIHT, -t B0 5 A 0F 2 B 500 ) BERAAE R 0T 2 o i i 4 A 0
FESR I N I EEE BHAR S0, R M AR AN RTHE R, 32k,
FEHBUN Pinterest AR S 70 5 1 AATIAE SR A AN i v 5 KB T 2 TE 1
OAFAIHIAR
2.10.5SIGKDD 2017

2017 &£ 8 H 13-17 H, 8 23 Ja Ebr 5N KB 5 B4 129 K& (SIGKDD
2017 ) 7E MRS R a R a2 e

STGKDD 2017 K4 3= Jif FR K A8 K 5 B2 5 204% 18 /R Sl K 5 K8l 7
T FCFT AT Stan Matwin #{#%, Al LinkedIn Bl2:% Shipeng Yu i+ JL[H$H
£, Bt IBM Watson Watson Health /N4 114 i Bl 2 5 Al i 2 4 12
Faisal Farooq { L4HAF; WFFLIEREFZE 5122 F % H Google ) Ravi Kumar {1
+, H5EREAIKEM Tina Eliassi-Rad @IERILFET; T ABEFELS
T H Google B LA MEAIHE TR ¥ 5K Roberto J. Bayardo fi:, 5L
WFFERE G NN K 57 2 I B 70 BT SRR 5 TR R 1 Charles Elkan #{
BILFEIE. KDD 2018 AR H 51 AMEZF 1656 LS AR,

SIGKDD 2017 HJf 58 45 ) B A% 1R SCHON 748 J, Wik 130 4%, 045 64 5
oral, 66 f poster, HE A E 8.6%5 8. 8%. M EHE Bl 7 A I 4%
390 F it SC, YKok 86 K, fUHE 36 &3 oral, 50 f§ poster, %HEANHIA 9. 2%
12, 6%.
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SIGKDD 2017 K< i&iF 7 Uit 7 e A8 RS 2K . 18 K221 Cynthia
Dwork 2 #%, MM KAETER B T TR SiFENE S 200 Bin Yu 23%, £
2 KT ENIE % A Renée J. Miller ZiR b T ke 3 8R4,

SIGKDD 2017 BEAKFRIZIE BN -
& HiFEWY

<> DR

N
7

Prf8: Accelerating Innovation Through Analogy Mining Ci# it 2K EL1Z
PEIE B

YE2: Tom Hope, Joel Chan, Aniket Kittur, Dafna Shahaf

WICRBE: X018 SCIRTT 17 5% 2) KR M 8 8 50 5 ] P ) 5 ) SR AR X P AT
VEAIOME, Hple R, ERE L E T, RURSEILZ H L
fill o WACHRKITVASE S ARG AN CNNG SR HU™ i 3 (14 H A ATBIL 1 7] R

Huhk

https://www. aminer. cn/archive/accelerating—innovation—through—

analogy-mining/5992a1185ba2006b76482dcf

¥ FE : Toeplitz Inverse Covariance-Based Clustering of
Multivariate Time Series Data (ZZAZ& I [a] ¢4 ¥4 1) Toeplitz W5 %
EeE )

YEZ: David Hallac, Sagar Vare, Stephen Boyd, Jure Leskovec

WICHRRL. CEA MR A (B SR — AN, @ B &ML
FKefft vk Toeplitz Inverse Covariance-based Clustering (TICC) [afi. iEit
AN B T7 1) 1 T70%, r ml S T AT v RACR A A1 1n) Y
ARYAR . B — RYNGEE SR TICC 5 JUAN S Je i M R 28 34T LR B0 IE 1% 7
%, AREAE—NRAAL B R S BRI E S soh il TICC R4 > W]
R R BT
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Mk

https://www. aminer. cn/archive/toeplitz—inverse—covariance—based-

clustering-of-multivariate—time-series—data/599¢798a601a182cd264948c¢
> RN HEERE RS

P/ : HinDroid: An Intelligent Android Malware Detection System

Based on Structured Heterogeneous Information Network (HinDroid: Z&F

ERIE TR E BN G Android B E ARSI RS0
Yg#: Shifu Hou, Yanfang Ye, Yangqgiu Song, Melih Abdulhayoglu

WIBRBE: B0 % 5L T b 22w P IR N g A T o Ok 1) 22 o S T A
RO o i) A, 129 SCAH P 9 T e B AR IR 5 30 R R P R PP A APT )8 SR 5%
Vo JFE B TeBAR R G E —ANE 2 E N R ERAR U, B A
%5 ARG A FNIAMELE . SR JE A =2 ST B4 Je AR 3t 4T B sh AL,
BEAT T o 30X 2 5 — A FH 45 A0 HIN 3E A7 22 sl s A U A . SR 3k
WA SO A 22 4t HinDroid I8 T HAt i) 22 5 B Al B AR

Mok

https://www. aminer. cn/archive/hindroid-an—-intelligent—android-

malware—detection—system—based-on—structured—heterogeneous—

information—network/59a02e2db161e8adla7b6db4

¥ FH : DeepSD: Generating High Resolution Climate Change
Projections through Single Image Super—Resolution (DeepSD: &K
A5 768 2 ffe AT A s v e B ) /<A 2 e Tl D

£ 3% : Thomas Vandal, Evan Kodra, Sangram Ganguly, Andrew

Michaelis, Ramakrishna Nemani, Auroop Ganguly

WIXREL: WICHRH T DeepSD, — /N7 MIHESH R 0 P R G A M 2%
(SRONN) HEZE H TS5 28 S ) G it B9 . DeepSD 24 SRCNN 340 1 2 ROBE (1) i
NIETE, DU KPR B M = S0 v 2 el () ml 0l % o 1208 SRR AL 1 35 R R H B

159



AT R $¥51248 Research Report of Data Mining

KEM 1B (T100km) P2 1/8 B (712, bkm) AW ZE A% 1E 2% (8] 43 A0 = B 3l
Gk BKEINEI LR BuAk, IR 1AM SE FE E SO AR R R SE
#H (NEXD “FERMEZR, M TAEZ RIS N6/ 20 24 ESM AR,

Mk -

https://www. aminer. cn/archive/deepsd-generating-high-resolution-
climate—change—projections—through—-single—image—super—
resolution/599¢796a601a182cd263b2d1
> BAEE TR

¥ B : Local Modeling of Attributed Graphs: Algorithms and
Applications CJEPEEMREHEE.: FiES5NAD

fE#: Bryan Perozzi f#1:, HFIifi’y Steven Skiena #F%

WL : A SCEE SO 1@ R R S ABT . $4 vl DA E 1R
FT BN B E S, RSO A R OLER T R . B R B R T VR B
OV AU R R gk B 2 R, IR R E BN o IXRHT 77V g 1)
Fhox ok 2 2 H RN T X 285 H B b 2 23 S0 [ AT 552 B 9

Rt

http://perozzi.net/publications/16 thesis. pdf

¥/ : User Behavior Modeling with Large-Scale Graph Analysis (JH
FUAT A T R 40 #r A

YEF . Alex Beutel 1+, SIifily Alex Smola ZFZAH Christos Faloutsos
iz

WICHREE: ol @R AT 8. IR BN R B
LMz, R E A AT A R, B SCRBUA R, B Sk
KM WRETER. XL @R FREESRENME, Flunsg 5
[H] . AR Z B PR
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Rt
http://alexbeutel. com/papers/CMU-CS—16-105. pdf

PafE: Mining Large Multi—Aspect Data: Algorithms and Applications
(29 2 7 8 : HiES5MNAD

Y% : Evangelos E. Papalexakis -+, H S Jfi’h Christos Faloutsos
Iz

WL KRS, R3] 7P A B & DE . AT RS A AR
ik CGEERRKEDY) » IFH TR, 275w AE A .

Hbhik:
http://h5ip. cn/EDpe
<> BTG L2 (Testof Time Award)
¥E: Training Linear SVMs in Linear Times KDD 2006
fE#: Thorsten Joachims #(#%

WICABER: Wi TR PE SW VB IR, X RO TR
HERIRR R B AR ARG J7 . SRR Y g 8 D T SR ZRER 1 SV,
2 SYM BE RIS . 5 BLAT I IEALE, IR REIMER. %, B
AR a7 8 5 T 90t K, e LR IR 0 2K iR 8 R TR PR R S
=, SR EA SRR 22 R RN A B I beifE, X585 1R g At
A Ta] R IR T IR B AE AN BER BE s b dJm, i BA W] DLAR B R B SR 1Y
FRAURl A R, T RE T LASET IR FE 4

Mk

https://www. aminer. cn/archive/training—1inear-svms—in—1linear—

time/53e9a5afb7602d9702edbd06
<> SIGKDD B3 Al Hi 55 K%

QU TERAE . SR L (PRI RS
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AFr % (Innovation Award) HZEfEFL (PUSZIREREERY:, SFU) 31,
A TR 30 F2 90 A0 2 FH 2t ) G VE DR Mo 2 B RT, K5 A A A AR A2 i A
A B P28 5 1 o AR LA R S KT VR £ ER W%, A 4E FP-growth A
PrefixSpan, EATCHOVI MM, FFPEEE 2R BOR-BATIR T TR
PR e AR NEHESZIR F 45 R 2 IR E 22—, i 2= R8s 1 %
JIRZLZ%

MR55TTERAE . Mpuiidi L (FEERECRT)

WHIRSTH (Service Award) HI#sRiE L (FHERHCRY:, HKUST) 3R1S.
MR BRI L AE RS RO BR F2 40 AN T e SIS A HH R TR . At B 4R
f£ ACM KDD 2010 ) PC Bk & F %, Jb it ACM KDD 2012 K 4x £ i M1 2015 4F
IJCAT PC EJ%. DAK ACM IUT 2009, ACM RecSys 2013 FlI TEEE 252>y (e
FRE . MOEAT IS BAR 2R TR 2 R 0 R, AHE 2017 4 ACM
SIGKDD WAl %5 2 & A 2> . 20174 1JCAT 22 5 2x A1 2017 £ IEEE Al Ten-
to-Watch Zfi 4. flljE ACM 1 HE R4t SR (ACM TIST) 845 £,
ACM TIST TRl Ay 1 ACM v 51 Y e 22 I Tl . — .« Aihi& @) 7p T TEEE JKHH 52
ST, JHEE T, REBRERYFREIETI A E SR Hif LR
[ 4240 . M2 1 F0 STGKDD )58 71 SC 53

< KDD CUP %%
HRATHS AT (Travel Time Prediction) #H:

H—% . Convolution P\ (FHK ) Ke Hu, db5ifn=sfik K% Huan Chen,
KR Pan Huang, 3[H]/A ) Peng Yan)

B4 HREAANBAABN GILR ) Huang Yide)
RFRTIM (Volume Prediction) #H:

H—4: Convolution P\ (4t M) Ke Hu, JdbEIHiZHT R K1) Huan Chen,
W) Pan Huang, 3EH|A R[] Peng Yan)
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4. Black-Swan A (HLA&H) Yitian Chen, EFRINTE KFH Jie Zhou,
BT K24 Jie Lin, W&IHAT Hao Lin, HZHJ Yang Guo)

KDD CUP 2017 i B AR =it ST BB 2 HAAHLZ, S4FEK)
TR R A BRI A @ E TR, B TR I s IR Eh 1 e I
B, AZCIEE B TR SRR, I OSSR S AR I SE A vR 7 AP TE
Mo %56 TE B ER St BRI A AT B SE . 7R A TR I8 AU
WARTFR TSt IRE S, SR AL S A8 38 RO RD e i % 26 1 2 1L, B AR IR
St R ANAG1E, DS AS@E PR . KDD CUP 2018 343 AR AT i [H]
T (Travel Time Prediction) SAFRTIMI (Volume Prediction) PINT3%
&, LARA MRS 3547 XBMELZ N T HFE. Convolution PA (THAK I Ke
Hu, 6502 K K% 1 Huan Chen, (%X Pan Huang, 3% M2 w1 Peng
Yan) BN

o

o LRI

2017 FEH SIGKDD K& IRF A M ri 46 Hlaw s> o R GINIALAZ I 2%
Sy T ORI GRS I T R AR S =

3
- 1at O =
Competitive Performance s ]
Ad Exchange /;-b & ‘_
i @J‘ o) =
i Bipartite Graph e @ =
2" o Feature Selection L H 4]
Ll X ) = 8 5
& Training Data ‘", Or?, =4 2 =
&L . 4 3 o
& ‘?yb } 0, = m o
(_.-e ‘-\ % /56, E o
<, =) o
P, O o i —
¥ = /=]
TR , S 7]
. &7 U M =
@ o %, % & e -
- G 2 S, B a2 . S e
C 47 2 o8 %, = o
S U & o () = &
8 e, = 3 3 QO
U "‘J‘,-‘ P lw) = : RS \6‘
= 0, ’_)9 ’1:,1,‘J o /,b& Feature Engineering ,{gz >
v 4/ H L @ 1 LN S,
S G %, D . E&
) By W 4. 0 Q, e
o, 2 e o L7
L NC- L S N o P &
%, % % L e &
05@ b Of}q.. Black Box P RE‘,Q’ v
% F & o
D, U_-} $’L Q,(\
3 L .o
Complex Network ~_s8° & ¥
& v
N e N
[E 55 SIGKDD2017 £ A m A= E

W85 >] (Machine Learning) % EMACEME .
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¥8: Industrial Machine Learning

YEZ: Josh Bloom

WICHREE: FEENL ) Al g ) 5 8 i T EdE RGHE &,
R B AR A 0 SR A AR A . R A A B 3 i Y 3 SE T S 481
RG], ZIR SO EE 7 2 MMV HLE 7 ST TR SRATT %, I8 3 UK
FE=AN R R 2TV B AR S B A A R AR 4G 5 . 2257 B A %
ML CEFRIAG R =R DL RS 0 ) g ek

Hudk -

https://www. aminer. cn/pub/59ae3c262bbe271c4c711482/industrial-

machine—learning

¥/ : TensorFlow Estimators: Managing Simplicity vs. Flexibility

in High=Level Machine Learning Frameworks

fEZ . Heng-Tze Cheng, Zakaria Haque, Lichan Hong, Mustafa Ispir,
Clemens Mewald, Illia Polosukhin, Georgios Roumpos, D. Sculley, Jamie
Smith, David Soergel, Yuan Tang, Philipp Tucker, Martin Wicke,

Cassandra Xia, Jianweil Xie

WIRER: 23l 7T E Ik, PR s 2 ST A A
MIAEZE, H R ML E Rl ), DR ISR BRI A 77 AR
ZRACVE F P 2 B ACRS R E SURR A, R it T — AN gtk gk 0, e mE
ML TR R SR R A SO RSOY T g . I AEAS R A B Z IR BRI api,
i3 PR TR AR ST AR B, RTINS SR 03— AN S RTRE P e R s A R 4k 28 45
(RISEBer, AT T 0T SR ik A A ] B (1) 3 4 75K

Huhik

https://www. aminer. cn/pub/59a02d5eb161e8adla7b6d50/tensorflow—
estimators—managing—simplicity-vs—flexibility—in—high—-level-machine-

learning—frameworks
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HAZM L% (Social Network) HEIHICFEM CE.

¥ fH . The Co-Evolution Model for Social Network Evolving and

Opinion Migration
e : Yupeng Gu, Yizhou Sun, Jianxi Gao

WICARBE: Ao WA AI TS RS PRI A% I8 W A I P IEAZ IR, 73331
BEATHEIC . AR SR TN AN B G AT R AROR AT T i 114 A ) 3
MR, LR 5 R ORI ) DX 2% A S AR T 22 4 2 ) 2% 25 4 2 R 119 )
VEXEMAR A . D7 A RERN], R n] IS 2 LR, feiriEid — &5
o N S LRIR RGBT 0 N AR TR R A R, TS R T
R e HE ISR

Hohk

https://www. aminer. cn/pub/59ae3c262bbe271c4c71f4f4/the—co—

evolution—model-for—social—network—evolving—and-opinion—migration

¥ & : On Finding Socially Tenuous Groups for Online Social

Networks

g3 : Chih-Ya Shen, Liang-Hao Huang, De-Nian Yang, Hong-Han Shuai,

Wang—Chien Lee, Ming—Syan Chen

WICRRE: DA AL R R IR 78 £ AR th e AL N 2 I A % 1 18]
SRIM, FHRAL S ARARMAA V2 EEM M 2RI k=M MK
JERBFIMESINE, Sl TR/ k-=ATEWIFRE (MKTG) , ¥t 1 TERA FiI TERA-
ADV PRSI, FFH R 712 ROt g vk — AR i MKTG i) @ a2 SRR AR
AR AR o & EHAL T A 7%

Mk

https://www. aminer. cn/pub/5c8bea0a4895d9cbcbb8c7cl/on-finding—

socially—tenuous—groups—for-online—-social—networks

¥f8: Unsupervised Feature Selection in Signed Social Networks
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YE#: Kewei Cheng, Jundong Li, Huan Liu

WICHRBE: A S BRSO R AR 18 B ST AL RO SR S ] 2 TR R I 1] 52
B BWE FAHRAZ B IZIRSCHITTT 2544+ 28 P 45 o () — 1> 37 R TG i B A
B, FRRM T AT SignedPS MESE, SRAUE TR EINIE BT ORI LA
JUBAERAL S ST IR P R FOHTE AL 1 AT 5 A A W 2% rR [ R AR AT A I
TR BN S NRFAEIE FRAE SR, AR PR 25 44 4R 58 X 48 v Y P 22 Tal ) —
B Al B AR o FEALASPAE _LH SEIIE B T HE SR B R

Mk

https://www. aminer. cn/pub/59ae3c262bbe271c4c71f4df/unsupervised—

feature—selection—in—-signed-social—networks

HEFE RS (Recommender Systems) & #l:

br fB . Collaborative Variational Autoencoder for Recommender

Systems
Ve : Xiaopeng Li, James She

WIS AT IUHER: KRG T IMEINE AR GTE . % R a8,
AR SCIR Y e 2 AT BT [R5 REHERS P9 AN P ) DL B 2 i A
AT DU B 1R 7 O B B P 2 SRR IRV AE R AR, IR ATy
PRI T 22 I H 5 P Z TR RS O AR o T2 R 7R 30 e 8 ) 2 4 % 1 2 [ g AN
FE WL A ) 2 5] AT AE 20 AT, JF HL AT DAREE 5y ™ Jee 21 3R LLAM ) HoAth
LA 2B RE S B E AL T IA A s, R & st.

Mk

https://www. aminer. cn/pub/59ae3c262bbe271c4c71f4bc/collaborative—

variational—autoencoder—for-recommender—systems

s : HoORaYs: High—order Optimization of Rating Distance for

Recommender Systems

YE2: Jingwei Xu, Yuan Yao, Hanghang Tong, Xianping Tao, Jian Lu
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WICAESE: WD TR Qe ROV R G — RiAT I, BUE T
T STAE — B PR o0 R LU B BRI SR T — AR B R G
IBER TR (HoORaYs) o 7k O B ERIRR S vF s, HE A
AE T /METR — P S TE S A T AT SEBR o Z 8] (22 5%, AT TR — A
FEANFEIH RS THASERRPE 7 22 57 Z R 22 5 . R SCHe 1 — A RCH AT
PIRMFEZRRME, EERR S SRS, ARG ERTT %, A
RAG S UF I AT RE

Mk

https://www. aminer. cn/pub/59ae3c262bbe271c4c71£500/hoorays—high-

order—-optimization—of-rating—distance—for-recommender—systems
PEE: Post Processing Recommender Systems for Diversity
Y& Arda Antikacioglu, R.-Ravi

WL : 1210 SRR T EHERE R SE RGN 2 AF TR 7 A, CREEAE R G X
T g DR CE 17 1Y) o sk 2% Pl FRvace % 1 B 1 il i, L 2 R PNV G
W] 7RI 2R SCE T A RIS SR, RIF RS
T8 LE BRI H RS2 15 SRR, IR IR 085 371 A B8 3 A 73 A1 PR 1 0
UE T /N AR R 28 00 VA AE BB AN S ke rp P AR 1 BRI SRR BT AL IX R 22
FEPENE S 4R T Bl 76 Netflix fl MovieLens FIAREVER AL RN T H
AR IR N5 2 A Doy v PR B ) R B 8 2 12 0 2

Mk

https://www. aminer. cn/pub/59a02eldbl61e8adla7b6da9/post—

processing-recommender—systems—for-diversity

EAh, SIGKDD 2017 i&PFik 7 M ARE R B2, WIS Daniel Hill 4§
N3RS, HARWT:

W : An efficient bandit algorithm for realtime multivariate

optimization
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Y3 : Daniel N. Hill, Houssam Nassif, Anand Iyer, Yi Liu, S.V.N.

Vishwanathan.

WICREE: 8 H R OCAOREE M T A A, SR I RENL S 56 e IR IR i 3had
PR B R PR 2 18] R A e, Ak, AESEEch, AR T kA

UL — AN T3 T o XA S0 P39 J5E AT J R 5K 22 )R] e (10 5 B AR A FH 7 T AT 4 ok
T ALz %R 3CE BT A H AW TR Z oAl 1 0T §9 AN R 414 2 18] (0 m)
REAC H AR SN U i o AR S — 20 I SR R AT A fle i3 2R FH W0 5 3 R 55
M, SEILT 21 % MELRIGK .

\

Mok

https://www. aminer. cn/archive/an—efficient-bandit-algorithm—for-

realtime-multivariate—optimization/59a02d63bl61e8adla7b6d54

2.10.6 SIGKDD 2018

2018 4£ 8 H 19-23 H, 5524 Jm[FE bR &R A B4 124 K& (SIGKDD
2018) fE[E e A I

A Je R F 1 B AG 0 1 B L5 e vk L R T SR R . A T B
HAEREI TR EAE . tranSMART R4S REHOR ' Yi-Ke Guo #(3%,
A1 IBM Watson Watson Health /NI E R A= Z M m ML Faisal Farooq
IR, B3 R R E U AR S HEOR RBERERAALE; B
PERE PP 22 0 25 F % I 3L 6 78 Rk EALR 7 515 B TR ¥ Bt Chih-Jen Lin
BAFEAMN L R E AR 5ER RS RN Hul Xiong BUZILFEHIT; Tk
RIEFE R RTAZENEH Google MARHEI K Andrei Broder 1 -LA1 i 4f
T FEALRL Y R M Myra Spiliopoulou i ILRI4EAE . A KH 99 EH K
3377 & 1EM T KDD 2018

KDD2018 s B A8 3 1479 F, Hp B FiEiR S 983 ks, B N ¥, H
A5 107 ki oral, SEHIE 10.9%; 74 55 poster, I 7.5%. FLUH %
PERIFEC 496 K, BV F#E, A 40 55 oral, sRAIZ 8. 0%; 72 &% poster,
T 14. 5%,
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KDD 2018 K51 1 10 2ot [ BE 15 Bt 505 10w S0 0t 70 03 R 2R 258 4%
David Hand, #73HARKZFEMAETFHE. B RFEUT S L& RS HE
2012 4F 3 DUR G ¥ K43 £ 2 — ) Alvin E.Roth, FERFGT KNG
2% DeepMind KB FE R} 2K Yee Whye The, Avanessians Z3EA}#0 5T
P, BRI KRBT AR R [ Jeannette M. Wing #(#%, #4717
R F R

SIGKDD 2018 HARSINE N
® HfERC
> BRI

PrRB: Adversarial Attacks on Classification Models for Graphs (X
KB 23 AL [P 0t ot Be i )

YE&: Daniel Ziigner, Amir Akbarnejad, Stephan Giinnemann

WICRBE: N 7R B 8, £ — PR 3 E R AR S R
BAIR LA gL R 8, RIME R AT DR s, Ao RERF S EE T

B HE B, BATMBGL R T ERE I SR B U5 30nT BAE 3 HAh i
SRt > I

Huhk

http://hbip. cn/uy96

PrfB: Xiaolce Band: A Melody and Arrangement Generation Framework
for Pop Music (Xiaolce Band: ¥ifT & 5K HIIEEES gn th A= e HESE)

g3 . Hongyuan Zhu, Qi Liu, Nicholas Jing Yuan, Chuan Qin, Jiawei

Li, Kun Zhang, Guang Zhou, Furu Wei, Yuanchun Xu, Enhong Chen

W &R AT ATEGHE EERE . R, QS RTERE
L RER AR fE . JTEER,  WT M AL &8 52 S BOR B shd#t A7 & SR AIERCON A
TR RO AT . T AR T R MR AE, ki AR RS2 T . IR
BUR S =R AFERFER B R T ZRFFANE — 25, [E15
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e SRR R L A L 2 U SR B BT el T Bk SRR . v,
WO T IREM A MG M EAE S 2 %05k, W& R 8dE (it a2 EH
) A E IR ERER R SR LSRR SRR 0, BT AT
AL I 22 AR A S A A AL (CRMCG) SR AE 5 B Az kAT Ir e s Wt
—F, EEMEZMES (ZADEH, RaEF5D KRR, JyRESHHL
Fo &8 V5 SIS, KB T — A2 ARG g Hi AL (MICAD

Mk

https://www. aminer. cn/archive/xiaoice-band-a—melody—and-

arrangement—generation—framework—for—pop—

music/5b67b45517c44aaclc8607e9
<> R HEEREER S

¥ B8 . Real—time Personalization using Embeddings for Search

Ranking at Airbnb ({E Airbnb H{s ik A 2L HELL Sk S TSt 14> 44: 4
YE3: Mihajlo Grbovie (Airbnb) , Haibin Cheng (Airbnb)
WICRREE: A RFALE N Airbnb &5 B HIF, B8 T4 #2217 46 1A
KDL, ALihE T SIS . AR A5 E 257 2k Bar, R4
L T e 2R B 2R R It

Mk

https://www. aminer. cn/archive/real-time—personalization—using-

embeddings—for-search-ranking—at—-airbnb/5b67b45517c44aaclc8607cb

¥ fB . ActiveRemediation: The Search for Lead Pipes in Flint,
Michigan (FRAREENG: ZHUR MR FETEE 2O

YE# : Jacob Abernethy (Georgia Institute of Technology) , Alex
Chojnacki ( University of Michigan ) , Arya Farahi ( University of
Michigan - Ann Arbor ) , Eric Schwartz (University of Michigan) #l

Jared Webb (Brigham Young University)
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WICHREE: B 7 gt 5L 17540, AR TIONE B BiE R gt it A
M, SEURSEER M SR EE, ROEEA R, HTWE. &5, RAE
R I IIBCFR B S I BN BT 8, FRATRR W 7@ T4 e B A 17
e

Mk

https://www. aminer. cn/archive/activeremediation—the—search—for-

lead—pipes—in—flint-michigan/5b67b45517c44aaclc860889
< REM R

PRf: Mining Entity and Relation Structures from Text: An Effort—
Light Approach CASCARHHZHESEARM AR Z: —MEIAKITTZD

YB3 : Xiang Ren i+, HSFIA®HZRM (Jiawei Han) ##%

W R HARS B A& K EAD R U SO B 75 E AT IR A N B 2y
o BEREDERIN, ARSE I 1 SCAS TEPRE 2 He 2z g HIL 4% 7 B35 1) RRAR 35 K [Pk ik
AR ET RE R P R I R A S RN G REG M o AU E RUE T K — A TR
TR R JE B TR RS IR AL S iR 5 NSRRI R 28, DA Se AR Ak 2 25 T 451
S PLIRANTE 5 1 SCASTE R (RS o

ik :

https://www. aminer. cn/pub/5ecfaaf49e795eb20a615022/mining—entity—

and-relation—structures—from—text—an—effort—-1ight—approach

P : Probabilistic Models for Credibility Analysis in Evolving
Online Communities (FF£& kX AJ415 B BT MR AR Y )

YE3: Subhabrata Murherjee i+, I 5Ifi A Gerhard Weikum Z(4%

WICHREE: AN TR EIEER, B DAMHAELEX h 2R
[ AR A A A —— e P A2 B KBS MR N A ——K B sh il
JUOTHRIIFE L N B AT E P, DU P B b iR S L AR
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Hohk
https://d-nb. info/1137509414/34

Frf8: Characterization and Detection of Malicious Behavior on the

Web P 0T AT B AT A IREE S IR ARSI D
Y& : Srijan Kumar f#-+:, HZIfiANV.S. Subrahmanian #F%

WIS : A SCHER I A M — B AR, HTEZ A web 1 G
EHERA AR RIS UADAS [F) ST % AT N —— TR R A SRR L (R AR
EREAVE DRI . IXERBIR I M X X 2% LIRS AT R B T T AR (Y A

Mk

https://www. aminer. cn/pub/5c2c7a6717c44a4e7cf306d7/characterizati

on—and-detection—of-malicious—behavior—on—-the-web
< BHEAEESY. (Test of Time Award)

¥ B8 . Factorization’ meets the neighborhood: a multifaceted

collaborative filtering model, KDD 2008

YE#: Yehuda Koren

WIRER: X0 SCE A R R i pr e M BRGS0, 1R i
& Netflix KEEFF 1 100 3L E Ty @3CHH 17—~ —fUHESE
SRR G A A (B W ARy “ AR ) MEiG, AR
FOOTRBAE S RS R EAG TN AR5 = AL I O¢ AR I doe A 28, s £ [ i
YU B 22 A Rt At T 5 R 2 B i I R AR R R S A . BLRIS RITRA
EEMSEHEXL.

Hohk

https://www. aminer. cn/archive/factorization—-meets—the—
neighborhood—a—multifaceted—collaborative-filtering-

model/53e9bc74b7602d9704814169
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<> SIGKDD 613 Al ik 45 K%
B TTER A X% (FRIE R Z e

fIHT% (Innovation Award) ARG 2 IR AL B SR 802 3k 15 .
XA R AR AZ IR E RGN, BB ST WS IZ IR 7o AU 0 1 # 2
—o fRPFEFRFEZINE 4L (University of T1linois at Chicago, fi
MRUIC) HENEF: RIRFEIR, TETEBRPHREGAN LR G L. g
F 2013 £E4H4T ACM STGKDD [ (2013 47 A 1 H&E 201746 H 30 H)
WAV 2 H AR BOYE 12 98 AR 2 W E T (RS ICDM, CIKM, WSDM, SDM Al
PAKDD) , fti4H{F: TKDE, TWEB, DMKD %&HATIMJEIF4m: ACM. AAAT Al IEEE (14>
+ (Fellow) .

HRs5 2. JEARBSE GEHRRE)

2018 Ik 45 ¥ (Service Award) H G KF I HERKSG . FRAREZ
AMiner BER % . 2K FHENF 2 S5HARR B k27200 255
T/ &3, A 20 TEF . 5| 8L 10,000, i 4T CIKM 16, WSDM 15,
ASONAM’ 15, _Soelnfo’ 12, KDD 2018 fl3:Ji, 2121 KDD 11-18 BE& ., 1EEE
TKDE / TBD il 3: 4] PC & 32 /% A1 ACM TKDD / TIST.

< KDD CUP 33§

2 —4: First floor to eat Latiao PA (H'E§ K% H) Haoran Jiang Ml
Binli Luo, JbETHBHEL K% H) Jindong Han, Juan Liu, and Qiangian Zhang)

B4 Getmax PN (BT Zhipeng Luo, Jb & K% H] Jiangiang Huang,
fiT BB B2 Ke Hu)

KDD CUP 2018 T Filllle B R b i i = Ml &,  HZ e Lh A8 h g gl o
] b R (R A6 2 2 o L3R 0% T 7R ZE TN AR K 48 /NIF P PM2. 5, PM10 AT
03 MR FEE (A3 H 3 B PM2. 5 A1 PM10) » A4EELFEILA K H 4180 S BIBA
(1) 5687 i ZFE¥FZ Y, Eikiid 3000 frk/H K 49 A~ E %K. First floor
to eat Latiao RIFAWFEENN 4. AP EM (PO , AT (FTEE
D, #IRsn (Jbnt R MR Getmax FB\A4E KDD Cup $REEPEE—, —
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TSR =, EME— L =IO BN . L AEZ BB 2 4] Convolution
FAHALHE 7 KDD CUP 2017 FYXUKE &2

BRIz 4t , SIGKDD 2018 ik 1 f 3 o A N 2L ANH) 61 A A K o f o o
N#H1 George Valkanas 3453, X —3ILHy SPC §244, Hi it & S MBI 18
RIRE . WIAIHFIBNE (startup award) 75323k H RN 70 5 2 B fE — &,
ASTOUND. % fZ#H¥. FactMATA. Infilect }% Zugata.

o MEMILL

2018 £ HJ KDD 1 X ik /& 4 NP S Track, 7 %l /& Research Track F
Applied Data Science (ADS) Track. Research Track fEUKHI1ECH, Deep
Learning. Representation. Embedding #HRHIIE SCIAF] T 46 e, RULIKEIX
B2 IVER F 8, Supervised. Unsupervised. Transfer Learning #HI%H]

WYAH 41 'SP H )5, Graph. Social. Temporal. Spatial fHHIE LA
31 fm o ANHIA IR FERREE X 25 . IR BE 2 S FERE R 40 B AR W 3.

= & %«:'-
o 5% 4;,
& : :
30" Embedding Method % S,
..}. : (] o
9 & Previous Method C G
® o % %
& £ % = %
g . o \(‘—‘? 'g Dn
0\3? \_‘3."1 _'b'D \'s = 'Q’ 47?0
¢ O » \\} L 47 - (S e
L o O & ; 3. ‘s - e, "
2% 37 Sl 28 Q0 G Z > Lo S
ol m 8 To, . g Yo o 8 @
OV & Y P ol A = ] u]
o e 2 £ %% & L o <
Q¢ c m =) M R VIR = v, 2
w] o 2 o L ) e (e . = ()
& s 3 w0 = i B © (+ ] (1] e
4 = i} a P2 o, % = e
L o 5 5 o Deep Neural Network ™2, S 3 @
= B g ] o o - s
—_ W E _E \\\ - o
"’ O m = E > L E
= = b3 ‘@ . ¥ P o G
o se 5 = e Big Data 2k By = ]
o as 2 5 - Data Sample .g i o P
= g » @ Bayesian Inference
- o« ©
A
2
% %,

His__téri'cal Data |Tansfer Learning

o __:- b= lle
St A Challe

“E'.}- o
r:,—r)f. ’ }\9":{_ =l
0 %
’L’E}o, : } N/).J
G
56 SI1GKDD2018 £ 35 #4 s Y17 = (&

IREEMHZL 2% (Deep Neural Network) /8.
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¥ RH . StepDeep: A Novel Spatial-temporal Mobility Event

Prediction Framework based on Deep Neural Network

Y& . Bilong Shen, Xiaodan Liang, Yufeng Ouyang, Miaofeng Liu,

Weimin Zheng, Kathleen M. Carley

WICHREE: TR, VWWERABIZH T %8 0E 1 POT Z 8] P 7E 1 =% (8] A
I A A R, SEAEAF PR T2 AR 2R T — TR
Mg (StepDeep) (IS ERZ N HEAFFIHELE, FEH 17— Fbal LLE 2 5 5
BEAS POT 1) =% () FTE TR B (138 A 2o StepDeep R I ik 44 5 (1 I [) U 5
FAVEP A 22 [ UG B IR A5 AN I 28 UG BRI A% & JF 21— > R 4% R I
it 2= A StepDeep WA I AN BAT S =y (M ONAR 5, R LA F9F
2 I B AR 5

b

https://www. aminer. cn/pub/5b67b45517c44aacle860865/stepdeep-a—
novel=spatial —temporal-mobility—event—-prediction—-framework—-based-on—

deep
RIE 2 >] (Deep Learning) H5:

PrRH . SHIELD: Fast, Practical Defense and Vaccination for Deep

Learning using JPEG Compression

g & : Nilaksh Das, Madhuri Shanbhogue, Shang-Tse Chen, Fred

Hohman, Siwei Li, Li Chen, Michael E. Kounavis, Duen Horng Chau

WICHRSE: BT IREMZMNLE (DNNs) XfSEH BT EE AR B # 2, %k
SCRE JPEG 461y SHIELD B AR ZE R A% 0, A LI REA R “ 4 hR1%
Z#AF. SHIELD i8I 8 MY s 2 R GO R AR HEAT AR ok “Hichh” A, fETk
245 PG o N AN (3] B 48 28010 LA A= s i 24 A8 R AV 97 0 o — 2 o6 P 1100 22 3 A i
o B M, A EAIBENLAL BB R & (€ SHIELD o 1 ssfb i) 2855 N 1B
MRS SRR, ZI7EAE R &L 98% Y i s KX HiiE BOR S i B9 K &
Ko
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Mk

https://www. aminer. cn/pub/5a9c¢b65d17¢44a376ftb831b/shield-fast—
practical—-defense—and-vaccination—for—deep—learning—using—jpeg—

compression

Prf8: Active Deep Learning to Tune Down the Noise in Labels

YE#: Karan Samel, Xu Miao

WICHREE: 0 B 5 ST VR R 52 B AR 2 TR B R PR 1 1) 8, 28 SR T
— PP B EBRE KM (ADD) J5vE, ZTVAE JoE L DNN MRS, SRS R
F B3N S FIR R A A e . IR A AT, R ZEH Logn il &)
oracle, A n B2EHEF MR NN HSELEIRE, %77 7EREA RO K T
MR ZER 1/3, HZ oracle BUEHI BN 0. 1%.

Hbhk:

https://www. aminer. en/pub/5b67b45517c44aaclc8607ae/active—deep—

learning—to—tune—down—the—noise—in—labels

#EFE 290 (Recommender System) /.

¥ A : Graph Convolutional Neural Networks for Web-Scale

Recommender Systems

YE # : Rex Ying, Ruining He, Kaifeng Chen, Pong Eksombatchai,

William L. Hamilton, Jure Leskovec

WICREE: K B S5 S s (IR AP W 28 9 i 21 web 20 BbAL . %8
SCIFR T — MR A R SR (GOND Bk, ZHEIRES A I BENLI3h
AN GBI A Bl 2 R S5 AN SRR B s (RDITED A . 52FH
() GON J7 A b iz S AT BLUINZRAN R EE— M GON s R DU A B 21 1 7
FEIC A R IETREE RN W e KL, Do —ARSE T G AR SR S5 1Y) web 23
ARG 1B

Mk
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https://www. aminer. cn/pub/5b67b45517c44aac1c860876/graph—

convolutional—neural-networks—for-web—scale—recommender—systems
PE: Learning Tree—based Deep Model for Recommender Systems
Y2 : Han Zhu, Pengye Zhang, Guozheng Li, Jie He, Han Li, Kun Gai
WIREE: RGN ERA R B, 20 SRR T — Mot T
BT . AR DL E i i 77 2Nk P R R R P T SO
RS, MR 2403 F5000 FH P D8R . Z8 SOR B S5 A v DR & 22 2], D
B G Hb e N P B A, MIE T ISR AT . SEER 3R B, &V AL
TG . EFERRT S e BAgs RAUE 7z ok ma 2ok .
Huht

https://www. aminer. cn/pub/5a9ch66717¢c44a376ffb8969/1learning—tree—

based—deep—model-for-recommender—systems

B B :  xDeepFM:  Combining Explicit and Implieit Feature

Interactions for Recommender Systems

Y& . Jianxun Lian, Xiaohuan Zhou, Fuzheng Zhang, Zhongxia Chen,

Xing Xie, Guangzhong Sun

WL TR, AR O T UM T DN K 7o i, E
it DNN A7 FEAEAL ) b R A R iR 28 TR )l e 208 SR T — BT
AAZH Mg (CIND L H A2 DL 0 7 200 [ B R i P A RS B R —
CIN Al—ANZ2 S DNN &5 5 e — M40 AT xDeepPM, REMS R 2 22 > L ds Ay
FEEMIRFOEAZ EL, Al PARE A 22 S AR R A= B R 1A B

Mk

https://www. aminer. cn/pub/baed14d617c44a44381594f8/xdeepfm—
combining—explicit—and-implicit—feature—interactions—for-recommender—

systems
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2.10.7 SIGKDD 2019

2019 8 F 4-8 H, 8 25 Jm EBrail kIS Bdla4248 K& (SIGKDD 2019)
S [ B BN T 22 50 7 3 T T

AJE R F B TRl R A& 5837 FiR KIS 8dRETZ498 (KDD) 45l
[y f5t B R 225 ACM STGKDD 613722453 4 Vipin Kumar #REFHE BITE AL T K2
TREFRFEA IR 75 KRG 202 . B0 e46 145, 8T ACM
SIGKDD MR AN B2 I8 4 1) /N A5 B Ankur Teredesai ##% 3t
[FlHAE . 50 3808 £ % U e 75 18 Rt EALRL 7 5 TR & B4 George
Karypis ZMB LUK AR REEX Evimaria Terzi HERAE, NH
FRIE T2 1 26 [ B L WOR 7 1 BALRHF 1 L Romer Rosales MUINEE K AT &
WL R 22 EALR #1E  Ying Li $04E . B B0 R 2 R 3 e 320 BB 3
PO P SR 5 B W o AL BB E B R G R Hui Xiong #d%. B Rt
HHLEKS &l Sofus Macskdssy M 4. FE 45 /R K% HHLE S & Johannes
Gehrke #(#%. H Deepak Argwal 1H4E, N FHEE B 74718 /) A £ RN i1 IBM it
FUELHY Chid Apte fHF. KDD 2019 A 3150 fEfZad, bR E a5
51 AMES, by 443 e

FHREAE Si v R, 2019 4F KDD (16 SCVFH 43 A58 (Research track)
AN (Applied track) P KZEiE, HAAFEFEE LI E|2) 1200 &N, &
2440 110 FBEUSSR N Oral 3L, 60 FHEISCH Poster 130, ANIEZZ) 14. 2%,
J FHZE T8 WU E] 700 R s 454w, Hod 45 R EIRSE N Oral 30, 100 F#E UK
N Poster 3L, AIEZEHN 20. 7%,

KDD A2 4 12 4 40 35k [ By B v ) e AIAESEAR TR A2, 2019 4R
KDD R HI W E e, HEBEBIFW SR “rTEIME” , BT 4MNE 7
HMRAE N R AT BB, ARESEIG 5. KRRt R, EEAER
JEIURT FCACKD AN, BT P ) Sy AR 5
SIGKDD2019 EARFR 25N -
® X
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<> RAEFRAR T
PfE: Network Density of States
YEZ: Kun Dong, Austin R. Benson, David Bindel
Hbhk

https://www. aminer. cn/pub/5cf48aledab6291d5827f21c/network—

density—of-states

WXRRE: 1ZW 18 3R1E “Research Track” Best Paper #. fEARH,
WERFIRANIRR T B TS % B 0. WU T SRS B T
TR, FRERIN T B S SR AL B DL T RS R AE . W SOV T AN
B B 10 A2 E RS R B, UEBH TR BT IR AR m k. BR T
RS b5l N3 H TR AR S0 41, B 7R T 1% 25 8 A v ] 14 4k 17
2 WL B R TS, IR R AT O T RIS M B R R, XL
5 AN R AR B R fUE X HE T H K

PRE: Optimizing Impression Counts for Outdoor Advertising

Y2 : Yipeng Zhang, Yuchen Li, Zhifeng Bao, Songsong Mo, and Ping

Zhang

Huhik

https://www. aminer. cn/pub/5d3ed25a275ded87f97deb3f/optimizing-

impression—counts—for—-outdoor—advertising

WIXHREL: ZRL R “Research Track” Best Paper 3. AICHEHIf
WA T AEB B REE ORI - 4 & se . 4558 — AN S R
HAEE U, R EAT S A — ML B — AN RS — AR, — N E T
A—NTE B, B HA R BIETR TR K —4H) 5. R 5 H
WEATNOETE, BAVEE U R, RAZERECE S S GREEAF
TR X P ER R . SR, AR T RN RR: a) FRATTI 1)
F& np MEYERFUAML O (T [1- € ) X FATAT e >0 FELZWBT P b) FEmE &
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AR TR, AEH BRI TR, Bk, BATRE — M T OISRk
THSRF AR R BOR A T 1 5. WA BUE, BATIIA 415 0 —termination
FAFFIRESE, SEIL 0 2/ (1-1/e) HEfALL. R, 4[URKEF, X/AMHEZLIEHFE
o DL, AT Heb ATt B AP B BT ARG IASEIL 0 2/ (1-1/e- € )
ALK ELAG I 8 3 AR 1IN TR SRR R BRATIAE LS ) 5 R s 4 B AT
TSELG, JRAREIPTIR T VA B R R R 2 e 95% . bk, ARAL I TV
JFEORIAEZR R 7 KR LIPS

& BB

PR : Action Speaks Louder Than Goals: Value Player Actions in

Soccer

e : Tom Decroos, Lotte Bransen, Jan Van Haaren, Jesse Davi

Mk

https://www. aminer. cn/pub/5¢8d2f1f84895d9cbhc643c2c4/actions—speak=

louder—than—goal s—valuing—player-actions—in—soccer

WL %R “Applied Data Science Track” Best Paper .
PRAl R BRIZ BN G LE B8 AN AT B BT 1) 5 e DA AT T 0 S AR bR . SR
REZBAE GARARAE R UL RAT S BOR AR WNE, AT R R
FER A LR BRENAE,  LLan st ITAIERR, i 240 TAT B . AT A0
RHTEATE: —MH TR S ADERAMERINE S BT X 3k
25 SRR PG AR T SR IR R ERIHESE, [R5 & T e R AT 5t

¥ A . Developing Measures of Cognitive Impairment in the Real

World from Consumer—-Grade Multimodal Sensor Streams

YE%&: Richard Chen, Filip Jankovic, Nikki Marinsek, Luca Foschini,
Lampros Kourtis, Alessio Signorini, Melissa Pugh, Jie Shen, Roy Yaari,
Vera Mal jkovic, Marc Sunga, Han Hee Song, Hyun Joon Jung, Belle Tseng,

Andrew Trister
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Mk

https://www. aminer. cn/pub/5d3ed25a275ded87f97dea9¢e/developing-
measures—of—-cognitive—impairment—in—the—-real-world-from—consumer—

grade

WICHREE: %R FR1S “Applied Data Science Track” Best Paper .
A RSB R G CRRETHL. BEETFR. PR 13
AR ZE BRI, LUK S AR A, A S a3 2L
W A AT B o X SR B A T DUFZHR DA S RS (0 AR BRI T ONRRIE, N
S TR RO MCT S B8 iRt ERXWUTAES, ATRE T —4F
&, ITREAUAN SN H I I DIRE R AR DG IR N e i A LA T 2R R R 4 o
PATE 7R 7AE Lilly SRR AR DT 7T (12 a4 PEat 78, W 1 31 44
ARG R 82 4 L INFIRRIS I H AEVE 60 RO 1, iz Fa e T
AT 16TB (e . FRATIA T N o B8 —Hdls . BTG SR A AR, B
Qb3 B SR o A B R R A 2 SR IR B [ B R SR, BAIK 4y
REPR S 1R AR IR ], FCRE AR 58 4 T A B T S SR IR A

> WA A

¥ : Temporal Probabilistic Profiles for Sepsis Prediction in
the ICU

YE#: Eitam Sheetrit, Nir Nissim, Denis Klimov, Yuval Shahar
bk

https://www. aminer. cn/pub/5d3ed25a275ded87197deb62/temporal -

probabilistic—profiles—for—-sepsis—prediction—in—the—-icu

WICHREE: IREFAEARAETN, ZWANGYT, BUONEW Lot AR 2 ot
B P A4, JEHEAAAEREEZR, REESUR A F AR 25 A, X, &
IR T — AN 2 T S AT AR, JRATTHRE SRR Dy I 18] 5 % proFile
(TPF) , HTZ el B FP A B 0 RAFNAE 55 . £E TPF J5 . SR AR s I 1]
BRI R & e e SO — RV R A & SIS, X S R AL I 8] B
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(R ERF ) (5] B P PR REANAS . SRS, BRATVRIL T Hde b A = 2 i TRl s
RIS, FRATEIEE T A Sk afd, JLh A B bR I DL SRR Sk (1 i
R MR A . AR5, FRAVE A TPF 1E R TCHHE, a8 e 55425
SRV S TPF B AEAN SEAA [ B TPR () TPF BE B, 68 S A4 (1 it 18] 75 21 3k 47 43
FERTRI L AE R . FATE R B ILAME NG R R £ LI SEgn 45 L, TPF i 1
WCILSE R T RE 7, I HLLG AR LES 2 > J7 iR B 47

<> SIGKDD B3 Al Al 55 2

ACM STGKDD 13 22 32 S UK BLAN B Ha 4248 (KDD) Q0TI A 580 1) #5122
Tl BTN —AEES, AATE KDD S8 A H 3 AR G X 4 312 4505
HOEER I Jase S S /NN A b =iy Y 3 A e Rk AL T W A a
JiTe), B 2 DL AN 1 77 R B S B R L R G LUK R

Charu Aggarwal 18472 H 2019 FE G H 2L 3R1G & . /2 IBM TJ Watson
AR A B RN, HEEES L. BB B e 5.
KIS SORTEIE ANt A2 W02 77 18 ) Ak 52 o ik 52 21 7]

ACM STGKDD. Jilt 45 2% /2 AR J S AR B A 42408 CKDD )83k, v a e 1) e 252
BTN HAEEE, DRI R A EE 2 s I A %
Mb AR 55 A TR

BM Watson Health HJEE S A H LHEIT Balaji Krishnapuram R &
BL2S 2 2177 b DA B2 97 PRAEE At 2 i oa kT 34 2019 4FEAR 5522,
< AR O

¥RE: Data Science for Human Well-Being

YE#: Tim Althof

WXBE: RSB NRSE (BFEEREFINERFER) e
LA T FEANIAT R . XEEER AT IR AR R T e S0 bl
KeSLILF TR 2E T, AR AT RATTA AR 3SR SEARE 1 H ) ILAE
{H5%, BEMNIXECEHE FIRAG AT I ILAR, s BT o, X5 vk i
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Re LI Bz B “997 BHRFAORRIIRHAEIR, el LB T 5K
PSR B . AR SO, BAMER TR TR %, 12055
T BOA T NSRRI ACAT Sh U R B s sh B . X5k Es & 7R AR
YEA2H, AR AT AN B SRTE S A DLAE,  DASEREFRATIN B O (1 AP -
a) BAVETR T R A 73 B3I IR 8 U e 455 7= T 570 R A R JR0 11 f BRAN-T- 25 B
Fs b AT T T S o] S B T 0 Bt AT R IZ R AT 25 o)
FATUER], X 422 51 BEAZ T (1R 38 5 AT S A ) DA fry BRATT XS R AR AT DA 1R
BURERME; & fa, FATHE B IRTE 5 MBI vE L 3 B ek Bon A el
R NATT AR 55

PR : Multidimensional Mining of Unstructured Data with Limited

Supervision
Y2 : Chao Zhang

WOCHRE: AR S5 M SO Bl 2 B B E R B2 —, AR LA 25 A
5 EMGL R B T R e AR B 78 45 QU 1) B R Bl 7 R SR b i SOk LY
TER o AHAZ, K KBS e 4 9 2 4 AR IR 2 A B 2 98 50 R ek iz
Dyfi R Bk . AEA SO, FATSE I 1A BRI E S R AR S A SO R e
B Z AR EE . BATFAH ML ORI a) W 1E 2 AN 4EE o 75 1
PEA AR SRS AR A s b AT D2 482 [ (1 25080 Hh SR ORI

N TR BB, FATRE T — DR 2 EREE A AT KA .
R SCARBAR BN 2 EFIRI, SR RESE R A AR s RIETEM
PSR W, R LLRIGHISRIE 4E RN, KON 2 GERR AR A e v
EAn Y 22 4 7 1R DAAS R RDRL BE IR S5 A 55 M oG i Bt It — D IR U2 4k R
e HIR, HT 248 SN R EE LA ZIE . XL
Sl T VFZ N HIREFr, IXLER FHRE e 7 2RI 108, X S A R & v

< KDD #H B3
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2019 4E1 KDD CUP L ZEdt A #ad 2800 ik MBS 58, XTI H 39
MEFFMX, [BIFET 230 NMFEARFH TN, S5 N 1T 5000 ALL L,
PAZ T 17000 IREEH . A4 KDD CUP 70 N ="3%1E, 7l &

HIINLES 2] 35 %% (Regular Machine Learning Competition)
HHL e85 ) w3 (Automated Machine Learning Competition)

[Research for Humanity| 5wt >]5%5% ( [Research for Humanity )]

Reinforcement Learning Competition Track)
PGS 2] SE TR LA 5 S S8 Rl | 2R B, 0 AT 55
55— BIEG IACIE Ty A HERS
55— JFIBO 78/ B Pk

£ %5 — B ek 54 BA A% 72 N s Shiwen Cui, Changhua Meng, Can Yi,
Weigiang Wang, Xing Zhao, Long Guo, >iH M4 fiks

W ZE A BN % 51 N . Hengda Bao, Jie Zhang, Wenchao Xu, Qiang Wang,
Jiayuan Xie, He Wang, Ceyuan Liang, KRB EWEHUE. @A, HH. it
B RS, B LR, HARENIM .

f£4 B % B PA & 51 A : Keiichi Ochiai, Tsukasa Demizu, Shin
Ishiguro, Shohei Maruyama, Akihiro Kawana, > H HZ< NTT DOCOMO A&,

WZERHNK 2 N: Yang Liu, Cheng Lyu, Zhiyuan Liu, €H & K%,
PaddlePaddle 5%

¥ EN: Xianfeng Liang, Likang Wu, Joya Chen, Yang Liu, Runlong
Yu, Min Hou, Han Wu, Yuyang Ye, Qi Liu, Enhong Chen, kH 5 EElFHi A

Ko
B SIS 5 > 5838 2 DU U B

5t ZE 4] B\ % 2 A . Zhipeng Luo, Jiangiang Huang, Mingjian Chen,

Bohang Zheng, K H DeepBlueAl ikl K.

184



AT R $¥51248 Research Report of Data Mining

W ZE BN 52 ~: Chengxi Xue, Shu Yao, Zeyi Wen, Bingsheng He, 3£
SR Ry 2

[ Research for Humanity | s®ik >33 /H IBM Africa I Hexagon—
ML. com ).

5ot ZEF BN B2 N : Zi—Kuan Huang, Jing—Jing Xiao, Hung-Yu Kao, K H
el e RSN ES YA i e

WZEFNR i N: Lixin Zou, Long Xia, Zhuo Zhang, Dawei Yin, K H
HHRRZE. HARMIEEH TR K,

AR IO AN & AL 2> &% 5L, 2019 4F KDD %257 1 KDD MR, 1E 2019
T, KDD MEIHT P T T il 5 2] 55 38 °F & % Bh i Hexagon—ML.

Hexagon-ML $RAFILHLTR M) SR K A& TFE) T — R Bdsa 28, RIomfuss >) 5898,
I BT B TR R O KDD Cup/ 2019 S/ i% 3538, 5 IBM Research Africa
¥ BB VB A A e N SIER e) A H 1 DTk ERRAL S 2T PSR . TR RFIR R
KA X AR

® fULIIL:

g /2
’:...
.-'(:,?
/,;
"
Language Modeling £ o,
e) = 2.
o \ o Ja.
. - O T 2 P P
F L& AP = 2 %
R D g o n < ?
ST e S 2 3 o
& PO EE 2
‘7\(‘ \(Q' ) ,(:” Q? & O = : %
N ~ D & ) Sy A F = “~
L) s il L = B S, m
CPrs i =z o =
. " o = A . . 1
Active Exploration (8" oe” (® Daily Life %9, @ 2 % 3
MNovel Algorithm Anomaly Detection %, 5 'K:J £}
2 Attention Model ~ ¥ @ % &
2 Unified Framework Link Prediction =&
= Model Performance R A
3 Matrix Factorization o B
= ‘ - i Better Performance : . Fae®
[=] 5 . G
ks nowledge Gre Dimensionality Reduction &
= New Algorithm arch Result ?lf\\ e o
o : Electronic Health Records  ° &~ @

L&y
Academic Community

[ 57 SIGKDD2019 it MMtz s iR =&

RIE 2 >] (Deep Learning) & 5.
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Pr8: ADMM for Efficient Deep Learning with Global Convergence

YE#&: Junxiang Wang, Fuxun Yu, Xiang Chen, Liang Zhao

WIRBE: PN B 7 T (ADMM) 2B = 4 /W SR AIE . sk
T NS AR AE 2 1 57 7 B 18] 2 4 MRS Bh R . 2 SCHR T — B R B 2 A
FEAEZE dIADMM, ERH T —Fh3E T ADMM 575 (d1ADMMD 7E IR AT 45 14 T Ab FE IR
JEAR LRI 2% n) ) 4 SR SO StE . SEBG R B, 2B T R 2R T 5

bk

https://www. aminer. cn/pub/5d04e910da56295d08de1619/admm—for-

efficient—deep—learning—with—global—-convergence

PrRE: DeepGBM: A Deep Learning Framework Distilled by GBDT for

Online Prediction Tasks
YE#: Guolin Ke, Zhenghui/Xu, Jia Zhang, Jiang Bian, Tie—Yan Liu

WICHRBE: A1 0B R TS (GBDT) A& ML (ND) kAL,
WSO T N R 2 SIHESE DeepGBM,. B AL (i i CatNN il GBDT2NN 1 />
NN 2SR 42 i NN A GBDT R o TEIXPIANAF B3 RE R, DeepGBM I LA [
FI Gy RFNHCF R, A IR RR AU AE LR BE BT R o SRER B, DeepGBM 7E
BRI L T 55 T 1 M B AR Foth A A R B 26

Mk

https://www. aminer. cn/pub/5d3ed25a275ded87f97deb82/deepgbm—a—

deep—learning—framework—distilled-by—ghdt-for-online—-prediction—tasks

PR : Sherlock: A Deep Learning Approach to Semantic Data Type

Detection

Y& # : Madelon Hulsebos, Kevin Hu, Michiel Bakker, Emanuel
Zgraggen, Arvind Satyanarayan, Tim Kraska, Cagatay Demiralp, César

Hidalgo
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WOCARBE: A I B4 v 2 0 70 A 28 G0 A0ORS =7 3 A 0 R0 1E ) 358 QDL il o
RE SRR, H A S AR tE, JF B ARIA IREER A, %830
W R TR I TE SCRA N 2 5 N IR JZ P4 M4 Sherlock. %774 B SCRFEIN
BUOEE 1 Bl ae s ST LR . BRI D) s sk o DA S AR BLTE R SRR

Mk

https://www. aminer. cn/pub/5d04e8d8da56295d08dafabb/sherlock—a-

deep—learning—approach—-to—semantic—data—type—detection
SE ARSI (Anomaly Detection) EHfi:
¥rfE: Deep Anomaly Detection with Deviation Networks

YEF: Guansong Pang, Chunhua Shen, Anton van den Hengel

WICHRSE: TREE 2 T W R W A XS G R, A7 Hidhs 2 ) ORI
AP RO AR, AR AR T PR R R IR SR R L s,
RPN ZE i 225 ST RSB 0 MU i B o o o) o SRR, il AR ot
WK 2 (8, I ELREIRAS SE 4 (57 1A

Mk

https://www. aminer. cn/pub/5d3ed25a275ded87197deb05/deep—anomal y—

detection—with—-deviation—networks

¥/ : Fast and Accurate Anomaly Detection in Dynamic Graphs with

a Two—Pronged Approach
Y& : Minji Yoon, Bryan Hooi, Kijung Shin, Christos Faloutsos
WICRREE: 3 5w M S5 MEEE o A B Rh S A BT 7= A 1) S 1Rk
AR, %R SChE S T — N T 3h A B i i B AE 4 55002: AnomRank . 155092
R T —FXUE SN TR 8 SR I e e R AR . AN EE. RERH
SRR “H9 kA5 RN S, BRI B fa) 15 o 3 2 I SRR AR A
GITIEGR AR, BAA RSt RIS BT .
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Mk

https://www. aminer. cn/pub/5d3ed25a275ded87f97deb66/fast—and—

accurate—anomaly—detection—in—dynamic—graphs—with—a—two—pronged

¥ A . Sequential Anomaly Detection using Inverse Reinforcement

Learning
Y% : Min-hwan Oh, Garud Iyengar

WICARSE: A0S 5 SR I P S B A ) R, e SCHR I T MR T R
Al A 3] (TRL) o £ e 1) 7 A A L, R A 2 J s 2 A Ao e
TNREAE T RE . ZITVA L BARARE B E S s . 2R, J8Id TRL #E
Tt 1) 242 Jil bR OR PR agent (VIR AT D9, IR UM EXs TRL BEATAS N -
SCUEMTFUR I, %7 IRAE R 7 5 T3 T A 20

Mk

https://www. aminer. cn/pub/5d3ed25a275ded87f97deb4f/sequential -

anomaly—-detection—using—inverse—reinforcement—learning
WL2&2%>] (Machine Learning) & :

¥ B : Deep Uncertainty Quantification: A Machine Learning

Approach for Weather Forecasting

Y% . Bin Wang, Jie Lu, Zheng Yan, Huaishao Luo, Tianrui Li, Yu

Zheng, Guangquan Zhang

WO RATHRGE R s BER IR (NWP) SRR, BT
REREAL, AN FHIRICEATAE . Zie ot 7 — MR 77
%, AT A R4S SR G HLEIR 2 3] p s, IF3R T AN A S H il
RiRZE (NLE) $RKRpRE. SEAETERANEL, ZIENRS RS 1 47, T6%.

Mok
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https://www. aminer. cn/pub/5ce2d0e4ced107d4c63cb461/deep—
uncertainty—quantification—a—machine—-learning—approach—-for-weather-

forecasting

¥ BB . FDML: A Collaborative Machine Learning Framework for

Distributed Features
Y4 : Yaochen Hu, Di Niu, Jianming Yang, Shengping Zhou

WAL EPXPRHE S A NLAR 5 >) (FDML) )@, Zie SCieH 7 —Fp R b
BERLBEIE B (SGD) BEik, LARRE 2 ARAE, A AP & N A HR
WeSAPEDRIIE . £ S BUIRST AR SR TSIl 1 FDML R 58, SKIR S RRH, it
FDML 28 4t RJ LA FH A2 S P (0 B P R0 ARFAE S0 25 19 58 8 TH My App # FY) B
A7, RN AR KRR L EOREE 1A A Fr o DO RE A = B PE AT RS ALE -

Mk

https://www. aminer. cn/pub/5d3ed25a275ded87197deb32/Tdml-a—

coldaborative—machine—learning—framework—-for-distributed—features

¥fB: Towards Sustainable Dairy Management — A Machine Learning

Enhanced Method for Estrus Detection

£ % : Kevin Fauvel, Veronique Masson, Elisa Fromont, Philippe

Farerdin

WIS IR SCHIBT T H A2 R INLAS 5 1 BT iR A O W05 2 3 7F W5 7
77 BRIk Al . Ve SCRE B LA 5% 20 IR 5 2R AL BRAT 9 PR AN TG 75 1 5 1
T, SERH TR T RGO R S A S, SR IR e B L T i
R R TR B, ZRSURM T MET2RMFEE T8 5550
SLLRIERENE (SHAP) BT 2R8I G 7 S v B AN S 12

Mok
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https://www. aminer. cn/pub/5d3ed25a275ded87f97deab2/towards—
sustainable—dairy—management—a—machine—learning—enhanced—-method—for-

estrus—detection

2.10.8 SIGKDD 2020

55 26 i ACMSIGKDD A1iR & ILAIH 4 4248 2 1 (KDD2020) T AR F¥Ehnite
If e 8 3 23—27 HEAUREMEZ 77 0HTF. A4 KDD ke 1 338 Kb e (B Fif
RG34 NS, 45 DNEFE (PREERISEEY) , LR LR 2
PN AL LT

RERR WAL 285, AR SAEEAR R REZ A 2, A4 3
BUE. TEUNL, RRSIRE . RREM L. MR RIEIS . B RSB
workshop. 2020 4 5 A 25 H, KDD2020 B 5 &Af T #Uit X, SE—tfF
1279 F8 IR ZE % Research Track CHiAIHEFT S AR , 3L 216 Ffx
%, BURFE N 16. 8%, [MifE 54, Researchtrack FLUFIZ 1200 516
HA 2y 110 53 B 0CH oral 30, 60 &3 #EEE N poster 1838, BEYCRA N
14%. A FERBEE AP T

SIGKDD2020 HAAIRAL & LA -

® X

> EEERTFTRIR
PEE: On Sampled Metrics for Item Recommendation
YEF: Walid Krichene, Steffen Rendle

WIORER: X8 S BRI F R br gt AT 7 VEARW 7L . B0 H 2R
FIHA T AR SR I H AL B HE A4 SRR SRR AT VS, AR SSh f E A4 2 1 b
IO R R E R H BEATHEF . 45 R I IX LE e R bR B R I A R
A=, BOAENTRA DREAHKRES) . T8 SCIEY] 7 —Mel 47 77 ikl 2
R —AMEIETT, R MEAF BObRHE, anfi 22 B0 07 R 72, REE Ml
PRIOVERE . 5 m il A AR Fa A e B IR AR B SCUE VAL, R G

190



AT R $¥51248 Research Report of Data Mining

TR AR DO A, (ER WORSCIR AT TR EAAE, B4 P AU AE IR TAT DAGE
ERER IS

Mk

https://www. aminer. cn/pub/5f03f3b611dc83056223202d/on—-sampled—

metrics—for—item—recommendation

¥ BB : Malicious Attacks against Deep Reinforcement Learning

Interpretations

g : Mengdi Huai, Jianhui Sun, Rengin Cai, Liuyi Yao, Aidong

Zhang

WICHEBE: 1Z10SCWETT T DRL AR IE Mg . Bl UL, B endl 7
BEXT DRL MR AR ST BT (R 5 — R 7E, IR 7 — MEALAEZE, 7RI E
A LAAS B R IO S o B, AR SCWETT 1 DRL AR 5 920 A A v g iy
IfEsa e, JFE2 o T MELVAHESL R ™ A% o SR JASC O Y s Wl .~ B
WICHEAT B AT A1) 2 SE5G,  DLIGE ST 0 DRL AR £72 ) A 3% 5 U A Akt

Mok

https://www. aminer. cn/pub/5f03f3b611dc830562232015/malicious—

attacks—against—deep—reinforcement-learning—-interpretations

OB . TIPRDC:  Task—-Independent Privacy—Respecting Data
Crowdsourcing  Framework for Deep Learning with  Anonymized

Intermediate Representations

fE#: Ang Li, Yixiao Duan, Huanrui Yang, Yiran Chen, Jianlei

Yang

WOCHRTE: 1ZI0SCIR T T TIPRDC, XA —Fh 54 55 J0 o0 i) 25 2 [ AA 1 A4
ARBAER, A A TR R . RS B AR 2] MR R AES , X RIE
FEHLAS T L A E] 2 R BB e FA (S 2L o [ B g O PR RE b R B iR N AE 5L 4 S His
FHIRIGE S, DRI & 5E BOR R 22 SR S5 . ettt 17— MR &
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GITERFABEAPRRR: a) — PR WRFIE A B A N5 2 Ax Hiill gkid
FEs b) A EE T W R AR B T A o KRR L R B LR (5 2 . WF T Xy
TIPRDC #E4T 12 VPG, IR A P B R BE S A — A SOR Bl e e L 5 Bl
JiEAT T R . WIS SRR, TIPRDC B BAR FHAMIAE Ik, Hus L
PR 20— AR5 TR I o E AL R e A B ATESE

bk

https://www. aminer. cn/pub/5f03f3b611dc83056223205b/tiprdc—task—
independent—privacy-respecting—data—crowdsourcing—framework—for—deep—

learning—with
© LRI

¥fE: Temporal—-Contextual Recommendation in Real-Time

YE#: Ma Yifei, Murali Balakrishnan Narayanaswamy, Lin Bin F Hao
Ding

WICHRE: X SCHIBF N et T Fh B T RG, 2R G AL
RS R, T TahiiRe. whFA s sV e — DR I A &%
WEFIIEAR, TRy RAEE AAWHE, mtEae L FR AL AR 17X
RS bREE R I BRSO, Il & RS iRiR E TEAY D R 1 B T
HRNN-meta F)—#87> © KA AE 7, %5 72 Amazon Web Services bAfifH,
I AT A Pl (1 Bt FE 5 2

Huht

https://www. aminer. cn/pub/5f03f3b611dc8305622320dd/temporal—

contextual-recommendation—in—-real-time

o fUEIEIRL
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Heterogeneou Information Network
Deep Convolutional Neural Network

Reinforcement Learning Semi-supervised
Deep Reinforcement Learning neoural Architecture

Recommender System Heterogeneou
Truth Discovery Convolutional Network Framework

Inferring Heterogeneou Graph Multi-label Learning

_ Recommendation ©ase Study audience
Multi-view : .
Hypergraph Embeddlng Clustering Memory-efficient
Generating Healthcare

Meta Learning Graph Neural Network Neural Network
Deep Neural Network G h Attention Network

Deep Learning Network Competition
Representation Learning attention
Deep Learning Model network Embedding
Generative Model gpectral

i E-commerce cojlaborative Filtering

Self-supervision i

Conversational Recommender System

User Behavior
Large Scale

User Engagement Image
Knowledge Graph

High—order Interaction
Cold-start Recommendation

58 SIGKDD2020 £ 3% #4 s Y17] = &

KDD2020 J:53% F 8 < 338 i, 1B 3C/E# 1479 N. 2020 4 KDD H 8 3 2 E4E
HRAE RS GG, RN HEFE RN RAE S > LA i, R T S b A R
F 10 W SCE T 4R

Kt M 4% (Graph Neural Network) :
¥RE: GPT-GNN: Generative Pre-Training of Graph Neural Networks

f8 % : Ziniu Hu, VYuxiao Dong, Kuansan Wang, Kai-Wei

Chang, Yizhou Sun

WOCHREE: ZW SR T GPT-GNN HESE, i i AR s T 2Rk AT 4 4L GNN
GPT-GNN 51N Y F i B 1) & P JE A AT 45 SR Tl 25 GNN, - DA ] DA 3R I 1
ZERANE SUBYE . 1208 SOR VA UK T REPE - RN 4. a) JEIEAE ORI b)
DGAE R B A A AT B, GPT-GNN 3R 1 A2 e 72 o 4% i Ja 1 A
P 45 6 2 [B] PR [ A AR o BT AC AR R TR R PR A0 I 1 s 4 75 B
EHAT ISR IR R WY, GPT-GNN 1% g B A0 T B i) GNN R4S, i G 75 £
ERFWAT S AT 295 9. 1% T2
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bk

https://aminer. cn/pub/5efb0d5691e011063336d354/gpt—gnn-

generative—pre—training—of—graph—neural-networks?conf=kdd2020

}AE: Connecting the Dots: Multivariate Time Series Forecasting

with Graph Neural Networks

fE # . Zonghan Wu, Shirui Pan, Guodong Long, Jing

Jiang, Xiaojun Chang, Chengqi Zhang

WICHREE: 2SR 1% 1192 Juint 8] Fr 51 Kt e it A 1 o e X 2%
HEZ . J5ikald B2 I B B Sh iR IR B2 (B ISR &R, a] DU AR IR 1
AR & JE vk 2 REHMRFIR S R B Herh e DR T — OB B & B ER 1%
o JZ AN — 5K BRES AR 2 AT TR T8 73 81 PAY (10 22 [ RIS [ AR 1 o i ) i AP
ZRAP L e ) B 22 50 BB AR AN RS AR AR . SCAR 45 BRI, 18 SR AR
RUAE AATRHERIE SR T 3 A7 I T SOt 4 Tiid,. IF HAESRAL A b 444
15 SRpIAS sl s B AL B, BA SAAR kR R EE
P2 A A1 B AR AT A S At £ BB v o O D s Y e £ D 2 A B % ] 45
TACEHRATIT 1B T,

Mk

https://aminer. cn/pub/5ecce8ec91e0119170395ba4/connecting—the—
dots—multivariate—time—series—forecasting—with—graph—neural-

networks?conf=kdd2020

¥ BE : Dynamic Heterogeneous Graph Neural Network for Real—time

Event Prediction

YE#& : Wenjuan Luo, Han Zhang, Xiaodi Yang, Lin Bo, Xiaoging

Yang, Zang Li, Xiaohu Qie, Jieping Ye

WIBBE: 12398 SCREUOMAEASHEAT K A5 FH B 285 M0 36 1) S 4 B RO =
PR A R JE M BEAT G A . EAh, RSCIR TR 2 2 B i 28 A5,
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LT it By Sz sh A A0 ) BRI A B0 4 i A A2, JF 22 e B SR s 3
DASRE v i S ASE TR (KRR 1 o VST DIDE T & b B AN SEBR N TR 7T T iZAEE.
B EAIE L SRR, AR R DL SR PV e . 1220 B AR 2R
PR, BERACERECT A FAF IS K .

Mk

https://aminer. cn/pub/5f03£3b611dc830562232099/dynamic—
heterogeneous—graph—neural—network—for-real-time—event-

prediction?conf=kdd2020
A (Embedding) & @lig X:

PRE: Hierarchical Topic Mining via Joint Spherical Tree and Text

Embedding

fE & : Yu Meng, Yunyi Zhang, Jiaxin Huang, Yu Zhang, Chao

Zhang, Jiawei Han

WXRBEE: Zi R T — N E 4 Hierarchical Topic Mining, Z%AF
SSANK Y HH R0 A4 AR AR B 200, I B R A SOARTEREEE s ¥ 2 30 A 28 AR
RAALE, LAHE B P R AR A/ A BRI . WSO IR R T — FOR S B
FSCARIINTT P, B — R _E R RR R, 225 o VF (R I A28 0 g 45
I FNERTE 2% 8] o B E R 2R O A, AT A ROt EAT R AR ARTE R R I . 45
ERIGFRI, 48 JoSH MBI AT DA e A2 H e o B (K R R 4 b AR, 2 3
T IGM B R IR SUAR G AT 55

|

Mk

https://aminer. cn/pub/5f03£3b611dc830562231ff0/hierarchical-

topic—mining—via—joint—spherical-tree—and-text—embedding?conf=kdd2020
P8 Adaptive Graph Encoder for Attributed Graph Embedding

Y3 : Ganqu Cui, Jie Zhou, Cheng Yang, Zhiyuan Liu
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WIS IR SCR Y T — M B ERN B gG e (AGE) , X2 — Mg i
JEVEEIRAMESE . AGE HI M MR a) Dy 1 BEGF MBS RURFAE A
BME RS, AGE ESE N 1SR I S T e AS s b) AGE R T Hi&
g A% A%, 1% g IS A 58 1 IERE MRFAE,  DASCBUE I SR A . 18
SCARAE DY AN 3B HE SR SRt AT 5008, DLBRIE AGE £ 77 R SR N HE R TRNAE:
55 BRI . SREREEARGRY], AGE FE XRS5 EARZN T IUA IR TT 1%

Mk

https://aminer. cn/pub/5£02£25491e011ee5e0258e0/adaptive—graph—

encoder—for—attributed—graph—embedding?conf=kdd2020

¥ : Personalized Prefix Embedding for POI Auto—Completion in

the Search Engine of Baidu Maps
Y& Jizhou Huang, Haifeng Wang, ¢ Miao Fan, An Zhuo, VYing Li

WOCRREE: 108 SIS 17— B T oy 30 i T 22 19 POT-AC AIESE, 1 HE 42
BT OB EE A R R S 2, 5 KK Web U N I RRFF 2 —, BBk
AEEACER A P N T P Z IR, TS NN S5 LU A
SRR POT, PR i AOAESE (FIFR P3AC) =AM, BIIE N AL AT
X102 )2 Bi-LSTM 4%, CNN ({28 %F POT k() 255 B 47 @ it, IR =
TOLHHE AR SR BCRALAY POT (AL BT SR N2 A SRR o 18301 S fd
R TR RS I S 1 8 2R H SR P4l P3AC BS2kikRe, 1ZtEREZEE 24
febr CEFEMEGHHS (MRR) , RINZE (SR) FIH— 47 I R 3
(nDCG) ) KRR KERLIGEIREN], &l AL Bt ot A5,
RN RREEL FRENE, ISR HAL — LaA7 5 F P i 2 BE 1 B 4R b
B0, POT-AC £xifi o (11 2o ch 4 Y BORN P-4 o e o P th I (2 R F% . Ak, AT
N A CH P3AC FUEACRD AN SEBG KR AT RATL A A%, LAgEAT A] S MR

Hohk -

196



AT R $¥51248 Research Report of Data Mining

https://aminer. cn/pub/5f03£3b611dc8305622320ce/personalized—
prefix—embedding—for—-poi—auto—completion—in—the—search—engine-

of?conf=kdd2020
HE# (Recommendation) & @il:
FrfE: Controllable Multi-Interest Framework for Recommendation

YE#& : Yukuo Cen, Jianwei Zhang, Xu Zou, Chang Zhou, Hongxia

Yang, Jie Tang

WICHREE: 2R SOV HER SR 1 — PR AU vl 42 2 S EHE S, PRy
ComiRec. BICMIZ MBAEH MM AT NP A FRfiZk 1 2%, AR A
KRBT H P A 2 AR I H o ORJ5 KX B0 H A AV B AR LR B A HESE .
R LR FY n] 2 R 3R AT A R PR AN 2 A o 2 F SO P A FCSE A At
% Amazon 1 Taobao kAT NI FF HE 77 S&der. SEI 45 R W], AZMELEARXS T Sofi s
RUAS T ERSGE . MEAR D O R i e B AP BRE B i X e L.

Mk

https://aminer. cn/pub/5ec48cc4dab629efe0884e02/controllable—

multi—-interest—framework—for-recommendation?conf=kdd2020
PrRE: Privileged Features Distillation at Taobao Recommendations

fg&: Chen Xu, Quan Li, Junfeng Ge, Jinyang Gao, Xiaoyong

Yang, Changhua Pei, Fei Sun, Jian Wu, Hanxiao Sun, Wenwu Ou

WICABRER: Ze SCTRANIIZR S HEHE 2 [A) 22 BE ) 28 P R R, $ 8 T 4F
AERFEZETE (PFD) o IR SCUNZRFIEEE, B 5 SR AR R AR 5] ) 27 A AR A0 7 4b
I PR ARV R MR A  DE HERS ) 20 3 B R A e 8 B 22 AR & |
WA s O A HERf M . TEMRSS AR, RAREUEAEI S, AMKBUREBUREIE .
W SRV S HERF AT T AN B AR TINAE 55 1) S, RIUHDRL BEHE 7 1 sl 3
(CTR) , H4HALFEHEA ) CVR. @It $RHL CTR IR 5 HA TR 4% 1 1 22 H I Rg Fl CVR
PREThRE, X HsRR I AT 7R it . FEAEL NI, CTR AF:45H
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https://aminer. cn/pub/5f03£3b611dc8305622320d5/privileged—

features—distillation—at—taobao—recommendations?conf=kdd2020
FAE#>] (Representation Learning) & #l:

s B8 . Understanding Negative Sampling in Graph Representation

Learning

YE#: Zhen Yang, Ming Ding, Chang Zhou, Hongxia Yang, Jingren

Zhou, Jie Tang

WICARBE: 2B SCANZ LA RS P AN A 52 R it 1 FORMERIVE AT, AN
HUS A AIE T FORBELE RE 4 B ARAN AR R S 5 T S IE RS E B, 1%
WA RH MR IFEA AT FRFE A A pn (ulv) o< pd (ufv) a, 0
Cadl AN Hig L, WICHEH MCONS, @i | X e r BT e s A, JRdE
Metropolis-Hastings I FKAFE . RICAERGE 19 DMLl B 1 5 M EdESE b
AL T ITTVE, R T 1) R B IS, AR T
TR RIS o IR AR XS 4 T SE 645 AR 1 AR A A 0B .

Huhk

https://aminer. cn/pub/5ec7a32791e0118397f3ec20/understanding—

negative—sampling—in—graph-representation—learning?conf=kdd2020

¥ BB : Interpretable Deep Graph Generation with Node—edgeCo-

disentanglement

g% : Xiaojie Guo, Liang Zhao, Zhao Qin, Lingfei Wu, Amarda
Shehu, Yanfang Ye
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2, FEAHIN SALG AR . AL, RS, AMERERK)
Rt IR, XA YRR BT EHRHESR M — Bt . FEZR G B SR A LS
Y5 IR 58 AN E F SRR B 1R R L R A R

Huhik:

https://aminer. cn/pub/5f03£3b611dc830562232029/interpretable—

deep—graph—generation—with—node—edgeco—disentanglement?conf=kdd2020
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3 AFE

KABE R RS H ETRN “RHUE IR KBRS W5 F 6™ 7 (FR
AMiner), K REHE AT SIZIRHA, 456 TR ST VR 51 X T 7 ik
BT 103 A B BEEFE IR AU R B RIS R AR R, DL
15 H AR TR 53, SRBGX LTI AN 223 EAE 2010 4E—2020 4[]
Wk ARG IR Sl (it 14, 582 4%, 8305l FHE A2 336, 281), il id 4 #r Ml
SHRIX S AR Z B R, IRELT 21, 018 ALt %3 . LUXEe223 DL R A A 1R
R SENREEE, X E AN B EARKF L 2FH SERR SN AT
— BRI, IR AMiner P& FFH ER IR, JER T E RS- ARE
FHEMTEAEE . @ b EEIR Wz S0, BEAE KM E IR 2

U AR R B JR . AN A BRI E S R 2% .

3.1 FERAME
AR I VR AT B A SO0 7 A M ] R T

brEE 22 s 5 2 YRR s VRGN 27 T 4 BRAN [ PN 22 34 78 2000 172 18 Ak 1)
KIEIE

3.1.1 ZESHmHE

tl

AN B R W] DAAES — NIl A 5l i PR i, N A S 18 2 A ] A
AR NA BRI 0417, AR TR & 1 XA SE S IR, XA
AR EA G FITE

AKH55% h-index fENIHIESLLE, E5 TOP1000 4=BRE%, PIHEE AR
TN AT A TR X 40 A o A AT, 2 AR 4 3 1) 24 i B A b 7
frE BT, HAEitdker. FEK, Xnggsed.

(1) £XRFFEIHHE

K 59 fEIR T 424k h-index HEA AT 1000 )75 K0l 7 52 & 76 4 2R
WWHIP A EN . WNHRITPLE Y, X2 FEAEGERISER N AL,
PLIEE . BRFNE R, AR ENE M. 3R 1514 R 7 3R 1240
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AT B RCR R AT 10 (E S SRR AE 204 399 A, JaaER
BAL, FHEHEGE L 39. 9% HIK, HEKEAKTEELA 132 0, BE L
L) 13. 2%;  HEA44 28 = AN 585 DU 1) [ SO W 1 8 KA S [, K225 HoE
5 EE LA 4. 5%A 4. 4%, P E BRI R S K R KT R
T HARE S, EREETZ IR TSR A B M SRS Ty, BRI TR,
BRI AEREARKEN =02 —, ZEBOR. o E N E 121
WEFUAUSR S Bt N A 597 S BEAN Sl <5 Sms, e B ¥ 4 A 1 = KT N
AL

59 HHBRIZHE U h-index HEZ BT 1000 ZE Ik FithE
% 14 h-index TOP1000 £FkFEME RSt

4% | Bx4H | FERE | #42 | EXEKR | ¥ERE
1 3 [H 399 6 JIE-DN 31
2 H 132 7 Hns 29
3 BORA 45 8 O NIRIA 29
4 EE 44 9 i = 217
5 [ 36 10 VEYEF 24

(2) HEFESFHE

60 FIZE 15 J&7n T Bda 248 S ¥ h—index HEZHT 1000 (15 7K P 58
FHEAATEEE R AL W RTLE H, X &K R T 5
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IPATAE R EREOREI X, AR RTA R X RIT =M X BRI =i,
it Q. Hrb, LRIz IEOUR KT 2 LG 32 4 HikER
B B BN REREIX thAh, Bt A b & i Xt /b
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! oy - 6 S
Q
P _Q " At
EE e = : p
Q
a}l
60 BTG h—index HER AT 1000 FE AR E SR H1E
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He4 B LR ZEBE | L | ATHAER EEBE

1 S| 32 6 TLIE 6
2 SRES) 12 7 MEE| =) 5
3 TR AATELX 10 8 STy 3
4 ] 8 9 WL 2
5 I RE 7 10 Bl 2

3.1.2 FRKFERHT

AT AT e AR 2R AE 2010 45—2020 4 [0 (1A 5 18 503
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P& (HLit 14,582 ) A 21, 018 RiWt7esed, Guibirth ¥ RS A EZ ALY
122 AR IKP I o
(1)  ERFRKESH

£ 16 BoR TR B IR HEEA T 10 MEXRMB CRERR. FEHES
GG L. XEEE K E B MR (5 ) P (2 ). JBEI (2 4.
RFEM (LAY, HEF S ] 52 7R 25080 12 908 AR 5SS A 3R A8 SCRIRE R B
WX RGP m I E R E, HGESEE, HEEMEAKR. PEME
E ISR G BIR . WICKER . wEBESR LT T HAMmER, f
Bt o 5 4 AR AR 2 30 U B RS2 A MK A T4k AL B . 45 AT
AR AR A=Y N e < R E= B I o - Ve S E =1/ B 2 s p o Y ES 3 AT
. PEMERCEEFIBR L2 % —, S ERCOREEN & =Y
WA — g k. P EHEEN K AL BT, ERIESEN K FE N,
SN SRR S AR K AR S & 32Tt .

& 16 IR SISHERET 10 ER

B X 27 ST T SR WXRRE ZEHE
Hh 169998 4809 7773
% 165478 4401 7299
& 14886 486 496
R R 13519 586 1008
JIEwN 11156 357 428
o 10885 371 454
YN 10834 329 364
Brohn 10078 330 404
i 7961 247 316
%EH 5732 270 366

(2)  WMHFERKES

® 1T HoR TIWSCRBEBIIRHELZET 10 ARSI IR CR R
FHESFGITEI . ATLUURIL, HRAHT 10 BN thoRES > A fESE I, A 1
FrosAfE . 9 pra EAU LA 4k, WA ST, U EBESZ
BT E BIA FAT S A BTN o [ E— BRSNS R,
WIS IR SR 5, WIORREHAEE 3. FHEREFALE 1. XLk

RO, WrHAR K IR SO R B B R AIR R R AL 40%, (HHARSCE
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SIPRRTER RN 1.6 5. AL, FReRErAEEm e T HAER R
AL, BRSO R E R AT R A B B I 2 80% . HE T DLE
I ANHE R ILAE B T2 9 U LR 5200 0 38 S Jpie AT A iR s e il
e AR E AU CE RO P23 U0 R b4 — 2t JLk, RN AR R
MRFEMZEERE S, (EERSCEM IR BRI, Xt
H R LU £ B P2 30 A0 0 22 AR i DA A e, SRR AT DR A A 4R
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* 17 WXBHEIRHERET 10 2Tkl

IR B WICEE 5 HIK RNKRRE | ZEHE
K Microsoft 25934 301 389
BRI OR 2 e B -
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of Illinois at 19864 570 o1
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Eﬁﬂi?;fij;;?ﬁ;ford 19681 126 251
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= - -
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RIS R
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SEA FBIH 7K 2
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18 R VIR SCEBE SIS HT 10 B ENE IR SCR R R FEH
BAEG SO X EZ ML (44D, B QAL 2 2.
WL LA PO LAY Hodr, SRS i s i E LG 2 TR AR R
HEpFHEEAR SORR BT & T H A EH . B4k, X 10 rbli 4 4 B
s [ CO AR B, TR RS TR P EBHE SRR AL
RS WA EXE 2 4 R T DA, B2 48 SoR 95 I E R LR 32
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LI, BB W E R, e RN X RO SR A TR
AU, BRI it — DRI AR, ROBHIX MR A S M X AE 4
GEANBHEO ) Z B DR, R RN . R, & B A 5| S BT
BRI > oA A T2 e b XM R e, AT 2 1 ATV BORAE 4 VS B N )

K.
& 18 IR SISUAHER AT 10 By EHLAE
LR WICRBIIIR | BWXREE | 2EHE
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(1) SRERSEIMT
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TUFENRRAE 20 T T7 WO A W2 515 SRS 3 A IR 2R Al e
Fkuh . J4ER . THENUARE. IR USRI

Jon M. Kleinberg #3%/2 3% EEZ R (NAS). LEEZR TRER (NAE).
FEANSCERERE (AAAS) = RIFEt, RRBERIRKEM University Professor
(EEKFEHEZ R E LA . 53K NSF BN, ONR HERFF R, 25k
BHEGRL S, N REERSRR RS, HREESKE4E, 2000 45 ACK HiifE
JE R G R BT S i A S0, 2006 ZSEEMYEZ (Nevanlinna Prize).

® 55X Hi
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Jiawei Han (8EsRiE) S Ego Network D-Core

= Professor &
B Department of Computer Science, University of lllinais at Urbanan

L (217) 333-5903 Y R
= (217) 265-6494 '\\
B hang@illincis.edu @.\\.\

@ hitpy//hanj.cs.illingis.edu/

e (K03 0EH! & hitps: du/sbout/directory/sffiliates/hani
Upgate Pioto - @ nttp User= KWOABIMAAAN Bl =en
7 @ bitps 5 Han 0001:Jiawei
@ Rm 21
201 N. Goodwin Avenus Urbana, IL 61801, USA

Lwwards: More Awards

2020 Al 2000 Most In ntial Sc

2020 Al 2000 Most Influential Scholar Award Honorable Mention in

Information Retrieval and Recommendation

& o e

Research Interests Author Statistics

@ Data Mining Dais Cube 4 Data Analysis Inform. [ 1 Retrieva

#Papers: 1252
#Citation: 183472
H-lndex: 175
G-Index: 416
Sociability: 9
Diversity: 4
Activity: 355

Rk, WO “HORZIEE N REAEREN I E AR K.
fi S R K F 38 (Undversity of T11inois at Urbana-Champaign,
{6 % UTUC) ¥ B ML 2% ##% 5.  1985 4F T 36 [ g i &2 K 7 (University of
Wisconsin System) ZRTFHEMLAR M LA MWHHT ARy B2, Hik
ERME B H AT WA E A 5B M EARBEFG: BHART £
2 AR EURE I Z A RS SR . AR A . R AR 1 ik
N FE

B 5% % L TEBE AL ACM (94t (Fellow), LSS ARL % BhHI{5 2 M
LRI HE UL IR, BFHAE KDDL SDM AT TCDM &5 [ b 44 2 W AR 7 2 i1 &>
. G170 T ACM TKDD 4R HAE T4 .

fiL 3% 2009 4 the McDowell Award. ACM SIGKDD 2004 fI#7#% (2004 ACM
SIGKDD Innovation Award). ICDE 2002 7% H GTk3%. At iR i Bl 1248 & &
(Data Mining: Concepts and Techniques), F2& [ A #MEHE 204515 2 012
Mo FERIEF AN h-index F1, AFI IRV EHURL 0 51 /EE 1T =,

®Bing Liu (X&)
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Bing Liu (dl5&E) Followisz = E9oNetwork  D-Core

= Professar &=

views: 42179 @ hitps/ischolargoogle.com/citationsTuser= Ki1bjZoAAAN & hl=en
Update Photo & https://dblp.uni-trier.de/pers/hd/1/Liu 0001:Bing.htmi

*
& @ 851 S. Morgan Street (M/C 152) Chicago, IL 60607-7053

Awards: More Awards
2016 AMiner Top 10 Most

tial Scholar Award in Data Mining
2020 Al 2000 Most Influential Scholar Award Honorable Mention in
AAAL/UCAL

2016 AMiner Most Influential Scholar Award in Web and Information
Retrieval

2016 AMiner Most Influential Scholar Award in Artificial Intelligence

?F'F
o o y %
Research Interests Author Statistics
@ Datz Mining Web Pages @ Assosiation Rule Opinion Mining @ Web Mining
#Papers: 395
#Citation: 53733
H-Index: 87
== G-Index: 231
r Sociability: 6
Diversity: 4
Activity: 92
1895 2000 2005 2010 2015 2017

X5, HARIZIREE RN, G218 o WS AT 7T AU T 61 2
— R PFEFRKEFEZ IR 98 (University of T1linois‘at Chicagos fd]
PR UIC) RN RINFEIR, T2 T EBRFRE AN TR Gl LA, b
TGRS B SO AL S 23R MLAs 2 30 B/ K e e R 3 AR
FALEE (NLP).

fi ¥4 T 2013 4E4HAF ACM SIGKDD ()% (2013 47 H 1 H % 2017 4 6 J
30 H). B ARV 2 HABEIE 2 I8 SR W 3 (A5G TCDM, CIKM, WSDM, SDM
A1 PAKDD), f4H4T TKDE, TWEB, DMKD Z5%HAFIFHIE]F-4%; ACM. AAAT A1 IEEE f
2=+ (Fellow).

X% T 2018 A3k SIGKDD G#i% (Innovation Award), X &%0#E124H
4938k f% R I . A B9 WS RS 8 SC ( “Integrating Classification and
Association Rule Mining C(KDD 1998 ) ” 5 “Mining and Summarizing
Customer Reviews (SIGKDD 2003) ” ) ZpJjl3k45 2014 4£5 2015 4 A ]l ik
4 (Test of Time)s

® Jorg Sander
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s . Ego Network D-Core
Jorg Sander Follow! 5

= Professor 9
@il Department of Computing Science, University of Alberta

XL +1(780) 492-2285

& +1(780) 402-1071

= JUsanderBualberta.cs

@ https://webdocs.cs.ualberta.ca/~joerg/

Q Department of Computing Science University of Alberta Athabasca Hall 2-21

views: 3917 Edmonton, AR Canada TG 2E8
Update Photo
% Awards: More Awards
2016 AMiner Top 10 Maost Influential Scholar Award in Data Mining
2016 AMiner Most Influential Scholar Award in Database
e
-
o "
y¥o
Research Interests Author Statistics
@ Spatial Databaze Clustering Algorithm @ Sensor Metwork Hierarchical Cluster... @ Data Mining
#Papers: 91
#Citation: 30970
H-Index: 40
: G-Index: 91
Sociability: 5
Diversity: 4
Activity: 61

1933 1885 2000 2005 2010 2015

Jovg Sander, DBSCAN 5LiLGda N2 —, IR MWk iR 2 o o2 f]
JRAAEE K% (University of Alberta, fai#fk UA) LR SR EF%, T 1998
RIS e R AT URR A T L Sy o ABEAIT 58 SIS FE B e b N iR
KL EEHEZIR . RG] AEMEE Y, BRI YR
[ B EeE 298 S sh S B -

Jorg Sander #(#%f& 2 M EUEIZ I WM HI AN (445 TEEE TKDE,
The international Journal on Very Large Databases, DAMI, Information
Systems, Transactions on Pattern Analysis and Machine Intelligence,
KAIS, JAIR, JMLR, VLDB, Machine Learning, Systems Man and Cybernetic,
PAA, Pattern Recognition Letters). BAEZE — Jm [E PR 25 8ds & AT 2 1)
W B A E AL 21, 2002 ACM STGKDD %niR A& 3145 K4 42 4 [l 2> 1 3=
J& o

fib 3k 2015 4 ACM ARt &= A%, fAEIRSC “A Density-Based Algorithm
for Discovering Clusters in Large Spatial Databases with Noise
(SIGKDD 1996) ” i Hiff) DBSCAN 5%, AT HEMBRH =L TEX
HIsZm, JFEmARRFEEPT A NNEER R —, XFILC3R 2014 4

SIGKDD Hf [EJMX %2 (Test of Time)s
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phlllD S YU @ Follow | 131 Ego Metwork D-Core

= Professor &1
W University of lllinons at Chicago

. (312) 996-0438

= (312) 413-0024

views: 53125

Update Photo
44 & httpy/www.csuic.edu/~psyu

@ hitps//dolp.uni-trierde/pers/yYu:Philip S=

Q 2518, Morgan St, Rm 1138 SEO, Chicago, IL 60607

Awards: Mare Awards

d in Data Mining

Research Interests Author Statistics

@ Dats Mining Transaction Processi.. @ Social Network ndesxation @ Distributed Database..

—f-

1985 1900 1205 2000 2005 2010 2015 2019

#Papers: 855
#Citation: 76031
H-Index: 132
G-Index: 256
Sociability: 7
Diversity: @

Activity: 11

T2, KEARIZIRAT IR AT 22 AW . A 2 58 B 7 R o A7 22 n 8 0 A%
(UIC) VAR BB, 1978 4T Hidiga K 5045 B LR L% A00. fib
FIBT AUy . B2 . AR AT AZ I . Bl B E RS, B
IS HFIFE AR . ZHAR RS, HATFI /A0 AL B DL K PE e A

fr 418 4 /& ACM 1 TEEE Bt (Fellow), H{HAT ACM TKDD F 4. ACM
CIKM 2 WA FZ B R EFRREHIERET b, 15 BB AR S
Wexler PHHEBIZ . M UIC 0, H7E3E IBM Watson B 7L+ O TAEZ 4,
I 7 5N 44 B B s A2 A s A B T) o Atk G 4H 4 TEEE ICDE Al TEEE
Data Mining 245 MM, TEEE TKDE F:4%%.

PIE KRB I2 40 L fil S DA K B 44 40 77 TR B2 R ) B S MR 2 ek,
-+ 2 18 8 3K 2016 4 ACM SIGKDD €] #7 2% (2016 ACM SIGKDD Innovation
Award); RI7E KBRS RBMERS . Al R, 248 UL E L0 8B
GUPEAEEREVE R QU oUiR, 3R1F 2013 4F TEEE CS HOR s 2%:  DRIAE 4 2 9 40
BTG DTk, 3845 2003 4E TEEETCDM B 7T ik . L AMBIE 3% 2014 4F
EDBT I [EJ A2 (Test of Time Award). 2013 4F TCDM +4E 5 A M S04
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® Christos Faloutsos

Christos Faloutsos Follow | 68

= Professor [E1
T Computer Science Department Carnegie Mellon University

o FAREERAY

t. (412) 268-1457

B 412-268-5576

views: 47362

Update Photo
“
nsluser=nd2IQOIAALA]
Awards; More Awards
20 Al 2000 Most Influen Scholar Award in Data Mining
Miner T al Schalar Award in Data Mining
2016 AMiner Most Influential Scholar Award in Computer Network
2076 AMiner Most Influential Scholar Award in Database

i Mene

(4] (= S

yY

Research Interests Author Statistics
@Data Mining Social Network @ Large Graph Power Law @ Anomaly Detection
#Papers: 796
#(Citation: 91458
| H-Index: 125
- G-Index: 295
Seciability: T
Diversity: 4

Activity: 219

1996 2000 2005 2010 2015 2018

Christos Faloutsos, % @EAREIEIZ PRI E o il /2 38 BRI 2L Mg X
2¢/(Carnegie Mellon University, f&iFK CMU) 1HFENLE2: R#EIZ, 1989 T
AR LA DRSS BUEIZIE . SR EVERE . A IRIA 2 Ak
Bl e BEERZE . B SRR ERS .

Christos Faloutsos #{#%s& SIGKDD PATE i ACM (HE Frit ML
4x) 4>y, IEEE TKDE &) 4%, %1F 1999 £ ACM SIGMOD /% . 2003 £E ACM
KDD = J#

Christos Faloutsos #(#% %3k 1997 4 VLDB 10 £33, 2010 4E SIGKDD
¥ 2% (Innovation Award, U424 S8 A =42 00D 2016 4F ICDM 10 4
BRI )8 S0 . A2 SIGKDD 2016 [ (£ 71 3¢ “FRAUDAR:  Bounding
Graph Fraud in the Face of Camouflage” HI{E& Z—, X XKW F U £E
FHP R R A R AR PR, SRR VERR S IR A de, LAk g kR
IAE R Rz Ah, Mg 3R 1989 4F “FHHEM A E X" , XLKEEFREHESE
SR TIHERE S R, 1994 £E SIGMOD frEi8 3. 2005 4 STGKDD et
WL 3. 2006 4 TCDM HF 78 5Tk 2
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® Pedro Domingos

ped ro jolﬂiﬂg'C'S Follow | 20 Ego Network D-Care
= Professor [EA
B Department of Computer Science and Engineering, University of Washington

W 4EESE A

t. (206) 543-4229

= (206) 543-2960

= pedrodfcs .wsshington e

& https://hom washington.edu/~pedrod/
Q@ 648 Allen Center

views: 6200
Update Phaoto

3

g Awards: Maore Awards
2016 AMi 0 Most Influential Schalar Award in Data Mining
2016 AMiner Most Influential Scholar Award in Artificial Intelligence

2016 AMiner Most Influential Scholar Award in Machine Learning
| Merge |
=

o T

Research Interests Author Statistics

-

® Machine Leaming Markov Logic @ First-order Logic Markow Logic Networx @ First Order Logic
#Papers: 213

=Citation: 40949

H-Index: 81
= G-Index: 202
Sociability: &
Diversi ity: 3
Activity: 12
1996 2000 2005 2010 2015 2018

Pedro Domingos, VEDT SEIN £G4 i 2408 2R G5 6148 N o flid 48 R UK 27
(University of Washington, f&iff UW) HENIELY 5 TR RZEHR, 1997 *£T

oM K ZBR 43 88 (University of California, Irvine, fij#K UCI) 3R{z5E
HIHENRF A LA BRSO HLEs 7 I MEHEIZ 0. Giit ok RS
FBWIRIREE S 2] HLER BB ARARRIRIEAL . KL 385 2]

Pedro Domingos #{ 4% /& AAAT <=+ (Fellow). ML25% ) #1F] (Machine
Learning journal) fZmEEZR R n. EEVLEE2~ 4 (International
Machine Learning Society) HJEEG @4 N . % 4F SIGKDD 2003 Bt& 3%
SRL-2009 k& &« JAIR @l 324w, & 7E AAAT, ICML, IJCAI, KDD, NIPS,
SIGMOD, UAT, WWW Z15i H 2% 53 2T H.

Pedro Domingos #{#% % $£ SIGKDD 2014 fili#* (Innovation Award, ##
FAYR A B = 2 150 SIGKDD 2014 G vik%% . SIGKDD 1999 f A HEAlit 78 it
¥, fl 5 Geoff Hulten [ it 3L “Mining High-Speed Data Streams

(SIGKDD 2000) ” 3K SIGKDD 2015 B[R 3K%% (Test of Time), ZRICHE
Y VEDT 1X — S HR A2 R 50, AT ol b A KrIG K i Hdkid . bRtk
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b, ARk R 2015 5 U Je [ bR N DR BEIC S AR R S0 2009
FHRE S B AR AR WERER SR 2005 55 1w BN Bdis e R iR A B
JEER 5 SEE A R IR 3

® [RiEfh

Xiaowei XU lzﬁﬁﬁ) @ Follow | 7 Ego Network

& Professor [
W |nformation Science Department, University of Arkansas at Little Rock

. (501) 683-7266

& (501) 569-8002

B xusuBusle.eds

@ https//www.cip.ifilmu.de/~xwiu/
W hitps://scholar.google.com/citations?user.. ohLsAAAAJBhl =zh-
views: 3667 @ hitps: lar.google.com/citationsTuser. ohLsAAAA B =zh-CN
Update Photo & https//dblp.uni-trier.de/pers/hd/x/Xu 0001:Kaowei
% Q 28015 University Ave Little Rock AR 72204-1099
Awards: Mare Awards
20716 AMiner Top 10 Mast Influential Scholar Award in Data Mining
‘ -J._a";:. 3
—
[ (=) 3
| AL
Research Interests Author Statistics
@ Dat= Mining Clustering Algorithm... @ Spatial Database Complex Metwork @ Social Metwork -
g #Papers: 107
o
#Citation: 25540
| A H-Indew: 35
_ = G-Index: 107
- Sociability: 5
Diversity: 3
Activity: 11
1932 1895 2000 2005 2010 2016

TReth, TR RREIL DBSCAN Qldh N2 — . A2 S B H K22/
FISY RS (University of Arkansas at Little Rock, f&#K UALR) 15 B Fl2E
REFZ, 1998 £ T 5EE B K2 (Ludwig-Maximilians—Universitat Minchen,
fEIFR IMU) RIS SR A 220 . B A0 EIEERIZ 98 . TR S gk
Payze . R R BUY B B S AEYE B

IRBEAE HAR DT E R # B 22 FE G (NCTR) [ ORTSE UM 78 1K1l i it »
P {T SIDKDD 2015 v1KIIZ A 42 B 53

fih /218 3L “A Density-Based Algorithm for Discovering Clusters in
Large Spatial Databases with Noise (SIGKDD 1996) ” WIfF&E 22—, %
L3R STGKDD 2014 I [UAAE,  SCAH HE HA K] DBSCAN 200 3k 3 2 1) SR B0A
AT BRI, JFCRONREFEEP NN EER LY —, BukT 2018 4F
9 HH AMiner 5| FI7KHA 12870 k. &AL FDA T atBioNet, —FfifEH
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HEE A A= RNRT R, WS BT AL 4R B 25 7 i T A .
® Hector Garcia—Molina

e 7 Ego Network D-Core
Hector Garcia-Molina Follow | 13
= Professor [
B Computer Science, Stanford University
. (650) 723-0685
= [A50) 725-2588

B hectorfcs,stanford.edu

& https://profiles stanford.edu/hector-garcia-molina

views: 3339
Awards: Maore Awards
Update Photo o ;
4 2016 AMinzr Top 10 Mast Influential Scholar Award in Web and Information
Retrieval
2016 AMiner Top 10 Most Influential Scholar Award in Database
2020 Al 2000 Maost Influential Scholar Award Honorable Menticn in Database
{ Merge |
o <
Research Interests Author Statistics
@ Digital Libranas Distributed Systems @ Computer Science Web Pages @ Database System
#Papers: 384
#Citation: 80044
H-Index: 132
‘~.\ o —— G-Index: 280
_
M’ Sociability:
Diversity: 4
Activity: 5
1982 1085 1000 1905 2000 2008 2010 2015 2018

Hector Garcia-Molina, %8R IZIMAURINR =8, 15 A GRS R H
GUSEI AR AL B KA T R A MR TR RN EER, 1979
oS PR NCSE IR G R M RIS o i e VA (N DRI R S E i TE M S
By B A AR E R S

f S THENL 2 (A WHFTHR. SEEZARERIZEERE (AAMS) WFFTH,
FEHEE R TR (NAE) Bt JRBEIRIRE TogBe ) sk 2+, IUEESHER
ARG MZE RS (PITAC) IR . Onset Ventures M XS #E & i . Oracle
FEHESR R . State Farm Technical Advisory Council HIRK G . fth 2 3HAE S
AR A B A5 NI 7R 55 AT AR B o

fibh () & 3L “The Evolution of the Web and Implications for an
Incremental Crawler, VLDB 2000” 3£ 2010 VLDB 10 “FifEw %, W5 7w
MHEAER I ER R, 454 /iR sortikss, R TS ERAMAEY. It
AL B3R 2009 STGMOD fi FE 7R % . 2007 ICDE FZMA /718 33, 1999 ACM
SIGMOD BT %%
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® Duncan J.Watts

Ego Network D-Core
Duncan J. Watts Follow | 1
= Professar [E9
G University of Pennsylvania.
o MRHRR
=
views: 306 @ hitps/fwww.sscupenn.edu/people/faculty/duncan-watts-phd
Update Photo
4 Rwards: More Awards
2020 Al 2000 Most Influential Scholar Award Honorable Mention in Data
Mining
2020 Al 2000 Most Influential Scholar Award Honorable Mention in
Information Retrieval and Recommendation
[ Merg
e
o » ¥
Research Interests Authar Statistics
@ Social MNetwork Small World @ Environmental Resear.. ‘Waste Management @ Cooperation
#Papers: 141
e #Citation: 93782
b
i H-Index: 59
- Sociability: 5
j Diversity: 3
Activity: 78
1987 1990 1995 2000 2008 2010 2015 207

Duncan J. Watts, “RP¥EMGE RS ENRERBEE, 199745 T RAB/RA
FIRBLHIA A L2 I TR B AR ROF2 3R | | 800 PE T e vl
AR A AR ] BRI

Duncan J.Watts #{#%+& Microsoft Research [{J & JiE #f 70 f, 2 MSR-
NYC SEB6 % () B 46 B 51 o« At 36 2 RS /R R 5 AD A AN ##% (AD White
Professor). fE 2012 EJI A Microsoft Research Z Hi, fifi-F 2000 4% 2007
FIETHE R FAMEAL S 30, 2GR T E RO R K. iy 41
EL A E PR CER, W ACM STGMOD. STGKDD 2013, fthid 3k 2014 4R #b 5
RED AT « DB, 2013 AR T H - CRT SRRl R 402,

® Padhraic Smyth
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1 R Ego Network D-Core
Padhraic Smyth Follow 13

= Professor [EA
M Department of Computer Science, University of California

MRS ER SR

‘. +1(949) 824 2558

views: 4878 B +1(049) 324 4056
Update Photo B snythBics.uci.edu
+.
7 @ httoyfewwicsuciedu/~smyth/

@ Office 4216 in Bren Hall {4th fioor), UCI main campus

Awards: Mare Awards
2016 AMiner Most Influential Schalar Award in Data Mining

O he o
yY¥o
Research Interests Authaor Statistics

@ Dat=z Mining Hidden Markov Model @ Topic Model Machine Leaming @ Mixture Moda!

D)V > =

1988 1960 1895 2000 2005 2010 2015 2019

#Papers: 361
#Citation: 58235
H-Index: 80
G-Index: 241
Sociability: &
Diversity: 3

Activity: 12

Padhraic Smyth , fth & H0 M K % BK X 4 & ( University of
California, Irvine, f&ifx UCD) {8 B5THENRIY REIZ, 1988 IR M
i e 4 U 1 e VAR (R 7 ey (62 [ 2= N o 1B 5= /2 1| R YA
Guit.

Padhraic Smyth ##%/2 EFritHALE 2 (ACM, 2013) 536 E AN TH G
2% (AMAT, 20100 Hy&xt (Fellow), fih¥44F 2014 4F UCT £d =it R f 6146
FH (2007-2014). Netflix RISEEEH) AR (2006-2009) M5 3t 24 15§
S eSS %= (Jet Propulsion Laboratory) IR ARZHAHK (1988-1996),
FH/F Machine Learning Research. ASA. TKDD Z&HH¥) i) g 55 A0 i fm] HRAY . fih 5
eBay, RZ, =8, HEHX, HHELMAT&T EAFBEEE.

fih B 3K STGKDD 2009 613 (innovation award), iXJ&%¥E+2 4 A )
ET. BRI Ah, AR ER SIGKDD 2002 F AR 03, 2001 IBM # & 1E% .
SIGKDD 2000 {16 %55 — 44 . SIGKDD 1998 it ¥ 5 — 4 . SIGKDD
1997 S AEW L 1997 FH R B¢ B (CAREER award). 1997 UCI
ACM #5242

HE 22 FETT I FAR S5 T

®ei Wang
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worl D-Con
Wei Wang Follow | 7 pasitoly o
= Professor (£
Wi Department of Computer Science, University of California

. 1{(310) 794-0008

= 1(310) 794-5056

B welwanglcs,usla.edy

x
|

views: 5390

& hitpifweb.cs.ucla.eduf~weiwang/

@ hittps://scholar.google.com/citations7user=UedSOLOAAAA IS hI=en

Awards: More Awards
Update Photo
+ 2018 AMiner Mast Influential Scholar Award in Data Mining
{_Merge |
-
o (=) g
|? ‘
Research Interests Author Statistics
@ Data Mining Gene Expression @ Daia Analysis Computer Science @ Bioinformatics

#Papers: 420
#Citation: 16979
H-Index: 54
G-Index: 125
Saociability: 7
Diversity: 4
Activity: 131

1935 2000 2005 2010 2015 2013

Wei Wang, Leonard Kleinrock I/ KZE¥EHZHL 4 (UCLA) THEHLE}
PHEEEE, WY RAPTE AT (SeAL) FAT. T 1999 IR MM KK
AT PRl A 2 .. 2002 43 2012 4, fEAL R 2Rk ZEEE L
AT TR 2002, R PRGN B2 AL rb 0 Al Lineberger 45 & e UL )
BB . FLAE 1999 4F & 2002 4 [A]4HAT IBM TJ Watson #ff 78 H O (U 7E A Bt o
Wang 18+ FOWF S SEEFE KBRS0 Bdizde . EWE B E AL
Y& E TN

Wei Wang {4 83k 2000 £E A1 2001 4F IBM & B Rk 2, 2003 4 UNC ¥) 2%k
A AL, 2005 4 NSF Ui IHRMY A e (CAREERD 3. 2005 44T fim ik
W FE B HAE 20000, 2007 4E UNC Phillip #1 Ruth Hettleman 2R 5% ALK,
2012 4 TEEE ICDM 7% Ml 45 %%, 2013 4 KIS S A, 2016 4 ACM
STGKDD Ai45%% .

Wang f# + ¥ fH4T: IEEE TKDE AR5 %dE THEAZ 5% ). IEEE Transactions
on Big Data. ACM TKDD. KNOWL INF SYST. WIRES DATA MIN KNOWL. J COMPUT
BIOL. IEEE ACM T COMPUT BI. IJKDB ff] associate editor (E|F:4%); INT J
DATA MIN BIOIN [ editorial board member (ZmZE<xmiii). fhj Hprsildl
LA RIZ R s, 22 02 FE ACM SIGMOD. ACM SIGKDD. ACM BCB.
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VLDB. ICDE. EDBT. ACM CIKM. IEEE ICDM. SIAM DM. SSDBM. ISMB. RECOMB.
BIBM. #t-F 2015 E#%i% AN ACM Bioinformatics. Computational Biology (it
BAEY)E) A SIGBio (EWEZAE RS RrA M/ N E RS

® Thorsten Joachims

Ego Network D-Core

Thorsten Joachims Follow 28

= Professor &

T Department of Computer Science, Cornell University/Department of Information
Science, Cornell University

. (607)255-1372

B (607)255-4428

& tJfcs.cornell.edu

views: 7896

Update Photo
5 @ hitpfwww.cs.cornell.edu/People/ti/

& https://scholar.google.com/citations?user.. 1PYEAAAABhl=zh-CN
Q 418 Gates Hall, Ithaca, NY 14853-7501

Awards: Maore Awards
2016 AMiner Most Influential Scholar Award in Web and Information
Retrieval

2016 AMiner Most Influential Scholar Award in Machine Learning
2016 AMiner Most Influential Scholar Award in Data Mining

Merge
Lo
o ) <
Research Interests Author Statistics
@ Support Vector Machi... Machine Learning @ Information Retrieva... Search Engine e %
@ Support Vector Machi... #Papers: 261
g #Citation: 84862
£ H-lndex: 78
G-Index: 261
= Saciability: &
Diversity: 0
Activity: 1
1993 1885 2000 2005 2010 2015 2013

Thorsten Joachims, 8% 5|13 EERHME M . MhREEFRRRK
% (Cornell University) THHEHLBIERAER, 2001 FF 25508 Tk K23k
AT-unit {507, ARRORE TR HLES ). NRAT N5 ST 8UE A e i )
Wi MRIIERE, HREEE. NSHEMREE, HiTAENDHES
Propensity SVM-Rank. POEM. &ZSZiFAh 523,

Thorsten Joachims #(#ZBUAE ACM. AAAT 5 Humboldt x4 (Fellow).
fih ¥ 5 3 H K1) Geof £ Webb HdRIL[FI#HAE SIGKDD 2015 FEFFZ& A T,
% 15 Johannes Fuernkranz %L [FHAT 2010 IOML /P& A & E K, BAT
JMLR (2004 4FE-2009 4E). DMKD (2005 4E-2008 4F) MLJ (H4T A%k, JAIR JB i
ALK

fihy B 3R 2017WSDM #8523 . 2009 TOML % £ +4E i 0%, g ¢
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“Optimizing Search Engines Using Click-Through Data (SIGKDD 2002) ”
3k SIGKDD 2015 I [EJAGII2L (Test of Time), W CHRJGHRH T @BL424EFI H H]
F RO T A R S A RUE R I TE, SITEMR T — R a4k L
PRI R I i B B AR S5 Tk S8 2R 51 R B A AR R 75 . BEA e
B3R SIGKDD 2016 fefE2EAE W AW 4, ISMIR 2014 HE%E R 03 EOIL
2009 FAERSCH. TOML 2005 ffER K.

® Eamonn Keogh

Ea monn KeOg h @ Follow | 32 Ego Network D-Core
= Professor [
W Computer Science & Engineering Department

University of California
L (951) 827-2032
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ARG 0de O REHE FERIIAEE) . Alpha (EAT I8 &85 A 1 % 28 5508 P (3™
J&). Nest F ARG

Rakesh Agrawal 18 1@ 3¢ E K Tk (NAE) Bit:. ACM 2+, IEEE &
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AR TOML 2011 42U A IR S0 . 2009 4F B AN K 2 Hg e 20 AL 75 ST 242
2008 TG HEH AP AT FFEHF AL, 2005 4 NSF B 256552100

233



AT R $¥51248 Research Report of Data Mining

® Inderjit S. Dhillon
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(University of California, Berkeley) 3RitBMIEBl2#1# 47, MBI F
SN PLERES] . BdErsdn. BUEZMEA L BuE . Mgt A£G
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Inderjit S. Dhillon #{4%/& ACM. IEEE. SIAM. AAAS ffj4x1: (Fellow),
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Approaches to Parallel Matrix Factorization for Recommender Systems”
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PR CMU) SRAF I RNE 7 2 Bl a8 5 2] R LA Wil KA 2 A
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Yehuda Koren, E#F RGN IITHIASRIS %K. T Weizmann Institute (Zf

237



AT R $¥51248 Research Report of Data Mining

KERF R WA ENREE LA MRS HEERR
(recommender system). H#EIZH . HLEFF . 5B AL,

Yehuda Koren 1# + ¥l /£ Google HJ & 2% W 5 it ( staff research
scientist), LA, {71 Yahoo! HImi M5t i (staff research scientist,
2008-2012 4F), AT&T Labs-Research M7 5 FEE R (2003-2008). fii /2
SIGKDD. ICDM. RecSys. WSDM. CIKM 72k it &% 1 & (senior program
committee) B Hi; IEEE TKDE Al ACM TIST fI4iZ%.

fih {18 X “Factorization meets the neighborhood: a multifaceted
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Time Award), ZIRSCHRH T — D —HIHESE, K APHRRy 5 7ER AR (I
FEIEH I AR ) L&, TR A RIS AR R AR A
DR B R B A 1) 5% 2RI B AT 2%, TV AE BT R U B8 22 o il 18 55 K 2 ek
F A I LA AR SCHBE AR S5y, B BIS RABERE B E R SE TR o Al s 4 ]
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JAE 7S i 4% v A CTKM® 16, WSDM' 15, ASONAM’ 15, SocInfo’ 12, KDD 2018
EIER, HZIKDD 11-18 BEA %, IEEE TKDE / TBD &34 1) PC BEA £ Ff AN
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33 EAFEENHARBEER

3.3.1 HuREZHwmEMIEL

B B AR 2 I R AL 2R T S, MESE I MBI ER%. a2din
20 FEH KR, BARSZIESUSGEWTIE L T — & H ORISR
BEAIEIE . 026, B, IWEEIS, T, B B AR RN A 4%
PO, INA] R B AN S (A B A2 . DL SR T R RIASE I 2 [ 1 s 2 ) .43
BB 2 I EAL . AR R 22 R N 2 R 2 e Bl e s R

TESr K5I T7 L, TEHERF R KK B I T ZAT55 IR 2] 7 1%,
Feth 17408 eMTFL 152 23 70 %0716 H S0 2 AR 55 AU [RIREAE 1K 58 22 FH AR B
RN, FHHET Group Lasso [ RUAE I H H AH OCAT 55 AORRAE 2 18], FRIR 4K HH 9K
SEATS

TR I BT I S N BT I SCAR 2, 4R i B sl 32 32 ) i
ARG A T AN B IR AORRAE, B A\ 22 B IR R R R AR AR I (X
o FERHFOE, . AT R BOREA BT 323015 2 .

P R R TR A U VR R B g3 2 e b A AR AN [XTE] Ceost
interval) MARREHIARME, B ASEBRR T, 8w R Re 5 2
R H A X E R T GV 4 RS B A o Al AT R Y CISVM VR K cost
interval B SVM, Lbfd AT Ao B — AR AN AU RSV SVM 32D T 60% ¥ KU ™
AR — 3R 44 8 MAHR 19932850k . 2B DL E B R I o a5 B 2 R
KKK R, MMHREFREES . EZIFRE TP, BRI A £
ANEARCER, FTREMIISHR IR 2, I SR AT 5 5 LU M

7R K S IR A AR S N\ At P DL 7 I 24 2 il b 2 TR (RO R, %2 2K
bR 2] 0] R A3 R — BB B hn o Rl /R, AT 7E 2 A Hdf B FilR 17 A
DT o AR IR S IR — AN, SRR S AR
BT o0 2008 7k, AR RMERRE AN 7 28 S RAR K I BT ) T4

Hh Bk B SRS 6 AT — P B B Ensemble—tree (E-tree) Jik, Fi
FHZEALL R—tree (1750 B T- i 1) 45 M A L4800 73 24 b B B0 20 IR 52 209 P F 2 1R PG
BURLRME™ . R BB & O A2 0 T i B TR, Jb R R R E A%
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NI S 0 A 1M R B AL, LR A R R0 iR 463 1) AR 6 P O i R
TNEIRER B HEAT SRR . JLIG SO M ERARAE A, SR IR RE (R 3T DL o R R iR
SRR BB AL AT — 5 IR AR AL B R S50 1)

Tk DR 2 B i e A NG R PR AR I T AN AT B9 E Bl
BEAS R 2 S IR W] 8 8 ) 2% S A S A B B B AR R 4 i R T
1) o

To WS B R RSN 2 2T, R AR 24 U T 1 5 — MO [ L

TR TR KNS T I B DG Bl (]800 P 38 b 2 Hh 424 5
AP I T7 70 AT I N AH AR I () 5 AR, K2 R4 Dirichlet 1 FE
(HDP) ¥ J& N evolutionary HDP (EvoHDP). iXAhJ7idial LAk B SCARR 172 A
THR, CARERLEE P A0 22 ARl B 2 TR A

WL R () 3 05 S NATF I 1 Al BS 2 o) R A e 4 i R ™ o 3% G 07 1%
R T RFE I BER, A ATTHE H Al IR A A S R — B R Wk i, R R R A
5 45 A ) 5 45 0 R BRAS S3 U ARRAIE AR T = ANmn A S i Mu L=
Cluster-Feature Selection.

WL R R A AR 45 R0 2 W B 127 3 7 B T b, AT T
(2 5B )2 Ak Dirichlet I A2 751k (SSC-HDP), 7F B A ARid 1 s 56w LL
4 ) MoM—HDP F Corr—LDA H5 7Y B 15 B i R S

WL R AT 58 RO M S M SR 27 B A8, JERIBE AL 1 I B )
PEANFEIX — AR E PR 1], S RN S 1) AT TR AT, 4R A )
R — AN R % Accelerated Singular Value Thresholding (ASVT). %7
AR R SVT BUSIGEE A O C1/ND I 2] 0 (1/N2) (N 2 B iRk A R D
o o

B TR 2 1 7K B 55 A R P 1 A 2R ) ek 5 X 2% e 14 F P A N A AT
FEASE R 795 o AT TE AL R AN ) 1) b SR SR A A (R, R e AR
2% T R B R 5 ) A

B HOR 2 (¥ JE AR 1 J) B 48 K i A2 B T Twi tter $0HE DLAE
FICTHT ) SR 1) FH P00 R 2™ FLHE A R R R Affinity Propagation ik

Xt Twitter WA 1) Hashtag AT IR, SRJE FEXTSEAA ORI 1 IGHEAT 7026
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78 2 TR KA R 5 B BALRTE 92 17 2245 JEL T 1 2 M B 2 > T i ™

M B A T 42 90 AR R 2, o B 240 v ) A ) R

HHRRKF TEBUR T A Y E A (Discriminative
Pattern) HIFZHE NI, H2H! T uHARMONY 9%, M EHs e b B34k e ) i =X,
To 75 HEAT REIN IR AE 6 3%, 155 F) uHARMONY [ SVM AH bt 28 ML ASHf i 4y SR v
A% 10% M RE SR T

e RV TV K 2 1) 2 v 2 N 58 AR S T b (RS 1 BRZ 9 )/, 51N
O AN BN R B — AT RSB REEE . AT T —MnUSE, ST IRE
T BRI R

3.3.2 #HXMELFNEIZEAR

FEAZ 28 A BT R AR Ge it J7iE s B SR ARG 4158 W0 28 il 55 Hh = 2B 1) 3
AT B BT HL A 45 43 b A0 42908 T0 5 A2 0T A SO0 472 908 A3 A 44 1) 17 R
Z—o MRS KRE, B iz 8 AT 55 A At . MALAE 4% 5y
PG ORE, Hop =R RE . LS T B AAAT 9 RIS ) e
AL 2545 BAL RE RO 20 A o WIRIAZ 3807 TR, B b i A B IR ) il - IARE
AT AT B0 ) FIEAE T BeAMB A 1R 2 5 F 438 24 Rl B H2 40 17 B FH
BlanAAE e . AR N AR U TT TS — AR

TEW L8 SR AT T T, IR X 28 SR 28 SR AU v 1 W 11 I 28 4 [X
Iy T2 FE GO0 ) 45 00 R IZ IR ARG A R T TAE R K

THHER P EANEE N F UTUC DR 27 13 5 45 NV X 158 I 9% 5K R BEAT I
ANHFFE, AT A I I o) W 2% FH 7 AT 9 A P A8 BLREAT 240, RERS B 3h il )
P 2 IR AL RS 48 00 Zaoke s AATTHRE H 66 T IF (] PR AE 2% (R 7 PRI 2, sl T
TR BRI ABF " WM AT R, TR BT AR AL AE 45 43 47 X 51 F
LG5 BN AT SRR 3R s A5 ) SR M2 P AT A SRE) . R4
RO J T, T HEOR S 1) A B Nt 43 R ) B e ) B AR, AR
BT IR, BB T B HLANRLE M B 25 m 2 TR (BT o 0] DK Y
ZHHE, MATIIEEET Hadoop BETE T ARAL I IFAT B AR T HE— AR 1 Ao ey
BT Ak 25200 J % W48 B P AT AT TN, B HE R4 P AT g 11 2 e T A R
NTT-FGM. AR [R] IS0 W £ ) . F P SR AR A P i SR AT N, W iim 1
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FH P47 S T A P

SO 77 % B e KA Ak 2 s 2B S ) o5 — AN BRI, JE UK R
[ 28 85 N Z I BREEAT T IR AT, AT TR 3 W 2% iR o, R K 545 5
(R RE R DU 2 T R AL X, a3k — 0 {8 B 28 LRI 13— e Ak [X A 5 A 500 7 1)
KA, IR HAE 73 A S (RORS B 5™ e P AT N5 T, Rl B A
IBM HH IR 72 B FR TS A3 SR 558 A3 HE T Session—based Temporal Graph (STG)
Sk Zim F P BE I T AR K R m G, JFEEE T STG RS tH 1B sl it 7
HEFEHL Injected Preference Fusion, fEPANSZRREHEEE b AN 2 #1592
87 15% 34%I T RESE T

8 B 0 35 R NTIE TS T I 2% 4 X R T, T R 4 T R K 5
2, AR DUR AT BRI AR B IR 28 41 X, 38 ] B E Skl i 2% ¢
BEAT AL (Hub) AOORSLAT 28" RACK S0 F X NIRRT T B R H I,
VAR LU A 48 S0 (0 4R DR B el

FF 47 ARG AR 24 5< 1) 8 B S FH o A9 s Y5 SR 2 1) SR B 5 AFI
F PGS RR AR /& Twi tter BH B dr 44 SEAR TR RE L . FEARSE ANATFE 1
SR AT NI ARG, $EH 44 4 Conf luence (HIHE 3 A0 P PAT M BEAT £ 4
FOFI ™ o AR RUARGF (91X 53 1 FH P B A A A PE BRI A AR, TEZ AN 4EAS
0 2 B H 4 T IR IR BOAIE T % 7V I A

5 MG IR R AL A W LR T P ) — AL e, AL SR (A AL SR 7T AR
I FEAL R BT AN A AT b, s AR G R STR A AYAN SIS A5 DL Je
/NG 2% e STR AR AY 4 o T AR R R R 35 A T AR 52 19X 245 1 RS A
AT H B 7 (5 BAEAEZ I 2 b BOAL SR HLER . I ORI AN S N HH 2R T 10
28U 72 e RS Sk B R ) I 2% e A S LE AN [ 4k X TR AL 3R 1) “ 51
FIF* (Structural Hole Spanner) "™, iZTAEUER T M KA RI4 b [ 50 &
S5 KL FEY P B4 ) 8 — > NP-Hard )8, FR4 0 T B BRI 0L 1 oK A
Bk, AE Twitter LSRR M4 - EHAS T AR I IS0 2500 -

T 1R T R TG 25 N 5 T 3 ] VA B0 s PR PR R A R A 2t
ATTI o ALAS MEEAH DRI LR AR 2, Forp i B R AL S HERE , fU S
5 HER AN AR S
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THHERFERGSE AR T A MK (LX) RIS, $2H
5 A% % 3] 777 (Cross—domain topic learning) ™. ZJ7ikffik 75
AU R ) = AN SRR s BEEERG I ME . RN BN R G SR A, B TR
SR A R BORE

T3 5 A5 N S A ) 2% G A 1) 5 SRR AR B VR O AR RS R i, L3
A R e A 5 B E A 2 ST [ SR AU 5C SR ATAS [F) SR AT s5O0 b 2 HEFF
(M AT BB A T AR A8 I T B AE L P LA A
P AN, AT TR T OB A T A S AR LT T I S AR A R4 SR S A
M BRI KBRS T SCAARLEE A [RREACLE ,  E R S Y K 4 b
WA TAREF I RCR . 2 R AW 73T 0 B HERF Ok, AT A
PRI R AR R T BCR, RHE RN ML SR T R-tree IR 5171k
[HO]Q

JEBER S R R AE N B H 44 04 LCARS (R FE AR AL,  LCARS /8 FH 375 A% AU %o}
HAZEAR R AL E . AFELL I A P R I AT R A, A AT Y R 4
(wwiw..douban. com) % 1 #E1T T SEIRI0HIE, 133 1 e IHEIERE L .

P 3 I 2R OR 2 R B NG SIS TR OK 2 B R AR AT 78 e R G 1Y)
“FEBLE” R, PR ET MC-Relief HUAFAEGESRE 7V LA R P W B 17 s DLt 7
RIFE B R A

FREAZ 28 FH OC IR FAR S IR B4 R, IR sr 38, (8 B . 2449
K, JEITRZ RS NE i wHE S AT R @ sr T E T
ANA IR RS FlEASE R EARMR S NS = 61, BT XK
GPS i it or A A5, BRI GPS HiE 58 3 b Bdi iy o e o AT TR LG 7 3
AIIARFET T, IFE RIFR 2000 24N A ZE B A Z a1 2 A A58 4800
BEAT T SEBR AT

THHERFHERGEN A T AW 5T H BRI S 8, I
E Twitter ¥R EHEAT T 501E

3.3.3 KEIEEZHE

KRB PR EHE, AP BRI ER, LT B2 A 1
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