Al TR 2021 5

2020 W3 $ ~ A 0

Nd EO4Ww | Q®eo©

Fa




ISt

C ab a a @ -
22020 3a
3 @ W
s (I A
5
. 3
i A
. 3 3
37 7 U\ 14. 8%
b
g Nea™ 7 ' 8%A
9 n
b A A W
% 7T WA
N, W

b
U\ 26.0b% CVP®R
N.b o\ v 53./°




20 2 0, s @ W Ne
W a 3 @ W H 5
W W Y © W 5
" KW° wNeuralGWPRECCV B [ v, 6
RS 0 w22.381% CAl 0 e 6
-7 2 Al w CVPRNeur | RBD.rnn. 7
Ha P 8
W 3 No 3 ) < 8
TORT h H Ne= ............... 10
SRR, 11
T T Al h SV .............. 12
~n” G . 12
" ET H b H O0b 13
> a . v g N 14
Vo § b TY E@ e, 14
N VI § n L b 14
Tam UK oyt w g b W e, 16
T gw T 19
a . ) N e 19
W LB, 19
SRS 3 [ aMl T 20
T T T T Al W [T N 2.2
5 a W N 23
W b [ e e ettt e et et et et aeeteereeeneere e 23
1. W Fvbp A T s 23
2 . 30w Rz 39
3. W Fvb § (e 54



2020 2 @ v Ne

4T H ¥ TF D i, 7.0
STV B ¢! et 71
1. CVPR N, b F\l .71

2. Wh Y b Neur | PSML\ 30 %..ccccnnnnnnn. 12
3. 1BP1. b E@ Y: W e, 7 3

4 . v KDD L 74
Ea PP 77
S 78
W O e 78
N PP 1.8
SRS 8.0
K AMIi ner COoONfWer N C B 81
T T s 8 2
(. \ WU . ORI NSO 8 2

2 D 8 3
T PP 8 3

4 v T L e e e e 85
U e 85
1. N e 8 6
- h e 8 6
OO 87
T 87
L R ISP PP PP UPRI 8 8
-5 b Y 8.9
"6 B 89

2 et 8.9
PP PRI 90

4 . A 0 S UUPRRRPRRN 90



2020 3 @ v Ne




82020

3

@



2020 ¢ Ne
@ W
Ne ~ w AMi nerw "Yho a
b a a3 d 2020 3 @ IF
[ A 10 @ . T | CIAR C ML
Ne uradlCVPERRECCAVACBEMNILAR J GXIDD SI GI R =
3 3 a 17 Ah aH b a Ee
At 3 v T+ H T w Y
1 b H a WA
202012 31 A
€ ‘l' gv D w
r- e € pB-
i ¥ 2020 s @ 10@
W e A :rew | CARVPRIJCALE:N e “ 1
faow NN o A v W W "I T CVPR
N e W: '’ 2evy | CAR CML Neur | @S

ICLR 50/ 10(¢ 4. 25%.0 7

3 ICML i 7.12-7.18 7

NeurlPS 25/ 10( 12.0612.12 7

CVPR 15@2 25 6.156.17 3

ECCV ] 8.228.27 6

ACL 50/ A5 7.05-7.10 6

EMNLP 50/ 8.0 11.16-11.20 5

T Al IJCAI 15 0 1.05-1.10 6
KDD 502 0 0 8.22-8.26 5

H b SIGIR 45/ 115| 7.24-7.29 6



https://www.aminer.cn/conf/iclr2020
https://www.aminer.cn/conf/icml2020
https://www.aminer.cn/conf/neurips2020
https://www.aminer.cn/conf/cvpr2020
https://www.aminer.cn/conf/eccv2020
https://www.aminer.cn/conf/acl2020
https://www.aminer.cn/conf/emnlp2020
https://www.aminer.cn/conf/ijcai2020
https://www.aminer.cn/conf/kdd2020
https://www.aminer.cn/conf/sigir2020

2020 3 @ v No

Fe€ D NeurJ ®BPR ECCV r NP
3 @ w 2020 [
42 68 3 T Ne 1 AttVaew - H
v Neur | POew T [ T w 94514
v 3 3 aew T Al b #
w CVPR g ECCVNez [ 6656 5025
A v 0 v KDD H # 1 SI GI R
[ " b 2000A« A 52
a 2@ W [ “1F
y A
BWE 17038 ______
10000 i 9454 i 68t
8000 i ii 650 i
6000 i 4990 i i aozai 4717 r--f??? _____ ,
4000 i ii i 53429 3359§
! 25941 1 ! : :
2000 | I I 12191180
.| 111 naER
NeurIPS  ICML ICLRE i CVP ECCVE TJCAT SIGIR ' ACL EMNLPE
I %%ﬁ%%nugﬁAI#%ﬁﬁ’@wwg"ﬁﬁé%"
%% g
1. oY D 2020
FRE D 0 e2 91 JCAl b
5 @ 10 @ W 0
W 22%ANaew (i : 2 A
C 0 v ] Neur wPS Ty
19 0 0’ CVPRECCV H™ Nez B 6
a 2B AT FT 3 A



2020 3 @ ¢ Ne

C “ H w SIGIR Ty
0 w 28 %A b, @ T
T Al L w 1JcaAl 0 2020 1@
wHT Y  w1l12.50% |JC®W®I19 17 .99 0 n -
3 1Jceal 2013y v T o | JCAI
H W T A
5 “Neurvw PS i TP W
4 v A " CVPR Y ¢ ECCA
“ACIl EMNLHe v b v W -
EMNLP2W 2T T i 7 13%2Ve w -
a v Y w T 30% i 3 27% i
7T i A
WX FEE — R 2y 3
T 3675 —omosgEE O
2000 - . 35. 0%
1800 ! — 0194 F &
1600 B/ N_____4l0 30. 0%
: ! 2.7% 23.7% _
1400 z.i' i 25. 0%
1200 - : 20 N
1000 : E : | 2 1% 22.7% 22.4% 20. 0%
800 ! o | e  15. 0%
600 1 o : i ' 10. 0%
400 - = | ! L o
200 iy N ! ! 0 0%
0 = | : 0. 0%
R N SR &N SRR ]
A T S
HLE% HEMAE B8 Al RERE FAEE BREF
L% s
‘W ECCVe | W 2019 eW ) " ¥YSI G¢¥R
6 2 6 b 5 A
2. o V D 2020 b -

r et P Al P CVPIRRNeur | K®D

AMi ner " https://aminer.cn/ cponf

10, w o7 w 425, 5076 (38



2020 3 @ v Ne

W CV PaR 3 Neur !l PS
KDD W Nez 102867235568 128New
: 3 A 5 e w1 [7 r 6T A
r e

0 20000 40000 60000 80000 100000 120000
CVPRESSsss— 1 02987
NeurlPS NI 64256

KDD maaesssssssssssmm—m—m— 538126
[JCAl IEEEEESS—— 57717

ACL NI 35895

ICLR ——— 30922

ICML s 30685
EMNLPo—— 22607

ECCvmmmmmmmm 18683
SIGIR mmmmE 12865

“AMi ner [ 202012 31 A
3. 10y D AM ner
€ 1. I
Gt 3 @ 10 @ WY
- l.IJ W 5 N9 -
TF DF 0 h v 0 TOP
20 v Lo € - [, 3 @ 77 2015020
- h A
e iA 4 7 i
3 @ v "~ | ClaRe urall 3L N
0 3 3" Deep L€&arning
" De eNe uNeatlwéa ks 3" Reinforcem@&ant Learning
¥ Deep Reinforc€eiment Bd&arning ~ GAN,
Generative Advek sarial ™ Retworkst Neur al N €



2020 3 @ ¢ Ne

~

RNN)H A e W e 1 F W
7 \ 14 981 ¢+ H 2 A 1=
1 ~ Gradi ent” DeAscent
SRV “ICLR | CML oy 57T
“Adversarial AKxdampNewsry PS y
3T o “Convolutional” QN\eRur &Al INEMLwor ks
NeurHes v n (Bayesian ®ptimizat
i Ne "~ Variationa&al |InT &rnaeasséan Trhdcess, GP
" Act Levaer W@ ng 3 Onl iLea@r i ng A
1 e v " ICL Ry v 3 " Learning

Repr esnesat at i3 TransferaLeardingnsupervi sed
Lear™ni ndl CM& = Ne "~ Differentai al Pri

€n.” Nonconvex Optiiymi zatioitructurée&d Predic

'"Neurw PS £ " Sample ComplAexity
2 nPR b D W
I] learlii‘nnnen'resenminns l
) eep Reinforcement Learning i
Generative Model = Convolutional Neural Networks
Adversarial Examples neen I'ea"““g
| CLF o Heworks NGUIFAl NGTWOIKS
Unsupervised Learning

wannbeuratNorwiorks RGIMFOYCEMeEnNt Learning e
haversarialatacks Racyrrent Neural Networks
Generative Adversarial Networks

Generative Adversarial Networks
Theoretical Analysis

Active Learning Deep Learning Deep Neural Networks

| CMY s RETTITOFCEMENt Learning

Adversarial Examples pog Gradient Descent
Deen Networks Bayesian Optimization Nenconvex Optimization
Recurrent Neural Networks Deep Reinforcement Learning



https://www.aminer.cn/conf/iclr2020

2020 3 @ ¢ Ne

Bayesian Optimization Generative Adversarial Networks
Recurrent Neural Networks

Jartational fﬂl!illflll‘l:l!mllm LeArning caussian processes
Neur arationaerence . Deep Learning vnsupervised Learning

Convolutional Neural Networks
Gradient Descent

Deep Neural Networks
' € ¢ AMi ner A
e € I ~ M4 E
Ne CVPRECCHY e W 0 -~

" Obj ect Dk typMed i enma Setgintent at i on

~

n "~ 2013020 o U 8 9%
w £ Action Re&cogn#tPeoseldenti fa cati on

r T (Human Pose&e HENtilmaagenGl assifTication

A

3" Deep Lelairmi ngHw

N

Convoluti ohwbT KBuy@¥ Ne [

3 A
" CVPR U " Vi sual Questio

AnsweR@ding #° Face Recogni'tyion

N

Generative Adver sari’aHCOWet wor ks ey

~

Face Al"agnkeenV¥i deo Cl a3 sEf i"clama goen

Captianing “"Unsupervised Domain Adaptat.i
yi 3 Unsupervised ALearni ng
3 D CVPRECCYW W

20152020v

Convolutional Iletwnru_e,s ema!“ic se!lmemg[ion Neural Networks
CVPH singleImageODj€Ct Detection

neen “eural Hemorks Unsupervised Domain Adaptation
Deep Networks
Face Recognition

10



2020 3 @ ¢ Ne

video Classitication PEISON Re-ldentification
Optical Flow

Human Pose Estimation
Image Classification

Eccy nctonecognition U] ECT DELECTION vecnNeuralneworks
Pose Estimation Single Image

Computer Vision

Unsupervised Domain Adaptation

Ne H @ v ACL EMNLP

~

Neur al Machine Tr ans| 2 1-Zo00n2 O

n oo

W 1T " WorEmbeddangs
" QuesAnisowe @i g ~ Semant i ta RPar#s Emtgi ty

RecogfdatilNen Text Cl aasifit®Reilani on"aExtract.i

N

Natural Language I nference w

N

r " Soi al “Medi4a A

H Y @ w © ACLw £y

Statistical Machi ne” Domas ha®liaiyp tNat i on

N

Dependené¢y Parsing 3" Deep Learning

yi 3HT " Recurrent Neur aAlE MN\eLtPwo r k

W LV Language " aMyydel iSmgnant i c

RoTaeyNe” Semanti ¢ Analysi s 6 ) 3 Deep

ReinforcemenA Learning

4 D AClk EMNLP w

W 2015-2020w

- - Statistical Machine Translation Recurrent Neural Network
Relation Extraction 3 7
Ilomalll Aﬂalllallon “e“ral “etwnrks

semantic Parsing WOId EmMbeddings 112 machine comprenension
ACL Neural Machine Translation

Text Classification Q“ES“O“ nnswering

11


https://www.aminer.cn/conf/emnlp2020

2020 3 @ ¢ Ne

Distant Supervision

Natural Language = =
Language Modeling Machine Translation l:onuolmmnal Neural Networks

social MediaWord Embeddin Semantic Role

=uNt - Neural Machine Translatmn

Question Answering Entity Recognition
Natural Language Wierence Semantic Parsing o ceill LN L

Relation Extraction
t€ 6 AMi nwer A
r € ° Al | w1
Ne wl JCAID - T Al 201292 0w H
T h  w 37" Rei nf orleeameéidtng 3
"~ Dedear it h@§ | " Convolutional”tNeur al Net

" Recurrent Neuraf Ne#wdbr&nsfer Learnin

(Y " Answer Set "Rr ogTriaWmi g

Embeddi ngh\e ~ Matrix factorization Soci al

Net woér ks 0 4 A

Social Network

wora emnesaings AANSWET SEI Programiming security Games
Transfer Learning SU(;|a| Networks

Matrix Factorization B neen lear“'“g = Neural Network
saramROIMTOrcement Learning

Machine Learning Convolutional Neural Networks

€ ¢ AMi nwer A
4 " Al D] JCAl D W
r e n .
W K DR Ne K DDw
) h Y "~ Biataa -
Soci al "Met wor%osci alla Melli a”~ Heterogeneous
i nformati"om net wor k 3" Machliea&r™nd ng
T 3" Deep L@arknH n3ig Mul-Ttaisk L&@ar ni3dng

12


https://www.aminer.cn/conf/emnlp2020

2020 3 @ ¢ Ne

N

Active “Learningl = " Data S&ience

N

Recommendatiaon Sy Awenad y Datect’ibinspl ay

Adverai sOi ng”~ CIl iiTchkr ough Ratae Pr é cEifdtiicarent
Al gofithii, H 5 A
Heterogeneous Information Networks
Click-Through Rate Prediction

Multi-Task Learning Big Data Anomaly Detection

reweearnns MIACHINE LEAINING

Wetric Leamine g o ciial Networks
Aacho sparONIine Controlled Experiments

Rademacher Averages
S o ¢ AMi nwer A
5 D KDD ° D W

F” €ed F H 0f

H b 7 SI GI R - 1
" 202920 h " 7 SocMadiaa t e
Commerce€a Searc8oci al "Networ'ks " 6H
0" Inf or mRettirdde val”™ WelsearfZ h” Que sAnisowe™ @i ng

A

Recommendati"an SystemQuery Perfor manc
Prediction?’ ’ " Knowl edge
Graphs ~ Knowl eddaeh"Bas &sti ve "hear nVemg
SuperVvisi oA

E-Commerce Search online Learning
Machine Learning Recommender Systems
Question Answering Weh Search Social Media implicit Feedback

Deep Learning
Search Engine
Active Learning
Query Performance Prediction J
S O ¢ AMi ner A
6 H F D SIGIR D W

13



14

2020 3 @ ¢ Ne
P, D 4
s @ W F13 g
8 [ 99 9A H 0 Ne
" Ne O v g i I7L A
Fr € ¥ X '
2020 v T o 13" abhb
51 At g b Nez aT a
38 v Yiy VAW T W ! b 3%\
© [ 68.76N# G av R@#zNe a
Yi OpenrnAl o3 - i T Al
W ol b \ 98% B e 2 A
2.0%
3.9%
o
9.8%
_/
11.8%
68.6%
7, 9 Y D ¥ 4
Fee g H ¥
3 @ v g ¥ P b
b ' 3 1B g T Y
1 202012 31 A



2020 3 @ v Ne

b b B w D A . D HT
b w 2B~ 3B H 5 Ao T
Kai xXuambWei Tunifm@e-aRBluay Proxi mal

Al gorithm for I nvewlse | magingVYiPm® WFe ms

~

aHua Huaimgy'l s \ Jingwei Li"amgi-l es
RiverocaAblgel ib A

5. oV D 2020 | H

Y g i D 4
Kai xuan
Angelica-

Tunifmee-aRl_.
Pl ay p{Rivero, T

- Liang, Y
Alqo_rlthm Car-Bl bi an
| magi ng Pr e b

ICML2020 Sche°nli
Huang

. NAVI DA
Haggali Mé .
LitanyectB . 7

Et han Fet Yy !
4 H

On Lear ni
Symmetric

Tom Br
Benj amin
Ni ck Ryde
Subbi ah,
Kapl an,
Dhari wal ,
Neel akant
Shyam,
Sastry,
Askel |,
Agar wal ,
Her bVersts ,
Gretchen
Tom He n
Rewon Chi OpenAl 771
Ra mes h,
Ziegler,
Cl emens
Chri
Che
Mat
Sco
Ben
c
r
m

gu
Neur | PS|Fe®ho

J a
Ch
Sa Md Ca
Al ec Radf
Sutskever
Amodei

NeRegr et Andrea Ce|Facehook 4

15


https://www.aminer.cn/pub/5e54f17a3a55acae32a25ce5/
https://www.aminer.cn/pub/5e54f17a3a55acae32a25ce5/
https://www.aminer.cn/pub/5e54f17a3a55acae32a25ce5/
https://www.aminer.cn/pub/5e54f17a3a55acae32a25ce5/
https://www.aminer.cn/pub/5e4faa9a3a55ac969512bafc/
https://www.aminer.cn/pub/5e4faa9a3a55ac969512bafc/
https://www.aminer.cn/pub/5ed0e04291e011915d9e43ee?conf=neurips2020
https://www.aminer.cn/pub/5ed0e04291e011915d9e43ee?conf=neurips2020
https://www.aminer.cn/pub/5f7fdd328de39f0828397d9e?conf=neurips2020

2020 3 @ v No
Y g i b J
Dynami cs Al berto M # H
Ext esft®irwme |Gabriele avop
Correl atedNicola Ga
Equilibriu
|l mproved
and a ek Mi chal De v R
curve forflRaji v Kha 2% No 2
Subset SelMi chael w @ =
the Nystro
Di gital vDavid Gad % R
EMNLP 2 Silent SpegDan Kl ein|@#Ne 1
Ri bei M
BehaviorallTongshuan| ~ !
ACL 202 NLP Mo d e | )" Gues N v 0
CheckList |carlos Sin Ne
Sameer
RAFT: R e c-{
ECCY020 Pairs Zachary 61
Transfor msiDeng
Optical Fl
Unsupervi s
Learning J(Wu Shangz
Symmetric )" Ruppr
CVPR 20 |2y MMme . . 39
Deofr mabl e Chri stVieadm
Objects fITAndr ea
in the Wil
On Sampl e . .
KDD 202|for \év‘;’"'f?é KrR' 16
Recommend 4 € e
. Mar co Mo
ContrOH'nAshudee“
SIGIR 2|and Bias \ P 1
Learnhdagk |JE€SSIca
Thor sten
Synt hesi z-i
Dri ven Tr ul@an o
Recommendal_| d (gWgL Y 3
Expl anati o ady ’
| JCAI 2|Revi ews
. Sandhya
X Mkﬂbt"e(SaisubFEm
Approach Kamar Shl o a 6
Negati e S
9 - Zil berste
"W | CL2ZRO B0 g Y [202012 31 A
FREN npbod [ F D
AMi nwer [202012 31 - 10@ .
wHT" 90% b % 2020 o8

16



https://www.aminer.cn/pub/5f7fdd328de39f0828397d9e?conf=neurips2020
https://www.aminer.cn/pub/5f7fdd328de39f0828397d9e?conf=neurips2020
https://www.aminer.cn/pub/5f7fdd328de39f0828397d9e?conf=neurips2020
https://www.aminer.cn/pub/5f7fdd328de39f0828397d9e?conf=neurips2020
https://www.aminer.cn/pub/5f7fdd328de39f0828397eab?conf=neurips2020
https://www.aminer.cn/pub/5f7fdd328de39f0828397eab?conf=neurips2020
https://www.aminer.cn/pub/5f7fdd328de39f0828397eab?conf=neurips2020
https://www.aminer.cn/pub/5f7fdd328de39f0828397eab?conf=neurips2020
https://www.aminer.cn/pub/5f7fdd328de39f0828397eab?conf=neurips2020
https://www.aminer.cn/pub/5f7ed7ca91e011a5faf0fdec/digital-voicing-of-silent-speech
https://www.aminer.cn/pub/5f7ed7ca91e011a5faf0fdec/digital-voicing-of-silent-speech
https://www.aminer.cn/pub/5eb9222f91e0118cfef98287/
https://www.aminer.cn/pub/5eb9222f91e0118cfef98287/
https://www.aminer.cn/pub/5eb9222f91e0118cfef98287/
https://www.aminer.cn/pub/5eb9222f91e0118cfef98287/
https://www.aminer.cn/pub/5e7dcebb91e0115bf014c4c9/
https://www.aminer.cn/pub/5e7dcebb91e0115bf014c4c9/
https://www.aminer.cn/pub/5e7dcebb91e0115bf014c4c9/
https://www.aminer.cn/pub/5e7dcebb91e0115bf014c4c9/
https://www.aminer.cn/pub/5ddcf7f53a55ac1c5e8cce3b/
https://www.aminer.cn/pub/5ddcf7f53a55ac1c5e8cce3b/
https://www.aminer.cn/pub/5ddcf7f53a55ac1c5e8cce3b/
https://www.aminer.cn/pub/5ddcf7f53a55ac1c5e8cce3b/
https://www.aminer.cn/pub/5ddcf7f53a55ac1c5e8cce3b/
https://www.aminer.cn/pub/5ddcf7f53a55ac1c5e8cce3b/
https://www.aminer.cn/pub/5f03f3b611dc83056223202d/
https://www.aminer.cn/pub/5f03f3b611dc83056223202d/
https://www.aminer.cn/pub/5f03f3b611dc83056223202d/
https://dl.acm.org/doi/10.1145/3397271.3401100
https://dl.acm.org/doi/10.1145/3397271.3401100
https://dl.acm.org/doi/10.1145/3397271.3401100
https://www.ijcai.org/Proceedings/2020/0336.pdf
https://www.ijcai.org/Proceedings/2020/0336.pdf
https://www.ijcai.org/Proceedings/2020/0336.pdf
https://www.ijcai.org/Proceedings/2020/0336.pdf
https://www.ijcai.org/Proceedings/2020/0336.pdf
https://www.ijcai.org/Proceedings/2020/0050.pdf
https://www.ijcai.org/Proceedings/2020/0050.pdf
https://www.ijcai.org/Proceedings/2020/0050.pdf

2020 3 @

ICML202¢0

Neur | PS @20 HWa

0 Language

A Si mpl e

for ConSi mon, Nor o

Learning

Represent

- —

5y 0 W

9

,_l,

OpenRAl

Mo eéBehlos dfeearbhew sy 771

G E 10% W A

D 2020

b

Chen Ting

Mohammad, H
gGeoffrey

Goog
Researc
Team.

~

—_—C

874

Il CLR202

ALBERT:

BERT f o

F

supervise

of L a

Represent

nNGi mpel , Piy

Zhenzhong
Chen, Sebas
Goodman, Ke

dShar ma, Rad

107

Neur | PS

Language

Fe®hot L ed

Tom Brown,
Mann, Ni c
Mel ani e Su
D Kapl an,
Dari wal ,
Neel akant a
Shyam, Gir
Amanda
Sandhini A
Her bVorsts , G
Krueger,
Heni ghan,
Chil d, Adi
Dani el Zi e
Wu Cl emen
Chris He s
Chen, Eri
Matsezu Li tw
Gray, Benj
Jack Cl ark
Berner,

I

OpenA

771

17



https://www.aminer.cn/pub/5e4672c93a55ac14f595d8b5/a-simple-framework-for-contrastive-learning-of-visual-representations
https://www.aminer.cn/pub/5e4672c93a55ac14f595d8b5/a-simple-framework-for-contrastive-learning-of-visual-representations
https://www.aminer.cn/pub/5e4672c93a55ac14f595d8b5/a-simple-framework-for-contrastive-learning-of-visual-representations
https://www.aminer.cn/pub/5e4672c93a55ac14f595d8b5/a-simple-framework-for-contrastive-learning-of-visual-representations
https://www.aminer.cn/pub/5e5e18e493d709897ce3a0f2/
https://www.aminer.cn/pub/5e5e18e493d709897ce3a0f2/
https://www.aminer.cn/pub/5e5e18e493d709897ce3a0f2/
https://www.aminer.cn/pub/5e5e18e493d709897ce3a0f2/
https://www.aminer.cn/pub/5e5e18e493d709897ce3a0f2/
https://www.aminer.cn/pub/5ed0e04291e011915d9e43ee/language-models-are-few-shot-learners
https://www.aminer.cn/pub/5ed0e04291e011915d9e43ee/language-models-are-few-shot-learners

2020 3 @

w b /
Mc Candl i sh
Radford, |
Dari o Amod
Peng B a
Fewhot N
Chenguang,
Language
, Chunyuan, L 27
for -Qraisek| .
] Jinchao, Ze
Di al og .
EMNLP 2 Mi chael , Ga
RevisitingCui YimT
Tr ai ned MWanxiang, Ligs T 5 7
Chinese Bing, Wang
Language HGuoping
BART: D e )
Lewi s M
Sequtoce .
Yi nhan, Goy
Seguence -
. ] i Naman, Ghaz
raining .
ACL 202 Marjan, Mo h Facell 5,3
Language Al
. Abdel r ahma
Gener ati ofn
~ |Omer, St oya
Transl ati g
Ves, Zettl e
Comprehenstd
Adver sar i d 3
against -|Sukrut R . w
ECC¥%020 i i wH 4
Optimized |Stutz, Bern
Adver sari g
A SBwls
Generator
) Tero Karr
CVPR 20|Architectd ) ) B 181
] Laine, Ti mo
Generati v
Adver sar.i g
Gr aph S|Jin We i , Me¢
Learning Xiaorui, Ta !
KDD 202 ) 28
Gr aph Xianfeng, W
Net wor ks Suhang, Tan
Light GCN:
. _ ~|He Xiangi?l
Simplifyionrn ’ Y
] Kuan, Wang
SI GI R 2/Powering ’ 88
~|Yan, Zhang ,
Convol ut i g 3
Yongdong, We
for Re c omr
A Simple |Chen Ting Goog
' JCAlI 2 . Researc| 874
for ConSimon, Nor o Team

18



https://www.aminer.cn/pub/5e58e54091e01189527e2b7a/few-shot-natural-language-generation-for-task-oriented-dialog
https://www.aminer.cn/pub/5e58e54091e01189527e2b7a/few-shot-natural-language-generation-for-task-oriented-dialog
https://www.aminer.cn/pub/5e58e54091e01189527e2b7a/few-shot-natural-language-generation-for-task-oriented-dialog
https://www.aminer.cn/pub/5e58e54091e01189527e2b7a/few-shot-natural-language-generation-for-task-oriented-dialog
https://www.aminer.cn/pub/5eaaa1d591e011fa9e15e960/revisiting-pre-trained-models-for-chinese-natural-language-processing
https://www.aminer.cn/pub/5eaaa1d591e011fa9e15e960/revisiting-pre-trained-models-for-chinese-natural-language-processing
https://www.aminer.cn/pub/5eaaa1d591e011fa9e15e960/revisiting-pre-trained-models-for-chinese-natural-language-processing
https://www.aminer.cn/pub/5eaaa1d591e011fa9e15e960/revisiting-pre-trained-models-for-chinese-natural-language-processing
https://www.aminer.cn/pub/5dbab2523a55acea3c05b02b/bart-denoising-sequence-to-sequence-pre-training-for-natural-language-generation-translation
https://www.aminer.cn/pub/5dbab2523a55acea3c05b02b/bart-denoising-sequence-to-sequence-pre-training-for-natural-language-generation-translation
https://www.aminer.cn/pub/5dbab2523a55acea3c05b02b/bart-denoising-sequence-to-sequence-pre-training-for-natural-language-generation-translation
https://www.aminer.cn/pub/5dbab2523a55acea3c05b02b/bart-denoising-sequence-to-sequence-pre-training-for-natural-language-generation-translation
https://www.aminer.cn/pub/5dbab2523a55acea3c05b02b/bart-denoising-sequence-to-sequence-pre-training-for-natural-language-generation-translation
https://www.aminer.cn/pub/5dbab2523a55acea3c05b02b/bart-denoising-sequence-to-sequence-pre-training-for-natural-language-generation-translation
https://www.aminer.cn/pub/5dbab2523a55acea3c05b02b/bart-denoising-sequence-to-sequence-pre-training-for-natural-language-generation-translation
https://www.aminer.cn/pub/5dbab2523a55acea3c05b02b/bart-denoising-sequence-to-sequence-pre-training-for-natural-language-generation-translation
https://www.aminer.cn/pub/5eb789d3da5629cf24430a52/adversarial-training-against-location-optimized-adversarial-patches
https://www.aminer.cn/pub/5eb789d3da5629cf24430a52/adversarial-training-against-location-optimized-adversarial-patches
https://www.aminer.cn/pub/5eb789d3da5629cf24430a52/adversarial-training-against-location-optimized-adversarial-patches
https://www.aminer.cn/pub/5eb789d3da5629cf24430a52/adversarial-training-against-location-optimized-adversarial-patches
https://www.aminer.cn/pub/5e3a928fdf1a9c0c41ebe39e/a-style-based-generator-architecture-for-generative-adversarial-networks
https://www.aminer.cn/pub/5e3a928fdf1a9c0c41ebe39e/a-style-based-generator-architecture-for-generative-adversarial-networks
https://www.aminer.cn/pub/5e3a928fdf1a9c0c41ebe39e/a-style-based-generator-architecture-for-generative-adversarial-networks
https://www.aminer.cn/pub/5e3a928fdf1a9c0c41ebe39e/a-style-based-generator-architecture-for-generative-adversarial-networks
https://www.aminer.cn/pub/5e3a928fdf1a9c0c41ebe39e/a-style-based-generator-architecture-for-generative-adversarial-networks
https://www.aminer.cn/pub/5ec7a32791e0118397f3ed74/graph-structure-learning-for-robust-graph-neural-networks
https://www.aminer.cn/pub/5ec7a32791e0118397f3ed74/graph-structure-learning-for-robust-graph-neural-networks
https://www.aminer.cn/pub/5ec7a32791e0118397f3ed74/graph-structure-learning-for-robust-graph-neural-networks
https://www.aminer.cn/pub/5ec7a32791e0118397f3ed74/graph-structure-learning-for-robust-graph-neural-networks
https://www.aminer.cn/pub/5e3d353b3a55ac4de4104f40/lightgcn-simplifying-and-powering-graph-convolution-network-for-recommendation
https://www.aminer.cn/pub/5e3d353b3a55ac4de4104f40/lightgcn-simplifying-and-powering-graph-convolution-network-for-recommendation
https://www.aminer.cn/pub/5e3d353b3a55ac4de4104f40/lightgcn-simplifying-and-powering-graph-convolution-network-for-recommendation
https://www.aminer.cn/pub/5e3d353b3a55ac4de4104f40/lightgcn-simplifying-and-powering-graph-convolution-network-for-recommendation
https://www.aminer.cn/pub/5e3d353b3a55ac4de4104f40/lightgcn-simplifying-and-powering-graph-convolution-network-for-recommendation
https://www.aminer.cn/pub/5e4672c93a55ac14f595d8b5/a-simple-framework-for-contrastive-learning-of-visual-representations
https://www.aminer.cn/pub/5e4672c93a55ac14f595d8b5/a-simple-framework-for-contrastive-learning-of-visual-representations

2020 3 @ ¢ Ne

Learning Mohammad, H

Represent gGeoffrey
‘ [ 202012 31 A

r € gbo X
2020 | 3 @ v g HT
U o A ' Neurl PSg2020 OpenAl
¥ GP-Ba H \ p ¥ na egr et
3 - Ty R@zNe 7 6 W o
A
- T CF W 9 R T
. b 1 CML 2020 ¥ T 5 Wb b
W Lo A CVP-RO 2 @y, a o v
“ACIL20 2 @ 3F . TP N, L
“3b b T AN T
' A
1. P 4
H 0 No i No
s @ W b Ne A - W
0 h YN v TRA Ao~ CVPR
b Y HT T VRV y &
a a aT a a YT
v b 340 B WAI T 0 v A
r e. ¥
30 2 w | CIAR CME1l Neur | PS

19


https://www.aminer.cn/pub/5e4672c93a55ac14f595d8b5/a-simple-framework-for-contrastive-learning-of-visual-representations
https://www.aminer.cn/pub/5e4672c93a55ac14f595d8b5/a-simple-framework-for-contrastive-learning-of-visual-representations

2020 3 @ w  Ne
b “Ne b W 0 T A
) 3 @ v [ @
Bb dab TOF . b
A
D | CMLO 2v0:': a a yi::
1 5B . boO Dynamic Knapsack Optimizatior

Mu FGhiannel

a Mi b a

Learning To

Sequentii al #AAdvedltlilsT nigyader abad

.q

Y1 Linkedln b

Navigat e The Synthetically ,

Reinforcemkent Learning
L b "Neur | PS2020 348D °
i T 3BD " 488 4B Db " 448 16D 1Y
25" 1 3Bb A

Number of Authors per Paper

" AMi ner A

8Neur | P§2020+# E|
fe€ 7 5 P L MIT

3 2020 | CARCMINeurt PS w T
TOP10 a a av RQ@#

a avop aDeep M™ind a Y i
- 9 At T Y4y 347 B Ai
. 197 "
185A p A 86 " B X 3 W' T A

20



2020 3 @ ¢ Ne

~ ~

400 347
350
300
250
197
200 185 161 154 149
150 115 112
100 I I I 86 61
50 I
0 [
¥ \ O
. D
R P8 !
: 2
9 W R D220 TOPO
tifevw “ I CARCMLNeur | PS Y
R N Vh v | CL4R B 22H “1 1 Al
v o fgr B M v AT F
3 i ® < zAi . 7 A
7 w R D 7 P
W
- ICLR ICML NeurlPS
B 2 3 1 2 3 1 2 3
\' p \
31 23 22 114 69 62 202 109 106
BN 4.5 3.3 3.210.¢% 6.3¢5.7 10.¢5.7¢5.6"
(" v Neur | P8 20202 Ne
Y 2082109 104 Y ez - A B
L #7637, 37~ ~ 26 10 A

21



2020 3 @ ¢ Ne

BHEET

EREIEAE

fAER

el
TREEEIF
B

DeepMind

EE A

HERZE

Facebook

Skl x=

IBM

HAXF
FREESET R
laEAE
IMFREEIAZEEZ
BEERAZE
SRFEETAT R |3
IEEA=

1B { }

T 1
200 250

"AMi ner A

10Neur 1 PS2020 20

FrREX " Al D 7 Q

T Al w | JCAI::2020
T B - 42 ~ T Y 34
H' ~ 26 - 2 A 15 1° 7T

22



2020 3 @ ¢ Ne

X
Blr=er 2
FERFREART
EEAE
EiEmEAY
FEay
EEETAT
IR EAS
EEEE

IBM

1B { }

50

B

"AMi ner A

11 JCAIR020fj T 15

1. D F1E M X
v ~ CVPRECCVT” TOP1O
b w aLingaShaohua Shan YaMi aAHbsuana Yang
a a Leonidas 1J1. Gui basv

Nezw 383410181818 141316 15 A

23



2020

3

Q@

ERTESE

1999

0

5

10

~

15 20 25 30 35

I ———— 36

Ling Shao T 31

Chunhua Shen IS |0

I 18

I 18

Ming-Hsuan Yang IS 18

Leonidas J. Guibas

12

HZ @i Tian)
= #iF
W EETRATRE

CVPR 2020 (24) v

@ Image Retrieval Fealure Extraction @'

I 17

I 17

I 16

I 15

Image CI

h-index: 92 | {3Z#: 1001 | S|FE&L: 35909

AMi ner "E WA

al EEE FeélEIAGwW

#Papers: 1002

2005 2010

2015

#Citation: 35909
H-Index: 92
G-Index: 161

Sociability: 7
Diversity: 0
Activity: 21

2020 2022

24

40



2020 3 @

10

11

12

13

14

15

16

17

18

19

20

21

22

23

24

25

A SemiSupervised Assessor of Neu
Architectures

AdderNet: Do We Really Need Multiplicatio
in Deep Learning?

CARS: Continuous Ev

NeuAmnthitecture Sear

Creating Something From Nothing
Unsupervised Knowledge Distillation for Cres
Modal Hashing

CrossDomain Detection via Grapinduced
Prototype Alignment

Dynamic Multiscale Graph Neural Networks f
3D SkeletorBased Human Motion Prediction
FM2u-Net: Face Morphological MukBranch
Network  for Makeupnvariant Face
Verification

Frequency Domain Compact 3D Convolutior
Neural Networks
GhostNet: More
Operations
Gradually Vanishing Bridge for Adversarii
Domain Adaptation

Joint Demosaicing and Denoising WitBelf
Guidance

Label Decoupling Framework for Salient Obje
Detection

Learning Temporal Gd\ttention Models for
Unsupervised Video Action Localization
Learning to Select Base Classes for Femot
Classification

Network Adjustment: Channel Search Guid
by FLOPs Utilization Ratio

NoiseAware Fully Webly Supervised Obje
Detection

Polishing DecisiorBased Adversarial Nois
With a Customized Sampling

Projection & ProbabilityDriven BlackBox
Attack

Rethinking Performance Estimation in Neu
Architecture Search

Features from Chei

Spatiat Temporal Graph Convolutione
Network for VideoBased Person Re
Identification

Towards Discriminability and Diversity: Batc
Nuclearnorm Maximization under Labe
Insufficient Situations

Transformation GAN for Unsupervised Ima
Synthesis and Representation Learning
Unsupervised PersonReidentification via
Softened Similarity Learning

Video SupeResolution With Temporal Grou
Attention

Circumventing Outliie€
Knowl edge Distill ati

25

https://www.aminer.cn/pub/t
ebe685391e0117693a520e!
https://www.aminer.cn/pub/t
e0c6dcc3a55acc9707f3986.
https:// www. ¢
d79a4f 43a55ac

https://www.aminer.cn/pub/t
eccbh534e06a4c1b26a835d]

https://www.aminer.cn/pub/t
eccb534e06a4c1b26a8396¢
https://www.aminer.cn/pub/t
eccb534e06a4c1b26a834b!
https://www.aminer.cn/pub/t
eccb534e06a4c1b26a836d¢

https://www.aminer.cn/pub/t
eccb534e06a4c1b26a8354:
https://www.aminer.cn/pub/t
ddf9ac53a55ac735a8f0f06/
https://www.aminer.cn/pub/t
ecch534e06a4c1b26a8397]
https://www.aminer.cn/pub/t
ecch534e06a4c1b26a8357f
https://www.aminer.cn/pub/*
ecch534e06a4c1b26a839b(
https://www.aminer.cn/pub/t
ecch534e06a4c1b26a8387(
https://www.aminer.cn/pub/*
ecch534e06a4clb26a8366¢
https://www.aminer.cn/pub/t
e8da0c991e011f2de5838ce
https://www.aminer.cn/pub/*
ecch534e06a4c1b26a8390f¢
https://www.aminer.cn/pub/®
ecch534e06a4c1b26a8350]
https://www.aminer.cn/pub/*
€b9222f91e0118cfef9816e/
https://www.aminer.cn/pub/*
ec7a32791e0118397f3ec56
https://www.aminer.cn/pub/*
ecch534e06a4clb26a835€]

https://www.aminer.cn/pub/*
€81c33091e011b2b7821e8!

https://www.aminer.cn/pub/*
ecch534e06a4clb26a834cf
https://www.aminer.cn/pub/*
e8da0d591e011f2de583bde
https://www.aminer.cn/pub/*
ecch534e06a4c1b26a837bk
https:// www. ¢
e7c7d3c91e01]

0 ¥ / M

CVPR2020

CVPR2020

CVPR2020

CVPR2020

CVPR2020

CVPR2020

CVPR2020

CVPR2020

CVPR2020

CVPR2020

CVPR2020

CVPR2020

CVPR2020

CVPR2020

CVPR2020

CVPR2020

CVPR2020

CVPR2020

CVPR2020

CVPR2020

CVPR2020

CVPR2020

CVPR2020

CVPR2020

ECCV 20:¢



2020 3 @ ¥ Ne
Wav eBasted-Bbaath Netwchttps:// www. g
26 Demoireing fOedfaa91e01JECCV
o7 Soci al Adaptivesuvmmruhttps://www.EECCV
Group Activity Recogfl6bad4191e01]1
Corner Proposal fM@wwhttps:// www. ¢
28 stage Object Detect|f213ebe91e01JECCV
Reinforced Axi al Rehttps:// www. ¢
2 Monocul ar 3D Object f4e2f0791e01JECCV
30 CooGANMe meETfyf i ci ent thtps://www.eECCV
Hi Resol uti on Facial fa282d991e011
Extract and Merge: https:/ [/ www. ¢
31 with Regional Attribffeg87icda150¢cCCV
I nterpretable Visual https:// www. ¢
32 Formul ati on Under Naff68a34d4150eECCV
Ret hi nking the Pirsster https:// www. ¢
33 identificatioBaswdt hff68a71d4150¢ECCV
Nor mal i zati on
3 Lar$eal e-ShFoetw Learni-nhttps://www.eECCV
mod al Knowl edge Discff68aefd4d150c¢
AP-Net : Robust Generihttps:// www. ¢
€9 Singl e Discriminatorff68e92d41505ECCV
Bot tUpm Tempor al Acti (https:/ /] www. ¢
36 Mut Ralgul ari zati on ff68f43d4150£ECCV
Ling Shao
(11 Al) a
L L « I F
B 3 \ \l
K"K Z a a a
” N
Ling Shao
h-index: 65 | {63041 652 | S|FEL: 20225
M Inception Institute of Artificial Intelligence/Mohamed bin Zayed University of Artificial
Intelligence
CVPR 2020 (14) v
R
- #Papers: 655
@Feature Extraction @ Visualization 9 mp ° 9 59 g \‘@g #Citation: 20225
b?’ %O‘@ \ H-Index: 65
y G-Index: 126
D\veﬁ)\é 2 : H.lndx Sociability: 7
\é‘? C“g&/ Diversity: 0
S Activity: 23

2005 2006

2008 2010 2012 2014 2016 2018 2020 2022

26

20

20

20

20

20

20

20

20

20

20

20



2020 3 @

10

11

12

13

14

15

16

17

18

19

20

21

22

23
24

An I nvestigation i n
Whitening

Ani mal Web: -ScAal & arHjie
Dat aset of Annotate
AutEmcodi BgptTwiemec k

Camoufl aged Object

Controll able Orthog
DNNs

Cycl el SP: Real | me
|l mproved Data Synth
D2Det : Towar ds Hi ¢
Det ecti on Saengdmel nntsatt ai
Exploring Learning

Layerwise Condition
Hi erarchical HuUyaead
Rel ati on Reasoning

HRank Filter P fRam
Feature Map

Il nterpretable andma
Mat ching with Adapt
Lat ent Embeddi ng

Discriminative F2hac
Classification

L a yweirs e Conditioni
Exploring the Learn
Learning Enriched F
Restoration and Enh
Lear ni n-Gr aNbhwilltair Hy p
Vi dkaosed Peéedeonmni Re c ¢
Learning t o Learn
I nf or mati on Bottl e
Generalizati on

Mu FMuit u a l Consi sTtreami
Subspace Learning

Segment ati on

NETNet : Neighbor Er
Net wor Kk for Better
Detection

Pat hol ogi cal Reti na

From OCT | mages Usi
Based Augmentati on
Unsupervised Adapt

Hyperspectr aiRelsma g e
Learning Enriched F
Restoration and Enh
Latent Embeddi ng

Di scriminative F&hac
Classification

L a yweirs e Conditioni
Exploring the Learn
Learning t o Learn

27

w -
- -

—_ -
o -

w -
=

w -
o

o -
=

o -
=

o

oo"
S PszsO0sz0ssvzO0sz 0z 0Ox

ol
o -

fo L AP N | Y TN o LV TN o | VPN o LW T L WP N o L W Y Y

O ®sD®s O ®s 0 @2

-
LY

® =
o=
.

—= an
Y o}

o=
o -

fa}

fo o Tt

LY

N
o}

® O ®®>M®®®3D®SM®Sm®S 0SS OdS
—_ -

N T O OO0 N0 oI N0
R~ o~ N+ O “F R0+ O 000" O
T OO "TOC O AT TT 0T U1 TT T 9T OT
A0V OOV FPOL OO AN OO OO OO IO AV WO
PEPSTOEIRPEDPZTOSRPREIRPETOSRPEDERE

® s 0z 0=
oz o=z
- -

Ly o e

o -

_,,,..
o1

© "
B
~ Ny ~ Ny L NY ~ Ny

N

> ® 5 D® 0T
W "

(o Xadle Ralb S Rl
00—+ 0O =0
OT TT T T
Om oIn A WO
O~ T ©O O™
s O,z ®=
Nz o ®s M=
©sz sz 0z 0%

0"
o

D =
o —
Ol-l-
T T
(%)
W "
N~
o ~
o=
o =
L=
N

(o))

o =
N'_'.
ml—"
=T
o wm
o
U\
w\
» s
o s
s
o

Ny

O O
(G ]
w "
N~
o —~
o=
o =
L=
N

m

oo"
o =
o =
~ -

O >® D=
[ e e
T —™™T TT
O DO OO
© "
N~~~
O~ o
PEPsOZ
®s ®=
©sz o=
=
LA A L NY ~ M

o -

¢ e o
~ o ~
—~ g~
o | T
n won
~ o~
~ © ~
s @ =

o v

M

CVPR 20

CVPR

CVPR

CVPR

CVPR

CVPR

CVPR

CVPR

CVPR

CVPR

ECCV

ECCV

ECCV

ECCV

CVPR

ECCV

CVPR

CVPR

CVPR

CVPR

ECCV

ECCV

ECCV
ECCV

20

20

20

20

20

20

20

20

20

20

20

20

20

20

20

20

20

20

20

20

20

20
20



2020 3 @

O]

Ne

osz©sz Ox
(S .

o=
= -
LA M

ECCV

ECCV

;s o=
= -
oML M

o
A

~,ECCV

504
28840
81
159

316

Il nformati on Bottl ef 08098d9e795c¢
Generalizati on
Dynamic -AtbDeal i ve https:// ww
25 Learning -fofraviesdi b f 16b58f 91e
l dentificati on
26 Si pMaskl nSpamaal on https:// ww
Fast I mage and Vide f229ad091e
o7 Region graph embeddhttps:// ww
shot |l earning fcbfa029e7
Unsupervised domainhttps:// ww
28 'resistibtlreai munhgalfofcbfa039e7
identification
Commands for Autonhttps:/ /] ww
29 Progressively -LStngauff 8803a91e
Representations
30 C4 AV - Learni @goMesd https:// ww
Representations fro ff8803a91e
31 Learning Attentivehttps:// ww
Representations for ff68bfbd41
Chunhua Shen
e
B 3 ) 2
K "o / a
4
[P a a H Ne=a No= a 9
Chunhua Shen
hindex: 81 | 1&37%): 504 | SIFEEK: 28840
-1 G_ 2, Wi School of Computer Science, The University of Adelaide
M .;_: CVPR 2020 (12) v
\‘\»4
m“'
s 2 #Papers:
Computer Vision Feature Extraction Optimizat Visualization Learning g Artificial 40,- g é‘ > o5 #Citation:
¢ ¢ ‘(b *(.5@“ H-Index:
DNé\‘S"w H‘lndéx G—Inéex:
\ \é Sociability:
.:q;s G‘\; Diversity:
v)é)%‘ Activity:
TLIJ t

28

20

20

20

20

20

20

20



2020 3 @ v Ne
- b w / m|
LN g e e ek ns P Thh e a,ToveR 20
2 Representation for Af295di891e013ECCY 20
s P ordMaDhun Ta e ep DLl R LYY SeveR 20
o SonaliionmL, Comveltniiesiiwn fecoyv 20
5 Context Prior for ScZ%é?ZB&Q‘Q"Q"S’i?CVPR 20
D_eepEMDShﬁ'ewl mage CI https:// www.
6 Differentiable E.ar.t|e71f49891e01JCVPR 20
Str_ucf[ured Class!fle
AR R R T P
Learning and ReMerneosre . )
S oProtolypes for 30 F e148sessassa B0y 20
o [Mesk Enegding Tor e p Ly {eveR 20
10 QTR oot ure Search eccbhs3ae06as(CVPR 20
11 ;\lgfcgbsj:ethasE';etl\(leecutriaolnEBEEZéégg\éV\évéicva 20
12 (S)(r:]e'lt'negxet G\;ainseuraalI (S/l?ésuteigtSZ?iéllg\g\g\géiCVPR 20
13 Wi ih Polar Represent d9323743as5acCVPR 20
14 BEVERLE Remole EminllRIiiluat,icver 20
15 Segmenting Transpareggggzégg\f\g\giiECCV 20
16 S o ahms o T hriPihhb ey CVPR 20
17 Canguage Navigation f18107c91e013ECCY 20
Training Quantized https://www
18 Fu-Precision AuxiliarggggZ;:b534eCVPR 20
19 5y Reinforcement Leafll7soeolemnaECCY 20
H
3 ! 3 \

r 3

29

ShiFw Chang \

A v 5



2020 3 @ W Ne
~ Y t"INg Y rb Y
i A |t T 3
p F [ i W
‘ Ne 3 3 W avi ENe A
222205 (Rongrong Ji)
ﬁ h-index: 54 | {E30&0: 417 | SIFBAL: 11947
> - = 8E
- W EIAZEEESR
CLESD #Papers: 416
@Visualization  (Image Retrieval @ Feature Extraction @ Image Classification @ Mobile Visual Search #Citation: 11947
H-Index: 54
\A. G-Index: 97
‘ J vl Sociability: 7
Diversity: 0
2004 2005 2010 2015 2020 2022 ACtIVIty 10
Tl.p t
- 0D w / ™
ADCl uster: Augment ehttps: // www. ¢
1 Clustering for DoRe eal6b2b91e01]1CVPR 20
i dentification
. https:// www. &
2 Cogradient Descent feccb534e06a4(CVPR 20
. . https:// www. &
3 Filter Grafting for e2186c63a55acCVPR 20
HRanKk: Filter PrRie}anhttps: // www. &
4 Feature Map e54f1813a55acCVPR 20
Mu ktais k Coll aborativhttps:// www. &
5 Referring C(Eoxnpprreeshseinos e 7495¢c591e011CVPR 20
Segment ati on
No i-Asswear e Fully Weblyhttps:// www. ¢
6 Detection eccb534e06a4ccvpR 20
On-8hot Adversari al https:// www. &
g Tracking Wi th Dual Aeccb534e06a4(CVPR 20
Projection -BriRrembBadB https:// www. &
8 Attack eb9222f91e01:|cvPR 20
Ret hinking Performanhttps:// www. &
e Architecture Search ec7a32791e01]cvpR 20
Sal i-@wniceked Cascadechttps:// www. ¢
10 Net wor k 1RelrdeF’netrisfoinca1eccb534e06a4ccvPR 20
Si amese B o x Adaptivhttps:// www. &
11 Tracking e71f49891e01:ICVPR 20
Mul tiple Expert Brahttps:// www. ¢ .
12 AdapFPérvseeindthetificatif02f0d191e01JECCV 20
AnBandi t Neur al Arc https:// www. ¢ .
13 Model Defense f293d8dole011EcCY 20¢
14 Il mproving Face R8ampghttps:// www. eECCV 20:

30



2020 3 @ v No

via Distribution Disf3386d49e795c¢

PAMS: Quant iReesd |l uSuhttps:// www. ¢ .
> parameterized Max Scfaa77fc9l1e017EcCY 20:

Enabling Deep Residthttps:/ /] www. ¢ y
16 Supervised Object De ff68a09d4a150:CcCY 204

https:// www. g ;

17 I nterpretable Neuralff68e5cd41505ECCV 20:

AP-Net : Robust Generihttps:// www. ¢ y
18 Single Discriminatorff68e92dal150ecCY 20:

1
T «

B3 ' \

K vy '

[ #3 ENe= 3 aw U

’ N OMGEHE  (ahua Lin
h-index: 43 | 3% 161 | SIEH: 10392
S 2

o HEF A EETIRER

HFE

#Papers: 161
#Citation: 10392
H-Index: 43

@ Face Recognition Image Segmentation @ Image Resolution & Computer Vision
@ Feature Extraction

G-Index: 101
7 Sociability: 6
Diversity: 2
Activity: 187

2002 2005 2010 2015 2021

U}
y 0 e/ M
DSNAS: Direct Nehttps:// www. amin
1 Search without Pz3a55ac4db70a52dcCVPR 20zl
Learning to CILhttpS'//WWW amin
2 Confldepce and 91e01102c35313b60VPR 202(
Estimati on
A Loetcaallobal Approhttps:// www. amin
E mo d a | Movi e Scen691e011f2de583875CVPR 20zl
. https:// www. amin
4 Se—StﬁperV|seGjC(SICLesngleOllf2d65838e30VPR 202(
Fi neGy m: A Hi er .
. S https://www. amin
5 Dat aset -Goai n&dr CVPR 20 2(
Understanding 91e0119e8a9524214
I ntarmd -Aoteon Unchttps:// www. amin
6 Vvia Temporal Acti91e0118397f3edge CYPR 202
Open Compound Dorhttps:// www. amin
! e06adclb26ag3972 CVPR 202

31



2020 3 @ v Ne
Exploiting Deep . )
. https:// www. amin
8 Versatil e I mage ECCV
Manipul ati on 91e0114016e82100
SSN: Shape Signa . .
. . https:// www. ami n
9 Mu lctliass Obj ect D91e011f2de5838d5ECCV
Cl ouds
Motion Guided 3Chttps://www. amin
10 from Videos 91e011fa9e15e99fECCV
11 Omnsiour ced S uWeb https://www.aminECCV
Learning for Vide9e795e9acbdf 73c7
Placepedi a: Comrht'[pS'//WWW amin
12 UnderstgndMugFtalcwe9160117f54657ba0ECCV
Annotations
Learn to Propaga https:// www. amin
13 Affinity Graphs 91e011d7db223asg8c ¢V
Di str iBauwtainere d MlLb https://www. amin
14 Label CIass'f'T&'a91e011b48ae9424cECCV
Datasets
SePt ereo: Vi sue ;
! https:// www. amin
15 Sterepphpnlc AUd91e011b48ae94344ECCV
Associating Sourc
MovieNet: A Holishttps:// www. amin
16 Understanding 91eOllc28ff02e49ECCV
Onl i nemoMiuallt iPer schttps:// www. ami n
7 Videos 91e01lbcl612ae7d 2CCV
A Unified Framewh,[,[ps,//WWW amin
18 Classification 8691e011b01612ae7fECCV
Lens
b,
3 ‘ J b H \
K T hka i J a
avT

Bs X #E (Dacheng Tao)
h-index: 132 | B33 1223 | SIAAL: 61838
I School of Computer Science, The University of Sydney

CVPR 2020 (10) v

32

20 2(

20 2(

202(

20 2(

202(

202(

202(

202(

202(

20 2(

20 2(



2020 3 @ v Ne

ki #Papers: 1226

#Citation: 61869
H-Index: 132
G-Index: 213

@ Feature Extraction Visualization @ Optimization Face Recognition @ Image Retrieval

Sociability: 8
Diversity: 0
Activity: 29

b v / ™|

L AL LA BB e 2o
e BaLLLTLRE, RN DL I foven 20
o STrLELILIY. STl TitRaily toven 2o
4 Coane crant conerati bcchasacobna CVPR 20
5 Foot complecion M 0ssnaauntavy]CVPR 20
5 Decompooition and Coecchssacobna CYPR 20
7 On Podntabel ed Classggggzzllg\;v\g\géiCVPR 20
8 \F;Viutprp:eteesr-AeiBnaoaMnteriacryALh”pS:”WWW'ECVPR 20
Transformati on gcchb534e06a4c
9 |Fhpaincing o tre I ebasacoeaa]CVPR 20
Lo SITANILE RCUIOn TR LLuN Courn 2o
1 | et berson Search lfi6nionosees{Eccy 20:
2 YyrUEL SRS 000 LR e Secoy 2o
I R T S TR Y T Lk
14 h 0 i et imteractief31h0en01e01 ECCY 20
15 | ngoreantion Network |f60B8cco1e0s]ECCY 203
o LESTOINY Rrppaowinanntips 1o ey 2o
17 Hallucinating Visual [LEPSE L/ WWW Cecey 20

33



2020 3 @ v Ne

K& (Lei Zhang)

h-index: 142 | &3MEL: 1397 | SIFE#E: 88835
= WE

M HEE T AFHFIITESR

RN
#Papers: 1397

#Citation: 88835

@ Feature Extraction Face Recognition @ Image Retrieval - Sparse Representatio
@ Image Classification

H-Index: 142
G-Index: 279
, Sociability: 9

Diversity: 4
1999 2005 2010 2015 2020 2022 ACtIVIty: 330
'er f
Probability Weigthttps://www. an
1 for Domai n Adapti14aa91e0116831CVPR 202
CPRCN: CondPar o
Residual Graph Cchttps:// www. anm
2 in Automat ed Ana950591e0111c7cCVPR 202
Coronary Arteriescs
Structure ASnaargee https:// www. anmn
E Object Detection b534e06a4c1b26CVPR 202
Hi gher HRNet : -Awa https://www. am
4 Representation L b534e06a4C1b26CVPR 202
Up Human Pose Est
Mu Dtoima i n Learninhttps:// www. anmn
5 and -Feaowt Col or Cob534e06a4c:|.l)26cvPR A\
Gradi ent CentralhttpS ] WWW. A
6 Optimi zati on weefdb191e0110203ECCV 202
Neur al Net wor ks
Deep Adaptive I n https:// www. an
v Singl e Iﬁagelﬂmpcf2ae91e011679dECCV 202
Oscar :-SOlmpatt cPBr-¢ehttps:// www. anm
8 trainingLa‘mgua/gesi2cc591e0119e8aECCV 202
Dual Adversarialhttps,//WWW -
9 Rembrld_ Noi se Re!32ec91e011047aECCV 202
Generation
A Single Stream hhttpS'//WWW an
10 Reahme_DRGBal|en‘d1ef916011ead9ECCV 202
Detection
Label Propagati o
Anchor s: A -SSuipneprl htt ps: / / www. an
U Learning baselin287791e01168a7 cC¢V 202
Domain Adaptatior
Boosting We akl y .
. . https:// www. anmn
12 Detection with P‘Gcbb91e011264dECCV 202

Transfer

w
N



2020 3 @ v Ne

13

14

15

16

17

HRE

S ihttps:// www. an
Network for Salic¢6fa591e011264dcCV 202
Bl ind Face ResMudrhttps:// www. anm
scale Component [32e691e011376dECCV 202
Vi sDIS®T 6 PDe ViSihttps Il www. anmn
Drone Singl e @) ECCV 202
Chall enge Results8036‘91€011(:832
Momentum Batch Nhttps:// www. am
Deep Learning wit8a 85d4150a363cECCV 202
A Decoupl ed Lear i
Redabr | d Burst De gteggz"l’lg‘c’;";"‘é"sggmcv 202
| mages
Mi njsuan Yang
No
B3 "d4#% o 1 - Ne N\
K t = ‘ w w
T t w w w \\W D
Ming—Hsuan Yang
h-index: 118 | i3C#: 524 | SIA#L: 80480
= Hg
1l Electrical Engineering and Computer Science, University of California, Merced/Google
#Papers: 524
@Object Tracking @ Visualizal tion @ Visual Tracking @ Robustness @ Feature Extraction #Citation: 80480
H-Index: 118
G-Index: 280
W , Sociability: 7
Diversity: 0
2005 2010 2015 2020 2022 ACtIVIty 13
LIJ t
0 /I ™
Coll aborative UDt https:// www. a
Resolution Univer7495c591e0111 eViFR 20
Ret hi nk-Baga@Icasisl‘httpS,//WWW a
LonTga'lled Vlsua_l 7b2bc691e011a CVPR 20
Domain Adaptatior
Cycl el SP: Re al Il https:// www. a
| mproved Data Syr71f 4b491e0115 CVIPIR 20
Mu lScial e Boosted https:// www. a
with DenfeskFeaturag9503e91e0118 CVPR 20
Si nfglmnage HDR Rec https:// www. a
Learning to Revcchb534e06ad4c1 CYPR 20

Suppress and Bal




2020 3 @

10

12

13

14

15

16

17

18

—_

Pi peline
Composing Good S
Mut ual Rel ations

We aiSluyper vi sed
Segment ati on-Ca tvei
Expl orati on

Learning t®bSde u"

Sesdipervise-di ewSi
Reconstructi on
Consi stency

Learning Enriche
|l mage Restoratior
Modeling Artistic
Generation and Ec
Controll abl e Il ma
SegVAE
RetrieveGAN: Il ma
Di fferentiabl e Pe¢
Learnabl e Cost 1
Cayl ey Represent ¢
Every Pi xel Jel avia |
Feature Al i gnme.!
Adaptive Object I
Vi deo Obj ect De-t
Level Temporal Ac
Adversari al T rBa
rectional Li ke
for Visual Cl assi
Neur al Design N
Layout Generatior

412 (Boxin Shi)
h-index: 22 | {£32&4: 131 | SIF%C 2336
2 FRE

@ ILFEAREENEEASR

CVPR 2020 (12) v

36

o~ o~
01T 01O
wn won
N
® ~ o
o T~ o™
oOs o=
» s oS
s hE
o o-
N R )

UI—P
»rT 01O
© 0 won
-
©>~o =
H\o\
® 2 o=
o=z o=
P g~ sE
S P
(§ I VRS

OO..
o=
Ll
iy

oo

R~k ~F) ~R), ~ R ~ 00~
® ~® ~® ~® ~0® ~pr —~

NO O oW T!mW Ul ©On
© -

O ST OTRPSTRPITO0S NS
PO~ DY
OT *T WD AT QT AT
Oz 00z 0505 ®=

O -

[))= il o)y
0 —+ oo~
® —+ T
O T TTDT
oW o wm

[@R=y
— —~+
(‘DO—P
[e)le}
)]

aSUT-MI

CVPR

CVPR

CVPR

ECCV

ECCV

ECCV

ECCV

ECCV

ECCV

ECCV

ECCV

ECCV

ECCV

T, N\

20

20

20

20

20

20

20

20

20

20

20

20

20



2020 3 @ v Ne

LikZs #Papers:

#Citation:

@ Photometric Stereo ) Computer Vision @ Lighting  * Radiometry @ Arificial Intellige

H-Index:
G-Index:

nd,
il Sociability:
Diversity:
Activity:

2007 2008 2010 2012 2014 2016 2018 2020 2022

A SefBiupervi sed Assehtt ps:

2336

1 [ www. a
Architectures be685391e0117
5 Adder Net: Do We Rea https:// www. a
in Deep Learning? Oc6dcc3ab55acc
3 CARSontinuous Evol thttps:// www. a
Neur al Architecture 79a4f43a55ach
D!ST: Renderin_g DehttpS'//WWW a
4 Dlst_ance Function We4e0bf3a55a02
Tracing
5 Frequency Domai n https:// www. a
Convolutional Neura cch534e06a4d4cl
Joint FiIt_eri_ng thttpS'//WWW a
6 Ne_uromorphlcHll.EgﬂhiasnalsCCb534606a4C:L
Noi-Beebust | maging
Ml SC: -CM)Lnldtiition IlhttpS'//WWW a
7 |Spat-haapyive Comp ¢ cp534e06amt/i
Conditional Per son
8 Neuromor phic Camera https:// www. a
Range | maging ccb534e06a4d4cl
. . https:// www. a
9 On Pob®Wntabeled CIl as 3292413a55ac0
10 Reflection Scene Sehttps:// www. a
| mage ccbb534e06a4d4cl
11 Stereoscopic FlFalsat ht t ps: // www. a
Phot ography f orReRmar ccb534e06a4d4cl
12 What Does Plate Glahttps://www. a
Calibration? ccb534e06a4d4cl
13 Conditional |l mage Fhttps:// www. a
Bri dgki eamalwi se Val ue2adf 39e795ecc
14 Wh a't I s Learned irhttps:// www. a
Photometric Stereo 2a4f 49e795ecc
15 FHDZ Net: Full Hi gh https:// www. a
Net wor k 2a4ff9e795ecc
16 Deep Shape from Pol gnggleég\évgci

Leonidas J. Gui bas

37

CVPR

CVPR

CVPR

CVPR

CVPR

CVPR

CVPR

CVPR

CVPR

CVPR

CVPR

CVPR

ECCV

ECCV

ECCV

ECCV

Dw/M\

20

20

20

20

20

20

20

20

20

20

20

20

20:

20:

20:

20:



Leonidas J. Guibas

h-index: 131 | 3E: 758 | S|FEE: 78415
= HE

I Department of Computer Science, Stanford University

HRME

#Papers: 758
@ Sensor Network Computational Geomet. @ Data Structure Wireless Sensor Netw. #Citation: 78415
@Kinetics H-Index: 131
G-Index: 269
7 Sociability: 7
Diversity: 0
1982 1990 2000 2010 2017 Activity: 7
5 t
U}
o 0 w
|l mVot e Net : Boost https://www. a
1 Detecti on i n P0|r32a97f3a55ac4 CVPR
Vot es
Adversarial Textuhttps:// www. a
2 RGB® Scans 7495¢c591e0111 CVPR
3 SAPI EN: A Simmbhttps:llwww.acvPR
Il nteractive ENvir 7495c591e0111
4 Synchroni zing Prohttps://www.aCVPR
Rotations via Opt 885d0791e0112
AdaCoSegqg: Adapt
. ... https:// www. a
5 fgg?entat'OnCOWB““aZEﬂiSer?QSeO CVPR
Robust Learningacshttps:// www. a
6 Consi stency ccb534e06a4d4cl CVPR
7 PT2PC: Learning thttps://www.aECCV
Cloud Shapéesedr@Gon7495c591e0111
Learning 3D Part .https:// www. a
8 | mage 79dad4491e0115 ECCV
9 Def or aiamair @n 3D https:// www. a ECCV
Embedding and Ret 8afdbl191e0110
6D Camera Rel ocal https:// www. a
10 Scenes Vi a Contl943b8091e0113 ECCV
Il nference
Point Contrast: Prd
11 training for S[EEggzgg;gYYég ECCV
Understanding
Pi x2Sur f: Learnithttps:// www. a
12 Surface Models of cf4f791e011c8 ECCV

38

20

20

20

20

20

20

20

20

20

20

20

20



2020 3 @ v Ne

b

Sung Jua Mawarsdh i aSutge fyaammaa E a tho nwlion S

Sergey Levi we

Referlt3D: Neur a+

: . https:// www. a
13 Grained 3D Object ECCV 20
World Scenes 68a47d4150a36
Sidani ng: A Bledevihttps:// www. a
14 Adaptation via Ad/ 0fe813d4150a3 ECCV 20
Towar ds Precise https:// www. a
= Def or mabl e Shapes 68f35d4150a36ECCV 20
A D Cl“g,—
3 v ~ Neural 380 CLCR” TOP1O

4y SergeyalevaMidael a VaaZ hDeenrg ySacrhga arAt | as)

- Nozw 3241818183183 17a1Z18131Ar1 1

br., . b Ao~ W v Rz

3 ° Poster~ 1T’
CLR a6 | CML 412 Neurl PSrt
“F b Wbp A

0 5 10 15 20 25 30 35 40
Sergey Levine I 34
I 19
Masashi Sugiyama I 19
Zhangyang (Atlas) Wang I 18
Sung Ju Hwang I 18
Mihaela Van Der Schaar I 17
Stefano Ermon N——— 1/
I 15
Jinwoo Shin I 14
I 11

13 n D

T
Y:ii M B 5 AMi ner "E WA

39

16

V



20290 3 @ W

Sergey Levine
¥ R@zNe '
B3 ‘ \
K ' % R @z Ne \
[ 5 3 5 3 .

» ~ Sergey Levine
| heindex: 99 | i@3E: 431 | S|AE: 43318
: 8 mEE

i Department of Electrical Engineering and Computer Sciences, UC Berkeley/College of Engineering, University of Washington

HRE {FESI

@ Leami. Deep
@ Machine Leaming

L.. @ Computer Science Artificial Intellige.

2008 2010 2012 2014 2016 2018 2020 2022

(U}
1 Adversari al Policihtt
Reinforcement LearrdO04
2 Deep Il mitative Mchtt
Il nference, Pl anning¢gbdc
Dynami cal Distalfsemh,[t
3 Supervi sed and U
. eb5e
Di scovery
4 Dy n a Miwas e Unsuperhtt
Di scovery ebe
5 Evol ving Reinforchtt
Al gori t hms ffd
6 l nvari ant Representhtt
Learni niRewionlsowtwuctiOOS
. . htt
7 MetLeear ning without e 71
8 Mo del Based Reinfohtt
At ar i e5e
Reinforcement Lear htt
9 Ensembl es o f-Co n sntfr
) . . dle
Primitives
10 SQI L: I mitat Rennftethtt
Learning with Sparcseb5e
11 The |l ngredient s of htt
Reinforcement Learrebe
The Variational Bhtt
12 Stochastic Eval uat
eb5e
Budget

40

PrS PO PDT UTT RPOOOO WO OO PF,PT RPT WO D®T
coOwmw WM ooOwWw MW On T WnHOowOowmw Wnmw PP oun

#Papers: 431

#Citation:
H-Index: 99
G-Index: 204
Sociability: 7
Diversity: 0
Activity: 12

43318

W Wz Wz 9= WP HPLETWsE W N2 =

oz ez s o=
Nz Nz N o=

o-

s
3

WW. €1 cLR 20

NsdosQas| s O
N
N

s
=3

s Nz =

s O
= -

[}

[}

~
(o]
()]

~N =
o -

o N

o

[}

PPN 1Y e~ M

PPN 1Y

e~ M

CL

CL

CL

CL

CL

CL

CL

CL

CL

CL

R

20

20

20

20

20

20

20

20

20

20



2020 3 @ v No
Thinkin Whi | e

13 Reinforgement Lear https'//WWW'EICLR

Control e5e18ae93d70¢
https:// www. ¢
Vi deoFIl ow: A CBad e5e18e293d70¢

14 Model for Stochastiideo I CLR

generation?c¢

15 Wat c h, Try,—LeLaiararIinnhttps://www.EICLR
Demonstrations and e5el18ba93d70:¢

16 X2T: Tr &Xit Aierxd aiFrypiwhttps://www.elCLR
with Online Learnir00833af9e795¢

17 Can autonomous veh https://www.zICML
from, and adapt to edeO553EDEad3I

18 Cautious Adaptatiohttps://www.EICML
Learni ngCriint iSadletyeede0553e06adc
Decentralized ReirhttpS'//wwwz

19 Gl obal -Makisgonvi . 11 CML
Econdmiamsactions cieloeoatbibenc

20 Gl obal -Mekisgonvi https:// www &1 CML
Economic Transacticfae6dd4d4150c¢

51 Hope F®BresTheBut Prehttps://www.eICML
Wor st : Cautious Adef 91235e9e795c¢

5 o Sk e&w t : -CSlvaténSngeSrehttps://www.EICML
Reinforcement LearrcedelO6dab62!

53 Conser valdareni nQg fhttps://www.eNeur
Rei nforcement Learredf5ddc91e01:

24 Continual Learning https://www.eNeur
SkDI bcover yGawmea Resf 7f dd328de39f
Di_sCor' CorreCtthttps://www.e

25 Relnfor_cement Leare71f4b391601:Neur
Correction
Emergent C_omple-xhlhtt s/ www. ¢

26 Transfer Vi a Unsu f7fgd328de391Neur
Design
G_amHMaodeIS: Gene.r.ahttpS'//wwwe

27 lef_ere_nce Lea-Hnrnf7fdd328d6391Neur
Prediction

. https:// www. ¢

28 Gradi ent Su-rTgekyLéeezgrl)dbb3a55a(Neur

59 Lormgor i zonPIVansnuian g - https://www.zNeur
Conditioned Hierarcf 7f dd328de39t

30 Mo del Inversion-BI‘z;leﬂhttps://www.ENeur
Optimi zati on e0Ocb6dcc3ab5ac

31 MOPO:Modeased Oof f I https://www.zNeur
Opti mi zati on ecf 8d2391e01:

39 One Solution is -Slblhttps://www.zNeur
Extrapolation via $f7fdd328de39f

33 Rewriting Hi story https://www.zNeur
Hi ndsight I nferencef7fdd328de39f1
StpchasticAct—Clbraitteinct: https: /] www.

34 Reinforcement Leard1b2f673a55a<Neur

Vari abl e Model

41

202

202

202

202

202

202

202

202

202

202

PS

PS

PS

PS

PS

PS

PS

PS

PS

PS

PS

PS



2020 3 @ v Ne

FEABPR  (Zhaoran Wang)

h-index: 21 | £3&: 122 | S|EE: 1426
= BniERE

M Department of Industrial Engineering and Management Sciences, Northwestern University

HRE fe&Ft

(U}
0 v / ™
Neur al Pol i cy Gradhttps:// www. ¢
Optimality and Ratee5e18a793d70£|CLR 20z
On Comput ati on an(httpSZ//WWW.EICLR 20 2
Gendtive Adversarieéebel3brdd®B97c
ActQrri ti c Provably https://www.aICLR 20 2
of LQonadrat-FceMdaGeebel8ea93d7aO0:¢
PontrDhiafgfieer ent i abl e . )
End&€nd Learning https: /[ WWW. &ye | pg
e0Ocb6dcc3ab5ac
Framewor k
Ri Sknsitive Reinf(httpS'//www .
. . . . C
Ne&rpti malSanRolsek Tref476b691e01jNeur|PS
Regret
Semi parametric NonlhttpS'//www .
Representation Leae5f7c4791e01j|CML 202
Guarantees
Deep Reinforcement https:// www. ¢
Policy e79da3b91e01J|CML 202
Computational and httos: // www.
Inferring Combinat b "1 CML 202
ede0553e06a4c
Model
On the Gl obal @mtniorhttps:// www. ¢
Metlaear ni ng ede0553e6aaa "ML 202
Breaking t he Cur s
https:/ /T www. ¢
10 Provabl e Mean 'Embeede0553e06a4(|CML 202

for -Meahd Reinforce

42



2020 3 @ ¥ Ne
Generative Adver sal ) ]
11 witheural Network gggggég;‘(’)"‘g‘;"apcm 202
Gl obal Opti mality &
Can Tempdeaknclkearnhttps:// www. ¢
12 Learn Represelﬁitemltdcedf5dd091e01JNeurIPS
Dynamic Regret of https:// www. ¢
L No-st ati onary Envircefdacc491e01j'\IeurIPS
Provably Efficie@t https:// www. ¢
14 Policy Learning f7fdd328de39fNeurIPS
Provably Efficient ) .
15 Structural Equatior?%?ﬁéégg‘g‘g\gé;NeurlPS
Approach
Upper Confi dedhuea . i
16 Reinforcement Lear P;;SZé;g‘év‘évgé;NeurlPS
Adversari al Loss
Provabl yRe&ifrnfi@n eenrhe
X https:// www. ¢
17 wi t h .Kern_el and f7fdd328de39fNeur|PS
Approxi mati ons
End&nd Learning anhttps: /[ www. ¢
18 Games f7fdd328des3gfNeUr!PS
Breaking t he Cursh,[t s/ www. z
19 Provabl e Me a n -lEtnmebre ps- ‘1 CML 202
) . fae6dd5d4150 ¢
for -Meaehd Reinforce
Masashi Sugi yama
K.
3 S K. 3 \
KoK, 3 ¢ a !
1 ‘ ah” 3a 323 323
Masashi Sugiyama
h-index: 58 | IE3Z%: 860 | 3|ME#EL: 15379
= BE
I Department of Complexity Science and Engineering, Graduate School of Frontier Sciences, The University of
Tokyo/Department of Computer Science, Graduate School of Information Science and Technology, The
University of Tokyo
RSB ER Gt

@ Model Selection

Active Leaming @ Supervised Learning

Reinforcement Learn.

@ Generalization Error

2020 2022

43

#Papers: 860
#Citation: 15379
H-Index: 58
G-Index: 110
Sociability: 7

Ccn
€
—



2020 3 @ v Ne

. https:// www
Fewhot =~ Domain Adap, 5e457c903 | CML 20
Mechani sm Transf er 90d
. . https:// ww
ﬁ;?g;;%ﬁ'{zani?ibEfb/5e4e5ac53 | CML 20
9 be29
https:// www
zghifxiEeegerie%iarb/Se4faa9a3‘lCML 20
9 bb6a
. . https:// www
Attacks WhKichl DoraN 5o 5794p79 | cML 20
Adversari al Learnin
5100f
https:// www
Learning from Aggre b/ 5e982cc59 Neurl PS
22ad0
) . oohttps: /] www
SI GUA: " ForgetlteargniM oo jo0553e | CML 20
Noi sy Labels More R
3ebe
. . : . https:/ /] www
Variational Imitatd),, 50400553¢(I cML 20
gual ity Demonstratl3
eba
, https:// www.
Online Dense Subgry, gco4eo553e | CcML 20
Bl urGreadoh Feedback
3eald
. . https:// www
tzs;r;“g with Multy, 5ede0553e | CML 20
3f 48
. https:/ /T www
poceleral i neavke € s5ede0553e I CML 20
P gevy 400c¢
Unbiased Ri sk Estithttps:// www,
Cassd udy of Learningbh/5ede0553e | CML 20
Label s 4022
. . https:/ /T www,
Rethinking lmportan,, gogfs5ddc9 Neurl PS
Learning under Di st
efo6d
) : https:// www,
Dual ~T: Reducing |, 56898689 NeurlPS
Transition -Mat sexLE¢e
c3fe
https:/ /T www
Padependent —Label ', 500898689 Neurl PS
| nst-demgendent Label
c41d
. . https:// www
Analysis and Designg,, 5004e0b09 Neurl PS
for Stochastic Part
faac
Coup-beasgd | nvemMNtitlwlcht t ps: // www,
Ar e Univer sal b/ 5ef 324709 Neurl PS
Approxi mator s ab5c
https:// www
Provably Conlsaibsetlenlteb/ 5f 156ebd9 Neurl PS
3b0b
. https:/ /T www,
Maxi mumDMeamepancy ,, 5¢9224f39 | CML 20
Adversari al At tacks
399e
Nor mal i zed FI at Mi https:// wwua,
Il nvari ant Definiti(b/5fae6de4d‘ICML 20,

44



2020 3 @ v Ne

Neur al Net wor ksay dJ;6 6 cCccC
Anal ysi s

Zhangyang (Atl as) Wang

() A& M «

B3 Yy #E o / - Ne N\
KN I 1 Ne '
1 ‘ 32 H” a ‘ENe a 1

Zhangyang (Atlas) Wang

h-index: 30 | O 180 | SIEH: 2931
= EntERE

(81 I Department of Computer Science and Engineering, Texas A&M University

R {EESt

@Deep Leaming  © Video Signal Pracess... @ Image Classification ) Image Restoration  @Dictionaries

- e,
D!

2000 2010 2012 2014 2016 2018 2020 2022

E
a

Papers: 180
& #Citation: 3801

H-Index: 32
G-Index: 59
* Sodiability: &
Diversity: 1
Activity: 47

0 w [/ m

. . .  https: /[ wwy
1 [E’][?;’V'C{‘g'i'tEaJ'Trr'aVi'nciknetSo'pub/5e5e18;|CLR 202
9 %7ce264es8
| Am Going MAD: Ma https: /] ww\
2 Competition for Ccpub/5e5e18l1I CLR 202
Adaptively 7ce29636
Triple Wi ns: Boosti https: /[ ww\
g and Ef ficiency Toge pub/ 5e5el18¢l CLR 202
Adaptive I nference 7ce2f 278
) .. https: /[ ww\
P e S M pub seseTsiicLr 20
9 7ce3d306
. https:// ww\
5 ﬁﬁfﬂbe?beT?g?ifid @dbub/5ede05!1 CML 202
9 26a83ebe
. . https:/ /T wwy
o N NSl o0 publsedeosticu 20z
26a83ebf
. . . https:/ /] ww\
Eli minating t he I n)
7 . pub/ 5ede0O5!1 CML 202
Landscape of Linear 26a8401d
8 Aut onfaytretdh®eiat Gener https:// wwil CML 202

45



2020 3 @ v Ne
pub/ 5ede05!
26a8410c
. . https:// wwh
AuiGA NI still er: Sear
9 : . pub/5ede0O0O5'I CML 202
Gener ati ve Adversar|26a84llc
. . https:// wwy
10 Pﬁ?sunfnggfﬁft“;@afpub/sedeosz|CML 202
y 26a841la7
FracTrai n: Fractionahttops: // ww\
11 Both Temporally and pubfsd328di(Neur !l PS
DNN Training 8397af a
. https:/ /] wwh
12 fhaagntaf?g;;aSt've pub/5f7fdd:Neurl PS
9 8397ec3
o https:// ww\
13 Eggfﬁf%*”m'”g by AdvV b/ 5f7fdd:Neurl PS
9 8397e53
S https: /[ wwy
14 gr?=:%=gg Stronger B o pb/5f7fddiNeurl PS
P 8397eb5
: https:/ /] ww\
15 ;E;TLﬁégﬁgykJ'Ck%na'pub/Sf?fdd(Neur PS
8397eb0
. \ . https: /[ wwy
16 Sh T UAddNet - s piRae oy pi 5t 7fddiNeur | PsS
8397ed3
) . . 'httpSZ//WW\
&7 'I\Eﬂg-tl)-gddiPrlul:]JLgeEa(I)rrnngiM\égtnaMDUb/5f7fdd:Neur P
8397ee?9
On efecArl | Adversari-8i https:// ww\
18 Tradeoff between Robpub/5f92b5¢(Neurl PS
Free b3573b30Db
Sung Ju Hwang
q
B3 ‘ W Ne N
K «
Sung Ju Hwang
h-index: 21 | ©3&: 92 | SIFEC 1448

S BEE

M Korea Advanced Institute of Science and Technology

46



2020

3 @

HRE

2007 2008

10

11

12

13

14

15

Met a Dro
Latent

Learning
Me tLee ar ni
OQuodi str
Why Not
Correcti
Neur al
Scal abl e
Continua
Par amet e
Why Not
Correcti
Neur al
Coswff fect
Learning
Process

Adver sar
Latent

Sesdpervised

via I npu
Met a Var
to Augme

Learning
Knowl edg
Ouo4Gr aph
Met aPert
Regul ar i
Tasks

Adversar
Contrast

Di stri bu
Psedadbel
supervis

Ti Reeversal

Net wor k

Fewhot

and

pout : L

Features

to Ba
ng for
i buti on
t o mpae e
ng Spar

Net wor ks

a-ndb
| Learn
r Decom
t o Us e
ng Spar

Net wor ks

i v eAtltret
wi t h

i al Neu

Vul ner ab

Lal
t Tr ans

i ance T
nt from

to
e: T r-sami
Link P
ur bTr an ¢
zer f o
Ar chi

i alSuper
ive Lea

ti on Al
for | -n
ed Lear

Sym

Vi sual

Me tanal ogi cal

Learning

47

frESt

OT SO0 QT T OO O T WT TINT TN O NT O N "0 OS5 NO S5O T NT TNT o

D cCc oD Cc o TS TS ToC "o Toc o o FTthe ToOoOCc NS TOC O C

“~oc—~H o ~*"NTOT "TWOTWOD "Moo "TOQMOCTOQYT T OFTOMODTOT TODOTFTOODTOOTTOOT
P ~T ® T NT0OFR, ™0 F -0 ™"TTT 0 T-0T 00 ™~0T 0 ™~0T 0 ™-TN ™0 W™T O® ™~"T W™=TN™TDT

T OO0 WOAan o oo o on N WOl WO WOaon wanw PO QU WAan oulTy U,

#Papers: 92

#Citation:

H-Index

1448
21

G-index: 37

Sociability: 5

Divers

W®od """ —~,Od® "D "

-~ @ -

O ~ShF SOCF ™NOD0 ™0 T-TO00D0 TO0OQ T ~NQO -0 ™~WwWwo ™ P01 ™ 0100~ 0101~

® o
OV T OO ™SO0l T~ OO0 U1 T oW T 0OI® TSRO TTOO TTO0O00 TToO0TT WO TS ® -0 m TS Do T

o= = WD CCIND T ~ND =D D DD DD "

o

Activity:

ity: 1

18

==
®© =

==
®© =

==
®© =

=2
© =

N =
B

o=
o=

o=
o=

o=
o=

o=
o=

o=

N =

© =
© =

os os ©s
» s ™=

o=

o =
o=

0 w

/

M

I CLR 20:

Il CLR

|l CLR

| CLR

| CLR

I CML

| CML

I CML

| CML

Neur

Neur

Neur

Neur

iNeur

[\Nh}

20

2072

207

2072

20

L\h ]

202

202

202

PS

PS

PS

PS

PS

PS



48

2020 3 @ ¥ Ne
https:// ww
16 Neural Complexi pub/5f3111{Neurl PS
82b536¢ce
https:// ww
17 Bootstrapping Nopub/5f3111iNeurl PS
82b536d1
Attribution Pre https:// ww
18 Compression for pub/5f7fdd/Neurl PS
I nterpretation 28397ef1

Mi hael a Van Der Schaar

?
B3 ! \
K " £ a J T« av

Ne a w av No a J
[ a\N a a

Mihaela Van Der Schaar
h-index: 53 | &3Z8: 757 | SRR 13136
S AE
W University of Cambridge
AT fE&EGT
A* -vro’. ui:f;: ::36

";‘qJ t

) 0 w /' ™

1 Tar-gmbeddi ng Autohttps://www.zICLR 50
Supervised Represere5e189d93d70:¢
Estimating CountehttpS'//WWW )

2 out comes over t'mee5e18e193d70£|CLR 20
bal anced represent e
Ti me Sead @rsf ounder . )

3 Treatment Effects (Ezgggég{j\g‘g\géEICML 20
of Hidden Confounde ]
Strictly Batch I mi-thttps:// www. ¢

4 based Distribution ef5078b91e01:NeurIPS
Gradient Relgedrmaminhttps: // www. ¢ Neur | PS



2020 3 @ v Ne
Dynamic Treatment Ff7fdd328de39f
Learning ou—IBx;)ixdeThllhttps://www.ENeurl
of nterpretable modef 7f dd328de 39
VI ME: Extending -&h

. X https:// www. ¢
Semiupervi sed Lear Neur I
Domai n f7f dd328de39t
Organl TE: Opti mal lh'['[ps://WWW.ENeurl
of fering using an if7fdd328de39f
When and Hdvww ctkad olwinf
COVIHD Scenario Anahttps://www.zNeurl
Assessment using C f0747179e795c¢
Processes
CASTLE: Regularizahttps://www.eNeurl
Causal Graph Discovf75bda391e01:

Unl abell ed Dat a https:// www.

g . o . C
gﬂic?:talnty Cali br ede0553e06a4(|CML
Il nver se Acti ve Se https://www.eICML
Understandi ngMakmekede0553e06adc
Learning for Dos e https://www.eICML
Clinical Trials witede0O553e06a4c
Di scriminative JahttpS'//WWW )

. . o P «
Uncertainty in Deeede0553e06a4(|CML
Order I nfluence Fur
Tempor al Phenotyp .

X . https:// www. ¢
Predlctl_ng CIUSteede0553e06a4(|CML
Progressi on
Frequenti st UncertéhttpS'//WWW.EICML
Net works via BlockvedeO0O553e06ai4c«
Robust Recur si ve https:// www.

. . C
Heteroggneous Treaee8986891e01:Neur|PS
Uncertainty Quantif
efano Er mon

q
B 3 { \l
K Al = a
{ . 3 3 « « 3 3

Stefano Ermon

h-index: 34 | E3E: 252 | SIEEC 6393
S IS
M Department of Computer Science, Stanford University

49



20290 3 @ W

TR 1EESt

@Machine Leaming @ Generative Model @ Computer Sclence @ Deep Leaming @ Artificial Intellige.

2012

10

11

12

13

14

15

16

17

2014 2016 2018 2020 2022

U]

Under standing t he
Vari ational Mut ual

A Theory of Usabl

Computational Cons:
We akl y Supervised
Guar ant ees
Predictive
Control
Training Basp dE Vo
Di vergence Mini mi z;
MOPO: Madeld of f |
Optimi zati on

CodiLng:

Domain Adaptive I m

I ndi vidual Calibra
Forecasting
Bridging t he -GAdAB
Wasserstein GANs
Fair Generative
Supervision

|l mproved Technique
Based Generative M

Bel i ef

Ef ficient Learning
Fi nDitfef erence Scor e

Mu FHltaib e | Cnedasti v

Hi PPO: Recurrent \Y,
Pol ynomi al Project
ProbabilisticVacCi at
I nference i n Discri
Diversity can be
Di ver si fi ca-tainodn Bflm:
Attacks

=
-S> —HhoS TS "S> PS> OIS O®S®S>S®S®S>M®T®ST®SD®Sm®SO® S0

~N

Propagation

Nt Wt R, O DT OO o+ o tTOo oo oI oo

-~ O~ OO~ ~t ot O~ DO~ O DO+ PH g~ H~+ DO+ ODO
o T OT T O T OO OO0 "D OO0 OO0 000D O NO T T LT
OO0V OO0 EFPNLNLOLEPNEFEPL OO oI T OTL oL o O n 0w 0w 0w

— —+

IR A REE N NEERE  JERRNS RIS IREENS  IRRES  IREEES BRI O N N SN o Y

w "

#Citation:

#Papers: 252

H-Index: 40
G-Index: 89
Sociability: 6

0™ 0™ ™™V ™TO©™O™=0™=~0 =0 ™=~0 O™V ™™™

Qs Q2 PERPEIPEIPEIPEOZTO0Os0s0szrPrERPERPEIWE W WS

®ms o=s

8638

WW.
d70:

=
=

d70:
WW. &
d70:

=
=

e

s
=

e

s
s

D
o
=

0

0

o
1:
i
1:

.l

WW. ¢
6 a4
WW. ¢

6 aid:i

s
3

s

6 a4

=
=

NS

6 aid:q

WWwW.

()
o
=

=
=

w

wW.

NS

0 w M
“I'CLR 202
"Y1 CLR 202
| CLR 202
I CML 202
| CML 202
:NeurIPS
| CML 202
| CML 202
| CML 202
| CML 202
Neur | PS
Neur |l PS
Neur | PS
Neur | PS
Neur | PS
Neur | PS
Neur | PS



2020 3

Q@

| K Lin F. Yang)

h-index: 12
= BNIEUE

'qu t
1 Il s a Good Represe
SamiElfédi ci ent Reinf
Provably Efficier
2 Reinforcement L ¢
Unsupervised Learn
3 Mod-B&ased Rei nforc
wi t h -TVaarlgueet ed Regr ¢
4 Nearly Linear Row
for QRamgtrielsi on
5 Obtaining Adjustal
Free via |Iterate A
6 Pref eheesnece Rei nfor
wi FhnTitme Guar ant e
7 On Re-wmaee Reinforc
with Linear Functii
ModBéased-Adeint i RASuil
8 Mar kov GameGp twii manl
Compl exity
Towar d t he E i md a
9 . . .
Il mitation Learning
10 Pl anning wi t h G
Functions: Going E
11 Il s Long Horizon R
Short Hori zon RL?
19 Reinforcement Lea
Val ue FAIpnpert o xoinma t i

51

| % 79 | S|EE: 467

1EESt

DT ODdDT ODT DT QDT OD®T
Ll 2] - W0 (O] o w o w o w ~N »

OS NOS NODS OO "Moo QU S QU ST WO WwWooTrooooocaoaoo
o n

tt
/5
55
tt
/5
02
tt
/5
d6
tt
/5
eb
tt
/5
f d
tt
/5
6 3
tt
/5
3f
tt
/5
c 2
tt
/5
O f
tt
/5
be
tt
/5
b e
tt
/5

ST ® "0 QT 0T NTTD WD T

(G2 %]

~ »n ~N »

~N »n

~c

M Department of Electrical and Computer Engineering, University of California, Los Angeles

(=]

—
o~
o ~
W=
N =
© =
Z

(¢]

=
o~
o ~
w =
N =
® =
Z

(¢°]

—
o~
o ~
w =
N =
© =
Z

(¢]

202

202

202

PS

PS

PS

PS

PS

PS

PS



2020 3 @ v Ne

Ef ficient Approaclt7bef
Di mensi on

L3 ls PhugSoIverfSamE}gfiéggggg'
Featbuarseed Rei nf orc:
7eb54
14 Reinforcement Learg}tsfp:‘égg‘évg\g
Matrix Bandit, Ker3907
Provably Ef ficierhttps:// www
15 Reinforcement Lcb/ 5ff 884479
Unsupervised Learn636c¢c
Jinwoo Shin
0 «
B 3 ! \l
K ' 0 «
I "' HaD a a
Jinwoo Shin
I h-index: 20 | ig3Z#: 139 | SIE#: 2281
! = 3%
‘ I Korea Advanced Institute of Science and Technology
HFE &SI
- - o
2007 2008 2010 2012 2014 2016 2018 2020 2021 AL
";‘qJ t
Lookaheadsi ght &dar Al https:// www
Magni-daisdeed Pruning eb5el8a593d7
A Simple Randomi za )
Generalization in https: /[ www
. e5el18c093d7
Learning
Net wor k Randomi zat.i
. . https:// www
for Generalizati on
Learning e5el197d93d7
Contaewxatr e Dy namics
X . . https:// www
General|za-tB|as|ed|ReMoebe685391e0

Learning

52

(Neur | PS
.1 CML 202
;NeurIPS
0 w /' m
bleLR 20
bleLR 20
b;ICLR 20
L. CML 20



2020 3 @ W Ne
Learning What to Chttps:// www.
e |l ndependent Seede0553e06a41|CML 20
Adversari al Neural https:// www.
6 Vul nerability Siede0553e06a4( CML 20
. e https:// www.
7 Learni ng Boesuenndssi tflovreee8986891e01 Neur | PS
Guiding Deep Molecuhttps:/ /] www. i
8 Genetic Explorationf08415491eOl:'\IeurIPS
CS1 : Novelty Detechttps:// www. i
¢ Learning on Distrib f11728191e01:NeurIPS
Distribution Aliglhabhttps:// www.
10 for | mbalsawngerdv iSeard f156ad291e011NeurIPS
Fewhot Vi sual Reashttps:// www. i
oL anal ogi cal Contrast flac04891e01:NeurIPS
Tr aj ewitsoer yMul t L@ & enic .
: . https:// www. i
12 Dynam!cs General|zaf7fdd328d6391NeurlPS
Learning
Learning freéemaBainlgu https:// www. i
13 from Biased Classif f7fdd328de39ginNeurtpPs
Pol ynomi al TensorwiShttps: /[ www.
14 Functi o-Raonk Matwri x fae6d84d4150;|CML 20
Zhuoran Yanwg
\
B 3 ! \l
[P 33 a a a 9 3
*ﬁﬁ?j& (Zhuoran Yang)
h-index: 13 | EX&: 84 | SIF&C 592
e nnds
It Department of Operations Research and Financial Engineering, Princeton University
RS 1FESFLT
Ty Ne
Neur al Policy Gradhttps://www.EICLR 20
Optimality and Rateeb5el18a793d70:¢
2 On Computati on anchttps:// www. el CLR 20

53



2020 3 @

€
P
ic

Gendtive Adversariée5el18bc93d70¢
3 Ac tQrri ti c ProveEl:unyIhttps://www.eICLR 20
of LQoneadrat-FceMdaBGee55e18ea93d7a0:¢
Pontryagin Differer . )
4 Entd€&nd Learning ZBLEZélcggévgézNeurIOBs
Framewor k
Semi parametric Nonl . ]
5 Representation Leag;;gz&;/g\iv\g\gi;'m\“ 20
Guarantees
On the Global @mtniorhttps:// www. ¢
6 MetLeear ni ng ede0553e06a4(|CNIL 20
Breaking t he Cur s
https:// www. ¢
7 Provaple Mea_n 'Embeede0553e06a4(|CML 20
for -Meahd Reinforce
Generative Adversa\htt s/ www. =
8 with Neural Netwo bs- Sl CcML 20
. . ,ede0553e06ad4c
Gl obal Optimality &
Ri-Skensitive Reinf(httpS'//www )
g . o . C
9 Nee&rpti malSanRilsek Tr ef476b691e01jNeur|PS
Regret
Can TedDpoeaknQkearnhttps: // www. ¢
10 Learn Represehitaltd cedf5dd091eOlJNeur|PS
Dynamic Regret of https:// www. ¢
Ly No-st ati onary Envircefdacc491e01jNeurlps
3. o T8 7 7]

2020 v " ACRBEMNLPT”
TOP1® Ne#w Ao aGr ahamaNealhi da - SmaMohh i t
BanasdalaCai mi n@ Xiong Nefw 2d82a&1 819 183 17a

15815 14 ° " HPD Luke ZettlFemoyelXO0~™ N
w12 At H 14 A
0 10 20 30

I D/
o I D
Graham Neubig IS 19
Noah A. Smith I 19
- I 18

Mohit Bansal I |7
I |5

Caiming Xiong NI 15
I 14

F  Lukel mEaSaaamm—— 2

14 D TOPO



2020 3 @

10

BB Ming Zhow)

& FA
I 7R

HFTE

@ Machine Transiation
@ Computer Science

< v
ww ond

1996 2000 2005 2 2015 2020

(U}

Reasoni ng OlvewvelSct
for Fact Checki ng¢
MuTual : A Dat-as ek

Di al ogue Reasonirr
Curri cu-t wmmi rPirmregt o
End Speech Transl
Logical Fact Checke
Logical Oper@heol
with Graph Modul e
Document Model ir
Attenti on N e tgw aari
Machi ne Reading (
A GCGr-lapshed -tChiansel
for Unsupervised
Il nducti on

Evi d-Awaee I nfer
Generati on wi t h

Vari ati onal Aut oE
Graph Neur al New
wi t h Unsupervi s

Di sentangl ement

| mproving Neur al

with Soft Templ at
MI ND: AsdalrgeDat a
Recommendati on

Natural Language Pro... @ Statistical Machine Sentiment Analysis

h-index: 80 | 324 512 | 3JIE#: 23837

{E&EST

#Papers: 512
#Citation: 23837
H-Index: 80
G-Index: 141

Sociability: 7

Activity: 92
2022

https:// www. ami
5bb3a55ac32631 ACL
https:// www. ami
57f91e011505f4(ACL
https:// www. ami
b3491e011fa08b£ACL
https:// www. ami
04391e0118eble ACL
https:// www. ami
76191e0119bc4ezACL
https:// www. ami
a639fced0a24b4(ACL
https:// www. ami
a639fced0a24b4(ACL
https:// www. ami
a639fced0a24b4(ACL
https:// www. ami
a639fced0oa24b4 " Ch
https:// www. ami
a639fced0a24b4(ACL

4]
]

2020

2020

2020

2020

2020

2020

2020

2020

2020

2020



2020 3 @

11

12

13
14
15

16

17

18

19

20

21

22

23

24

A Re tarnfBeewe i t e |
Met hod for Unsu
Transl ati on

A Simple and Effe
for Dolcewmelnt \
Transl|l ati on
Prophet Net : Pr-gerda
f cSrequ¢®e@ uentcrea iP
BERT of Theseus:
by Progressive Mc
CodeBERT-Tr &i nPerce
Programming and
XGLUE: A New Benc
Cross l'ingual
Understanding
Leveraging Dec
Text and First
Grained Propaganc
Tel | Me How to A
Data Augmentatio
Rewriting in Cont
| mprovi ng Ef ftihcei e |
Grammati cal Erro
Erroneous Span
Co ection

Ne al Deepfake
Fa ual Structur e
Pr training for
Summari zation by
Text

Unsupervised
Summari zationtrahb
Hi er arTahaincsdlor mer
Schedul ed D+ o A+
Regul ari zati on Me
Model s

Machi ne Re deaiminm
Dil emma and Futur

®© O c —
— = =

w

T auw Ne

L =
o o
w w
O T
- W0 - W0
o - o -
o~ o~ —~ua>~ o —~

o o~ o1
U-II—P}_\I—P—hI—P
O©OT WT WT WT OT

= 0 D O»WoOY ”»mY !

o = = O 9 S OTSTEF,EIS 9T
= o - o -
o o =
©O© T ©O© T
= 0
.. o -

56

(‘D\
Q_\
os
=
NP=
N

m“
P 020202 O=

Oz wz o0z s O =

= 0

oo
& 3

~ N

m.
el eE

NE O "2 kPE NE
-

o -
W» 0o Y O T

o3

2020

2020

.
£

.
4

.
s

.
i

.
s

.
i

.
£

.
£|

.
£

.
£|

.
£



R

@ Natural Language Pro.

2020 3 @ ¥ Ne
iIHE (Ting Liu)
h-index: 63 | 163#: 953 | SIHEH: 19803
= s

Dependency Parsing @ Chinese

@ Experimental Result

2010

Text Brewer :

Kn

Natur al

Ge
St

Pe
Ge
Dy
Do
Di

Co
Re
Ho

| mpr ovAd tSenltfi on

owl edge
Lan
ner at e,
age
rsona Co
nerati on
nami c
ma i n -t -eEnndd
al og

nver sati onal
Di al og

tr-Basat
W Does

Towar ds

Di
Do
At

Mac hi

al ogs
cument
tenti on
ne

Information ...

2015

Fusi on

-SSAmt
Di stil
guage

Del et e-
Framewor k

n Dii satl a

-N
-Dr s &

W
Sel ect

N
Cor

Recommendati onTyg

Model ir
N e tgw aari
Reading (

Conversational

Po

De

licy

Sl ot
pendency

Lear n-Doga
Conversation
Fewhot

Gene
Cloal gl ga
Tr an-s

enhance-ddapadhk e

N e

Sl-obnsi stent
Syst ems

10 Di

Rectificati on
Consi st e

Pr

11 Op

t wor k
al ogue

| e
domai

of i

en n

-oNL @&

Net

Di al c

CodeBERT-Tr &i nPerck

12 Pr

Re

B ey

ogrammi ng
cal | and
etrained

and
Learn
Langue

Computer Application

m e RE DA SR SRR

&Gt

#Papers: 953
#Citation: 19803
H-Index: 63
G-Index: 122
Sociability: 7
Diversity: 3
Activity: 106

ACL

m”
N~
o ~
© =
™=
® =
© -
~N Qo
=
o1 —
[}

t
1

© =
o=
o=
o=
o -
® 3
=4

ACL

= -
=~
o0 ~
oo
w S

ACL

—=
s bz kz O=

—s bz @z =

© -

=~
m”
= -
o -
a —
o S

ACL

= -
= -

ACL

Qs
g~ o -
© -
w -
N N

ACL

©OT oo ©>
P!—P

OT O0T OT OT
RO N0 RO RO

=
0™ O S0~ O™

O~ A~ -~ N~
" N2 Ts=

[o o] oY O o 9
3 a3 ™3 ©3
o —

w S O 35 Q>

D —

ACL

© =
H!—"
ml-F
oo
o
e
@\
U\
o =
=
® =
I
w L
2=
o —
-+ >

o =
— —+
ol-l-
® T
[eRN?]
o
Q ~
N~
b=
S

[(oJm 3
—
o —
® T
o w0
o
Q ~
N\

>
ocgoeges O

NZINZINZ
ororor

oS
-

Q_N
OV oTcL O D
O WS a>

o..
®3 >3 ©3 ™S

o

— —~+
OT 01T ©OT ®d®©T

= Q@
® o+ o
PO oY OV RERL® o wn
~Ns s NsE ~E2
NN
o —IN —
NmNmNm

H..
®saso0s o2

9 oswslos ©=>
Ws s s ~E
N
o =



2020 3 @

Forgetting

Rev
Chi
A C
15 Und
Di a
Com
16 [ Sup

14

Di sfluency Detect

Cou
Neu
Di s
18 EIl e
Stu

17

Mul t i

B Ichi

I s
hop
Enh
21 tde

Und

20

i si tTrnagi n®de M
nese Natural L
ompare Aggreg:
erstandi n-gr o uWwr
| ogue

bining Sel f
ervised Learni

O Oz
N
® ~+ oo —
OT OT

N
o~

nterfactual Ol
ral Di al ogue (
course Self Ai
medrnetnt i fi cati o
dent Essays

Stage Pre t
nese Essay Scc
Graph Structut
Question Ansy
ancing Content
xtGenerati on
erstanding anc

NI—P
o~

N —
o~

NN

©S O O O O oo
o~ o

'_\l—P
OT OUT 01T 01T 01T 01T

D —

Graham Neubig

W

@ Compute

2008 2010

Learni
Based

r Science Machine Translation @ Speech Recognition & Speech Processing
@ Neural Machine Trans.

—~n "0 R0 2,0

-~ w0

- wn w0

o o
0O~ VNN NN N~

00~ =~ =~ =~ =~ =~

= 0

= -
— ~ =~
w = 9 =

o

= -

" NAI ST

a a £ a

Graham Neubig
h-index: 37 | 3 526 | SIEE: 5714

=Rl

M Language Technologies Institute, Carnegie Mellon University

{rEST

2012 2014 2016 2018 2020 2022

ng to Decehtt ps:
Expl anati or5ach05

58

s ©=

o= O=

Ws oszsosz o O OEF=
NS ®OsS 0s s ®Os oS

s ©z o0z ©s ©z ©=

~ -

©sz F=
o -

o -

-

#Papers: 526

#Citation

8854

H-Index: 50
G-Index: 78

Sociability: 6

Activity: 63

oL oo

WY WY WY WY WYL WL

©3 w3 N3 »3 P33 »3

Q —

o3 ©3
oc— =1 .- Bl -

® —
35 OO [o2 =] (o] ]

o —

U1 O3S
NmoNm
o oL
NZ N Z
or or

O S

O ocgeg o oL oL

NmM MMM MM NNm M
NZ NZDNZ NZ NZ2 NZ2

or oror or or or



10

11

12

13

14
15
16

17

18
19

2020 3 @ v Ne

Shoul d AllnhgGabdbs<Ef https:// www. ami

Speak English? 5acc1042490934 ACL 2020
Wei ght Poi soninghttps:// www. ami

trained Model s 0119e8a9523f 8 ACL 2020
Bal ancing Traini htt [ www. a mi

Neural Machine Tr0119e8a952450 ACL 2020
Politeness Transhtt [/ www. am

Generate ApproacliOllfa9el5eaaf AL 2020
Soft Gazett Rerso i htt [ www. a mi

Named Entity ReccOllce31f27f9e ACL 2020
Predicting Perfohtt c/ www. a mi

Language Processi629 244304af AGL 2020
l ncorporating E x .

. htt !l www. a mi
throuthaPmenMathzg 4800b5dd ACL 2020
Language to Code
TaBERT: Pretr ai https:// www. ami
Understanding of 0112b16089ef d ACL 2020
Dat a
A Bilingual Generhttops:// www. ami ;
Semantic SentenceS5ac77dcb01f 30 EMNLP 20
Dynamic Data Sele¢ehttps:// www. ami
for I|teratainee aBac011679da0f 075 EMNLP 20
Aut omati c Extra https:// www. ami
Governing MorpholOll17ac2a78841 EMNLP 20
| mprovi g dEa rLgeexti ) .

] : : https:// www. ami
|nMuIt|I}nguaI 0117ac2a78a3c EMNLP 20
Transl ati on
I nterpretable Mulhttps:// www. ami )
for Named Entity 5f07f6897322e¢ EMNLP 20
OCR Post Correct https:// www. ami )
Language Text s 5f07f6897329f EMNEE 20
Re evalBwaatliunagt i oithttps:// www. ami )
Summari zation 5f07f689732ch EMNLP 20
X FACTR: MUItiIhttpS'//WWW am
Knowl edge Retrie 5f{07f 689733609 EMNLP 20
Language Model s
NeuSpell A Neureéhttps:// www. ami
Tool kit 011126509be88 EMNLP 20
Weakadnd -Seamervisehttps:// www. ami
Extraction 0Oll1cdal3f 4edO ERNEE 2¢
Noah A. Smith
\
B 3 '
K "\ p «
r a a 3awu No

4

.
4

.
Z

Z

Z

Z

.
Z

.
4



20290 3 @ W

10

11
12
13
14

Noah A. Smith
h-index: 69 | &3Z{: 400 | SIFEEL: 22702
= HE

Y
d . I Paul G. Allen School of Computer Science & Engineering, University of Washington
-

wRsam ezt

@ Natural Language Pro.
Machine Learning

Computational Lingui.
@ Dependency Parsing

@ Computer Science

2015 2020 2022

#Papers:
#Citation:
H-Index:
G-Index:
P Sociability:
Diversity:
Activity:

429
30635
85
168

6

0

7

»
e M

| mproving Transf https:// www. ami ne ACL 20
Reorder S5ubgl aweis 5ac77dcb01f 11

gocia: Bi%S Eramhttps:llwww.amlneACL 20 ¢
octa an W€ 5ac77dcbolf2c

Language

The Right ToMddt cfrhttps:// www. ami ne ACL 20
Model and I nstanc01118b66a5d?738

Eon't W2 P R € https:// www. ami ne )
anguage Model s 01167f5a89c09f ACL 20

Tasks

A For mal Hi era https:// www. ami ne ACL 20:

Architectures 0111d387ee2e0

A Mixture of h T https://www. amine )
h Heads edO0Oa24b4de71b ACL 20
EeCFII?Ct'OE Ve https:// www. ami ne ACL 20
Xxplorlhng Ruman o 40a24b4degel

Cognition via Nel

A Mi Xt ux eHedBledt tieshttps:// www. ami ne ACL 20
h Heads 95e505¢c3801f0

D?taset. Cartograhttps://www.amlne
Dlagn95|ng Datas0119671e8579C EMNL P
Dynami cs

ReaITOXiCity.Promr‘htt s:// www. ami ne

Neur al Toxi c D011233700547a EMNL P
Language Model s

Grounded Composi https:// www. ami ne EMNL P

Adaptive Language01153370054b7

Mul til evel Text https:// www. ami EMNL P
Document Attentic0117ac2a788a8

The Mul tilingual https:// www. ami

Corpus 011346ad27e26 EMNLP
Pl ug and Pl ay https:// www. ami EMNL P
Conditional Text 5f07f689732b3

(o2}
o

<

<

<

<

<

<

<

<

.
]

.
‘

.
]

.
¢

.
Z

.
¢



2020 3 @ ¢ Ne
Writing Strateg . 3
Communication: g;ggfégg‘;"é"‘é"égm'”e EMNLP
Computational Ance
Natur al Language
Fu-Bt ack Vi sual fhttps:// www. amine EMNL P
Pi xel s t o Semar01149071e450f
Commonsense Grapt
Evaluating Model https:// www. ami ne EMNL P
Boundaries via Cc011¢c83267393hb
Parsing wi t h Mulhttps:// www. amine EMNL P
Small Treebank, &€011¢c832673963
Thinking Li-Defaahttps:// www. amine EMNLP
I nference in Nati011c832673a6f ]
\ «
B3 ' 3y \
K \ '
T t w 5 l‘\ja ““ w 7 l!:')
i“ﬂjﬁ (Zhiyuan Liu)
h-index: 55 | 3ZEL: 331 | S| 15656
S AlFgE
o ST ENR S SRR R
HRsE {EERIt
Diversity: 0
2006 2008 2010 2012 2014 2016 2018 2020 2022 AR
';‘lp t
0 w /
M
How Does NLP Benehtt s/ / WWw. amine
Summary of Le!OllfdéB?ee6éf ACL 20
I ntelligence
Expertise Style ) .
Towards Better ggggfs'zgg\g\gzvbgm'neACL 20
bet ween Experts &
3 Co_ntln_ual Rel atihttps:// www. ami ne ACL 20:
Epi sodi c Memory edOa24b4de774




2020 v No
Reconsolidati on
4 Fimge ai ned Fact lhttps:// www. ami
Kernel Graph AtteedOa24b4d4dde7d4
GrounChendrer sati on ) .
5 Gui ded Traversesghgggagg‘g\g;\'é?m'
Knowl edge Gr aphs
Wo rlde v e | Textual .
. https:// www. ami
6 Attacking as
Optimi zati on edoaznmnad
7 '\R/Iggggiu?i:ry_Afcoarll@rl\https://www.ami
MOOC s edO0Oa24b4de9c6b
8 Train No Evil: Shttps:// www. ami
Task Guided Pre T011fa08b8f 828
9 MAVEN: A Massive https:// www. ami
Event Detection 0118eblelal82
10 Partially Al ignehttps:// www. ami
GenerationSwpehviOll7ac2a788ad
Dynamic Anti ci .
. https:// www. ami
11 for Mul t i Hop
Knowl edge Graph 0ll17ac2a78b24
Learning from Co
Lo https:// www. ami
12 'Empirical Study ,447,¢c2a78b3c
Extraction
13 Coreferenti al https:// www. ami
Language Represer5f07f68973199
14 Denoi sing Rel ati https:// www. ami
Document | evel 5f07f6897338d
Generalizing
15 Extraction and Mehttps:// www. ami
FACT thobomghnl|l h 011c832673ali4
Model i ng
16 | sOB3&n I nformati https:// www. ami
Oracle Bone Scrijfp011c832674442
17 Want WoAds OGpemrce https:// www. ami
Reverse Dictionar011c83267444¢e
Exploring and .
) https:// www. ami
18 1At t 1) bdlyP °Q 0ll1as5fafoffod/
for Entity Al
Mohit Bansal
\ No
B3 " R @z N \
K " vy '

62

ACL

ACL

ACL

ACL

EMNL

EMNL

EMNL

E MNL

EMNL

EMNL

EMNL

EMNL

EMNL

EMNL

EMNL

20

20:

20

20:



2020

3 @

10

Mohit Bansal

= R

HRsE

2000 2010 2012 2014 2016

2018 2020 2021

h-index: 34 | NE{: 168 | S 4435

vex

#Papers:
#Citation:
H-Index:
G-Index:
Sociability:
Diversity:
Activity:

231
8293
46
89

6

0

8

I Computer Science Department, UNC Chapel Hill at University of North Carolina at Chapel Hill

V)]
0 w / ™

TVQA+: -TSepnaptoiroa l https:// www. amin ACL 202
for Video Questicl07d4c65hb0abl
Adversarial NLI https:// www. amin ACL 202
Natur al UWmderusatgeen 5ac76d0e351aa
Eval mating EXpIahtt s:// www. amin
Al gorithmic Expl 0112e51f27f'7b ACL 202
Predict Model Bet
Towards Robustif https:// www. amin
Against Lexical [01108d77cf 7hb7 ACL 202
MART: MAmg ment ed . :
Transfor mer fw”dhttps.llwww.amln ACL 202

) 629df 8cf 7531¢e
Paragraph Captior
TVQA+iSpaTempor al https:// www. amin ACL 202
for Video Questi 011b33003b732
DenGa&pti on MatChihttpS'//WWW amin
Selectlon. Gaﬁln 0117693a51f50 ACL 202
Localization in \
The@CTR@Q@e o PerfhttmszMWner cn/p
Anal ysis Datase10118eb1ela092 EMNLP 2
Source, and Suggce
Adversari al Aug
Search for Delmanighttps:// www. ami ne
Generalizati on 01198d39864c6 ERNE P 2
Comprehensi on
Chr En: Cherokee https:// www. amin
Translatlon_for 5f07f68973177 EMNLP 2
Revitalization
Conj NLI NatbunfBéithttps:// www. ami ne
Over Conjunctive 5f07f6897318hb ERNER 2
DORB: Dynamical https:// www. ami ne
Mul tiple Rewards 5f07f689731c4 EMNLP 2
il L g g LikhttpS'//WWW ami ne
Vi deo and Langucée : . EMNLP 2
Prediction 5f07f6897335Db
Vokenizati on: Inhttps I/ Www. amine
Upderstandlng Wilcs07f16897334f EMNLP 2
Vi sual Grounded ¢
LeakAdgjeusted Simuthttpw./amvwer Cn/pEMNLP >
Model s GenedTaf €01119a5df 7473

(o]
w



2020 3 @

Expl anati ons o f

Natural Language:/:

16 HoVer : A Dat-ldesptihtt
Extraction And Cl011
ArraMon: A Jﬁ\isslalhtt

17 I nst r ulcnttieornpr et at 011

Dynamic Environme

BKEE  (Yue Zhang)

S R
I School of Engineering, Westlake University

HRNE

@ Dependency Parsing

el

2005 2006

Neural Network @ Natural Language Pro. Predictive Models @ Word Segmentation

2008 2010 2012 2014 2016 2018 2020

Mu Tu al
Di al ogue
Dynamic
2 Domai n -t -eBEwndd
Di al og
Mul ti scal e |
for Neur al Machi r
Exploiting Synt a
4 Better Madguihge:
Di stance Approact
DRTS Parsing -Awiat
Encoding and Decc
Bilingual Dictio
6 Machi ne Transl at
Parall el Sentence

Dvaut |- &t §i e
Reasonit
Fusion -N
-Oa b &

H!—F

P!—P

Col |l a

> O3S OS OS5 OS5 oOT
e N R =

o

=~ = = = = —~

T |NT| ©OT

o

2022

(o))
g

h-index: 36 | 1&3#: 244 | SIEE: 5166

T OT UIT

N O TWn 29290 N On

s:// www. ami
83f 740681
s: /[ / www. ami
ledlef 8d6
i 3
EEST
#Papers: 244
#Citation: 5166
H-Index: 36
G-Index: 67
Sociability: 6
Diversity: 0
Activity: 8

ol
©

O - o - © - —
o~ W~ A~ O~ 01~ =~
W - — - o -

3 3 3 3 3

o (9]
N 0O O WL O D

oz Uz Pz Uz =z O=
s Nz Wws @z ©= W=
N Rzl oo ©s 0z b=

A

ne

ne

® Ne

ne

EMNLP 2

EMNLP 2

ACL

ACL

ACL

ACL

202

202

202

202



2020 3 @ v Ne

AMR Parsing Swirul

i Il nf or mati on 255232@2?e753 AL 202
B N T SO I P T T
2 2E ;—;;;;{égenlenrfaotrigggggagﬁl\g\g\g%?ml "¢ AcL 202
10 2552:RerOolantiZo?rrraosh”pS:”W""W'am' N AcL 202
Learning and BER-ed0a24b4dea1e
1 e et o0 i ohayasys "o[EMNLE 2
2 EpLLLY EREANCR ThLiRs Ll lWaN ETINe cunie o
13 's??ﬂﬁ?ﬂ?esTé?%?“ g}ggfggg‘;"‘é"‘gégmi”e EMNLP 2
Cla§S|f|cat|on
e SnLLTE PRk PRrenLiERlilWMN ETINC cunie o
15 [ e 1o 1 am "ot obr ks aasaT "EMNLE 2
Cai ming Xiong
Sal esforce
B3 ' Ne N
kK ' Sal esforce av Ne \
[ 3a a a roa

Caiming Xiong
h-index: 42 | &3#: 180 | SIFEEL: 10513
S A

I Salesforce Research

a8 {EEGt

@Computer Vision @ Data Mining @ Clustering Aigorithm... @ Question Answering @ Image Clustering
#Papers: 180

#Citation: 10513
H-index: 42
G-Index: 102
Sociability: 6
Diversity: 0

Activity: 6
2006 2008 2010 2012 2014 2016 2018 2020 2022

ERASER: A Benchnhttps://
Rationali zed NLP 5acc1042

65



2020 3

10

11

12

13

14

15

ESPRI T:
Physical
Do uiHlae d
Embeddi ngs
Mitigati on
Explicit
t&ine

Machine Reading

Eval uati ngCdrhei skt
Text

Abstractive
TOD BERT:
Language
Oriented
Composed
Language
Il ntent s

Di scern:
Reasoning
Machine Reading
Uni ver sal
Processing
Try Few shot
Start
Discriminative
Shot Il nt ent
Nat ur al
Probing Task
Representation
VD BERT:
Transfor mer
Si mpl e Dat a
Ma s k Token
Adaptati on

Pre

for

|l mproving Li mite
TracRB8upgr wi
Textual
CroBesmai nt SI@Ixt Se |

State
Bridging

Par sing

Expl aini
Reasoni
Debi as:
for

Me mor y
Reasoning

oS o1 O

=

Under st
Di al oguce

Vari at
Ge n e rsah

Di scour
Net wor |

Nat ul
wi t h
Te x

Det e
Language

A Uni fi e
wi t h
Augn
Dlo m@

oS OS5 oo o1 o1 oo

OI—F

-~ W0
N

ws ws
os os
ws s
S
O woo
S| 3

LOI—P
O T O T
- W0
N
N~ N~
_h\ _h\
o

3

o ~
o~
N W
N
(@]

QJI—P
OI—P
©O© T o T D T
g
(@]
D~ B>~ T
o ~ N~ N~
s s as
NS NS 0 s
Ps N= =
o - :
T N oW
3 3

=
D wn
o]

o=
'_\I—F
'_\I—F
v T
N 0
— oc
o\
N\
~N =
o=
o =
©
oo
3

[@R=y
=
=
~N T
L »
o

N~
Q ~

N
~ s
=

=

(@ =y
'_‘I—P
'_\!—P
wDo
HaN)]
o -
Q ~
o~
w -
= 9

-+ | —h —~+ —_
oO~rtTo~+ o~

/] -~ wn —+nm -~ Wn
o o

3 3 3

ot O
N~ T ™ 0™ 00™0 ™~ 0™

— —~+
Ol—i-

R~ 0~ ©~ ©>~0>=~ ©—~

ws Mz N Ns N =
o -

~5 ws wsws ws
3

Ps Tz ws wsMNs k=

= -

[
= —+
- s
= -

~NT 9T ~NT ~NT NT ~NT
=

Pl—F

Pl—f

A won

S

© =

O WY 1Y (O "D D
3

aH a Ne

66

ACL

ACL

ACL

EMNL

EMNL

E MNL

EMNL

E MNL

EMNL

EMNL

EMNL

EMNL

EMNL

EMNL

202

202

202

P 2



2020 3 @

=
e

RSB

@ Multi Document Summa,

JFNE  Kiaojun Wan)
= s

W b F Bt B

Muti-document Summa... @ Natural Language Pro.

Information Retrieva

@ Text Analysis

,~”“bx\;:,

2002

~
¥

2005

2010 2015

2021

W

h-index: 35 | 30EY: 238 | S|E#L 5745

#Papers: 248

#Citation:
H-Index:
G-Index:

5750
35
71

Sociability: 5
Diversity: 0
Activity: 6

10

11

12

13

14

Aut omati c
in Schol ar

Gener at
l'y Pape

Heterogenelawman sGmo:

Gr

a-pSequence

Leat

Jo
Su
Su

intly
mmar i

Lear ni
zZe

n ¢

forLi Ng

mmari zati on

arni

t o

As|

Le ng
Autoregressive
Generati on

Il nteraction

c

~

U@ dae

Mu
f o
Do
Se
Se
Mu
Mu
Se
Se

FGrianul atetgcti

r

cument
manti c

Extractive
Summar

a

I Z

PEanr gsli i nsgt

cond

Language

It
|t

mant i c
cond

mo d a |

Tr a

mo d a | Ma c h

Language

i

Parsing

| GSQL :

Dat abase

Gr
De
Ro
Re
Ho
Le
Di

Ge
Ad
Ab
Su

Si ngdb eument
Adver sari al

Se

aph
pendent
uting
cipe
mophoni c

v GANwards

nerati on

ver sari al

Based

N e
Text

ur ¢
t ¢

Enforced
Generati or

Pun
xi callyREwnstii

Di
Vi a
N e

vert
D
t we

stractive -Docun

mmari zat

guence

i on

Vi o

Summa
Text
Contrast

® > OO
o~ o —+tao~

o+ o
QT 9T 9T
NO NODNO

o~
I 00

o =
o —~
O T
N »

o
o

o T oo
O~ oo~
0N NONONDO NO®O

- —~+
ol-.-

o+ o~
- n o0

o -

—h —~+ | —h —~+
O T ~NT NT ~N T DT YT T D T

oS oo o1 o> SO0 S

=
=~
o »n

o o=
I =

Hl-l'
oo oo
wow| oo

=
w -

67

wW. ami
744
W. ami

~
—
©

wW. ami

I
o~ o~oc™~
A A=A~
as asz o=
®s ®=®=

[00]
w
N

N
U\
N~
as
® s
® =
o
~NQ
3

>~
s o=

b“b“

©=s ™

o a-

oY o
3

W. ami

IR
(o)
o
o

mnmn
B -~
®

3 =

o (o) ~ O ~ (o) ~ _p> ~ _p> ~ 4:5 ~ _p> ~
3

N Nz N N ezaesoas oz

WE wWwsws ws OsOsSOS 0OS
©s wsNE NE

N™ |00 ™~0™ 0™~ T ™~o0O™~oT™ T™
R

T FPY T2
3

w_
=]

w
N~ N~
3

o~ o=
Nz Nz
wz ws
Pz ©=

Sl as
r OD

o))

ne

ACL 202
ACL 202
ACL 202
ACL 202
ACL 202
ACL 202
ACL 202
ACL 202
EMNLP 2
EMNLP 2
EMNLP 2
EMNLP 2
EMNLP 2
EMNLP 2



2020 3 @ ¥ Ne
m
¥ No ¢
B3 Y4 #£E ¥ 1 - Ne N\
K ' \ a « a «
{ . «
SREILEL (Kai-Wei Chang)
h-index: 32 | €3 133 | SIEEE: 11694
| University of California, Los Angeles
HE
@5upport M: N guage Pro... @ Suppor #Papers: 246
nersm @pessennien * #Citation: 16596
H-Index: 47
G-Index: 128
w_ Sociability: 6
2005 2010 2015 2020 2022 Dh’ers‘.ty: a
Activity: 63
'?‘LP t
Towards Understarhttps:// www. ami ne
L Rel ati on Extracti5ac77dcb01e33 AL 202
" The Bigat i mg StohttpS'//WWW ami ne
2 Ever ": Pron_un-ata'e 011664ffd280b ACL 202
Contextualized Pl
A Tr andfacremMer App https:// www. ami ne
£ Source Code Summeé629cf244303d6 ACL 202
Gender Bi as irhttpS'//WWW ami ne
4 Embeddi ngs -amdlg629cf24430404 ACL 202
Transfer
SEMNEN BERT A https:// www. ami ne
5 Tr ansfBarsm&drc hi t ec b ' ACL 202
X . 0118cfef 98283
Compositional Sert
On t he Robustnehttps:// www. amine
6 Encoders against 629df8cf 7531d ACL 202
Mi tigating Gende . .
X . . : https:// www. ami ne
7 i n Dls.trlb_utlon0117693{:\516102 ACL 202
Regul ari zati on
https:// www. ami ne
8 What Does BERT Wi og0a24b4deals ACL 202
Towar ds Controllhttps://www. ami ne
¢ Language Generati01198d398661a ERNER 2
PolicyQA: A Read https:// www. ami ne
10 Dataset for Privi0ll1346ad27el6 EMNLP 2

()]
(e¢]



2020 3 @ W Ne
LOGAN: Local Gro https:// www. ami ne
oL by Clustering 011346ad27f4dc ENER 2
Cr olsisngual Dependhttps:// www. ami ne
12 poguided Word Rec011c832673a1l5 EMNLP 2
Luke Zettl emoyer
.q
B3 ' \
K ¢ \ a n
[ a a a a
Luke Zettlemoyer
h-index: 72 | IE3Z&L: 232 | ¢ SIFEEL 30631
& 3R
M Paul G. Allen School of Computer Science & Engineering, University of Washington/Facebook
e feERIt
@ Computer Science. Logical Form @ User Interface Knowledge Base #Papers: 232
@t Langiage Fro- #Citation: 30631
\\ H-Index: 72
. G-Index: 174
v ‘-J b sociability: 6
Diversity: 0
1995 2000 2005 2010 2015 2020 2022 A(tivhy: 5
'?‘LP t
) 0 v /' ™
BART: DenB8equéepn
Sequenete aiPmien g ilhttps:// www. ami ne
1 Language Generatib5acea3c05b02b ACL 202
Comprehensi on
Unsupervised -l in¢https:// www. ami ne
2 Representation Le5ac3cd4dbb657f5 ACL 202
Acti ve Learning https:// www. ami ne
€ Resolution using 0118eblela0ds3 ACL 202
4 Emergl_nglni:glmals Shttps:// www. ami ne ACL 202
Pretrlaamegeuwage ModedOa24bdde7ac
N https:// www. ami ne
& Sense Disambiguaed0224b4de8éc ACL 202
I nf or@edoBier s
Controll ed Crowd https:// www. ami ne
6 Qual i-BRLQAnnot atijledO0Oa24b4de979 ACL 202
Si mpl e and Ef-Eckichtt ps:// www. ami ne
! Rer @dekt GeneraticedOa24b4de9f1l AEL 202
8 Ambi gQA: Answerirhttps://www. amine EMNLP 2

(o]
©



2020

3 @

domain Questions 011faO08b8fbbs
Gy 1 | mif @F Mt ©n EhttpS'//www ami ne
9 forControlling C ; :
Rational e Extractezgcf2443030|5
10 Grounded Adaptat https:// www. ami ne
Executable Semant011242e3f2ads8
11 Scal able Zero shihttps:// www. amine
Dense Entity Retir5f07f689732de
12 Learning to Modelhttps:// www. amine
Bias with Mixed (011724c304676
4 X @ @& , &
few 3t Wb - A Wb
v - Ty W s oe Tob i
“F A
1 @ w Wb -7
2020, Ve w Wb - [ v
[ 10ew Vaw kv 10061b A
Ne 10 ® b 1 0 2020
@ “Fb T A £ aw
11 a AT T T “FDb Wb
W W Fv B © 41
“FD G K Wb 0w v B
3 i Y Fb RV T
Fv B ve 10 AT Ne 15

70

EMNL P

EMNL P

EMNL P

EMNL P

€l



2020 3 @ v Ne

50
41 38
40
30
20
10 > 3 3 2 2 2 2 1 1
0 - || ] — — — — —_— —_—
&@ ,%,&@ ﬁ@’ %@,;f“ )35%@ 7@%@ %@ y>§’ 7%\@2%’ {/0\”/ Q)&
¥ 5o '
&F
<0\\>
12020 9 Y i Yy D F1# ¥ 4
Fe €N, ¥ "
\ 3 @ W A
2020 Ma W 0 ’ Ty 7 9552 i
b ° 22517iT° Y.b 5866\ 26. A5%
1. CVPR N, ¥ 34 N
c 7 W "YU b W
CVPR 1. b W 1546 W b HT\ N
5 39% 2i ECCY ~ v . b w644 N 409
3 Neurdy PSY. b w642 B, 22" b \ 10 %A
N, b \ - CVPRECC¥ 3
| C ML KDD ACL Y, b \
s @ w Y. b o\ 30%A 3 Neurw PS
T Al |l JCA | Y. b \ vy 10% A, 3
@ \. b T\ H 16 A

71



2020 3 @

fred (O - A — A (R L
7000 i 6275 ''53.20% 60%
6000 i i 50%
5000 E 1 20%
4000 B T e

| ) 5.60% 30%
3000 ! H N4as2 -/ NN
! 239 ! ! : | 20%
2000 i1 1583 11 546 1590 W79 o1 1O ;
1000 ! 40 Ia95ii I I544: o o o 0%
0! n Am | B Nm BN Bm @
{NeurlPS ICLR ICML |, CVPR ECCV | UCAI KDD ACM : ACL EIVINLPE
L N ! SIGR + !
ME%S FEAEE SR Al RERE BERE  BAEF
=k % KE
16 9 Y D N ¥ FA
2. ¥ N, ¥ Neur | PEMKA 30%
b v Tb" A A W TY ®b
M¥E Ar 2020 Ve w 0 ’ Wb Y,
ab. k2 ew b 2w - CVP-RO?20
H ¢> Neur-2PH0 Ty ¢ ACHK 0240
T CVPR Wb V. b Ty 3271
3 Neurw PSiib V., b w209 A H
8 A
82020 5 v D N 1 F N, t 4

1 W ICLR 2020 540 143
3 2 W ICM L2020 495 152
3 H W NeurlPS 2020 642 209
4 b FYw CVPR 2020 154¢ 327
5 W ECCV 2020 644 123
6 Ty v ACL 2020 610 177
7 W EMNLP 2020 298 86
T Al 8 W IJCAI 2020 263 27

72



https://www.aminer.cn/conf/iclr2020
https://www.aminer.cn/conf/icml2020
https://www.aminer.cn/conf/neurips2020
https://www.aminer.cn/conf/cvpr2020
https://www.aminer.cn/conf/eccv2020
https://www.aminer.cn/conf/acl2020
https://www.aminer.cn/conf/emnlp2020
https://www.aminer.cn/conf/ijcai2020

2020 3 @ ¥ Ne
9 0 W KDD 2020 512 103
H b 10 | H 1 SIGIR 2020 316 55
t Y. b T \ v 3 Neur | ASCMi e w
Wb Y b \l - 30% i T
FAT  H 17 A
EZR (A [ YR I
. — A
__________________ (YN .
. 20.7% e T ! 29.0% 28.9% -
: > 111546 | 0% 28.9% .
1600 :32.69’ 265% | : 30%
1400 -:I :
| g | 25%
1200 | Nl 21.2% ! 20.1%
1000 i EE 19.1%5 174% 20%
800 1 g7 ¥ car N\ : 1159
\ i | 610 :
| H | - 110%
400 | 1\ 327 b63 316 298 |
| I - ' W77 5%
200 | 209 152 143:: 123! 7 103 55 ! ISE :5/
0! I In In: 07 Be B2 ED Be
:.'l‘?l_‘f_'ES_JEM_L___'QL_R__EEVEFi__EC_C}/_ JUCAI  KDD _SIGIR iACL EMNLP |
HE¥ FEARE  BEAN HELE GERF--—EhEE -
L% nE
17 9 Y D' y N ¥ 01 N_. ¥ X A
3. 17¢ N, ¥ "ynup D
WY_. b Q@ W Y "yl %
A AMi ner - 3 @
v T3 WY, b W
A Y Ea Yt W . b
178 1 T~ HB vt aew N.b
3 ) b A
1P 0e wT" O 236 1 [
Ne w ~ : 9 A
92020 " vylunp D NOoF “ITV, E €
NeurlPS | ACL | EMNLP | CVPR | ICLR | ICML | KDD | IJCAI | ECCV | SIGIR
7 1 10 2 4 1 2 27

73



https://www.aminer.cn/conf/kdd2020
https://www.aminer.cn/conf/sigir2020

2020 3 @ ¥ Ne

[T] ! 12 6 1 1 1 22
[ Juz « 2 6 1 7 1 3 20
1 No
L ! ! 8 1 1 1| 19
[T] Ao
3 8 2 1 1 2 17
[T]
Le Song
. 3 1 1 7 3 1 16
[ ]
Junzhou Huang
No
[ ]IBM Research 3 1 3 4 1 1 13
T
[ ?] 2 3 1 2 3 1 12
5 2 2 1 1 1 12
[T1]
Furu Wei
. 2 1 4 2 1 1 11
[T1]
3 1 1 1 1 2 9
[T1]
1 2 1 1 1 3 9
[T1]
A 1 1 1 1 2 1 1 8
[ ] ®
[ v 1 1 1 2 1 1 7
Ne
39 38 36 27 27 23 20 10 9 7 236
‘b b b 0 2020 W e
b B A
4 . D KDIDN . A
L- 3 @ W "N, b
\ w KDDw 76%W7Y. b \
o 3 Neurl PS18 A

74




2020 3 @ ¢ Ne

2000 1899 - 90%
1800 o 69.9% 80%
1600 70%
1400 60%
1200 0%
1000
800 687 40%
600 412 30%
400 338 559 20%
200 I 10%
0 0%
NeurlPS ICLR KDD
[ | [ | —
18 D 0N oA
Wb - T A yi:
W o\l HT ™ Y. uwb \l ’ 19 A
o v KDDb V. TR T TV,
Wb v o3 YW 87T%A
’ . ’ ‘ ’ 79%
579 73% 87%
NeurIPS ICLR KDD LICAI
19 o Y DN . AX N. ' & A
3 v Neur | P, \I vA Neurl P8 2020
1899 HT”~ 5683, ab i\ 29. 93
bu Wh 321 AV, 56. 51

~

16.90 20 A

75



76

2020 3 @ No
ENENHE
1330 70.07%
568 29.93%
E\—FENHE
B
342156‘75];%
“AMi ner A
2MNeur Il PS. 2020 ~N_ " ¥
T 1T Al | JCAIQ@020 645 1T A
ab 451\ 69.92_ bu UWh 356
VIR 78..94 w 55 . %0 " V. H
21 A
EIN e
194 3008%
451 69.92%
EAFCHE
28_944-81%7;
P
" AMi ner A
211 JCAIDR2 020 N



77

2020 3 @ v Ne
" .
Yii: W Ne 0 ~
@ 0 = N I
v N 0 N300 T 5
3 < L g Ne= A
C 0 v . b -
i Bb GbA
. ; - A " sa
v 3 b Yz M © 3 LW
a n SAT ab W \ iy
33.16 %6 " 32.38M %" °
Wt b - T AB
Wy ¢ @ B AY ab. W
b v -~ CVP-ROZO0i Y. b \ A
b [ H “p
n - Ac T -
o} ) 3 @ W
9 h VI W 9 b v 3
~68.6%  |n ® A
W © AT
[ 7 * W YW o FT ®
z s W 3 T Z W
TAbu 3 W ab ~ T Al b g T
z v 3y 0 A



2020 3 @ v  Ne
r e, 4
WeN “T Wae , = i -
D b 1. " 1 b A Al200d0
Ne %4 . 6 = w'E TG Ne
- T w> Association for Comput i
ACNMa T ¢~ China Comput@CF Federati on,
Ve  Institute of Hliecst rEincgdEnEeaenics , BRI ectr o
p F T New T AB 3a a
a - a Za aH b a
“ e 3 “ e 3 nb 3 “
a a 2 @ - 22 A

HAEF3)

HERAARX

BRIESAE

HHNARZ

ERRRSHES

Wige: J'

Fee€

yw 2020

Al 2000

n i z

| HHEE
BREAR

oA |

3 @ W

1 AMi ner FA

78



2020

2020 3 @ ¥ Ne
n A 10c W 6@ v 33 3
T AR aH b 3 At Ne aw
T w 10 A
[ - 1@, v T 3 v 3e”
Noz | CML 2NeWwr | PSS QCIOR 02020 a
\< 2@ W 7 Ne# % CVPR 2E&ZXV 2020
Vi v EMNLP 2@&ZQ 2020 T ABH
b a W y lae  No | JCAI~ 210&RI0R
KDD 2A020
10 D \
Al B / CCF
3 W
1 Il nternational Co n ICLR 2020 A
Representations
3 W
3 2 I nternational Co n ICM L2020 A
Learning
H W
3 Annual Conf er en g NeurlPS 2020 A
Il nf ormati on Proce
b EU
4 | EEE Conference ¢CVPR2020 A
and Pattern Recog
W
5 European Conf er e ECCV 2020 B
Vi si on
Ty oy
6 Annual Meet i ng o f|ACL 2020 A
Comput datiingmualsti cs
W
7 Conf erence on E m| EMNLP 2020 B
Nat ur al Plraoncgeusasg en g
T Al 8 I nternational J o| IJCAI 2020 A
Arti ficial Il ntell
0 W
9 Conference on Kno)|KDD2020 A
Dat Mi ni ng
H 1
H I nternational ACM
b 10 Research Deaadopmewo A
Il nf ormati on Retri

79


https://www.aminer.cn/conf/iclr2020
https://www.aminer.cn/conf/icml2020
https://www.aminer.cn/conf/neurips2020
https://www.aminer.cn/conf/cvpr2020
https://www.aminer.cn/conf/eccv2020
https://www.aminer.cn/conf/acl2020
https://www.aminer.cn/conf/emnlp2020
https://www.aminer.cn/conf/ijcai2020
https://www.aminer.cn/conf/kdd2020
https://www.aminer.cn/conf/sigir2020

2020 s @ wooNe
FrPE
Sf b “ AMi her
No a ba. E A 200::
W No ~ 6 b )
9 B b
Ne A

80



2020 3 @

¥  Ne
€ AMiner Conference D a]
AMi n€onfer emce y 0 A
" a . Y W a

H Ne w A

L AMi ner v '3, AAAAIJCANeurd BVMNLP

p 3 & W H ~ 20 1-30 2 1AT T~

19e w CCF T W A “2lew THU T w A A
I v @w aeWwW a a : a

Yi v 23 A H 4 w

https://aminer.cn/conf

23AMi nel T

Y Neur | P8°220Dg80uw Neur al I nformati edn Process

H ¢~ AMinec: 24 A v 62020

12 6 12 12 Yy sty e W B i H

a a

2

W
TYi N A

81







































