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Polishing Decision-Based Adversarial Noise
With a Customized Sampling

Projection & Probability-Driven Black-Box
Attack

Rethinking Performance Estimation in Neural
Architecture Search

Spatial-Temporal
Network  for
Identification
Towards Discriminability and Diversity: Batch
Nuclear-norm Maximization under Label
Insufficient Situations

Transformation GAN for Unsupervised Image
Synthesis and Representation Learning
Unsupervised Person Re-identification via
Softened Similarity Learning

Video Super-Resolution With Temporal Group
Attention

Circumventing Outliers of AutoAugment with
Knowledge Distillation

Features from Cheap

Convolutional
Person Re-

Graph
Video-Based

25

WICHLhE
https://www.aminer.cn/pub/5
ebe685391e0117693a520ec/
https://www.aminer.cn/pub/5
e0c6dcc3a55acc9707f3986/
https://www.aminer.cn/pub/5
d79a4f43a55ac5af95ae2fs5/

https://www.aminer.cn/pub/5
ecch534e06a4c1b26a835d7/

https://www.aminer.cn/pub/5
ecch534e06a4c1h26a8396d/
https://www.aminer.cn/pub/5
ecch534e06a4c1b26a834b5/
https://www.aminer.cn/pub/5
ecch534e06a4c1b26a836d9/

https://www.aminer.cn/pub/5
ecch534e06a4c1h26a83543/
https://www.aminer.cn/pub/5
ddf9ac53a55ac735a8f0f06/
https://www.aminer.cn/pub/5
ecch534e06a4c1b26a83977/
https://www.aminer.cn/pub/5
ecch534e06a4c1b26a8357f/
https://www.aminer.cn/pub/5
ecch534e06a4c1b26a839b0/
https://www.aminer.cn/pub/5
ecch534e06a4c1b26a83870/
https://www.aminer.cn/pub/5
ecch534e06a4c1b26a8366¢/
https://www.aminer.cn/pub/5
€8da0c991e011f2de5838ce/
https://www.aminer.cn/pub/5
ecch534e06a4c1b26a83906/
https://www.aminer.cn/pub/5
ecch534e06a4c1b26a83507/
https://www.aminer.cn/pub/5
eb9222f91e0118cfef9816e/
https://www.aminer.cn/pub/5
ec7a32791e0118397f3ec56/
https://www.aminer.cn/pub/5
ecch534e06a4c1b26a835e7/

https://www.aminer.cn/pub/5
€81¢33091e011b2b7821e89/

https://www.aminer.cn/pub/5
ecch534e06a4clb26a834cf/
https://www.aminer.cn/pub/5
e8da0d591e011f2de583bda/
https://www.aminer.cn/pub/5
ecch534e06a4c1b26a837bb/
https://www.aminer.cn/pub/5
€7¢7d3¢91e011f07751bc94

REBLWIFAY

CVPR 2020

CVPR 2020

CVPR 2020

CVPR 2020

CVPR 2020

CVPR 2020

CVPR 2020

CVPR 2020

CVPR 2020

CVPR 2020

CVPR 2020

CVPR 2020

CVPR 2020

CVPR 2020

CVPR 2020

CVPR 2020

CVPR 2020

CVPR 2020

CVPR 2020

CVPR 2020

CVPR 2020

CVPR 2020

CVPR 2020

CVPR 2020

ECCV 2020



2020 N T BE ) LA EL R 08T 2% [ B AR 2 3 B 75

Wavelet-Based Dual-Branch Network for Image

26 o
Demoireing

27 Social Adaptive Module for Weakly-supervised
Group Activity Recognition

28 Corner Proposal Network for Anchor-free, Two-
stage Object Detection

29 Reinforced Axial Refinement Network for
Monocular 3D Object Detection

30 CooGAN: A Memory-Efficient Framework for
High-Resolution Facial Attribute Editing

31 Extract and Merge: Superpixel Segmentation
with Regional Attributes

3 Interpretable Visual Reasoning via Probabilistic
Formulation Under Natural Supervision
Rethinking the Distribution Gap of Person Re-

33 | identification with Camera-Based Batch
Normalization

34 Large-Scale Few-Shot Learning via Multi-
modal Knowledge Discovery

35 API-Net: Robust Generative Classifier via a
Single Discriminator

36 Bottom-Up Temporal Action Localization with
Mutual Regularization

Ling Shao
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FHR VAR
F5 WA

1 An Investigation into the Stochasticity of Batch
Whitening

2 AnimalWeb: A Large-Scale Hierarchical
Dataset of Annotated Animal Faces

3 Auto-Encoding Twin-Bottleneck Hashing

4 Camouflaged Object Detection

5 Controllable Orthogonalization in Training
DNNs

6 CycleISP: Real Image Restoration via
Improved Data Synthesis

7 D2Det: Towards High Quality Object
Detection and Instance Segmentation
Exploring Learning Dynamics of DNNs via

8 . Lo .
Layerwise Conditioning Analysis

9 Hierarchical Human Parsing with Typed Part-
Relation Reasoning

10 HRank: Filter Pruning using High-Rank
Feature Map

11 Interpretable and Generalizable Deep Image
Matching with Adaptive Convolutions.
Latent Embedding Feedback and

12 | Discriminative  Features for  Zero-Shot
Classification

13 Layer-wise  Conditioning  Analysis  in
Exploring the Learning Dynamics of DNNs

14 Learning Enriched Features for Real Image
Restoration and Enhancement

15 Learning Multi-Granular Hypergraphs for
Video-Based Person Re-Identification
Learning to Learn with  Variational

16 | Information  Bottleneck  for  Domain
Generalization
Multi-Mutual Consistency Induced Transfer

17 | Subspace Learning for Human Motion
Segmentation
NETNet: Neighbor Erasing and Transferring

18 | Network for Better Single Shot Object
Detection
Pathological Retinal Region Segmentation

19  From OCT Images Using Geometric Relation
Based Augmentation

20 Unsupervised — Adaptation — Learning  for
Hyperspectral Imagery Super-Resolution
Learning Enriched Features for Real Image

21 .
Restoration and Enhancement
Latent Embedding Feedback and

22 | Discriminative  Features for Zero-Shot
Classification

23 Layer-wise  Conditioning  Analysis  in
Exploring the Learning Dynamics of DNNs

24 | Learning to Learn with  Variational
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Information  Bottleneck  for = Domain
Generalization
Dynamic Dual-Attentive Aggregation

25 | Learning for Visible-Infrared Person Re-

Identification
26

el shot learning

Unsupervised domain adaptation with noise
28 | resistible mutual-training for person re-

identification
Commands for Autonomous
29 | Progressively  Stacking

Representations

C44V - Learning Cross-Modal
30 .

Representations from Transformers
31 Learning  Attentive  and  Hierarchical

Representations for 3D Shape Recognition

Chunhua Shen

LT 45 K 2 4

SipMask: Spatial Information Preservation for
Fast Image and Video Instance Segmentation
Region graph embedding network for zero-

Vehicles by
Visual-Linguistic
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ABCNet: Real-time Scene Text Spotting with
Adaptive Bezier-Curve Network
2 AE TextSpotter: Learning Visual and Linguistic
Representation for Ambiguous Text Spotting
BlendMask: Top-Down Meets Bottom-Up for
Instance Segmentation

Conditional

Convolutions Instance

for

Segmentation

5 Context Prior for Scene Segmentation

DeepEMD: Few-Shot Image Classification with
6 Differentiable Earth Mover's Distance and

Structured Classifiers

Efficient Semantic Video Segmentation with Per-

frame Inference

Learning and Memorizing Representative

8 Prototypes for 3D Point Cloud Semantic and
Instance Segmentation
Mask Encoding for Single Shot Instance
Segmentation

10 Memory-Efficient Hierarchical Neural
Architecture Search for Image Denoising

11 NAS-FCOS: Fast Neural Architecture Search
for Object Detection.

12 On the General Value of Evidence, and Bilingual
Scene-Text Visual Question Answering

13 PolarMask: Single Shot Instance Segmentation
with Polar Representation

14 REVERIE: Remote Embodied Visual Referring

Expression in Real Indoor Environments

15 | Segmenting Transparent Objects in the Wild

16

Self-trained Deep Ordinal Regression for End-

to-End Video Anomaly Detection

17

Soft Expert Reward Learning for Vision-and-

Language Navigation

18

Training Quantized Neural Networks With a

Full-Precision Auxiliary Module

19

Weighing Counts: Sequential Crowd Counting

by Reinforcement Learning
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22530 (Rongrong Ji)
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@Visualizaton  ®Image Retrieval @ Feature Extraction @ Image Classification @ Moblle Visual Seareh
\
FHR 2R
FFs WX
AD-Cluster: Augmented  Discriminative
1 Clustering for Domain Adaptive Person Re-
identification
2 Cogradient Descent for Bilinear Optimization
3 Filter Grafting for Deep Neural Networks
HRank: Filter Pruning using High-Rank
4
Feature Map
Multi-task Collaborative Network for Joint
5 Referring Expression Comprehension and
Segmentation
6 Noise-Aware Fully Webly Supervised Object
Detection
7 One-Shot  Adversarial Attacks on Visual
Tracking With Dual Attention
] Projection & Probability-Driven Black-Box
Attack
9 Rethinking Performance Estimation in Neural
Architecture Search
10 Salience-Guided Cascaded  Suppression
Network for Person Re-Identification
1 Siamese Box Adaptive Network for Visual
Tracking
12 Multiple Expert Brainstorming for Domain
Adaptive Person Re-identification
13 Anti-Bandit Neural Architecture Search for
Model Defense
14 | Improving Face Recognition from Hard Samples

30
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via Distribution Distillation Loss

15 PAMS:  Quantized  Super-Resolution  via
Parameterized Max Scale

16 Enabling Deep Residual Networks for Weakly
Supervised Object Detection

17 | Interpretable Neural Network Decoupling

13 API-Net: Robust Generative Classifier via a
Single Discriminator
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DSNAS: Direct Neural Architecture

—

Search without Parameter Retraining

Learning  to  Cluster Faces via
2 Confidence and Connectivity

Estimation

A Local-to-Global Approach to Multi-

modal Movie Scene Segmentation

4 Self-Supervised Scene De-occlusion

FineGym: A  Hierarchical Video
5 Dataset  for Fine-grained Action
Understanding
Intra- and Inter-Action Understanding
via Temporal Action Parsing
Open Compound Domain Adaptation

31
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14

15

16
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18

Exploiting Deep Generative Prior for
Versatile Image Restoration and
Manipulation

SSN: Shape Signature Networks for
Multi-class Object Detection from Point
Clouds

Motion Guided 3D Pose Estimation
from Videos

Omni-sourced Webly-supervised
Learning for Video Recognition
Placepedia: ~ Comprehensive  Place
Understanding with  Multi-Faceted
Annotations

Learn to Propagate Reliably on Noisy
Affinity Graphs

Distribution-Balanced Loss for Multi-
Label Classification in Long-Tailed
Datasets

Sep-Stereo: Visually Guided
Stereophonic Audio Generation by
Associating Source Separation
MovieNet: A Holistic Dataset for Movie
Understanding

Online Multi-modal Person Search in
Videos

A Unified Framework for Shot Type
Classification Based on Subject Centric
Lens
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. . . https://www.aminer.cn/pub/5
7 On Positive-Unlabeled Classification in GAN 32924132552c054d0cdbd6/ CVPR 2020
8 %ZzpeteerGgg};ajZil-va’Zreportral2;;5:3:22 hitps://www.aminer.cn/publs | ~ypp 509
. eccb534e06a4c1b26a839¢1/
Transformation
Recurrent Feature Reasoning for Image https://www.aminer.cn/pub/5
2 Inpainting eccb534e06ad4c1b26a837a2/ GUIER 20
Syntax-Aware  Action Targeting for Video | https://www.aminer.cn/pub/5
10 Captioning eccb534e06a4c1b26a839b7/ CVPR 2020
1 Symbiotic Adversarial Learning for Attribute- = https://www.aminer.cn/pub/5 ECCV 2020
based Person Search f16b19091e011b48ae9421f
12 Visual Compositional Learning for Human- | https://www.aminer.cn/pub/5 ECCV 2020
Object Interaction Detection flea27491e0119a0f6b64bf
13 Learning Disentangled Representations with @ https://www.aminer.cn/pub/5 ECCV 2020
Latent Variation Predictability f1£f1491e011d50a6219ed
14 Polysemy Deciphering Network for Robust @ https://www.aminer.cn/pub/5 ECCV 2020
Human-Object Interaction Detection f3110ea91e0113382b536ab
15 Short-Term and Long-Term Context = https://www.aminer.cn/pub/5 ECCV 2020
Aggregation Network for Video Inpainting f6088ec91e011380586ffeb
Learning Propagation Rules for Attribution @ https://www.aminer.cn/pub/5
16 Map Generation £88272a91¢0118ce8f042b7 | LCCV 2020
o . . https://www.aminer.cn/pub/5
17  Hallucinating Visual Instances in Total Absentia 168a89d4150a363ccd042e ECCV 2020
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@ Feature Extraction Face Recognition @ Image Retrieval Sparse Representatio,

@ Image Classification
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10
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Probability Weighted Compact Feature
for Domain Adaptive Retrieval
CPR-GCN:  Conditional  Partial-
Residual Graph Convolutional Network
in Automated Anatomical Labeling of
Coronary Arteries

Structure  Aware  Single-Stage
Object Detection From Point Cloud
HigherHRNet: Scale-Aware
Representation Learning for Bottom-
Up Human Pose Estimation
Multi-Domain Learning for Accurate
and Few-Shot Color Constancy

3D

Gradient Centralization: A New
Optimization Technique for Deep
Neural Networks

Deep Adaptive Inference Networks for
Single Image Super-Resolution

Oscar: Object-Semantics Aligned Pre-
training for Vision-Language Tasks
Dual Adversarial Network: Toward
Real-world Noise Removal and Noise
Generation

A Single Stream Network for Robust and
Real-time RGB-D Salient Object
Detection

Label Propagation with Augmented
Anchors: A Simple Semi-Supervised
Learning baseline for Unsupervised
Domain Adaptation

Boosting Weakly Supervised Object
Detection with Progressive Knowledge
Transfer

AR AEHE KA B, B
JUNLER: DhReRRE. ABRB. BGAR. BRI

5|FB&Y: 88835

1397
88835
H-Index: 142
G-Index: 279

#Papers:
#Citation:
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Activity: 330
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95¢591e0111c7ceel379

https://www.aminer.cn/pub/Secc
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https://www.aminer.cn/pub/5e8a
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https://www.aminer.cn/pub/5e¢98
2¢c591e0119¢8a952209

https://www.aminer.cn/pub/5f0d
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https://www.aminer.cn/pub/5f0e
dlef91e011ead96652fb

https://www.aminer.cn/pub/5f10
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https://www.aminer.cn/pub/5f11
6cbb91e011264d4475a6
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Suppress and Balance: A Simple Gated | https://www.aminer.cn/pub/5f11

= Network for Salient Object Detection 6fa591e011264d4475fe ICEN A
14 Blind Face Restoration via Deep Multi- | https://www.aminer.cn/pub/5f29 ECCV 2020
scale Component Dictionaries 32¢691e011376d9c5de?2
VisDrone-SOT2020 - The Vision Meets .
) . . https://www.aminer.cn/pub/5f8
15 | Drone  Single  Object  Tracking 803a91e011c832668d1F ECCV 2020
Challenge Results
16 Momentum Batch Normalization for | https://www.aminer.cn/pub/5ff6 ECCV 2020
Deep Learning with Small Batch Size 8a85d4150a363cccf7b2
A Decoupled Learning Scheme for ) .
17 | Real-World Burst Denoising from Raw B e E L ERR A ECCV 2020

8e5cd4150a363cd7bbl13
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Ming—Hsuan Yang
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1l Electrical Engineering and Computer Science, University of California, Merced/Google

HRE

#Papers: 524
@Object Tracking @ Visualiza tion @ Visual Tracking @ Robustness @ Feature Extraction #Citation: 80480
H-Index: 118
G-Index: 280
, Sociability: 7
Diversity: 0
Activity: 13

1999 2005 2010 2015 2020 2022

RV
5  @BXEK WICH L RELVUES

Collaborative Distillation for Ultra- @ https://www.aminer.cn/pub/5e

! Resolution Universal Style Transfer 7495¢591e0111c7ceel2fd S

Rethinking Class-Balanced Methods for .
. o https://www.aminer.cn/pub/5e

2 Long—?"alled Visu.al Recognm'on from a Tb2be691011293adbe 724 CVPR 2020
Domain Adaptation Perspective

3 CyclelSP: Real Image Restoration via @ https://www.aminer.cn/pub/Se CVPR 2020
Improved Data Synthesis 71f4b491e0115656f5d38¢
Multi-Scale Boosted Dehazing Network | https://www.aminer.cn/pub/5e CVPR 2020
with Dense Feature Fusion a9503e91e0118eble19fb8

5 Single-Image HDR Reconstruction by https://www.aminer.cn/pub/5e CVPR 2020

Learning to Reverse the Camera ccb534e06a4c1b26a83544
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Pipeline

Composing Good Shots by Exploiting
Mutual Relations
Weakly-Supervised
Segmentation via
Exploration

Semantic
Sub-Category

Learning to See Through Obstructions

Self-supervised Single-view 3D
Reconstruction via Semantic
Consistency

Learning Enriched Features for Real
Image Restoration and Enhancement
Modeling Artistic Workflows for Image
Generation and Editing
Controllable  Image
SegVAE
RetrieveGAN: Image Synthesis via
Differentiable Patch Retrieval
Learnable Cost Volume Using the
Cayley Representation

Every Pixel Matters: Center-aware
Feature  Alignment  for  Domain
Adaptive Object Detector

Video Object Detection via Object-
Level Temporal Aggregation
Adversarial  Training  with  Bi-
directional Likelihood Regularization

Synthesis  via

for Visual Classification

Neural Design Network: Graphic
Layout Generation with Constraints
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71£49891e0115656f5¢ce84

https://www.aminer.cn/pub/Se
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https://www.aminer.cn/pub/5f1
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https://www.aminer.cn/pub/5fl
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https://www.aminer.cn/pub/5f3
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https://www.aminer.cn/pub/5ff
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LikZs #Papers: 131

@ Photometric Stereo #Citation: 2336

Computer Vision

@ Lighting Radiometry @ Artificial Intellige.
H-Index: 22

G-Index: 46

nd,

il Sociability: 5
Diversity: 0
Activity: 6

2007 2008 2010 2012 2014 2016 2018 2020 2022

FHR VR
FF5  WIXARK WCHHE
A Semi-Supervised Assessor of Neural https://www.aminer.cn/pub/Se
Architectures be685391e0117693a520ec/

AdderNet: Do We Really Need Multiplications
in Deep Learning?
CARS: Continuous Evolution for Efficient
Neural Architecture Search
DIST: Rendering Deep Implicit Signed
4 Distance Function with Differentiable Sphere
Tracing
Frequency Domain Compact
Convolutional Neural Networks
Joint Filtering of Intensity Images and
6 Neuromorphic Events for High-Resolution
Noise-Robust Imaging
MISC:  Multi-Condition  Injection
Spatially-Adaptive Compositing
Conditional Person Image Synthesis
Neuromorphic Camera Guided High Dynamic
Range Imaging

9 On Positive-Unlabeled Classification in GAN

https://www.aminer.cn/pub/Se
Oc6dcc3a55acc9707t3986/
https://www.aminer.cn/pub/5d
79a4f43a55ac5af95ae2fs/

W

https://www.aminer.cn/pub/5d
e4e0bf3a55ac2224ba5650/

3D | https://www.aminer.cn/pub/5e

ccb534e06a4c1b26a83543/

https://www.aminer.cn/pub/Se
ccb534e06a4c1b26a83540/

and

https://www.aminer.cn/pub/5e
for

ccb534e06a4c1b26a837a0/

~

https://www.aminer.cn/pub/Se
ccb534e06adc1b26a8354c/
https://www.aminer.cn/pub/5e
3a92413a55ac054d0cdbd6/

Reflection Scene Separation From a Single | https://www.aminer.cn/pub/5Se

10 Image ccb534e06a4c1b26a8358f/

1 Stereoscopic Flash and No-Flash | https://www.aminer.cn/pub/5e
Photography for Shape and Albedo Recovery | ccb534e06a4c1b26a835f5/

12 What Does Plate Glass Reveal About Camera | https://www.aminer.cn/pub/Se
Calibration? ccb534e06adc1b26a835cd/

13 Conditional Image Repainting via Semantic = https://www.aminer.cn/pub/5ff
Bridge and Piecewise Value Function 2a4139¢795ecc887100a2

14 What Is Learned in Deep Uncalibrated | https://www.aminer.cn/pub/5ff
Photometric Stereo 2a4f49¢795ecc887100a3

15 FHDe 2 Net: Full High Definition Demoireing = https://www.aminer.cn/pub/5{f
Network 2a4ff9e795ecc887100a9/

o https://www.aminer.cn/pub/5f
16 | Deep Shape from Polarization 2a4f996795ecc887100a7
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Wi K B

37

RREUWES |

CVPR 2020

CVPR 2020

CVPR 2020

CVPR 2020

CVPR 2020

CVPR 2020

CVPR 2020

CVPR 2020

CVPR 2020

CVPR 2020

CVPR 2020

CVPR 2020

ECCV 2020

ECCV 2020

ECCV 2020

ECCV 2020



2020 N T BE ) LA EL R 08T 2% [ B AR 2 3 B 75

A4S T R EPNE I
ST R BT B AR

W FT%

A
i

&

Leonidas J. Guibas
JOSCEL: 758 |

h-index:

S 3

I Department of Computer Science, Stanford University

131 | S|FEL: 78415

HRME

#Papers:

@ Sensor Network () Computational Geomet... @ Data Structure () Wireless Sensor Netw. #Citation:

@Kinetics H-Index:

G-Index:
Q‘ > Sociability
Diversity:
1982 1990 2000 2010 2017 Activity:
FHR 2R
g5 WXAK Wk
ImVoteNet:  Boostin 3D  Object .

1 Detection in Point C‘;gouds with Imjage S8/ O TSRO /5
Votes 32a97f3a55ac416e1269a8

) Adversarial Texture Optimization from | https://www.aminer.cn/pub/Se
RGB-D Scans 7495¢591e0111c7ceel2d9
SAPIEN: A  SimulAted Part-based https://www.aminer.cn/pub/5e
Interactive ENvironment 7495¢591e0111c7ceel34c
Synchronizing Probability Measures on | https://www.aminer.cn/pub/5e
Rotations via Optimal Transport 885d0791e011213a31bb12
AdaCoSeg:  Adaptive  Shape  Co- .

5 Segmen tagtion Wi thp Group C 5nsistency it o i 5153
Loss a26d519e795e023a55f4d6
Robust Learning Through Cross-Task @ https://www.aminer.cn/pub/Se
Consistency ccb534e06a4c1b26a83819

7 PT2PC: Learning to Generate 3D Point = https://www.aminer.cn/pub/Se
Cloud Shapes from Part Tree Conditions = 7495¢591e0111c7ceel3b9
Learning 3D Part Assembly from a Single | https://www.aminer.cn/pub/5e
Image 79da4491e0115bb1157af8

9 Deformation-Aware 3D Model | https://www.aminer.cn/pub/Se
Embedding and Retrieval 8afdb191e01102¢3531318

10 cheliimeC?aRelg,ng;;fZZZ mﬁ’;};ﬁi;ﬁ https://www.aminer.cn/pub/5e

943b8091e01134486640b5
Inference
1 i:‘:l.’;zf;nm}z 3%1 Sup i::;i‘;d C;ZZ, https://www.aminer.cn/pub/5f1
. 8155291e011c28ft02¢79
Understanding
12 Pix2Surf:  Learning Parametric 3D | https://www.aminer.cn/pub/5f3

Surface Models of Objects from Images | cf4f791e011c89f2f171b
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Referit3D: Neural Listeners for Fine- e e e

13 | Grained 3D Object Identification in Real- 68a47d4150a363cce80ce ECCV 2020
World Scenes

14 Side-Tuning: A Baseline for Network  https://www.aminer.cn/pub/60 ECCV 2020
Adaptation via Additive Side Networks 0fe813d4150a363¢c2393cf

15 Towards  Precise ~ Completion  of https://www.aminer.cn/pub/5ff ECCV 2020

Deformable Shapes 68135d4150a363cd996¢1

2 MEBFIMARIMFERSFERBEBMAEF KRS

FEML AR I 48221 (NeurIPS ICML. ICLR) H1, #3518 3¢ TOP10 )
{£# N Sergey Levine. YEFSR . Mihaela Van Der Schaar. Zhangyang (Atlas) Wang
Sung Ju Hwang. Masashi Sugiyama. Stefano Ermon. ##K. Jinwoo Shin Fl117 &
SR, MRS SR HI N 34 19, 19, 18. 18. 17+ 17 15. 14, 11. flAiTf#klk
KWL ZHIE S NEVETERUN . Filan, HEA 5 — 85 B AR e R K 5 %
Sergey Levine ALEFEW TSNS 34 F5 (& Poster w30, H s 16 itk
ICLR W3 6 Fiff ICML Yitsg. 12 fe#% NeurIPS Wik, Az Lsig e & 1F
FERG HIIARE—EE.
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Sergey Levine I 34
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Masashi Sugiyama I 10
Zhangyang (Atlas) Wang I 18
Sung Ju Hwang I 18
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FHR 2R

FS WA Wk
Adversarial  Policies: Attacking Deep = https://www.aminer.cn/pub/5
Reinforcement Learning d04e909da56295d08ddaf79
Deep  Imitative Models for Flexible | https://www.aminer.cn/pub/5
Inference, Planning, and Control bdc31b817c44al1f58a0c134

Dynamical Distance Learning for Semi-

3 Supervised — and  Unsupervised  Skill e neTen PR

e5e18a893d709897ce246¢c9

Discovery
Dynamics-Aware Unsupervised ~ Skill | https://www.aminer.cn/pub/5
Discovery e5¢18¢c493d709897ce2eeb?
Evolving Reinforcement Learning = https://www.aminer.cn/pub/5
Algorithms ffd86£591e01106b3241146
Invariant Representations for Reinforcement | https://www.aminer.cn/pub/6
Learning without Reconstruction 00833ce9e795ed227f531c2
7 Meta-Learning without Memorization g ee)eroronATEEEID P/

e71816c9e795e1c35c5f81f
Model Based Reinforcement Learning for | https://www.aminer.cn/pub/5
Atari €5e189293d709897cele82b

Reinforcement Learning with Competitive https://www.aminer.cn/pub/3

9 Eniver.n.bles of  Information-Constrained d1b9d0da5629610b0b35 1
Primitives

10 SQIL: Imitation Learning via Reinforcement | https://www.aminer.cn/pub/5
Learning with Sparse Rewards e5e18a493d709897ce22c6d
The Ingredients of Real World Robotic @ https://www.aminer.cn/pub/5
Reinforcement Learning e5e18a793d709897ce241ee

The Variational Bandwidth Bottleneck:
12 | Stochastic Evaluation on an Information
Budget

https://www.aminer.cn/pub/5
e5¢18db93d709897¢ce3665b
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34

Thinking While Moving: Deep
Reinforcement Learning with Concurrent
Control

VideoFlow: A Conditional Flow-Based
Model for Stochastic Video Generation

Watch, Try, Learn: Meta-Learning from
Demonstrations and Rewards

X2T: Training an X-to-Text Typing Interface
with Online Learning from User Feedback
Can autonomous vehicles identify, recover

from, and adapt to distribution shifts?

Cautious Adaptation For Reinforcement
Learning in Safety-Critical Settings
Decentralized  Reinforcement  Learning:

Global  Decision-Making  via  Local
Economic Transactions
Global  Decision-Making  via  Local

Economic Transactions

Hope For The Best But Prepare For The
Worst: Cautious Adaptation In RL Agents
Skew-Fit: State-Covering Self-Supervised
Reinforcement Learning
Conservative  Q-Learning  for
Reinforcement Learning
Continual Learning of Control Primitives:
Skill Discovery via Reset-Games

DisCor: Corrective Feedback in
Reinforcement Learning via Distribution
Correction

Offline

Emergent  Complexity and  Zero-shot
Transfer via Unsupervised Environment
Design

Gamma-Models:  Generative  Temporal

Difference Learning for Infinite-Horizon
Prediction

Gradient Surgery for Multi-Task Learning

Long-Horizon Visual Planning with Goal-
Conditioned Hierarchical Predictors

Model Inversion Networks for Model-Based
Optimization

MOPO:  Model-based  Offline
Optimization

One Solution is Not All You Need: Few-Shot
Extrapolation via Structured MaxEnt RL
Rewriting  History with Inverse RL:
Hindsight Inference for Policy Improvement
Stochastic  Latent  Actor-Critic:  Deep
Reinforcement Learning with a Latent
Variable Model

Policy

41
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e5e18ae93d709897ce26fdd

https://www.aminer.cn/pub/5
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Neural Policy Gradient Methods: Global
Optimality and Rates of Convergence

On Computation and Generalization of
Gener- Ative Adversarial Imitation Learning
Actor-Critic Provably Finds Nash Equilibria
of Linear-Quadratic Mean-Field Games
Pontryagin Differentiable Programming: An
End-to-End ~ Learning  and  Control
Framework

Risk-Sensitive  Reinforcement
Near-Optimal  Risk-Sample
Regret

Semiparametric Nonlinear Bipartite Graph
Representation Learning with Provable
Guarantees

Deep Reinforcement Learning with Smooth
Policy

Computational and Statistical Tradeoffs in
Inferring Combinatorial Structures of Ising
Model

On the Global Optimality of Model-Agnostic
Meta-Learning

Breaking the Curse of Many Agents:
Provable Mean Embedding QQQ-Iteration
for Mean-Field Reinforcement Learning

Learning:
Tradeoff in

42
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Fine-grained Fact Verification with
Kernel Graph Attention Network
Grounded Conversation Generation as
Guided Traverses in Commonsense
Knowledge Graphs
Word-level Textual
Attacking as
Optimization
MOOCCube: A Large-scale Data
Repository for NLP Applications in
MOOCs

Train No Evil: Selective Masking for
Task Guided Pre Training

MAVEN: A Massive General Domain
Event Detection Dataset

Partially  Aligned Data to Text
Generation with Distant Supervision
Dynamic Anticipation and Completion
for Multi Hop Reasoning over Sparse
Knowledge Graph

Learning from Context or Names? An
Empirical Study on Neural Relation
Extraction

Coreferential Reasoning Learning for
Language Representation

Denoising Relation Extraction from
Document level Distant Supervision
Generalizing Open Domain Fact
Extraction and Verification to COVID-
FACT thorough In-Domain Language
Modeling

IsOBS - An Information System for
Oracle Bone Script

WantWords - An Open-source Online
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TVQA+: Spatio-Temporal Grounding
for Video Question Answering
Adversarial NLI: A New Benchmark for
Natural Language Understanding
Evaluating Explainable Al:  Which
Algorithmic Explanations Help Users
Predict Model Behavior?

Towards Robustifying NLI Models
Against Lexical Dataset Biases

MART: Memory-Augmented Recurrent
Transformer for Coherent Video
Paragraph Captioning

TVQA+ - Spatio-Temporal Grounding
for Video Question Answering
Dense-Caption Matching and Frame-
Selection  Gating  for  Temporal
Localization in VideoQA

The Curse of Performance Instability in
Analysis  Datasets:  Consequences,
Source, and Suggestions

Adversarial ~ Augmentation  Policy
Search for Domain and Cross-Lingual
Generalization in Reading
Comprehension

ChrEn: Cherokee English Machine
Translation for Endangered Language
Revitalization

ConjNLI: Natural Language Inference
Over Conjunctive Sentences

DORB:  Dynamically  Optimizing
Multiple Rewards with Bandits

What is More Likely to Happen Next?
Video and Language Future Event
Prediction

Vokenization: Improving Language
Understanding with Contextualized,
Visual Grounded Supervision
Leakage-Adjusted Simulatability: Can
Models Generate Non-Trivial
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Explanations of Their Behavior in
Natural Language?

HoVer: A Dataset for Many-Hop Fact
Extraction And Claim Verification
ArraMon: A Joint Navigation-Assembly
Instruction  Interpretation Task
Dynamic Environments
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MuTual: A Dataset for Multi-Turn
Dialogue Reasoning

Dynamic Fusion Network for Multi-
Domain  End-to-end  Task-Oriented
Dialog

Multiscale Collaborative Deep Models
for Neural Machine Translation
Exploiting  Syntactic ~ Structure for
Better Language Modeling: A Syntactic
Distance Approach

DRTS Parsing with Structure-Aware
Encoding and Decoding

Bilingual Dictionary Based Neural
Machine Translation without Using
Parallel Sentences

Predictive Models @ Word Segmentation
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AMR Parsing with Latent Structural
Information

Multi-Cell Compositional LSTM for
NER Domain Adaptation

Structural Information Preserving for
Graph-to-Text Generation

ZPR2: Joint Zero Pronoun Recovery
and  Resolution using Multi-Task
Learning and BERT

Coarse to Fine Pre training for Named
Entity Recognition

Entity Enhanced BERT Pre training for
Chinese NER

Inducing  Target  Specific  Latent
Structures  for  Aspect  Sentiment
Classification

Online Back Parsing for AMR to Text
Generation

What Have We
Summarization?

Achieved on Text

Caiming Xiong
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ESPRIT:  Explaining Solutions to
Physical Reasoning Tasks
Double-Hard Debias: Tailoring Word
Embeddings  for  Gender  Bias
Mitigation

Explicit Memory Tracker with Coarse-
to-Fine Reasoning for Conversational
Machine Reading

Evaluating the Factual Consistency of
Abstractive Text Summarization

TOD BERT: Pre trained Natural
Language Understanding for Task
Oriented Dialogue

Composed Variational Natural
Language Generation for Few-shot
Intents

Discern: Discourse Aware Entailment
Reasoning Network for Conversational
Machine Reading

Universal Natural Language
Processing with Limited Annotations:
Try Few shot Textual Entailment as a
Start

Discriminative Nearest Neighbor Few
Shot Intent Detection by Transferring
Natural Language Inference

Probing Task Oriented Dialogue
Representation from Language Models
VD BERT: A Unified Vision and Dialog
Transformer with BERT

Simple Data Augmentation with the
Mask  Token  Improves  Domain
Adaptation for Dialog Act Tagging
Improving Limited Labeled Dialogue
State Tracking with Self-Supervision
Bridging Textual and Tabular Data for
Cross-Domain Text-to-SQL Semantic
Parsing
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Automatic Generation of Citation Texts
in Scholarly Papers: A Pilot Study
Heterogeneous Graph Transformer for
Graph-to-Sequence Learning

Jointly  Learning to Align and
Summarize for Neural Cross-Lingual
Summarization

Learning to Ask More:  Semi-
Autoregressive  Sequential Question
Generation under Dual-Graph
Interaction

Multi-Granularity Interaction Network
for Extractive and Abstractive Multi-
Document Summarization

Semantic Parsing for English as a
Second Language

Multimodal Transformer
Multimodal Machine Translation
Semantic Parsing for English as a
Second Language

IGSQL: Database Schema Interaction
Graph Based Neural Model for Context
Dependent Text to SOQL Generation
Routing Enforced Generative Model for
Recipe Generation

Homophonic Pun Generation with
Lexically Constrained Rewriting
DivGAN - Towards Diverse Paraphrase
Generation via Diversified Generative
Adversarial Network

Abstractive Multi-Document
Summarization via Joint Learning with
Single-Document Summarization
Adversarial Text Generation
Sequence Contrast Discrimination
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Towards Understanding Gender Bias in
Relation Extraction
"The Boating Store Had Its Best Sail
2 Ever": Pronunciation-attentive
Contextualized Pun Recognition
A Transformer-based Approach for
Source Code Summarization

]

Gender  Bias in  Multilingual
4 Embeddings and Cross-Lingual

Transfer

SentiBERT: A Transferable
5 Transformer-Based — Architecture for

Compositional Sentiment Semantics

On the Robustness of Language

Encoders against Grammatical Errors

Mitigating Gender Bias Amplification
7 in Distribution by  Posterior

Regularization

8 What Does BERT with Vision Look At?

Towards  Controllable  Biases in
Language Generation
PolicyQA: A Reading Comprehension

10 Dataset for Privacy Policies
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LOGAN: Local Group Bias Detection
by Clustering

12 Cross-Lingual Dependency Parsing by
POS-Guided Word Reordering

11

Luke Zettlemoyer
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BART: Denoising Sequence-to-

Sequence Pre-training for Natural
Language Generation, Translation, and
Comprehension

Unsupervised Cross-lingual
Representation Learning at Scale
Active  Learning for  Coreference
Resolution using Discrete Annotation
Emerging Cross-lingual Structure in
Pretrained Language Models

Moving Down the Long Tail of Word
5 Sense Disambiguation with Gloss
Informed Bi-encoders

Controlled Crowdsourcing for High-
Quality QA-SRL Annotation

Simple and Effective Retrieve-Edit-
Rerank Text Generation

AmbigQA: Answering Ambiguous Open
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domain Questions
An Information Bottleneck Approach
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Neural Information Processing Systems
12.06,2020 - 12.12,2020 @ Online

The purpose of the Neural Information Processing Systems annual meeting is to foster
the exchange of research on neural information processing systems in their biological,
technological, mathematical, and theoretical aspects. The core focus is peer-reviewed

B 1899 ® 62411 @ httpsy/nips.cc/
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IEEE Conference on Computer Vision and Pattern Recognition
HESPRW RiE (B3] XD

The Conference on Computer Vision and Pattern Recognition (CVPR) is an annual conference on computer vision and pattern recognition, which is regarded as one of the most
important conferences in its field.

more

Generative Adversarial Networks
Conuolutional Neural NetWOrks racesecosniven
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Image Classification

25 E2 TOP XA E
2. ¥EH Gtk

GRBHL B 540 7 2 W8 SR RO P B S X A8 S 5 L
e, R E4SS TR FEAR TOP fEE L. MICIHE S WA 26 Fis.

{EESIT
Gender N Nation/Area & Language N

Japanese— |

\

Top Authors ( author's name : number of papers / citations )

2015 2016 2017 2018 2019 2020

Dumitru Erhan : 2 / 25636 Jian Sun : 4 /48637 Ross B. Girshick : 4 / 7068 Gang Sun: 1/3270 QuocV.le:4/776 Samuli Laine : 1/ 859
Scott E. Reed : 2 / 22573 Kaiming He : 3 / 48550 Alexei A. Efros : 5 /6581 Li Shen: 1/3270 Vijay Vasudevan:2/573  Tero Karras : 1/859
Yanggqing Jia : 2 / 22559 Shaoging Ren : 1/47481 Zhuang Liu: 1/6524 Jie Hu:1/3270 Kaiming He : 4 / 505 Timo Aila : 1/ 859
Pierre Sermanet : 1/ 22021 Xiangyu Zhang : 1/ 47481 Kilian Q. Weinberger : 2 / 6524 Jan Kautz : 11/ 2406 YiYang:10/499 QingWang:1/18
Vincent Vanhoucke : 1 /22021 Ross B. Girshick : 4 / 11494 Gao Huang : 1/ 6524 Liang-Chieh Chen : 2 /2059  Alan Vuille : 12 / 495 Hao Zhu:1/18
Dragomir Anguelov : 1/ 22021 Ali Farhadi : 5 / 10109 Piotr DollAjR : 4 / 6514 Ross B. Girshick : 6 / 1977 Silvio Savarese : 7 / 472 QiZhang:1/18

Wei Liu: 1/22021 Joseph Redmon : 1 /9706 Tinghui Zhou : 3 / 6492 Mark Sandler: 1/ 1935 Li Fei-Fei: 8 /458 Hongdong Li: 1/18
Christian Szegedy : 1/22021 Santosh Kumar Divvala : 1/9706 Kaiming He : 2 / 6216 Andrey Zhmoginov : 1/ 1935 Bo Chen : 1/440 Yu-Chuan Su:1/7
Andrew Rabinovich : 1/22021 Sergey loffe : 1 /8432 Phillip Isola : 2 / 5610 Jian Sun:4 /1868 Mingxing Tan : 1/ 440 Kristen Grauman :1/7
Trevor Darrell : 3 / 17001 Christian Szegedy : 1/ 8432 Jun-Yan Zhu : 1/ 5412 Ming-Hsuan Yang : 17 / 1771 Ruoming Pang : 1/ 440

Jonathan Long : 1/ 16596 Jonathon Shlens : 1 /8432 Xiaogang Wang : 12/ 5391 Kaiming He : 4 / 1754 Dahua Lin : 8 / 409
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Publications

Top Clited Authors Affiliations

Deep Residual Learning for Image Recognition
Kaiming He, Xiangyu Zhang, Shaoging Ren, Jian Sun

(2016)

Going Deeper with Convolutions

Christian Szegedy. Wei Liu, Yangqing Jia, Pierre Sermanet, Scott E. Reed, Dragomir Anguelov, Dumitru Erhan, Vincent Vanhoucke, Andrew Rabinovich

(2015)

Fully convolutional networks for semantic segmentation

Jonathan Long, Evan Shelhamer, Trevor Darrell

(2015)
o
You Only Look Once: Unified, Real-Time Object Detection

Joseph Redmon, Santosh Kumar Divvala, Ross B. Girshick, Ali Farhadi

(2016)

Publications

Top Clited Authors Affiliations

Name
Kaiming He

Jian Sun

Xiangyu Zhang
Shaoging Ren
Vincent Vanhoucke
Christian Szegedy
Trevor Darrell
Dumitru Erhan
Scott E. Reed
Yangqing Jia

Ross B. Girshick
Wei Liu

Dragomir Anguelov

Andrew Rabinovich

& 28

Publications

Top Clited Authors Affiliations

Name

Google

University Of California Berkeley

Stanford University

The Chinese University Of Hong Kong
Princeton University

University Of California

Kaist

Facebook

University Of Adelaide

Univ. Of Adelaide

University Of lllincis At Urbana Champaign
Massachusetts Institute Of Technology
Lehigh University(Lehigh University,Lehigh Univ),Bethlehem,United States

University Of Toronto

& 29

27 WS I B HEFr

Paper

SWORAFEHEFF

WAL THATHEF

84

53430

49728

47559

30587

30453

27762

26355

23037

22821

2611

22544

22483

Paper

106

32

41

22

32

24

35

21

33

30

Browse by Citation

HEIE 47481

#3IM 22799

#31A 16596

ES|A 9706

Citations
43118
19464
13090
13080
11184
5402
5220
4726
4322
4161
3793
3662
3379
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4. ALK

ZM LT MAP (Mean Average Precision) f8AR M 1A HAZ S I E R
MAP 53745, ZUHL B 73— WU e LS B ER M R R HAh, &V
B T H 1996 4F LSRR 2 W I B FE W SO s 518 SCar BT e 3 .

Rank Conference (Full Name) Short Name MAP CCF Level

IEEE Conference on Computer Vision and Pattern

L CVPR 0.14 A
Recognition
Annual Conference on Neural Information

2 . NeurlPS 0.08 A
Processing Systems

3 International Conference on Computer Vision 1CCV 0.01 A
4 International Conference on Machine Leamning 1ICML 0.09 A
5 European Conference on Computer Vision ECCV 0.26 B
6 AAAI Conference on Artificial Intelligence AAAL 0.04 A
7 Bioinformatics ]

Annual Meeting of the Association for

8 . . . ACL 0.04 A
Computational Linguistics

9 IEEE Transactions on Image Processing TIP 0.28 A

10 |EEE Transactions on Wireless Communications TWC 0.20 B

& 30 IS MAP B9313%

CVPR ( Average MAP: 0.142)

CVPR 2020 [ MAP: 0.0 | HiS #5IA

A Style-Based Generator Architecture for Generative Adversarial Networks.

Tero Karras, Samuli Laine, Timo Aila ! 859
4D Light Field Superpixel and Segmentation 5 18
Hao Zhu, Qi Zhang, Qing Wang, Hongdong Li
Learning Compressible 360° Video Isomers. 3 7
Yu-Chuan Su, Kristen Grauman
F BEST \ DeepCap Monocular Human Performance Capture Using Weak Supervision
Avmu Hat 4 1

rmann Marc, Xu Weipeng, Zollhoefer Michael, Pons-Moll Gerard, Theobalt Christian

31 ReEW&ERXME 5L G

(=) ZAAMBLE

AMiner W RGN & FES W FTRCR TR S, ladZ Mk BEn] DLE 215
LR =453 Hh T2 R AR L, XOAT DL B2 W ISR 18 ST N 25 S B 4

i, ATRARE I E 1 R A .
AMiner 2B ARG S B a4 70 JSBEFE . WO, B REHERE AL AIRD 32

PO KRF DI fE

85



2020 N T BE ) LA EL R 08T 2% [ B AR 2 3 B 75

1. #XH£¥HE

TEHE— SPGB SCREH, F P T LAE BNZ S WIS . FAN R 3 853 281 43
W3, ARG SO 5 S b DR R R, R AT HE R . TR,
H PG ReE BB RIRSCE H - #5155, MU “ st e A
RSSO T, B AT LB “All”. “Poster”. “Spotlight”. “Oral”2%/)
KHAT R LHEE

filtn, £ NeurIPS 2020 HIi TRt H (& 32 Pra), 3Bk AL
B AT (48 5@) . FHAEMLE (47 ). BIMHAMLE (2557 IREE
LM% (22 ) IREF (20 R &M (18 ). ¥ (18 1) FIRY
3 A7ED &, HmE#s1i8 5 “Unsupervised data augmentation for consistency
training” #¢ 51 HIXECH 204 ¥k, WY EY 298 Ik, “Like” % 5k, #HHEIIEN
“ R FAE MR B2 o) R B B Sk O BOE H sR DR, LA AE 2R HOE LR S
A A A A G 7 77 T DR — 3

o FE v = ¥ RIS 472 EHeAs: 64 dbETAE: 37 B 26 WEEE: 23 £ 21 | F 4
»

. . Add pubs | Del f pubs | Update Best P:
Reinforcement Learning (48) o I (RS

Neural Network (47) 1899 it ® Al Poster Spotlight Oral
Graph Neural Network (25 T E TR
p @5 GIETES)
Deep Neural Network (22)
Deep Learning (20) £ Unsupervised data augmentation for consistency training
Qizhe Xie, Zihang Dai, Eduard Hovy, Minh-Thang Luong, Quoc V Le

Robust (18)

UNSUPERVISED DATA AUGMENTATION, emplays state-of-the-art data augmentation found in
Meta Learning (18) supervised learning to generate diverse and realistic noise and enforces the model to be consistent

5

with respect to these noise
Graph (17)
Representation Learning (17) W3l 204 | GEIA | @ §IE 2% & WER 0 RB

32 NeurIPS 2020 i CWE AR @
(1) #XEzAF=H

EESWE L, BN TZESW R SCN TR PR =81, i 33 fis.
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Pre-training is a dominant paradigm in computer
vision. For example, supervised ImageNet pre-
training is commonly used to initialize the
backbones of object detection and segmentation
models. He et al., however, show a surprising
result that ImageNet pre-training has limited
impact on COCO object detection. Here we
investigate self-traini.. @&

HiE—T: &

Our experiments show the limitation of

B

Pre-training is a dominant paradigm in computer
vision. As many vision tasks are related, it is
expected a model, pre-trained on one dataset, to
help another

It is common practice to pre-train the backbones
of object detection and segmentation models on
ImageNet classification [2,3,4,5]

This practice has been recently challenged by He
et al [1], who show a surprising result that such
ImageNet pre-training does not improve accuracy
on the COCO dataset.

learning universal representations from
both classification and self-supervised
tasks, demonstrated by the performance
differences in self-training and pre-training

eSS

self training | | coco object detection

Can self-training work well on the exact setup,
using ImageNet to improve COCO, where pre-

training fails?
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i I this paper we have introduced Games of SKill,a class of games that, as shown both theoretically and empirically, includes =
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